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Australia mega wildfires and the impact of plume
transport on air quality in Australia and New
Zealand

Ece Ari Akdemir, William H. Battye, Casey Bray Myers * and Viney P. Aneja

Due to the highly flammable biota and a shortfall of precipitation in Australia, wildfires (bushfires) are

connected with Australia's ecology and culture. These wildfires affect air quality, emitting ammonia (NH3)

and fine particulate matter (PM2.5), among other pollutants, into the atmosphere. Record breaking

temperatures and drought contributed to the unprecedented 2019–2020 Australian wildfire season in

Southeastern Australia. The objective of this study is to calculate emissions of PM2.5 and NH3 from

wildfires from December 29, 2019, to January 4, 2020 and to analyze the air quality impact on Southeast

Australia associated with these mega wildfires. Emissions of PM2.5 and NH3 were calculated using

a combination of satellite data for burn area and land classification and emissions factors from the

literature. The impact of PM2.5 in Southeast Australia, Southwest shore of New Zealand, and the inner

part of Australia were estimated by performing a Hybrid Single-Particle Lagrangian Integrated Trajectory

(HYSPLIT) analysis. The results of this work show that fire activity in the study region produced

526 569 125 kg of NH3 and 41 167 586 kg of PM2.5 during the period of interest. Between December 29,

2019, and January 4, 2020, hourly concentrations of PM2.5 reached 2496.1 mg m�3 in Australia and 48.8

mg m�3 in New Zealand, exceeding the national standard of 25 mg m�3 a total of 100 and 2 times,

respectively, which suggests the influence the fires have on air quality in the region.
Environmental signicance

Wildre activity is signicant in Australia due to the highly ammable biota. These wildres emit mass amounts of pollutants into the atmosphere, thus
negatively impacting air quality. This study analyzes the impact that emissions of ammonia and ne particulate matter from wildres have on air quality in
Southeast Australia and Southwest New Zealand during 2019/2020. Exposure to elevated concentrations of these pollutants is associated with a variety of health
impacts ranging from increased asthma to death.
1. Introduction

Wildres are described as uncontrollable and unforeseen res.1

Mega wildres (whose characteristics include duration, high
intensity and fast rates of spread) are responsible for signicant
human, environmental, economic, and ecological impacts. In
Australia's history, wildres (bushres) are directly connected
with Australia's ecology and culture.2 Australia has more re-
prone lands than the other continents due to the highly am-
mable biota.3 In Victoria state, bushres have produced damage
worth $2.5 billion and caused approximately 300 deaths with
many injuries in the past century.4,5While the primary impact of
bushres is damaging property, they also emit a signicant
spheric Sciences, North Carolina State
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quantity of pollutants into the atmosphere thus negatively
impacting air quality on a local and regional scale.6–12

During biomass burning, various gaseous and aerosols are
emitted into the atmosphere, including sulfur dioxide (SO2),
carbon monoxide (CO), carbon dioxide (CO2), volatile and semi-
volatile organic compounds (VOC & SVOC), methane (CH4),
ammonia (NH3), and particulate matter.12–14 Exposure to
elevated concentrations of PM2.5 has a negative impact on both
human health and the environment.15,16 For example, a recent
study by Aguilera et al. (2021) on the health impact of wildre
smoke in Southern California suggests that recent animal
toxicological studies suggest that particulate matter from wild-
res is potentially more toxic than equal doses from other
sources such as ambient pollution.17 In addition to the impact
on human health, PM2.5 also reduces visibility. Reducing visi-
bility has become an important problem in various environ-
ments such as wilderness areas and national parks.15,18
© 2022 The Author(s). Published by the Royal Society of Chemistry
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Emissions of NH3 play a critical role in the formation of
secondary ne particulate matter.19–26 In addition to contrib-
uting to the formation of secondary PM2.5, elevated emissions of
NH3 can also lead to ammonication, eutrophication, loss of
biodiversity and a decreased resistance to drought and frost
damage.25,27 NH3 can also play a role in the formation of nitrous
oxide (N2O), which is a greenhouse gas with a warming poten-
tial that is nearly 300 times that of carbon dioxide (CO2).11

The changing climate has had a signicant impact on wild-
re activity, at a global and regional scale, over the past few
decades.14,28 Fire conditions are triggered by dry, windy, and hot
ambient conditions.3 Moreover, as the climate warms and dries,
the decomposition slows and litter fuel accumulates faster
enhancing re intensity and fast rate of re spread.29 With the
record-breaking temperatures in the 2019–2020 summer
season, bushres ramped up signicantly aer the drought
season.30,31 This resulted in an unprecedentedly devastating
2019/2020 Australian re season, with hundreds of res and
more than 23% of the temperate forests burned.28 These res
had a signicant impact on air quality across the region. For
example, Shiraishi and Hirata (2021) quantied emissions of
CO2 from these res and found that the emissions in December
2019 were the highest on record since 2001 and they repre-
sented 64% of the Australian average annual emissions from
2001–2018.32 Similarly, Li et al. (2021) quantied emissions of
CO2 from November 2019 to January 2020 and found that the
Table 1 Summary of methodology used to estimate the fraction of
biomass burned (FB) based on the work of Ito and Penner (2004) and
Wiedinmyer et al. (2006, 2011).13,37,40 Table was adapted from Bray et al.
(2021).14 Percent of tree cover was assumed based on land classifi-
cation dataset description

Tree cover Woody fuel Herbaceous fuel

60%+ 0.3 0.9
40–60% 0.3 e�0.13 � Fraction Tree Cover

<40% 0 0.98

Table 2 Biomass loading (g m�2), the fraction of biomass, and the emiss
land cover type

Name
Biomass loading
(g m�2)

Evergreen needleleaf forests 11 696a

Evergreen broadleaf forests 11 696a

Deciduous broadleaf forests 11 696a

Mixed forests 11 696a

Open forests 11 696a

Sparse forests 11 696a

Dense herbaceous 245a

Sparse herbaceous 245a

Dense shrublands 1271a

Shrubland/grassland mosaics 1271a

Sparse shrublands 1271a

a Ref. 37. b Ref. 13.

© 2022 The Author(s). Published by the Royal Society of Chemistry
emissions accounted for 35% of Australia's greenhouse gas
emissions from all sectors in 2020.33 Graham et al. (2021) esti-
mated the impact these res had on Eastern Australia using
WRF-Chem and found that the average observed PM2.5

concentrations were over 3 times higher than concentrations
modeled without res. Graham et al. (2021) found that the
elevated concentrations of PM2.5 exposed an additional
�437 000 people to Air Quality Index (AQI) values in the ‘Poor’,
‘V. Poor’ and ‘Hazardous’ range.34

Due to the signicance of the 2019/2020 re season, the
objective of this study is to quantify emissions of NH3 and PM2.5

from Australia's mega wildres in Southeast Australia, which
peaked fromDecember 29, 2019, to January 4, 2020, and analyze
their impact on local and regional air quality. Emissions were
quantied using a combination of satellite data and emission
factors. Due to the nature of emission inventory creation, there
is signicant variability between different parameters used to
estimate emissions (e.g. emissions factors, land classication).
Because of this, emissions from these mega wildres were
calculated using a range of emissions factors and a sensitivity
analyses was performed. The Hybrid Single-Particle Lagrangian
Integrated Trajectory (HYSPLIT)35 model and ambient air
quality data were used to determine the impact of these emis-
sions had on air quality in Southeast Australia and New
Zealand.
2. Data and methodology

NH3 and PM2.5 emissions from wildres were calculated using
eqn (1):11,13,36,37

Ei ¼ B(x) � BA(x,t) � EFj � FB, (1)

where Ei represents the species' emissions (g), B(x) represents
the biomass loading, which is the amount of biomass available
to be burned based on land cover type, at location x (g m�2),
BA(x,t) represents the burned area at location x and time t (m2),
EFj represents the emission factor for species j (g species per g
ion factor of NH3 and PM2.5 (g species per g biomass burned) for each

Fraction of
biomass

Emission factor (g species per g
biomass burned)

PM2.5 NH3

0.3 0.0121b 0.0009b

0.3 0.0099b 0.0007b

0.3 0.0099b 0.0007b

0.3 0.0099b 0.0007b

0.3 0.0121b 0.0009b

0.98 0.0121b 0.0009b

0.98 0.0056b 0.0006b

0.96 0.0056b 0.0006b

0.30 0.0057b 0.0015b

0.96 0.0095b 0.0006b

0.96 0.0057b 0.0015b

Environ. Sci.: Atmos., 2022, 2, 634–646 | 635
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Table 3 Highest and lowest emission factors for PM2.5 and NH3 used in sensitivity analysis

Name

Emission factor (g species per g biomass burned)

PM2.5 NH3

Highest factor Lowest factor Highest factor Lowest factor

Evergreen needleleaf forests 0.033a 0.004a 0.0017a 0.00029c

Evergreen broadleaf forests 0.013a 0.005c 0.0025a 0.00012a

Deciduous broadleaf forests 0.013b 0.005c 0.0025a 0.00012a

Mixed forests 0.013b 0.005c 0.0025a 0.00012a

Open forests 0.033a 0.004a 0.0017a 0.00029c

Sparse forests 0.033a 0.004a 0.0017a 0.00029c

Dense herbaceous 0.013a 0.004a 0.0016a 0.00036a

Sparse herbaceous 0.013a 0.004a 0.0016a 0.00036a

Dense shrublands 0.011b 0.004a 0.0009a 0.00017a

Shrubland/grassland mosaics 0.018b 0.004a 0.0017c 0.00037a

Sparse shrublands 0.011b 0.004a 0.0009a 0.00017a

a Ref. 42. b Ref. 43. c Ref. 44.
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biomass burned) and FB represents the fraction of biomass
burned. The biomass loading (B) values, which are region
specic, were obtained from Wiedinmyer et al. (2011) and are
presented in Table 2.37 Land cover classication was identied
using the Collection 5 MODIS Global Land Cover Type product
(MCD12Q1; 500 m) Version 6 for 2018.38 Because these res
occurred in Southeastern Australia, all tree land classications
were assumed to be temperate. Burn area (BA) was determined
using the Collection 6 of the Moderate Resolution Imaging
Spectroradiometer (MODIS)/Aqua + Terra Thermal Anomalies/
Fire locations near-real-time (NRT) product (MCD14DL; 1 km).
This product is processed by NASA's LANCE (Land, Atmosphere
Near real-time Capability for EOS) Fire Information for
Fig. 1 Location of the measurement sites in relation to the fire pixels.

636 | Environ. Sci.: Atmos., 2022, 2, 634–646
Resource Management System (FIRMS), using swath products
(MOD14/MYD14).39 The fraction of biomass burned (FB) was
determined based on tree coverage percent following the work
of Wiedinmyer et al. (2006) and Wiedinmyer et al. (2011), which
was adapted from Ito and Penner (2004).13,37,40 This method-
ology is summarized in Table 1.14 The assumed fraction of
biomass burned are available in Table 2 and are based on the
land classication dataset (MCD12Q1). Average emission
factors (EF) for PM2.5 and NH3 were obtained from the litera-
ture13,37 and are represented in Table 2.

Because emission factors can vary signicantly between
inventories, a sensitivity analysis was also conducted using
a range of emission factors from the Smoke Emissions
© 2022 The Author(s). Published by the Royal Society of Chemistry
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Table 4 Measurement sites associated with organization

Organization Site name

ACT Florey
ACT Monash
NSW Lismore
NSW Wagga Wagga North
NSW Orange
NSW Bathurst
NSW Randwick
NSW Rozelle
NSW Wyong
NSW Mayeld
NSW Singleton South
NSW Narrabri
NSW Gunnedah
NSW Tamworth
NSW Armidale
NSW Port Macquarie
VIC Footscray
VIC Melbourne
VIC Churchill
VIC Moe
New Zealand Dunedin
New Zealand Mosgiel
New Zealand Alexandra at 5 Ventry street
New Zealand Invercargill at Pomona street
New Zealand Gore at Main street
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Reference Application (SERA), which are obtained from the
literature.41 Table 3 shows the highest and lowest emission
factors from SERA that are used to compare against the average
emission factors described in Table 2. Estimated emissions
using the highest, lowest, and average emission factors were
compared against FINN (Fire Inventory from the National
Center for Atmospheric Research (NCAR)), version 2.4, using
the MODIS only input. In addition to this, estimated emissions
of PM2.5 using the highest, lowest and average emission factors
were used in the HYSPLIT model to compare against the
observed concentrations of PM2.5 during the study period.

Ground based monitoring sites located in the study region
were used to determine the impact the res had on PM2.5
Table 5 Burned areas in Australia (km2) and emissions of PM2.5 and
NH3 (kg) from December 29, 2019, to January 4, 2020

Land classication
Burned area
(km2) PM2.5 (kg) NH3 (kg)

Evergreen needleleaf forests 4090 177 677 585 13 614 658
Evergreen broadleaf forests 5732 199 910 614 16 868 380
Deciduous broadleaf forests 23 863 409 72 143
Mixed forests 519 18 923 362 1 381 474
Open forests 1413 61 930 940 4 631 183
Sparse forests 401 58 426 488 3 869 023
Dense herbaceous 1903 7 772 237 644 068
Sparse herbaceous 1.3 1698 182
Dense shrublands 40 37 303 21 386
Shrubland/grassland
mosaics

92 1 025 132 64 995

Sparse shrublands 0.1 356 94
Total 14 230 526 569 125 41 167 586

© 2022 The Author(s). Published by the Royal Society of Chemistry
concentrations (Fig. 1). These monitoring sites operate under
the Planning, Industry and Environment unit of the New South
Wales Government (NSW; 14 monitors), the Australian Capital
Territory (ACT; 2 monitors), the Environmental Protection
Authority Victoria (VIC; 4 monitors), and the Ministry for the
Environment of New Zealand (New Zealand; 5 monitors). Table
4 lists themeasurement sites associated with each organization.
While the monitoring sites in Australia are impacted by urban
and rural activities (e.g., traffic and agriculture), the monitoring
sites in New Zealand are located in remote locations with low
population density.45 Hourly PM2.5 concentrations were
measured using Thermo FH62C14 continuous ambient partic-
ulate monitors with a minimum detection limit of 4 mg m�3.46

These data have undergone preliminary quality analysis. To be
consistent with the detection limit, each measurement lower
than the detection limit is set as the same as the detection limit.
While a number of measurement sites were examined in this
work, only a select few will be examined in the manuscript.

The HYSPLIT model (1 km),35,47 with meteorological data
from the National Center for Environmental Prediction (NCEP)
NCAR Global Reanalysis Data Archive (2.5�) and emissions data
calculated in this study, was run every 12 hours with a 48 h
forward trajectory at 500 m from December 29, 2019, to January
4, 2020, to examine the impact the Australian mega wildres
had on ambient concentrations of PM2.5 and NH3. The HYSPLIT
model provided both trajectory and pollutant concentrations at
1 km horizontal resolution. For comparison, the model was also
run using emissions from FINNv2.4.

3. Results

Between December 29, 2019, and January 4, 2020, forest res in
the study region consumed 14 230 km2 of land, with evergreen
needleleaf and broadleaf forests being the most heavily
impacted (Table 5). These res produced 526 569 125 kg of NH3

and 41 167 586 kg of PM2.5 during the study period. The lowest
burned area was observed on December 29, 2019 (493 km2)
while the highest burned area was observed on January 4, 2020
(5 286 587 330 km2). Fig. 2 shows the total daily emissions of
both PM2.5 and NH3. Emissions of PM2.5 from the forest res in
the study region ranged from 17 338 953 kg (December 29,
2019) to 200 481 575 kg (January 4, 2020), with a total of
526 569 125 kg emitted during the study period. Similarly,
emissions of NH3 ranged from 919 622 kg (January 1, 2020) to
14 570 058 kg (January 4, 2020). Because burn area is the
dominating parameter in emission calculations, it is not
surprising that the general trend of the species emissions
follows the trend of area burned with the maximum emissions
occurring on the day with the maximum area burned. However,
the minimum emissions of PM2.5 and NH3 occurred on
different days which can likely be attributed to the location of
the areas burned and the associated emission factors.

In addition to calculating emissions using the average
emission factors in the literature, a sensitivity analysis was
performed using the highest and lowest end of emission factors
in the literature (Fig. 3). As expected, emissions were highest
using the highest emissions factor, ranging from 26 163 241 kg
Environ. Sci.: Atmos., 2022, 2, 634–646 | 637
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Fig. 2 Daily PM2.5 emissions and NH3 emissions in Southeast Australia during the study period. The circles represent burned area, PM2.5 and NH3

emissions as m2 per day and billions g per day, respectively. The gray lines represent the changes between days. Black vertical bars in the figure
represent �1 SD.
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to 405 878 823 kg for PM2.5 and ranging from 1 978 897 kg to
39 119 703 kg for NH3. Similarly, emissions were lowest using
the lowest emission factor, ranging from 8 289 600 kg to
84 025 943 kg for PM2.5 and ranging from 244 209 kg to
3 682 299 kg.

The calculated emissions from biomass burning were also
compared with FINN version 2.4 with the MODIS re inputs
(Fig. 3). The results of this comparison show that the FINN
estimates are comparable to the estimates, with the FINN esti-
mates generally falling between the emissions calculated
created the highest and emission factors. FINN emission esti-
mates of PM2.5 were on average, 70% higher than emissions
638 | Environ. Sci.: Atmos., 2022, 2, 634–646
calculated with the average emission factor, ranging from 22%
lower on December 29, 2019, to 192% higher on December 31,
2021. FINN estimates were consistently higher than the NH3

emissions estimated created using the average emissions factor
in this work ranging from 47% (December 30, 2019) higher to
993% higher (January 2, 2019), with the emissions estimated in
this work being, on average, 264% lower. FINN estimates were
closest to emission estimates created using the highest emis-
sion factor, with the estimated emissions an average of 17%
higher and 78% lower than the FINN emissions for PM2.5 and
NH3, respectively. When comparing the PM2.5 emissions
calculated using the highest emissions factor, FINN estimated
© 2022 The Author(s). Published by the Royal Society of Chemistry
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Fig. 3 Daily total emissions of NH3, and PM2.5 from biomass burning during the timeline, calculated using both the average emission factors and
the highest and lowest end of emission factors from the literature.
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emissions ranged from 53% higher on January 1, 2020, to 42%
lower than the emissions estimated in this study on December
30, 2019. Similarly, the NH3 emissions estimated using the
highest factor ranged from 51% higher (December 29, 2019) to
408% lower (January 1, 2020) than the NH3 emissions estimated
by FINN. The emission estimates in this study using the lowest
emission factor were consistently lower than the emission
estimates, ranging from 63% lower (December 29, 2019) to
948% (December 31, 2019) for PM2.5 and 511% (January 4, 2020)
to 3218% (January 1, 2020) lower for NH3.

Due to the nature of emission inventories, the differences
between FINNv2.4 and this work was expected. Similar differ-
ences were observed by Li et al. (2021), who compared quanti-
ed emissions of CO2 from the Australian mega res from
November 2019 to January 2020 with FINNv1.5, FINNv2.4,
Shiraishi and Hirata (2021) and the Global Fire Assimilation
System (GFASv1.2).32,33 Li et al. (2021) attributed these
© 2022 The Author(s). Published by the Royal Society of Chemistry
differences to differences in the estimation techniques used as
well as differences in the parameters used to create the emis-
sions.33 The differences between FINN and the estimated
emissions in this study can be attributed to the different inputs
used in the emission estimation equation. While this work
follows the methodology of Wiedinmyer et al. (2006) and (2011),
because the inputs were different, the emission estimates were
different.13,37 Burn area calculated in this study was also
compared with the burn area calculated by FINNv2.4 (Fig. 4).
The burn area calculated in this study was on average 42% lower
than the burn area calculated in FINN. The largest difference in
burn areas were observed on December 31, 2019, and January 1,
2020, with the burn area used in this work 153% and 91% lower
than the burn area in FINN for these respective days. This likely
contributes a signicant amount to the major differences
observed in the model comparisons. In addition to this,
differences in the fraction of biomass burned, biomass loading
Environ. Sci.: Atmos., 2022, 2, 634–646 | 639
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Fig. 4 Comparing burn area estimates from this study with burn area estimates from FINNv2.4.
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and emission factors also contributes to the differences in the
emissions.

Hourly PM2.5 concentrations at the ground measurement
sites were examined for December 29, 2019, through January 4,
2020. The hourly PM2.5 concentrations at the Australian moni-
tors ranged between 0.1 mg m�3 and �2496 mg m�3, with an
average of�76 mg m�3. At the New Zealandmonitors, the hourly
PM2.5 concentrations were less than �50 mg m�3 with an
average of �8.58 mg m�3. The National Environment Protection
Measure for Ambient Air Quality standard for daily PM2.5 is 25
mg m�3.48 During the 2019–2020 wildres, groundmeasurement
sites measured numerous (greater than 500) exceedance events
for PM2.5 concentration. Some examples of exceedances in the
study region are highlighted below.

Because of their locations, the Australian Capital Territory
(ACT) sites are more affected than others. As seen in Fig. 5, the
PM2.5 standard was exceeded until the 6th of January, with the
exceedances of the standard that reached 1500 and 2500 mg m�3

on the 1st of January and 5th of January, respectively. Although
PM2.5 concentration is different in the Monash monitoring site,
similar peaks are experienced on the same days, with exceed-
ances that were 80 and 60 times greater than the standard on
January 1, 2020, and January 5, 2020, respectively. These peaks
can be attributed to both the size and location of the res as well
as meteorological conditions. For example, in the New South
Wale (NSW) and Victoria (VIC) regions, temperature anomalies
were recorded as +4.31 �C and +3.13 �C, respectively. Accom-
panying temperature anomalies, low rainfall events likely
contributed to a massive number of wildre events.30 For the
NSW region, exceedance events vary between different loca-
tions. According to the Wagga Wagga North monitoring site,
peaks are shown on January 2, 2020, and January 5, 2020, with
the exceedance on January 5th reaching 72 times higher than the
640 | Environ. Sci.: Atmos., 2022, 2, 634–646
standard. For the VIC region, fewer standard exceedance events
were recorded, which can be attributed to meteorological
conditions during the study period. For example, the exceed-
ance on January 3 and 4, 2020, at the Footscray monitoring site
only reached �6 times higher than the standard. Because the
Churchill and Moe monitoring sites were not impacted by the
wildre plume, the standard was not exceeded. At three of the
New Zealand sites, exceedances that ranged between 1.5 and 2
times the standard were observed on January 1, 2020. These
exceedances can be attributed to the transport of pollutants
(Fig. 6). However, the Mosgiel and Dunedin monitoring sites
were not affected by the concentrated plume.

To understand the contribution these wildres had on the
daily PM2.5 concentration, a forward trajectory analysis was
performed using the NOAA HYSPLIT model with a 48 h forward
trajectory at 500 m for December 29, 2019, through January 4,
2020 using the emissions calculated with the average emission
factors, the high-end emission factors and the low-end emission
factors. In addition to this, an analysis was also performed
using the emissions calculated by FINNv2.4. The results of this
model run showed the wildre emissions transported from the
study region in Southeastern Australia to the New Zealand
Southwest shore due meteorological conditions (Fig. 6). There
was not a signicant difference in the modeled trajectories
using all four emission inventories. This is unsurprising as the
same meteorological data were used in all model runs. The
HYSPLIT output provided a range for concentrations of PM2.5,
which are shown in Fig. 6. The HYSPLIT modeled concentra-
tions of PM2.5 using FINNv2.4 were comparable with the
modeled concentrations using the inventory created in this
work using the average emission factor (Fig. 7). Because
FINNv2.4 also uses average emission factors, these results were
unsurprising. It was also unsurprising that the modeled
© 2022 The Author(s). Published by the Royal Society of Chemistry
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Fig. 5 Hourly PM2.5 concentrations (mg m�3) from December 29, 2019, to January 5, 2020, from select monitoring sites. The red line represents
the National Environment Protection Measure for Ambient Air Quality national standard for PM2.5 (25 mg m�3).

Paper Environmental Science: Atmospheres

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 1

0 
 2

02
2.

 D
ow

nl
oa

de
d 

on
 2

02
5/

10
/2

2 
 0

8:
07

:0
0.

 
 T

hi
s 

ar
tic

le
 is

 li
ce

ns
ed

 u
nd

er
 a

 C
re

at
iv

e 
C

om
m

on
s 

A
ttr

ib
ut

io
n 

3.
0 

U
np

or
te

d 
L

ic
en

ce
.

View Article Online
concentrations using FINNv2.4 and the average emission factor
inventory were both found to be lower than the modeled
concentrations using the high-end emission factor inventory
and higher than the concentrations modeled using the low-end
emission factor inventory. To compare between modeled and
measured PM2.5, the concentrations modeled by HYSPLIT were
then compared against the ambient concentrations at the
measurement sites (Fig. 7). There is a lot of variability when
comparing the daily modeled results with the ambient
concentrations. For example, the observed concentrations of
PM2.5 were higher than the all the modeled concentrations from
December 29, 2019, and December 31, 2019, and the observed
concentrations were similar (�11% higher) to the
© 2022 The Author(s). Published by the Royal Society of Chemistry
concentrations modeled using the high-end emission inventory
on December 30, 2019. In contrast to this, the observed
concentrations were more comparable to the concentrations
modeled using the average emission factor inventory and the
low-end emission factor inventory on January 1, 2020, and
January 2, 2020, respectively. While the observed concentrations
of PM2.5 were lower than the concentrations modeled using the
high-end emission factor inventory on January 3, 2020, the
observed concentrations were higher than the concentrations
modeled using FINNv2.4, the average emission factor inventory
and the low-end emission factor inventory. In contrast to this,
the observed concentrations were only higher than the
concentrations modeled using the low-end emission factor
Environ. Sci.: Atmos., 2022, 2, 634–646 | 641
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Fig. 6 Distribution and concentration of wildfire plume valid January 1, 2020 0000 UTC plotted with observed ambient concentrations of PM2.5.
PM2.5 distribution and concentration come from only wildfire sources (there are no other external sources).
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inventory on January 4–5, 2020, and on January 6, 2020, the
modeled concentrations of PM2.5 were all higher than the
observed concentrations.

Overall, the concentrations modeled using the FINNv2.4
inventory, concentrations ranged from 198% lower to 174%
642 | Environ. Sci.: Atmos., 2022, 2, 634–646
higher than the observed ambient concentrations. On average,
the concentrations modeled using the FINNv2.4 inventory were
70% higher than the observed concentrations. Similarly, when
comparing the concentrations modeled using the average
emission factor inventory created in this work, the modeled
© 2022 The Author(s). Published by the Royal Society of Chemistry
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Fig. 7 Comparison of the daily average concentrations of observed PM2.5 with the modeled daily average concentrations using emissions
calculated by FINN. The comparison includes this work with the average emission factors, the high-end emission factors and the low-end
emission factors. Concentrations are plotted on a log scale. It is important to note that the observed concentrations of PM2.5 also considers
anthropogenic sources therefore it is not an exact comparison.
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concentrations ranged from 191% lower to 174% higher than
the observed ambient concentrations. On average, concentra-
tions modeled using the emissions created in this work were
65% higher than the observed concentrations. When
comparing the concentrations modeled using the high-end
emission factor inventory, the modeled concentrations ranged
from 156% lower to 182% higher than the observed ambient
concentrations and were, on average, 135% higher. In contrast
to this, the concentrations modeled using the low-end emission
factor inventory, the modeled concentrations ranged from
192% lower to 75% higher than the observed ambient concen-
trations and were, on average, 110% lower. While all the
modeled concentrations vary signicantly from the observed
concentrations of PM2.5, it appears that, on average, the
inventories created using the average emission factors yield the
most accurate results. The differences between modeled
concentrations and the observed concentrations can likely be
attributed to the coarseness of the model resolution and the
different emission factors used to create the emission invento-
ries. In addition to this, it is important to note that the model
does not take other emission sources or atmospheric chemistry
into account, therefore secondary PM2.5 is not considered in
this work.

4. Conclusion

The objective of this study was to estimate emissions of PM2.5

and NH3 from wildre activity in Southeastern Australia during
© 2022 The Author(s). Published by the Royal Society of Chemistry
peak re season (December 29, 2019, to January 4, 2020) and
then determine the impact that these emissions had on local air
quality. Fire activity in the study region consumed 14 230 km2 of
land and produced 526 569 125 kg of NH3 and 41 167 586 kg of
PM2.5 during the period of interest. The maximum emissions
occurred on January 4, 2020, for both PM2.5 (200 481 575 kg)
and NH3 (14 570 058 kg), while minimum emissions occurred
on December 29, 2019, for PM2.5 (17 338 953 kg) and on January
1, 2020, for NH3 (919 622 kg).

During large forest res particles and other gases are injected
into atmosphere and transported over long distances affecting air
quality in the subsidence regions. Between December 29, 2019,
and January 5, 2020, concentrations of PM2.5 reached 2496.1 mg
m�3 in Australia and 48.8 mg m�3 in New Zealand, exceeding the
national standard of 25 mg m�3 a total of 100 and 2 times,
respectively. The highest PM2.5 concentration exceedances can be
attributed to wildre plume impact. This was observed during the
wildre plume from December 29, 2019, to January 6, 2020. The
largest exceedance of the national standard for PM2.5 concen-
tration was observed in the ACT region. The highest increase in
PM2.5 concentration was observed at the Florey monitoring site
(�2500 mg m�3). This exceedance was followed at the Monash
monitoring site (�2000 mg m�3). In the NSW region, the observed
exceedances of the national standard were signicantly lower
than what was observed in the ACT region, with the exception of
the Wagga Wagga North monitoring site, which observed
concentrations of �1800 mg m�3. In contrast to this, the rest of
the NSW monitoring sites observed concentrations between
Environ. Sci.: Atmos., 2022, 2, 634–646 | 643
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�530 mg m�3 and �75 mg m�3. This can be attributed to the
location of the Wagga Wagga North monitoring site, as it is
closest to the ACT region while the other monitoring sites are
located north of the NSW region. The impact of the wildre
plumes was not as severe in the Victoria region, with the largest
exceedance occurring when concentrations of PM2.5 reached
�160 mg m�3 at the Footscray monitoring site on January 3, 2020.
The New Zealandmonitoring sites were the least impacted due to
the dispersion, diffusion, and deposition the PM2.5 in the plume
as it was transported. Therefore, the concentration of PM2.5 in the
plume was diluted by the time it reached New Zealand. The
maximum concentration of PM2.5 concentration in New Zealand
was observed at the Alexandra monitoring site (�50 mg m�3).

The impact these mega res had on ambient concentrations
was also examined using the NOAAHYSPLITmodel. Model runs
were conducted for the study period using the inventories
created in this work as well as re emissions quantied by
FINNv2.4. There was a lot of variability between the modeled
concentrations using each inventory and the observed concen-
trations of PM2.5, with the performance of each inventory
varying by day. For example, while the concentrations modeled
by the high-emission inventory were the closest to the observed
concentrations on December 30, 2019, both FINNv2.4 and the
average emission factor inventory created in this work were the
closet, on average, to the observed concentrations.

The impact of wildre on both human health and the envi-
ronment is signicant. As the climate continues to change,
increased temperatures and drought will likely lead to longer and
more severe re seasons. Recent res studies, which aim to
prevent intense wildres now destroying forests across Western
North America, suggest that innovative strategies for reducing
wild res may be working by sacricing some trees to prevent the
immolation of all of them. Such management strategies should
be considered to mitigate and or reduce wild res in Australia.
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