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Arginine methyltransferases (PRMTs) are key regulators of chromatin structure, RNA processing, and signal

transduction, and their dysregulation has been linked to cancer and other diseases. The development of

potent and selective chemical probes for individual PRMTs remains a major challenge. Here we report

a discovery campaign using mRNA display under a reprogrammed genetic code that yielded new

macrocyclic peptide inhibitors and substrate probes for coactivator-associated arginine

methyltransferase 1 (CARM1/PRMT4) and related family members. To fully exploit the sequencing data

from these selections, we were necessitated to develop and implement a workflow that analyses

complete datasets without arbitrary abundance cut-offs, based on rapid sequence clustering for

redundancy reduction and followed by alignment to retain representative diversity for evolutionary

analysis. Whereas conventional abundance-based analysis identified a dominant but weakly active

sequence family, our comprehensive approach uncovered potent PRMT4-selective inhibitors, broader

PRMT-active peptides, and efficient substrate sequences. This unexpected recovery of efficient

substrates prompted structural investigation by NMR and molecular dynamics, which revealed distinct

binding modes, including interactions outside the canonical substrate-binding cleft and conformational

rearrangements upon binding. Overall, these results provide a new set of chemical biology tools for

studying arginine methyltransferases and illustrate how full-dataset analysis can expand the diversity of

hits from genetically encoded library discovery. With the growing prominence of mRNA display in both

academic and industrial settings, this work highlights its value for identifying bioactive macrocycles with

diverse functional profiles.
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Introduction

Coactivator-associated arginine methyltransferase 1 (CARM1),
also known as protein arginine methyltransferase 4 (PRMT4), is
a type I arginine methyltransferase that uses the S-adenosyl
methionine (SAM) cofactor (Fig. 1A).1,2 This enzyme is part of
a broader family of PRMT enzymes, subdivided into those that
carry out asymmetric (PRMT1, PRMT2, PRMT3, PRMT4,
PRMT6, and PRMT8; type I) or symmetric (PRMT5 and PRMT7;
type II) methylation.3 These enzymes have broad substrate
specicities and tend to engage substrate through backbone
rather than sidechain interactions.4 Substrates of CARM1
methylation include histones (e.g., H3), transcription factors
(e.g., p300), co-regulators of transcription (e.g., CBP), splicing
factors (e.g., CA150),5 metabolic regulators (e.g. PKM2),6 and
redox homeostasis components (e.g. Nrf2 and malate dehydro-
genase 1).7,8 Malfunction or overexpression of CARM1 leads to
critical defects, as shown by both knockout mice and enzyme-
inactive CARM1 knock-in mice, which exhibit lethality.9,10

CARM1 overexpression has also been observed in several cancer
Chem. Sci.
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Fig. 1 (A) Overall reaction catalyzed by CARM1, showing asymmetric
dimethylation of arginine. Highlighted are the transferred methyl
group in yellow and the adenosine cofactor fragment present in
several inhibitors in light blue. (B) Example previously reported inhib-
itors for CARM1 across different compound types.
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types.11–13 Inhibitors of CARM1 are thus of interest in dissecting
its biological roles, together with and distinct from other PRMT
enzymes, and also have potential for translation to antitumor
drugs. In general, the most potent PRMT inhibitors tend to
focus on the relatively deep and strongly binding cofactor
binding site, but the high conservation of this site means that
such compounds struggle to achieve the selectivity that would
allow dissection of this complex biology.14 Efforts to develop
CARM1 regulators are ongoing.1 Example small molecules
include EZM2302 (ref. 15 and 16) and TP-064 (ref. 17) (Fig. 1B),
which occupy the substrate-binding pocket of CARM1 and have
shown antitumor effects against cancers such as breast cancer,
multiple myeloma (MM), acute myeloid leukemia (AML), and
diffuse large B-cell lymphoma. In contrast, SKI-73 (ref. 18)
inhibits CARM1 by blocking the S-adenosyl methionine (SAM)
binding site.

Peptides are particularly appealing in this space because of
their potential for high potency and selectivity, while also being
less cytotoxic than small molecules on average.19,20 However,
peptides inhibitors face challenges in biological stability and
cell permeability.21 With proper design and development, for
example macrocyclization and subsequent structural modi-
cation, modied peptides have been approved for clinical
use.19–21 Because CARM1 is related to arginine methylation, it is
Chem. Sci.
perhaps surprising that few studies have reported peptide
inhibitors for it. In one example, a peptide-SAM conjugate
(Fig. 1B) was shown to act as a specic inhibitor of CARM1,
where the peptide originated from a fragment of poly(A)-
binding protein 1 (PABP1).22 The best of these compounds
proved to be double-digit nanomolar IC50 inhibitors of CARM1/
PRMT4, with over 100-fold selectivity over PRMT1, indicating
the potential of peptide inhibitors. However, while these have
value as structural probes for elucidating details of the catalytic
mechanism, they are linear peptides that consequently have
poor translation potential. Genetically encoded peptide
libraries are receiving increasing attention as an alternative hit-
nding method to such rational design approaches. Within
these, mRNA display is a particularly high-throughput platform.
This approach works by covalently connecting translated
peptides (phenotype) to their encodingmRNA (genotype) via the
antibiotic puromycin.23,24 Using exizymes (exible tRNA-
aminoacylating ribozymes)25 or other tRNA-aminoacylation
approaches,26 non-standard amino acids can be incorporated
in peptides to adjust the chemical space of these libraries,
introducing valuable features such as macrocyclization.27 Once
enriched for binding to a target, the genetic information is
sequenced. In recent years, this has oen been performed using
next generation sequencing (NGS) platforms such as those
offered by Illumina.28 Even though the success of the mRNA
display and all downstream applications is heavily dependent
on the analysis of these sequencing data, high-throughput
sequencing datasets are challenging to efficiently explore.

Traditionally, peptide sequences have been analyzed based
on abundance, with ‘top hits’ proceeding to further assays.
However, these ‘top hits’ are oen derived from one or two
clusters of sequences with strong sequence similarity, with
a fewmutations from the reference sequence, implying that ‘top
hits’ selection gives a limited pool of hits that does not reect
the true potential of the experimental data. To diversify data
exploration, other strategies have been attempted, but these are
typically computationally expensive and therefore require
a dataset of limited size by imposing an arbitrary cutoff. This
leads to an under-exploration of lower ranked hits that could
potentially have superior properties. For example, in our
previous work we explored multiple sequence alignment of
a subset of the most abundant sequences, followed by phylo-
genetic tree construction,29 and the Kawamura group employed
clustering of all sequences with three or more counts using
pairwise alignments combined with single-linkage hierarchical
clustering.30 In phage display, where similar sequence analysis
is required, the Derda group introduced a signicance
threshold combined with volcano plotting to compare
sequences from target selection with those from a näıve selec-
tion. However, the actual analysis was performed by similarity-
based clustering of the top 150 most abundant sequences.31–33

In the current work we demonstrate the value of mining the
entirety of the dataset. Where ‘top hits’ in a RaPID selection
against CARM1 revealed only a single family of modest hits,
exploration of the entire dataset yielded multiple families with
differing inhibition properties including a sub-micromolar 8-
mer macrocyclic peptide inhibitor with excellent selectivity,
© 2026 The Author(s). Published by the Royal Society of Chemistry
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Fig. 2 RaPID display selection using CARM1 immobilized on magnetic
beads. (A) cDNA recovery over five rounds of the mRNA display
selection. The L- and D-libraries differ only in the initiating amino acid,
ClAc-L-Tyr-OH or ClAc-D-Tyr-OH, respectively. “neg” refers to cDNA
recovered with streptavidin beads alone, while “pos” refers to cDNA
recovered from biotinylated CARM1 immobilized on streptavidin
beads. (B) Initial sequences picked via a single multiple sequence
alignment of the 200 most abundant sequences. The chloroacetyl
cyclization moiety is not shown, and lowercase “y” indicates D-Tyro-
sine. The IC50 values of the selected peptides are shown on the right.
(C) Inhibition of CARM1 (286 nM) methylation of 12 mM PABP1456−466

peptide with 10 mM S-adenosyl methionine by varying concentrations
of selected peptides, determined using a multiple reaction monitoring
LC-MS assay.
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broadly active PRMT inhibitors, and efficient de novo substrate
sequences. We envision being able to further generalize this
work as a strategy for generation of precise inhibitors of other
PRMTs through RaPID screening and subsequent analysis of
the entire high-throughput sequencing dataset.

Results and discussion
mRNA display selection reveals a dominant sequence family
with poor activity

A RaPID selection27 was performed to identify candidate peptide
drugs and/or chemical biology tools targeting CARM1 using
puried protein that was chemically biotinylated using NHS
chemistry to allow immobilization on magnetic beads as a ‘bait’
for pull-down (Fig. S1A). The mRNA library followed a standard
design that includes a ribosome-binding site, a peptide-
encoding region with a start codon (AUG), a random region
(15 NNK codons), a cysteine codon (UGC), and a exible
GSGSGS peptide spacer before a stop codon and a puromycin–
oligonucleotide annealing region. As an initiating amino acid,
chloroacetyl (ClAc)-L-Tyr or ClAc-D-Tyr were charged onto tRNA
using exizymes and employed in translation to allow for
spontaneous cyclization with the cysteine encoded in the
downstream region of the library. Two separate peptide libraries
were prepared by in vitro translation of this mRNA using these
two amino acids, referred to as ‘L’ and ‘D’ libraries from here on
(reecting the difference in initiating amino acid stereochem-
istry, with all other amino acids being of the canonical L-form).
Following pulldown of peptide binders with the CARM1 bait
protein, the iterative selection cycles were monitored by quan-
titative PCR of the output (compared with the input and non-
selective binders in a negative selection without CARM1), and
the selection was completed over ve rounds (Fig. 2A) as indi-
cated by a dramatic increase in recovery in rounds 4 and 5.
Subsequently, the DNA pools recovered from each round were
sequenced in high throughput (Illumina iSeq). Analysis of this
dataset showed that the library was strongly enriched over
successive rounds (Fig. S1B), converging on a clear preferred
motif, as shown by the fact that the top 10 sequences occupied
more than 40–50% of all reads in round 5 (Fig. S1C, S2 and S3).
The top 200 most abundant unique sequences from both the L-
and D-Tyr initiating libraries were analyzed by multiple
sequence alignment, resulting in nine peptide sequences with
a consensus motif (F-W-T-L-Y-G-P-I), along with one other
sequence that was well enriched and did not contain this motif,
that were selected to be characterized for their inhibitory
potency using a multiple reaction monitoring (MRM) assay
based on LC-MS determination of methylation of a substrate
peptide derived from PABP1 (Fig. 2B and C).

All of these candidates exhibited modest inhibition, with the
best being peptide L4 at an IC50 of 0.5 mM (MLM assay, 286 nM
enzyme, 10 mM SAM substrate, 12 mM peptide substrate) and all
others having IC50 values greater than 1 mM. Given that RaPID
selections oen result in sub-micromolar or even sub-
nanomolar binders,34 we then assessed whether this low
activity was due to poor binding or other factors, for example
only partial overlap of hit binding with the active site. A
© 2026 The Author(s). Published by the Royal Society of Chemistry
uorescence polarization assay with a FAM-derivative of peptide
L1 showed a Kd of 132.7 nM against CARM1 (with 95% con-
dence between 106.3 to 168.5 nM) (Fig. S4).53 This value is in line
with affinities of previously selected mRNA display hits, and so
indicates that binding does not appear to be the cause of poor
inhibition. This in turn may indicate mixed inhibition modes
from poor overlap with functional sites.
Analysis of the full dataset reveals previously hidden
conserved sequence motifs

To search for further candidates for testing, we deployed
a sequence analysis workow that avoids the use of an articial
threshold for sequence counts (Fig. 3A and B). This workow
rst uses CD-HIT (cluster database at high identity with toler-
ance) clustering35–37 as a rst pass to provide ultrafast data
reduction across the entire dataset by condensing near dupli-
cates into representative sequences, followed by more compu-
tationally intensive multiple sequence alignment (MSA)38,39 of
the representative sequences to rene clusters and allow for
Chem. Sci.
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Fig. 3 Illustrative comparison of sequence analysis workflows to
improve the diversity and quality of hits picked for follow-up studies,
and CARM1 inhibition by newly discovered peptides. (A) Sequence
picking from the top 200 enriched sequences as used to select hits in
Fig. 2. Circles represent unique sequences, and their size indicates the
number of counts. Spatial separation reflects sequence identity/rela-
tionships. Lighter circles across multiple sequences represent
sequence families with conserved motifs. (B) Sequence picking by
redundancy reduction followed by MSA of the seed sequences as used
to find additional hits. (C) List of peptides chosen as representatives of
main clusters in the multiple sequence alignment following additional
data processing. (D) CARM1 (245 nM) activity in the presence of tested
peptides at 100 mM, shown as residual activity relative to no inhibitor.
(E) CARM1 (245 nM) activity with varying concentrations of the three
most potent peptides from (A), measured using a plate-based chem-
iluminescence assay with antibody detection of methylation. Note that
the substrate peptide is plate-immobilized, and concentration is
unknown. Dotted line indicates positive control without inhibition. (F)
CARM1 activity with varying concentrations of D28-36-cycle, with
conditions as for (E).
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expert picking of promising candidates. The use of CD-HIT in
clustering of NGS outputs has previously been used in phage
display to remove redundancy from a training dataset of 80 seed
sequences for machine learning.40 In this work we apply it with
a higher similarity threshold to process the entire sequencing
dataset in an efficient way with minimal change to the sequence
Chem. Sci.
families represented. This analysis was focused on round 3 (one
round before strong enrichment was observed by qPCR) to
maximize sequence diversity present.

This workow resulted in a list of sequences from broader,
previously hidden clusters (Fig. 3C). These new hits were named
as “[library][cluster number] − [abundance rank out of all
sequences from round 3]”—for instance, L21-34 indicates
a sequence from the L-library, the 21st CD-HIT cluster, and the
34th most abundant sequence of all sequences. Sequences L21-
34, L63-69, L171-772, D51-54, and D59-129 were not found in
the top 200 sequences of the round 5 dataset due to the strong
enrichment of the main motif, where there were few other
sequences outside of the main family (Fig. S2 and S3). Although
D28-36 was present in the initial analysis, it was considered an
outlier since it was a single representative with no other
homologues (Fig. S1 and S2, position D121). Other homologues
were deeply hidden in the sequence pool, as seen in the
sequence family of D28-36 (Fig. S5), making it unlikely to be
selected as representing a real hit. This new set of potential hits
(Fig. 3C) was tested for inhibition of CARM1 at a high initial
concentration of 100 mM peptide. This was done to ensure the
detection of weakly active sequences in this initial screen. This
new set of assays was carried out using a commercial assay kit
with a luciferin-conjugated antibody detecting methylated
arginine in an undisclosed peptide substrate coated on the
plate. This assay was chosen for its high throughput and to
minimize consumption of limited protein stock.

As shown in Fig. 3D, peptides L21-34, D28-36 and D59-129
reduced PABP1456−466 methylation to less than 3%, followed
by L63-69 (15%), L171-772 (27%), and D51-54 (47%). For the top
three inhibiting peptides, a titration was performed (Fig. 3E)
resulting in IC50 values of 260 ± 90 nM for D59-129, 290 ±

60 nM for L21-34, and 1.8 ± 0.7 mM for D28-36 (ELISA assay,
245 nM enzyme, 1 mM SAM substrate, unknown concentration
of plate-bound substrate). Since D28-36 displayed a highly
conserved cyclic motif and a poorly conserved tail in the
alignment (Fig. S5), its macrocyclic component was also
synthesized and tested separately. To our surprise, the inhibi-
tory ability was not only maintained but appeared 4.3-fold
stronger than that of the full sequence (D28-36-cycle IC50 = 420
± 150 nM) (Fig. 3F). The depth of sequence information ob-
tained from our strategy of alignment aer complexity reduc-
tion was crucial here in revealing this lack of conservation in the
tail region and thereby making clear where the peptide could be
truncated. The small size of this truncated peptide as compared
to the other hits (8-mer vs. 17-mer) means that it is better
positioned for development into a cell-active compound. While
it is not more potent than existing CARM1 inhibitors discussed
in the Introduction, it represents an as-yet unoptimized struc-
ture and could potentially be enhanced by addition of non-
canonical amino acids.

We next tested the inhibition specicity of the discovered
peptides across the PRMT family by testing histone methyla-
tion. Each peptide (L21-34, D59-129, D28-36-cycle, and L171-
772) was incubated at 100 mM together with bulk histones as
protein substrate and [14C-methyl]-S-adenosyl-methionine
([14C]-SAM) as cofactor to enable sensitive product detection.
© 2026 The Author(s). Published by the Royal Society of Chemistry

http://creativecommons.org/licenses/by/3.0/
http://creativecommons.org/licenses/by/3.0/
https://doi.org/10.1039/d5sc09232a


Edge Article Chemical Science

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 2

5 
fe

br
ua

r 
20

26
. D

ow
nl

oa
de

d 
on

 1
7.

3.
20

26
. 1

1.
30

.1
4.

 
 T

hi
s 

ar
tic

le
 is

 li
ce

ns
ed

 u
nd

er
 a

 C
re

at
iv

e 
C

om
m

on
s 

A
ttr

ib
ut

io
n 

3.
0 

U
np

or
te

d 
L

ic
en

ce
.

View Article Online
The peptides were tested against PRMT4 (=CARM1), PRMT1,
PRMT3, PRMT5, and PRMT6. The samples were subjected to
SDS-PAGE followed by blotting, and stained with Ponceau Red
to monitor histone loading before autoradiographic detection
(Fig. 4 and S6).

While all four macrocyclic peptides were most effective at
inhibiting PRMT4, they had less (L21-34, D59-129) or no inhibi-
tory (D28-36-c, L171-772) effect on PRMT5 enzymatic activity
(Fig. 4 and S6), a type II PRMT that catalyzes symmetric di-
methylation. Macrocyclic peptides L21-34 and D59-129 showed
also strong inhibitory effects on other type I PRMTs (PRMT1,
PRMT3, PRMT6) in this more physiological setting, indicating
that they are broadly active inhibitors. In contrast, D28-36-cycle
and L171-772 suppressed PRMT4 activity with high selectivity
and revealed no or a small reciprocal effect on the catalytic
activity of the other PRMTs. For example, L171-772 appeared to
enhance the activity of PRMT1, while D28-36-c appeared to
weakly enhance the activity of PRMT5. A serial dilution assay for
these two peptides was performed, revealing a complete inhibi-
tion of PRMT4 by 20 mM D28-36-cycle and weaker inhibition by
L171-772 (Fig. S7). This trend is consistent with the inhibition
observed for inhibition of PABP1456−466 peptide methylation in
vitro (Fig. 3D). All together, these inhibitors exhibit a range of
selectivity proles, from highly selective to broadly active across
type I PRMTs, underscoring the value of testing different hits
revealed by our new data analysis approach.
Novel peptide substrates revealed by mRNA display

All inhibitory macrocyclic peptides contained one or two argi-
nine residues. Since CARM1 possesses an arginine-binding
Fig. 4 Specificity of test peptides. In vitro histone methylation assays
with PRMT proteins (PRMT1, PRMT2, PRMT5, and PRMT6) in the
absence (–peptide) or presence of test peptides (L21-34, D59-129,
D28-36-cycle, and L171-772). For each pair, the upper panel displays
the autoradiographic detection of methylation with [14C]-SAM, while
the lower panel shows Ponceau Red staining as histone protein
loading control.

© 2026 The Author(s). Published by the Royal Society of Chemistry
pocket and methylates the residue that binds in this pocket,
we hypothesized that arginines in the peptides play a key role in
the inhibition mechanism and could potentially themselves be
methylated. We considered that substitution of this arginine
with an analogue could increase inhibitory potency, or that
efficient substrate peptides could be good candidates for a bi-
substrate-inhibitor approach by connection of the arginine to
a SAM-derived fragment. Therefore, we assessed whether the
peptide inhibitors could also be methylated by measuring the
ratio of the unmethylated peptide andmethylated peptide using
LC-MS (Fig. 5A),41 ensuring that peptide concentration is above
that of the enzyme to allow for multiple turnover and so to also
assess substrate binding and release. The known substrate
PABP1456−466 showed 11% of mono- and 0.5% of di-methylated
species in this assay. Of our new peptides, L21-34 produced 31%
of mono- and 34% of di-methylated species, D59-129 gave 35%
of mono- and 24% of di-methylated species, and L63-69 yielded
5% of mono- and 79% of di-methylated species. The best
substrate, L171-772 produced 0.2% of mono-, 63% of di-
methylated, as well as 13% of tri- and 24% of tetra-methylated
products, indicating that two arginines in the L171-772
analogue were each methylated twice (of note, this was not
the case in the somewhat similar sequence L63-69). All of these
methylation rates were higher than those observed with the
control substrate PABP1456−466. In contrast, D51-54 showed no
methylated species, consistent with the lack of arginines and its
weak inhibitory activity. For D28-36, despite the presence of an
Arg–Pro motif known to be present in several natural
substrates,42,43 the observed methylation was only 2.1%. The
majority of these peptides were therefore conrmed to be
engaging the active site as substrates.

We were surprised to recover from the mRNA display
sequences that seemed to be more efficiently methylated than
canonical peptides derived from a native protein substrate.
Enzyme catalysis requires both binding and release of
substrate, which seems at odds with the stringent washing steps
of our selection method, which tends to favor slow off-rates.
Although nding new substrate sequences was not necessarily
our goal, we were curious to compare the apparent relative rates
of methylation of our three most efficient substrates (L21-34,
L63-69, and L171-772) with that of the known substrate
PABP1456−466. The newly identied peptide substrates were
mixed in an equimolar ratio with the canonical substrate and
allowed to compete for methylation, as a direct measure of
relative efficiency without requiring full kinetic characterization
(again due to limiting amounts of enzyme). A control experi-
ment was performed by replacing the test peptide with ultra-
pure water. In all three competition assays (Fig. 5B),
PABP1456−466 methylation was suppressed. Specically, in the
competition between L171-772 and PABP1456−466, 23% ofmono-
and 10% of di-methylated L171-772 were detected, while only
2% of PABP1456−466 was monomethylated and no dimethylation
was observed. L171-772 peptides with more than three meth-
ylations were not detected under these conditions. For L21-34,
9.4% of mono- and 6.9% of di-methylated product were
found, whereas 0.4% of mono- and 1.6% of di-methylated
PABP1456−466 were detected. These results indicate a strong
Chem. Sci.
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Fig. 5 Novel peptide substrates identified by mRNA display. (A) Ratio of peptide methylation states following treatment of macryocyclic peptide
inhibitors with CARM1 and SAM, in the presence and absence of additional peptide substrate, as determined by LC-MS. Relative abundance of
methylated and non-methylated peptides (8.3 mM) after 18 hours of reaction with 300 nM CARM1 and 83 mM SAM are shown by bar height. (B)
Competition reactions between the PABP1456−466 peptide (red) and each test peptide (blue) at 7.7 mM each. The summed percentages of
monomethylated and dimethylated products are shown as stacked bars. Methylation of PABP1456−466 in the absence of competitor is shown on
the left. (C) Fragments and variants of L171-772 tested for methylation shown as in (A) (rotated to align with sequence table). (D) CARM1 inhibition
assay with L171-772 derivative peptides (100 mM) using chemiluminescent ELISA assay as in Fig. 3D. (E–G) Structural studies of the L171-772
peptide. (E) Superposition of 20 lowest energy conformations of L171-772 based on solution NMR constraints, aligned to the sequence motif
IYRPPII in the tail region. Macrocycle backbones are shown as lines, tails as sticks, and with the sidechain of Arg11 depicted explicitly in magenta.
(F) Bound pose of L171-772 (green) from molecular dynamics simulation with CARM1 (grey), overlaid with an arbitrary conformation of the NMR
ensemble (orange) and the PABP1456−466 peptide from PDB 5DXA (cyan). Cutaway of the right half of the protein shows the arginine-binding
pocket. (Inset) The cation–p interaction between L171-772 Trp2 and CARM1 Lys337 (blue surface) is shown as a magenta dotted line and the
hydrogen bond between L171-772 Tyr1 and CARM1Gln313 is shown as a yellow dotted line (G) overlay of backbones for the L171-772 bound state
from molecular dynamics (green) with one conformation from the NMR ensemble (orange), showing the tail overlap and the different relative
orientations of the macrocycle (Arg11 sidechains shown as stick representation).
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inhibition of PABP1456−466 methylation by L171-772 and L21-34
through competition for enzyme turnover. In the competition
between L63-69 and PABP1456−466, 6.1% of mono- and 0.6% of
di-methylated L63-69 products were detected, whereas 7% of
mono- and 0.5% of di-methylated PABP1456−466 products were
found, indicating a weaker inhibition by L63-69 compared to
the other two peptides. To attempt to convert the substrate
Chem. Sci.
peptide L171-772 into a simple inhibitor, we synthesized two
peptides with both of the arginines replaced with either asym-
metrically di-methylated arginine or citrulline. Inhibition by
100 mM tetra-methylated peptide was only around 60% while
the peptide containing citrulline was found to be completely
inactive as inhibitor (Fig. 5C). The lack of inhibition by cit-
rullinated peptide likely reects the important contribution to
© 2026 The Author(s). Published by the Royal Society of Chemistry
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binding from the positive charge, while the poor inhibition by
the tetramethylated peptide likely results from a strategy by the
enzyme to limit product inhibition. CARM1 has been shown to
bind effectively to non-methylated or mono-methylated argi-
nines, but much more poorly (by 3 orders of magnitude) to di-
methylated product.44 Given the poor binding of methylated
products, it seems likely that the L171-772 peptide only
enriched because of a lack of turnover in the display experi-
ment, as no excess of cofactor was added to the RaPID selection.

The substrate properties of the most active lariat peptide, L-
171-772, were next examined in more detail by dissecting it into
its cyclic (L171-772_cycle) and tail (L171-772_tail) fragments,
each containing one arginine that can be methylated. Each
fragment was synthesized, and its methylation activity was
assessed by LC-MS (Fig. 5D). Aer overnight reaction, a mere
4% of mono-methylated L171-772_cycle was found and no di-
methylated products were detected, while 14% of mono- and
10% of di-methylated L171-772_tail products were detected
(and inhibition by each fragment was also decreased relative to
the parent, Fig. 5C). This indicates that the tail fragment has
a stronger methylation capacity but the methylation capacity of
both fragments was strongly reduced, suggesting that the
conformation of the peptide is important for methylation and is
not conserved in the two fragments. To further validate the
methylation capacity of each arginine in the context of a full-
length peptide, L171-772_R7K and L171-772_R11K peptides
were synthesized and their methylation capacity was tested
(Fig. 5D). Here, arginine at position 7 or 11 was replaced with
lysine, as a minimal mutation that conserves charge but cannot
be methylated. While arginine on position 11 (R7K) showed
almost full di-methylation (>98%), the arginine in position 7
(R11K) showed only 12% of mono- and 11% of di-methylated
product. Competition methylation experiments with these
arginine-to-lysine mutated L171-772 peptides and PABP1456−466

(Fig. 5B) showed that 6.3% of PABP1456−466 was mono- or di-
methylated in the presence of L171-772_R7K, and 8.1% in the
presence of L171-772_R11K. Since 17%methylated product was
detected without any competitor, both mutants were found to
be inhibitory, with a slight advantage for the tail arginine (and
so L171-772_R11K still showed more than 50% inhibition).
These results conrm that the tail arginine is a stronger
methylation substrate, while also indicating that the cyclic
region contributes to this reactivity and that the peptide
analogue can still bind to the pocket even without a strong
methylation substrate activity, and that inhibition thus arises
not only from competition for activity.

To investigate the underlying basis for the differences in
methylation ability between these two Arg residues in L171-772,
as well as to attempt to explain the unexpectedly high
methylation-accepting ability of Arg11 in particular, we solved
an NMR structure of the peptide and modelled its interactions
with the substrate binding site of CARM1 by molecular
dynamics. The NMR structure of the free peptide in solution
(Fig. 5E) showed a well-dened extended conformation of the
tail, likely driven by the multiple proline residues, while the
macrocycle is compact and relatively well conserved. However,
the spatial relationship between the macrocycle and the tail is
© 2026 The Author(s). Published by the Royal Society of Chemistry
highly variable. Notably, the structural context of Arg11 in the
tail is very well conserved. The free state of peptide was
compared with a bound-state model derived by molecular
dynamics. In this, the highest-scoring bound pose had the
hydrophobic residues in the macrocycle buried and
hydrophilic/charged residues exposed to solution, with roughly
equal binding contributions from the macrocycle and the tail
(−32.0 and −32.5 kcal mol−1 obtained from MD). Notable
interactions from the macrocycle include a hydrogen bond
between CARM1-Gln313 and L171-772-Tyr1 (2.9 Å) and a cation–
pi interaction between CARM1-Lys337 and L171-772-Trp2 (3.9
Å, 89° lysine-NH2 to ring center, Fig. 5F). The model of the
bound state retained the same extended tail conformation as
the NMR structure, but the loop orientation changed dramati-
cally to avoid steric clash with the protein (Fig. 5G). The tail of
L171-772 in the bound state model overlaps well with the NMR
structure (RMSD 1.855 Å across the IYRPPII fragment), and even
more so with the co-crystal structure45 of PABP1456−466 (RMSD
0.149 Å across the IYRPPII fragment). The L171-772 peptide
solution conformation therefore appears to be well primed to
bind CARM1 as a substrate, and the additional buried hydro-
phobic surface of the macrocycle provides a rationale for why
the full lariat structure is a much better substrate than the tail
alone. These additional interactions created by the macrocycle
also provide a rationale for why this compound is a better
substrate than the protein-derived peptide fragment
PABP1456−466.

Conclusion

We report here the discovery of a suite of macrocyclic peptide
inhibitors of CARM1/PRMT4 by mRNA display under a reprog-
rammed genetic code. In this selection campaign, standard
data-processing methods by a sequence abundance cut-off fol-
lowed by multiple sequence alignment on the nal most
enriched round of selection resulted in a single dominant
sequence family, which proved to be poorly active. Re-analysis
of the same sequencing output using an approach that
allowed analysis of the full dataset in an earlier round revealed
numerous additional clusters, including peptides L21-34, D59-
129 and D28-36, which inhibit PRMT4 through active site
engagement. The cyclic fragment of peptide D28-36 (D28-36-
cycle) showed over fourfold stronger inhibition than the lariat
parental sequence and was highly specic for PRMT4 over other
PRMTs. Complementary to this, peptides L21-34 and D59-129
exhibited a broad cross-inhibition of the type I methyl-
transferases PRMT1, PRMT3, PRMT4, and PRMT6 and to
a lesser extent of the type II methyltransferase PRMT5. These
peptides are therefore highly promising tools for future
dissection of PRMT signaling. In addition, several sequences
proved to be efficient substrates for PRMT4 methylation.
Selection by mRNA display involves stringent washing that
generally selects for tight binding and slow off-rates. These
characteristics are typically incompatible with efficient catal-
ysis, which requires ligand dissociation to allow new substrate
binding. Enrichment of substrate sequences appears to have
been possible in this case because the selection was carried out
Chem. Sci.
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in absence of cofactor, preventing the di-methylation that nor-
mally triggers product release. This suggests that selection in
the presence of cofactor, or with different post-translational
modications,46 might lead to further distinct hits. In future
work development will focus on the D28-36 macrocycle, which
shows a high potential for cellular activity, as well as on taking
lessons from L171-772 to leverage its high efficiency as
a substrate to allow improved design of bifunctional inhibitors
containing a fusion of peptide and S-adenosyl methionine.47 In
addition, selections against other biologically important argi-
nine methyltransferases, such as PRMT1, could generate an
arginine methyltransferase toolbox for chemical biology, as has
recently been reported for an arginine deiminase.48 Our results
emphasize the need to carefully consider which dataset to
process from an enrichment trajectory using a genetically
encoded library, as well as the importance of computationally
efficient algorithms that can process the entirety of the dataset.
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L. Dombrovski, Z. Zhang, H. Deng, J. Min,
C. H. Arrowsmith, L. Mazutis, L. Shi, M. Vedadi,
P. J. Brown, J. Xiang, L.-X. Qin, W. Xu and M. Luo, A
chemical probe of CARM1 alters epigenetic plasticity
against breast cancer cell invasion, Elife, 2019, 8, e47110.

19 N. Tsomaia, Peptide therapeutics: targeting the undruggable
space, Eur. J. Med. Chem., 2015, 94, 459–470.

20 L. Wang, N. Wang, W. Zhang, X. Cheng, Z. Yan, G. Shao,
X. Wang, R. Wang and C. Fu, Therapeutic peptides:
current applications and future directions, Signal
Transduct. Targeted Ther., 2022, 7, 48.

21 O. Al Musaimi, L. Lombardi, D. R. Williams and F. Albericio,
Strategies for improving peptide stability and delivery,
Pharmaceuticals, 2022, 15, 1283.
© 2026 The Author(s). Published by the Royal Society of Chemistry
22 M. J. van Haren, N. Marechal, N. Troffer-Charlier,
A. Cianciulli, G. Sbardella, J. Cavarelli and N. I. Martin,
Transition state mimics are valuable mechanistic probes
for structural studies with the arginine methyltransferase
CARM1, Proc. Natl. Acad. Sci. U. S. A., 2017, 114, 3625–3630.

23 R. W. Roberts and J. W. Szostak, RNA-peptide fusions for the
in vitro selection of peptides and proteins, Proc. Natl. Acad.
Sci. U. S. A., 1997, 94, 12297–12302.

24 N. Nemoto, E. Miyamoto-Sato, Y. Husimi and H. Yanagawa,
In vitro virus: Bonding of mRNA bearing puromycin at the 3’-
terminal end to the C-terminal end of its encoded protein on
the ribosome in vitro, FEBS Lett., 1997, 414, 405–408.

25 H. Murakami, A. Ohta, H. Ashigai and H. Suga, A highly
exible tRNA acylation method for non-natural polypeptide
synthesis, Nat. Methods, 2006, 3, 357–359.

26 A. J. P. Hopstaken, E. Große Wichtrup and S. A. K. Jongkees,
The Great Codon Escape: Vacating Codons for Genetic Code
Expansion and Ribosome Stalling, Isr. J. Chem., 2024, 64,
e202400012.

27 Y. Yamagishi, I. Shoji, S. Miyagawa, T. Kawakami, T. Katoh,
Y. Goto and H. Suga, Natural Product-Like Macrocyclic N-
Methyl-Peptide Inhibitors against a Ubiquitin Ligase
Uncovered from a Ribosome-Expressed De Novo Library,
Chem. Biol., 2011, 18, 1562–1570.

28 C. Blanco, S. Verbanic, B. Seelig and I. A. Chen, High
throughput sequencing of in vitro selections of mRNA-
displayed peptides: data analysis and applications, Phys.
Chem. Chem. Phys., 2020, 22, 6492–6506.

29 M. Liu, R. Morewood, R. Yoshisada, M. N. Pascha,
A. J. P. Hopstaken, E. Tarcoveanu, D. A. Poole, C. A. M. de
Haan, C. Nitsche and S. A. K. Jongkees, Selective thiazoline
peptide cyclisation compatible with mRNA display and
efficient synthesis, Chem. Sci., 2023, 14, 10561–10569.

30 B. Bhushan, D. Granata, C. S. Kaas, M. A. Kasimova, Q. Ren,
C. N. Cramer, M. D. White, A. M. K. Hansen, C. Fledelius,
G. Invernizzi, K. Deibler, O. D. Coleman, X. Zhao, X. Qu,
H. Liu, S. S. Zurmühl, J. T. Kodra, A. Kawamura and
M. Münzel, An integrated platform approach enables
discovery of potent, selective and ligand-competitive cyclic
peptides targeting the GIP receptor, Chem. Sci., 2022, 13,
3256–3262.

31 W. L. Matochko, K. Chu, B. Jin, S. W. Lee, G. M. Whitesides
and R. Derda, Deep sequencing analysis of phage libraries
using Illumina platform, Methods, 2012, 58, 47–55.

32 W. L. Matochko, S. Cory Li, S. K. Y. Tang and R. Derda,
Prospective identication of parasitic sequences in phage
display screens, Nucleic Acids Res., 2014, 42, 1784–1798.

33 K. F. Tjhung, P. I. Kitov, S. Ng, E. N. Kitova, L. Deng,
J. S. Klassen and R. Derda, Silent Encoding of Chemical
Post-Translational Modications in Phage-Displayed
Libraries, J. Am. Chem. Soc., 2016, 138, 32–35.

34 Y. Yin and C. J. Hipolito, Recent Advances in Non-Standard
Macrocyclic Peptide Ligand Discovery using mRNA
Display, Isr. J. Chem., 2024, 64, e202300167.

35 W. Li and A. Godzik, Cd-hit: a fast program for clustering
and comparing large sets of protein or nucleotide
sequences, Bioinformatics, 2006, 22, 1658–1659.
Chem. Sci.

http://creativecommons.org/licenses/by/3.0/
http://creativecommons.org/licenses/by/3.0/
https://doi.org/10.1039/d5sc09232a


Chemical Science Edge Article

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 2

5 
fe

br
ua

r 
20

26
. D

ow
nl

oa
de

d 
on

 1
7.

3.
20

26
. 1

1.
30

.1
4.

 
 T

hi
s 

ar
tic

le
 is

 li
ce

ns
ed

 u
nd

er
 a

 C
re

at
iv

e 
C

om
m

on
s 

A
ttr

ib
ut

io
n 

3.
0 

U
np

or
te

d 
L

ic
en

ce
.

View Article Online
36 W. Li, L. Jaroszewski and A. Godzik, Tolerating some
redundancy signicantly speeds up clustering of large
protein databases, Bioinformatics, 2002, 18, 77–82.

37 W. Li, L. Jaroszewski and A. Godzik, Clustering of highly
homologous sequences to reduce the size of large protein
databases, Bioinformatics, 2001, 17, 282–283.

38 J. D. Thompson, D. G. Higgins and T. J. Gibson, CLUSTALW:
improving the sensitivity of progressive multiple sequence
alignment through sequence weighting, position-specic
gap penalties and weight matrix choice, Nucleic Acids Res.,
1994, 22, 4673–4680.

39 D.-F. Feng and R. F. Doolittle, Progressive sequence
alignment as a prerequisitetto correct phylogenetic trees, J.
Mol. Evol., 1987, 25, 351–360.

40 B. He, B. Li, X. Chen, Q. Zhang, C. Lu, S. Yang, J. Long,
L. Ning, H. Chen and J. Huang, PDL1Binder: Identifying
programmed cell death ligand 1 binding peptides by
incorporating next-generation phage display data and
different peptide descriptors, Front. Microbiol., 2022, 13,
928774.

41 Y. Zhang, M. J. van Haren, N. Marechal, N. Troffer-Charlier,
V. Cura, J. Cavarelli and N. I. Martin, A Direct Assay for
Measuring the Activity and Inhibition of Coactivator-
Associated Arginine Methyltransferase 1, Biochemistry,
2022, 61, 1055–1063.

42 J. Lee and M. T. Bedford, PABP1 identied as an arginine
methyltransferase substrate using high-density protein
arrays, EMBO Rep., 2002, 3, 268–273.

43 E. Shishkova, H. Zeng, F. Liu, N. W. Kwiecien, A. S. Hebert,
J. J. Coon and W. Xu, Global mapping of CARM1
substrates denes enzyme specicity and substrate
recognition, Nat. Commun., 2017, 8, 15571.

44 S. L. Jacques, K. P. Aquino, J. Gureasko, P. A. Boriack-Sjodin,
M. Porter Scott, R. A. Copeland and T. V Riera, CARM1
preferentially methylates H3R17 over H3R26 through
a random kinetic mechanism, Biochemistry, 2016, 55,
1635–1644.

45 P. A. Boriack-Sjodin, L. Jin, S. L. Jacques, A. Drew,
C. Sneeringer, M. P. Scott, M. P. Moyer, S. Ribich,
O. Moradei and R. A. Copeland, Structural insights into
ternary complex formation of human CARM1 with various
substrates, ACS Chem. Biol., 2016, 11, 763–771.

46 H. Itonaga, A. K. Mookhtiar, S. M. Greenblatt, F. Liu,
C. Martinez, D. Bilbao, M. Rains, P.-J. Hamard, J. Sun,
A. C. Umeano, S. Duffort, C. Chen, N. Man, G. Mas,
L. Tottone, T. Totiger, T. Bradley, J. Taylor, S. Schürer and
S. D. Nimer, Tyrosine phosphorylation of CARM1 promotes
its enzymatic activity and alters its target specicity, Nat.
Commun., 2024, 15, 3415.

47 Y. Zhang, N. Marechal, M. J. van Haren, N. Troffer-Charlier,
V. Cura, J. Cavarelli and N. I. Martin, Structural Studies
Provide New Insights into the Role of Lysine Acetylation on
Substrate Recognition by CARM1 and Inform the Design of
Potent Peptidomimetic Inhibitors, ChemBioChem, 2021, 22,
3469–3476.

48 M. T. Bertran, R. Walmsley, T. Cummings, I. V. Aramburu,
D. J. Benton, R. Mora Molina, J. Assalaarachchi,
Chem. Sci.
M. Chasampalioti, T. Swanton, D. Joshi, S. Federico,
H. Okkenhaug, L. Yu, D. Oxley, S. Walker,
V. Papayannopoulos, H. Suga, M. A. Christophorou and
L. J. Walport, A cyclic peptide toolkit reveals mechanistic
principles of peptidylarginine deiminase IV regulation,
Nat. Commun., 2024, 15, 9746.

49 H. Berberich, F. Terwesten, S. Rakow, P. Sahu, C. Bouchard,
M. Meixner, S. Philipsen, P. Kolb and U.-M. Bauer,
Identication and in silico structural analysis of Gallus
gallus protein arginine methyltransferase 4 (PRMT4), FEBS
Open Bio, 2017, 7, 1909–1923.

50 A. Repenning, D. Happel, C. Bouchard, M. Meixner, Y. Verel-
Yilmaz, H. Raifer, L. Holembowski, E. Krause, E. Kremmer,
R. Feederle, C. U. Keber, M. Lohoff, E. P. Slater,
D. K. Bartsch and U. Bauer, PRMT1 promotes the tumor
suppressor function of p14ARF and is indicative for
pancreatic cancer prognosis, EMBO J., 2021, 40, e106777.

51 H. Naeem, D. Cheng, Q. Zhao, C. Underhill, M. Tini,
M. T. Bedford and J. Torchia, The Activity and Stability of
the Transcriptional Coactivator p/CIP/SRC-3 are Regulated
by CARM1-Dependent Methylation, Mol. Cell. Biol., 2007,
27, 120–134.

52 K. Bouazoune and R. E. Kingston, Chromatin remodeling by
the CHD7 protein is impaired by mutations that cause
human developmental disorders, Proc. Natl. Acad. Sci. U. S.
A., 2012, 109, 19238–19243.

53 R. V Hosur, G. Wider and K. Wüthrich, Sequential Individual
Resonance Assignments in the 1H Nuclear-Magnetic-
Resonance Spectrum of Cardiotoxin VII 2 from Naja
mossambica mossambica, Eur. J. Biochem., 1983, 130, 497–
508.

54 T. Harsch, P. Schneider, B. Kieninger, H. Donaubauer and
H. R. Kalbitzer, Stereospecic assignment of the
asparagine and glutamine sidechain amide protons in
proteins from chemical shi analysis, J. Biomol. NMR,
2017, 67, 157–164.

55 W. Lee, M. Rahimi, Y. Lee and A. Chiu, POKY: a soware
suite for multidimensional NMR and 3D structure
calculation of biomolecules, Bioinformatics, 2021, 37, 3041–
3042.

56 T. Aeschbacher, M. Schubert and F. H.-T. Allain, A procedure
to validate and correct the 13C chemical shi calibration of
RNA datasets, J. Biomol. NMR, 2012, 52, 179–190.

57 Y. Shen, F. Delaglio, G. Cornilescu and A. Bax, TALOS+:
a hybrid method for predicting protein backbone torsion
angles from NMR chemical shis, J. Biomol. NMR, 2009,
44, 213–223.

58 P. Güntert and L. Buchner, Combined automated NOE
assignment and structure calculation with CYANA, J.
Biomol. NMR, 2015, 62, 453–471.

59 M. Schubert, D. Labudde, H. Oschkinat and P. Schmieder, A
soware tool for the prediction of Xaa-Pro peptide bond
conformations in proteins based on 13C chemical shi
statistics, J. Biomol. NMR, 2002, 24, 149–154.

60 P. A. Boriack-Sjodin, L. Jin, S. L. Jacques, A. Drew,
C. Sneeringer, M. P. Scott, M. P. Moyer, S. Ribich,
O. Moradei and R. A. Copeland, Structural insights into
© 2026 The Author(s). Published by the Royal Society of Chemistry

http://creativecommons.org/licenses/by/3.0/
http://creativecommons.org/licenses/by/3.0/
https://doi.org/10.1039/d5sc09232a


Edge Article Chemical Science

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 2

5 
fe

br
ua

r 
20

26
. D

ow
nl

oa
de

d 
on

 1
7.

3.
20

26
. 1

1.
30

.1
4.

 
 T

hi
s 

ar
tic

le
 is

 li
ce

ns
ed

 u
nd

er
 a

 C
re

at
iv

e 
C

om
m

on
s 

A
ttr

ib
ut

io
n 

3.
0 

U
np

or
te

d 
L

ic
en

ce
.

View Article Online
ternary complex formation of human CARM1 with various
substrates, ACS Chem. Biol., 2016, 11, 763–771.

61 D. A. Case, H. M. Aktulga, K. Belfon, D. S. Cerutti,
G. A. Cisneros, V. W. D. Cruzeiro, N. Forouzesh, T. J. Giese,
A. W. Götz, H. Gohlke, S. Izadi, K. Kasavajhala,
M. C. Kaymak, E. King, T. Kurtzman, T.-S. Lee, P. Li, J. Liu,
T. Luchko, R. Luo, M. Manathunga, M. R. Machado,
H. M. Nguyen, K. A. O'Hearn, A. V Onufriev, F. Pan,
S. Pantano, R. Qi, A. Rahnamoun, A. Risheh, S. Schott-
Verdugo, A. Shajan, J. Swails, J. Wang, H. Wei, X. Wu,
Y. Wu, S. Zhang, S. Zhao, Q. Zhu, T. E. Cheatham,
D. R. Roe, A. Roitberg, C. Simmerling, D. M. York,
M. C. Nagan and K. M. Jr. Merz, AmberTools, J. Chem. Inf.
Model., 2023, 63, 6183–6191.

62 D. A. Case, H. M. Aktulga, K. Belfon, I. Y. Ben-Shalom,
J. T. Berryman, S. R. Brozell, F. S. Carvahol, D. S. Cerutti,
T. E. Cheatham III, G. A. Cisneros, V. W. D. Cruzeiro,
T. A. Darden, N. Forouzesh, M. Ghazimirsaeed,
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