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and key functional gene
abundance in Iowa bioretention cells: implications
for stormwater remediation potential†

Erica A. Wiener,ab Jessica M. Ewaldab and Gregory H. LeFevre *ab

Stormwater bioretention cells are green stormwater infrastructure systems that can help mitigate flooding

and remove contaminants. Plants and bacteria improve nutrient removal and degrade organic

contaminants; however, the roles of fungi in bioretention cells are less known. Although mycorrhizal

fungi aid in plant growth/improve nutrient uptake, there is a notable lack of research investigating fungal

diversity in bioretention cells. Other types of fungi could benefit bioretention cells (e.g., white rot fungi

degrade recalcitrant contaminants). This study addresses the knowledge gap of fungal function and

diversity within stormwater bioretention cells. We collected multiple soil samples from 27 different

bioretention cells in temperate-climate eastern Iowa USA, characterized soil physicochemical

parameters, sequenced the internal transcribed spacer (ITS) amplicon to identify fungal taxa from

extracted DNA, and measured functional gene abundances for two fungal laccases (Cu1, Cu1A) and

a fungal nitrite reductase gene (nirKf). Fungal biodegradation functional genes were present in

bioretention soils (mean copies per g: 7.4 × 105 nirKf, 3.2 × 106 Cu1, 4.0 × 108 Cu1A), with abundance of

fungal laccase and fungal nitrite reductase genes significantly positively correlated with soil pH and

organic matter (Pearson's R: >0.39; rho < 0.05). PERMANOVA analysis determined soil characteristics

were not significant explanatory variables for community composition (beta diversity). In contrast,

planting specifications significantly impacted fungal diversity; the presence/absence of a few planting

types and predominant vegetation type in the cell explained 89% of variation in fungal diversity. These

findings further emphasize the importance of plants and media as key design parameters for

bioretention cells, with implications for fungal bioremediation of captured stormwater contaminants.
Environmental signicance

Bioretention cells capture and treat urban runoff laden with organic contaminants, and fungi may be a useful bioremediation approach. We characterized
fungal communities in eastern Iowa USA, quantied biodegradation function genes, and correlated plant/soil types with fungal diversity. The taxa that include
white/brown rot fungi capable of biodegrading recalcitrant contaminants were highly represented, with plant type a signicant driver of fungal diversity. Fungal
laccase/nitrite reductase functional genes were signicantly correlated with soil pH and organic matter. We provide new evidence that diverse fungi are present
within bioretention cells and elucidate plantings as key inuences. Implications include optimizing planting/media types in green stormwater infrastructure
design, and potential for fungal bioaugmentation/inoculation of bioretention to improve stormwater contaminant removal.
1. Introduction

It is well-established that stormwater is a highly complex
mixture of contaminants.1 Outside of “traditional” stormwater
contaminants (e.g., heavy metals, nutrients, polycyclic aromatic
hydrocarbons), evidence is growing for the presence of trace
eering, University of Iowa, 4105 Seamans

egory-lefevre@uiowa.edu; Tel: +1 319 335

Maxwell Stanley Hydraulics Laboratory,

tion (ESI) available. See DOI:

ts, 2024, 26, 1796–1810
mobile/hydrophilic organic contaminants within stormwater.2–4

To prevent mobile organic contaminants from entering ground
and surface waters, there is a need to re-examine methods of
stormwater management. Green stormwater infrastructure is
one approach to stormwater management and includes prac-
tices such as green roofs, permeable pavements, and bio-
retention cells (the system of focus for this work; Fig. S.1 and
S.2†).5 Bioretention cells are primarily designed to emulate the
pre-development hydrologic regime (peak ow and volume
reduction, rapid inltration) and additionally abate many non-
point stormwater contaminants.1,6 The contaminant abatement
can occur via abiotic means such as particle ltration or sorp-
tion to soil media. Although bioretention cells can lter particle-
This journal is © The Royal Society of Chemistry 2024
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associated pollutants,7 dissolved pollutants present an addi-
tional challenge to treatment. Dissolved pollutants can adsorb
to the bioretention soils, but compounds that are hydrophilic/
polar (e.g., benzotriazole) can pass through the cell with
minimal retention.8–10 This phenomenon could be remedied via
geomedia amendments such as biochar or black carbon;11–13 for
example, biochar-amended mesocosms were able to maintain
99% of trace organic contaminant removal relative to only 50%
retention in un-amended columns.14 Nevertheless, even with
geomedia amendments, dissolved pollutants may not be
retained well in bioretention cells once sorption capacity of the
soil media/amendments is reached. Additionally, hydrophobic
compounds such as high molecular weight polycyclic aromatic
hydrocarbons (PAHs) found in stormwater could contribute to
exhausting sorption capacity within bioretention geomedia. For
example, a recent study of a eld bioretention site reported
recalcitrant PAHs most accumulated at medium depth where
bacterial biodegradation may be more limited.15

To mitigate limitations from abiotic removal mechanisms,
maximized contaminant sorption/ltration can be coupled with
biotic uptake and transformation processes in microbes and
plants. Plant selection is important for functioning bioretention
cells; plants with deeper rooting zones can prevent clogging and
improve inltration.16 Phosphorus and nitrogen removal can
also improve in planted systems, though efficacy may depend
on plant type.17 Increasing evidence demonstrates plants can
impact trace organic contaminant removal in bioretention. For
example, plants can remove and transform benzotriazole
hydroponically,18 and benzotriazole phytotransformation
products were detected in bench-scale bioretention meso-
cosms19 as well as a eld-scale tracer study.20 In addition to
plants, organisms such as bacteria and fungi also affect
contaminant fate within bioretention cells. Bacteria have mostly
been studied in context of nutrients within bioretention cells
but have also demonstrated contributions to organic contami-
nant removal. One recent study suggests biochar-amended
bioretention cells, with the contributions of active microbial
biolms, could extend the lifetime of the system by 1.8–2.3
times and enhance removal of trace contaminants like atrazine
and neonicotinoids.21

Although there is growing evidence on the roles of plants and
bacteria within bioretention cells, fungi have received very
limited consideration. Within these limited studies, mycor-
rhizal fungi have garnered the most attention, as they associate
with and oen provide benets to plants such as nutrients and
protection against pathogens.22,23 Mycorrhizal fungi have been
observed in bioretention cells,24 and initial studies indicate
functional improvements such as increased plant growth and
stress resistance, improved nutrient uptake and heavy metal
removal.25–27 Beyond mycorrhizal fungi, fungal enzymes such as
lignin peroxidases or laccases could enhance biotransformation
of contaminants; indeed, many of these enzymes are not
substrate-specic and have widely demonstrated the break-
down of recalcitrant contaminants such as polychlorinated
biphenyls,28,29 carbamazepine,30,31 and azo dyes.32 Despite the
potential of fungi to enhance bioretention function, we found
very few studies reporting on fungal diversity within green
This journal is © The Royal Society of Chemistry 2024
stormwater infrastructure bioswales. These initial ndings
indicated fungal communities in bioswales (bioswales serve
similar functions to bioretention cells) were distinct from park/
tree pit soils, likely inuenced by differences in micro-envi-
ronment/habitat,33 and that community differences were
correlated with plant species differences.34

Though emerging studies on microbial communities in
green stormwater infrastructure provide important initial
insights on fungal diversity, more work is needed to understand
the role of fungi in green stormwater infrastructure, particularly
bioretention cells. The single study probing the connection
between plant species/physiology and microbial community
differences focused on plant transpiration rates as the relevant
physiological trait. Other traits, such as rooting depth, or non-
plant variables such as runoff type (e.g., parking lot vs. road),
remain unexplored. Abundance of relevant bacterial biotrans-
formation genes such as denitrication genes,35,36 bphA,37 and
naphthalene degradation genes38,39 have been quantied within
bioretention cells or mesocosms, but no studies have speci-
cally investigated relevant fungal biotransformation genes such
as laccases and peroxidases in bioretention cells. Thus, there is
a paucity of information on fungal communities and function
within bioretention cells and how fungi (native or bio-
augmented) could enhance removal of dissolved organic
contaminants. To address these knowledge gaps, we measured
fungal diversity and key fungal functional gene abundance in 27
different bioretention cells in eastern Iowa (in the temperate
Midwestern United States). The objective of this study was to
determine driving factors of fungal diversity and functional
gene abundance in representative Iowa bioretention cells. We
hypothesized that bioretention plant rooting depth and soil
characteristics would signicantly inuence fungal diversity
and functional gene abundance.
2. Methods
2.1 Bioretention cell soil sampling

2.1.1 Sampling location selection. Local officials helped
identify bioretention cells in Iowa City, Coralville, North Liberty,
and Cedar Rapids, Iowa (Johnson and Linn Counties). Sampling
permission as well as any available site information (e.g.,
plantings, plans, etc.) for each site was obtained from these
officials (see Table S.1† for site information). Prior to sampling,
all sites were visited to conrm feasibility of sampling and to
record initial site information. Bioretention cells were selected
to encompass representative geographic variability, vegetation
variety, and runoff source (e.g., building, parking lot, or major
road). A total of 27 bioretention cells were sampled. All bio-
retention cell soil sampling occurred during the week of
September 20, 2021. At each bioretention site, soils were
collected from 4–6 sampling locations distributed throughout
the cell. A composite sample was created from an equal mixture
of each sampling location within the cell to better encompass
within-cell heterogeneity. Vegetation types within the cell and at
each sampling location within the cell were recorded and
pictures were taken of each cell and individual sampling point.
Environ. Sci.: Processes Impacts, 2024, 26, 1796–1810 | 1797
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2.1.2 Sampling methodology and storage. Two types of soil
samples were taken: soil for DNA extraction and soil for physi-
cochemical characterization. To collect soil samples for DNA
extraction, we cleared away themulch layer (if present) and used
2.2 × 53 cm (7/800 × 2100) plated soil probes (AMS) inserted
vertically to obtain soil cores at 15 cm maximum depth. Metal
scoops were used to deposit soil between 2 and 10 cm depth
from the corer into labeled sterile Whirl-Pak bags (one bag per
sampling location). At one cell (cv14), soil was collected for both
the top 10 cm and bottom 10 cm of the core. For physico-
chemical characterization of soil samples, a metal trowel was
used to scoop soil into a virgin plastic (gallon Ziploc) bag at each
sampling point within the cell, using the same bag for all
sampling points and mixed on-site. Between each sampling
location within a cell (and in between bioretention cells), all
sampling equipment was cleaned and wiped down with 70%
ethanol. All samples were transported on ice to the lab. To
create composite soil samples for DNA extraction, a nominal 2 g
(1.7 ± 0.04 g) of soil was measured from each individual soil
sample within a site and combined using a 2.0 mm sieve. Soil
samples for DNA extraction were stored at −80 °C until DNA
extraction. Soil samples for physicochemical analysis were
stored at 4 °C.

2.1.3 Physicochemical analysis. Composite soil samples (n
= 27; approximately 500 g per sample) collected for physico-
chemical analysis were submitted to the Minnesota Valley
Testing Laboratories, Inc. (New Ulm, MN). The following
physicochemical analyses were acquired: pH, phosphorus (Bray
I/Olsen), potassium, zinc, manganese, copper, percent organic
matter (OM), nitrate, and ammonium nitrogen. Raw soil data
are available in Table S.5.†
2.2 Soil DNA extraction and sequencing

Soil DNA was extracted from the composite samples for each
bioretention cell with a DNeasy PowerSoil Pro Kit (QIAGEN)
according to manufacturer instructions. Sub-aliquots of
extracted DNA were diluted with TE buffer (QIAGEN) and sent
overnight on ice to MR (Molecular Research) DNA Laboratories
(an end-to-end sequencing and bioinformatics service).
Concentrations of DNA samples were recorded prior to ship-
ment using a Qubit uorometer. Due to some samples
exceeding the range of detection of the instrument, DNA
normalization services were requested. One no-template nega-
tive control (nuclease free water) was sent along with the DNA
samples for sequencing. We requested fungal internal tran-
scribed spacer (ITS) amplicon sequencing with specications
detailed in Table S.2.† The ITS amplicon primers were based on
prior literature (forward40 [fITS7], 50-30: GTGARTCATC-
GAATCTTG; reverse41 [ITS4], 50-30: TCCTCCGCTTATTGA-
TATGC). Aer DNA extraction, all sequencing-related steps were
conducted at MR DNA laboratories; methodology described
here for sequencing steps were adapted from protocols
provided by the laboratory. To amplify the ITS region, the
HotStarTaq Plus Master Mix Kit (QIAGEN) was used with the
following thermocycling parameters: 94 °C for 3 minutes, 30–35
cycles of 94 °C for 30 seconds, 53 °C for 40 seconds, 72 °C for 1
1798 | Environ. Sci.: Processes Impacts, 2024, 26, 1796–1810
minute, and a nal elongation step at 72 °C for 5 minutes.
Amplied products were run through gel electrophoresis on
a 2% agarose gel to conrm amplication and band intensity.
Gel images were not provided with the sequencing data.
Samples were pooled in equimolar amounts and puried with
Ampure XP beads. Library preparation followed manufacturer's
guidelines for the Illumina MiSeq platform.

2.3 Bioinformatics pipeline

The bioinformatics pipeline to process DNA sequences was
conducted using PipeCra2 (1.0.0). PipeCra2 is an open-
source soware with a graphical user interface and is
designed to process sequencing data with many customizable
options.42 We employed the operational taxonomic unit (OTU)
workow with some additions/modications (Fig. S.3† for
a workow visualization). Briey, the steps with PipeCra
names, in order, are: Cut Primers, Merge Reads, Quality
Filtering, Chimera Filtering, ITSX, Clustering, Post-Clustering
(LULU), Filter Tag-Jumps (UNCROSS2), and Assign Taxonomy.
The OTU workow was chosen over the ASV workow, as exact
sequence variants (ESV) approaches have been noted to over-
estimate common fungal species and underestimate rare
species.43,44 Raw multiplexed les were provided in FASTQ
format with a mapping text le. Raw les were demultiplexed
into individual sample les using the free FASTQ Splitter so-
ware provided by MR DNA (http://www.mrdnafreesoware.com/
fastq-splitter.html). Primers were removed in PipeCra2. Reads
were assembled and ltered by quality and chimeras using the
VSEARCH algorithm with default settings.45 The ITS2 region
was extracted using ITSx.46 Extracted ITS sequences were
clustered into OTUs using VSEARCH and the default settings
(97% similarity threshold). LULU was used as a post-
clustering step to improve biodiversity metrics.47 Putative tag-
jumps were ltered using UNCROSS2.48 We performed taxo-
nomic assignment using BLASTN with the UNITE database
(UNITE version 9.0).49 UNITE is an open access, curated, and
annotated database for the ITS region. UNITE uses the fungal
classication from Tedersoo et al. 2018.50 BLAST rst-hit
matches were ltered to include hits with greater than 80%
coverage. The bioinformatics pipeline outputs include taxo-
nomic assignments for each OTU as well as a counts table which
contains the number of each OTU detected for each sample.

2.4 Statistical analysis for sequencing data

Counts tables of OTU data are typically normalized or trans-
formed to account for sequencing depth and data sparsity. For
this work, exploratory analysis on processed sequencing data
was conducted on an OTU table that was transformed using the
Aitchison distance metric and a robust centered log ratio
transform (rCLR) using the DEICODE implementation within
PipeCra.51 An rCLR transformation with the Aitchison
distance metric accounts for data compositionality, data spar-
sity, and sequencing depth.43 DEICODE output includes the
rCLR-transformed OTU table, the ordination from the robust
principal components analysis (PCA), and the distance matrix
between samples. Transformed data were analyzed and
This journal is © The Royal Society of Chemistry 2024
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visualized using R scripts (RStudio version 4.2.0 “Vigorous
Calisthenics” release for Windows).

To test relationships between site characteristic variables
and the beta diversity distance matrix, permutational multi-
variate analysis of variance (PERMANOVA) was used. PERMA-
NOVA is a non-parametric method of hypothesis testing for
multivariate variation that can be applied to distance matrices
such as the rCLR-transformed counts table with the Aitchison
distance.52 The PERMANOVA test assumes sample “exchange-
ability” (data can be rearranged without changing the overall
distribution), and random permutations of the data are
compared to determine if the centroid of the random permu-
tations are equivalent. The null hypothesis of the test states that
there are no differences in the positioning of the centroids when
comparing the random permutations of the data to the distance
matrix.46 PERMANOVA is considered a powerful statistical tool
for microbiome and ecology data, as data do not need to be
normally distributed. However, PERMANOVA can be affected by
uneven/unbalanced sampling for groups (which applied for
many of our site characteristics). To account for this, we con-
ducted tests for homogeneity of multivariate dispersions
(PERMDISP).52 Soil characteristics, planting variables, and
physical location were analyzed using PERMANOVA (adonis2
function in the R ‘vegan’ package).53 Soil characteristics
(continuous variables) and planting/site categorical variables
were analyzed in separate PERMANOVA analyses.
2.5 Fungal functional gene analysis

To investigate fungal functional characteristics relevant to
biotransformation, we performed quantitative polymerase
chain reaction (qPCR) with select functional genes (primers
summarized in Table S.3†). Two laccase gene targets (Cu1,
basidiomycete laccase;54 Cu1A, ascomycete laccase55) and one
nitrite reductase gene (nirKf, fungal nitrite reductase56) were
selected to probe involvement in biotransformation of relevant
stormwater contaminants (trace organics and nutrients,
respectively). Primers were selected from previously published
work and are degenerate to encompass a broader diversity of
fungi for functional genes.48–50 All primers/oligos were ordered
from Integrated DNA Technologies (IDT, Coralville, IA), deliv-
ered dry, and re-suspended within one day of receipt in sterile
low-EDTA TE Buffer (10 mM Tris, 0.1 mM EDTA, pH 8.0;
Ambion-Life Technologies stocks). Aer re-suspension, primers
were stored at −20 °C per manufacturer recommendations. For
qPCR standards, synthetic gene fragments (gBlocks) were
ordered from IDT. The sequence for each standard was deter-
mined via a GenBank search, starting with accession numbers
for each functional gene found in the literature. As available,
full gene sequences were used; otherwise, partial coding
sequences were used. We used the Geneious Prime soware to
run in silico PCR on the sequences. To conrm the appropriate
amplicon, we extracted sequences based on matches with ex-
pected amplicon size from the literature and fewest number of
mismatches with the primer. When possible, we included ve
additional base pairs outside of the primer binding sites on
both ends of the sequence (see Table S.6† for the full gBlock
This journal is © The Royal Society of Chemistry 2024
sequences). The gBlocks (IDT) were delivered dry, re-suspended
in low-EDTA TE Buffer, and incubated at 50 °C for 20 minutes
prior to use per manufacturer instructions. Sub-aliquots were
created to avoid more than three freeze–thaw cycles and stored
at −20 °C. Proper amplication of gBlocks standards was
conrmed using conventional PCR (Tables S.7, S.8 and Fig. S.4–
S.6† for gel electrophoresis).

2.5.1 qPCR conditions. To quantify the fungal functional
genes for which amplication was observed for gBlocks stan-
dards, we conducted qPCR with the primer sets in Table S.3.†
Thermocycling and primer optimization were deemed neces-
sary, as gBlocks failed to produce amplicons under the manu-
facturer recommendations for the qPCR master mix and
instrument. The nal qPCR reaction conditions are summa-
rized in Table S.9.† The thermal cycling program was adapted
from the conventional PCR step for each gene target (see Fig. S.7
and S.8†), with an addedmelt curve from 95 °C to 60 °C to check
for primer-dimers and non-specic amplication. Reactions
were prepared for 96-well plates, with extracted DNA samples in
triplicate, no-template controls in duplicate, and a ve-point
standard curve in duplicate ranging from 3 × 102 to 3 × 108

gene copies. The standards were prepared by 1 : 10 serial dilu-
tions with 10× diluted EB Buffer (QIAGEN). Samples were run at
the University of Iowa Institute of Human Genetics on
a QuantStudio 7 Flex Real-Time PCR System (Applied Bio-
systems). Template DNA concentrations were measured prior to
plate setup using a Qubit uorometer and ranged from 4 to 23
ng mL−1. When not run immediately, the plates were stored at
4 °C in the dark for no greater than 24 hours. All qPCR quality
control information (melt curves, standard curves, and no-
template control information) can be found in Fig. S.9–S.14
and Table S.10.†

2.5.2 Statistical analysis for functional gene abundance.
Raw data processing, including the calculation of standard
curves and melt curve visualization, was conducted in Design &
Analysis Soware (version 2.6.0, Thermo Fisher Scientic). All
statistical analyses and graphing for functional gene data were
conducted in GraphPad Prism 9.0.0. The relationship between
functional gene abundance and site characteristics such as soil
properties was examined via a Pearson's correlation matrix and
unpaired two-tailed t tests (a = 0.05). A Spearman's correlation
matrix was calculated for categorical variables such as rooting
depth by coding each category numerically.

3. Results and discussion
3.1 Fungal diversity in bioretention cells

We characterized fungal genetic diversity in 27 representative
bioretention cells in eastern Iowa in the temperate Midwestern
US. Our results indicate similar sequencing depth, or the
number of times a “read” is aligned to a reference base on the
sequencing instrument, compared to Gill et al.'s study on
microbial diversity in green stormwater infrastructure.33 For our
study, 1 593 552 reads were used in the quality ltering step,
from which 1 531 879 reads passed quality ltering. Aer
chimera ltering, there were 1 459 034 reads that corresponded
to 13 138 OTU's. We ltered out 1584 tag jumps from the reads.
Environ. Sci.: Processes Impacts, 2024, 26, 1796–1810 | 1799
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In Gill et al.'s study (which included non-engineered soils from
parks and tree pits), 2 933 063 ITS reads were obtained from 102
samples that clustered into 7448 ASVs.33 We note that the
amplicon targets between this study and Gill et al. are different,
along with the bioinformatics pipeline and post-processing
analysis. Gill et al. used the ITS1-F/ITS2 primer pairs targeting
the rst internal transcribed spacer region and the DADA2
pipeline. Despite differences, given the number of samples
processed (29 including the non-template control compared to
102 from Gill et al.'s study), the similar number of nal unique
OTU's provides an initial indication of comparable sequencing
depth between studies.

Results from PERMANOVA analysis (Table 1) provide insight
into the variables that inuence differences in community
composition (beta diversity). Soil characteristics were not
signicant explanatory variables for beta diversity. Rather, a few
key planting variables explained 89% of the variability in the
distance matrix: the presence of native grasses (R2 = 0.43), the
presence of forbs (R2 = 0.12), and the type of plant determined
to be predominant in the cell (R2 = 0.24) based on sampling
eld notes and site images. Presence/absence of different plants
were coded as Boolean variables. For example, if native grasses
such as switchgrass (Panicum virgatum) were recorded as
present within the cell and conrmed in pictures, presence of
native grasses was coded as TRUE (otherwise coded as FALSE.)
Presence/absence variables do not necessarily indicate the plant
is dominant, but simply that it was growing within the cell. In
contrast, the type of plant determined to be “dominant” in a cell
was based on the abundance of the plant within a cell; for
example, if the cell consisted of mostly Black-eyed Susan
(Rudbeckia fulgida) and other forbs, the dominant planting type
was classied as “forb”. Some cells had multiple planting types
that could be considered dominant (Fig. S.2†) and were classi-
ed as “mixed”. PERMDISP analyses of each of the statistically
signicant PERMANOVA variables indicate homogeneous
dispersions within groups for the presence of forbs variable and
the dominant planting variable, but not for the native grasses
nor legumes variables (Table S.11 and Fig. S.15–S.18† for
PERMDISP results). For the native grasses/legumes variables,
the signicant results from the PERMDISP indicate that effects
from within group dispersion (variances) could be confounding
the results from the PERMANOVA; in essence, although the
Table 1 Results from the PERMANOVA analyses. The presence of differen
for each planting type, with presence indicated in Boolean “TRUE” or
(* means p value between 0.01 and 0.05, ** means p value < 0.01). Vari

Model variables

“Soils model” soil pH, OM (%), NO3, ammonium, Zn, Mn, Cu, P

“Plantings model” rooting depth, presence of different plant types (forbs*
weeds, turf grass, trees, legumes, native grass**, decorative cultivars, wee
dominant planting*, city

“Geography model” city**, sampling location, runoff type (parking lot, ro
minor road, major road)

1800 | Environ. Sci.: Processes Impacts, 2024, 26, 1796–1810
PERMANOVA is not ‘invalid’ per se, caution must be taken when
interpreting results. The statistically signicant PERMDISP
implicates that within-group variance is also driving some of
the differences seen in beta diversity and not solely the effect
from presence of native grasses. These within-group variances
are further explored using other visualizations (Fig. S.19 and
S.20†). For the other two variables, the results of the PERMDISP
further conrm the appropriateness of the PERMANOVA test,
and within-group variances do not need to be considered when
evaluating effects on beta diversity from the variables.

In the visualization of the PCA for the distance matrix, we
colored points by the variables explaining the most variation:
type of dominant planting, presence of native grasses, and
presence of forbs (Fig. 1). Legumes, while a statistically signif-
icant variable from the PERMANOVA model, were excluded
from the PCA analysis due to the low R2 (0.04). The PCA ordi-
nation explained 79% of the variance in PC1, and 21% of the
variance in PC2. The high values of variance explained is not
uncommon for this type of ordination in microbiome data-
sets.43,51 When examining the PCA for the native grasses, we can
consider the results from both the PERMANOVA and PERM-
DISP tests (i.e., visually check for differences in within-group
variation). The cells lacking native grasses visually appear to
have heterogenous dispersion (spread unevenly within the
group); given the signicance of other planting variables, we
posit that other planting types within the cells with no native
grasses could be inuencing results, in addition to the effect of
not having native grasses. Within the six sites with no native
grasses present, there were three within the group that are turf
grass cells, two that were dominated by legumes, and one that
hadmostly weeds but legumes present. These planting types are
physiologically different, with turf grass having short rooting
depths and less transpiration than legumes. These differences
could explain the signicant result of the PERMDISP for the
presence of native grasses.

The cluster dendrogram (Fig. 2) based on the beta diversity
rCLR-transformed Aitchison distance matrix is another visual-
ization method for relatedness between sampling locations.
The two North Liberty cells appear to be distinct, exhibiting
a high branch height and clustering separately from all other
samples. These two cells were the only cells with legumes as the
dominant planting. Given the small sample size for this
t plant types in the “Plantings Model”were treated as separate variables
“FALSE”. Statistically significant variables are marked with an asterisks
ables lacking asterisks had p values > 0.05

Total R2 explained by the model p-Value

0.14 0.927

*,
ds),

0.89 0.003

of, 0.75 0.008

This journal is © The Royal Society of Chemistry 2024
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Fig. 1 Principal component analysis plots using the rCLR-transformed data from DEICODE, colored by: (A) dominant planting type, (B) presence
of native grasses, (C) presence of native forbs.
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dominant planting group, it is challenging to attribute the
difference to just one variable and should be considered as an
area for future research. In contrast to the legume-dominant
cells, the cells sampled from Cedar Rapids do not all cluster
together, despite having some similarities in plantings within
those sampling locations. Another interesting separation on the
dendrogram is the “cvcell14top” vs. “cvcell14bottom” sample.
At this cell, we sampled at two different depths in the soil cores
– one at the top 10 cm and one at the bottom 10 cm of the corer.
Though the sample size for depth is limited, this preliminary
indication of difference with depth suggests that soil depth
could be another variable of interest.

Altogether, the strong contributions from the planting cate-
gorical variables strengthens the evidence from Gill et al.33 who
reported that differences in micro-environment drove
This journal is © The Royal Society of Chemistry 2024
community differences. In a separate study on inuence of plant
transpiration rates on fungal/bacterial diversity in bioswales,
Brodsky et al.34 found that plants with higher transpiration rates
were associated with higher fungal and bacterial diversity.
Though planting categorical variables appear to explain much of
the variation in the data for our study, we cannot rule out the
possibility that further variability could be explained by site-
specic characteristics not considered here, such as redox
conditions, presence of a saturated zone, size of the cell/runoff
volume, specic pollutant loading, cell age, cell maintenance
strategies/frequency, etc. We also note that certain fungi are
likely excluded from this study based on the sampling design.
Examples of excluded fungi are endomycorrhizal fungi and plant
pathogens that would inhabit within the vegetation of the bio-
retention cells, because only soil samples were analyzed.
Environ. Sci.: Processes Impacts, 2024, 26, 1796–1810 | 1801
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Fig. 2 Dendrogram showing beta diversity differences based on the rCLR-transformed data with Aitchison distances. Labels are each sampling
site, with the first two letter abbreviations standing for city names (‘nl’ = North Liberty, ‘cv’ = Coralville, ‘cr’ = Cedar Rapids, ‘ic’ = Iowa City). The
height and branching of the dendrogram indicate differences, where samples clustered on the same branch at “shorter” heights are more similar,
and samples that have “high” branch heights are less similar.
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Additionally, fungal community variation with depth was not
studied, as soil samples were collected near the subsurface of the
cell, excepting cell 14. This limitation could exclude fungi that
can survive under low oxygen conditions. Thus, while subsurface
soil diversity was studied, more studies may be needed to further
understand fungal diversity in bioretention cells.
Fig. 3 Relative abundance of fungal phyla for bioretention cells, groupe
category is as follows: forb (n = 2), legume (n = 2), mixed (n = 4), native

1802 | Environ. Sci.: Processes Impacts, 2024, 26, 1796–1810
Plots of mean relative abundance data (Fig. 3, S.19 and 20†)
provide another way to compare the fungal communities
between our study and Gill et al.'s and insight into taxonomic
information. One key difference is the abundance of Ascomycota
(a diverse phylum with the largest number of fungal species); in
Gill et al.'s study, Ascomycota represent over 50% of the fungal
d by the dominant planting type in each cell. Number of cells for each
grass (n = 13), tree/shrub (n = 2), turf (n = 3), weed (n = 2).

This journal is © The Royal Society of Chemistry 2024
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sequences in all sample types.33 A different study on micro-
biomes of urban greenspaces (non-engineered soils) had 40–
50% abundance for Ascomycota.57 Surprisingly, Ascomycota
abundance did not fall within the 40–50% range for all samples.
Only forb- and turf-dominant cells exhibit close to 50% abun-
dance of Ascomycota, with abundance at or below 30% in
legume-, trees/shrubs-, and weed-dominant cells. Another
unexpected result is the high percentage of Basidiomycota
relative to Ascomycota within our samples, especially in the
weed-dominant cells. Basidiomycota include a multitude of
fungal taxa that fall on the “white/brown rot continuum”.58

These fungal taxa could aid in contaminant removal within
bioretention cells, as demonstrated in our previous work.59

The distribution of other phyla is also notable. Interest-
ingly, the early-diverging phylum, Aphelidiomycota, was detec-
ted with a relative abundance around 2% in forb-, legume-, and
native grass-dominant samples. Aphelidiomycota, once
considered protists and/or a sister group to fungi, parasitize
algae and diatoms and may have a role in leaf litter decom-
position.60,61 The majority of fungi with an arbuscular mycor-
rhizal lifestyle are found in the Glomeromycota phylum. Within
our samples, Glomeromycota were scarce in most samples,
except in cells with trees/shrubs (5% abundance), and were
only detected at or above 1% in samples with dominant
plantings of trees/shrubs, turf, and weeds. Surprisingly, the
two cells with dominant legumes (the North Liberty cells that
also grouped separately in the dendrogram) had negligible
Glomeromycota relative abundance, despite evidence that
legumes host higher arbuscular mycorrhizal diversity relative
to some native grass species.62 Indeed, the opposite was true
within our results. Thus, there is a possible need for mycor-
rhizal inoculation within bioretention cells to enhance bene-
ts from mycorrhizal fungi, as well as a need to further
investigate the presence of mycorrhizal fungi in legume-
dominant bioretention cells.
Fig. 4 (A) Aggregated quantified functional gene copies per gram dry s
composite sample from the bottom 10 cm of the core). Each dot repre
collected from each site. The black bars represent themedian value for ea
from the others (p < 0.0001; Cu1A > Cu1 > nirKf). (B) Functional gene cop
standard error. The functional gene quantities were not different betwee
information on the sites and planting type designations is in the ESI.†

This journal is © The Royal Society of Chemistry 2024
3.2 Functional gene quantication

All target functional genes were successfully amplied in DNA
extracted from each soil sample (Fig. 4 and Table S12;† results for
each sampling location presented in Fig. S.21–S.23†). We note
that the use of degenerate primers required non-standard ther-
mocycling conditions, which could be further optimized to
increase amplication efficiency (quality control information
described in Methods and ESI†). Gene copies normalized by
gram of soil varied by orders of magnitude relative to each
functional gene (Fig. 4(A); each signicantly different p < 0.0001),
with nirKf (fungal nitrite reductase) having the least overall
abundance (mean copies per g dry soil: 7.4 × 105, range: 8.7 ×

104–1.6 × 106) and Cu1A laccase having the highest abundance
(mean copies per g dry soil: 4.0× 108, range: 3.2× 107–1.1× 109;
Fig. 4 and Table S.12†). In contrast to our results above wherein
planting explained signicant variability in the community
diversity, we observed no signicant differences in the functional
genes between planting types (p > 0.8; Fig. 4(B)). Studies
measuring fungal nirKf abundance report 107–109 copies g−1 for
a variety of arable soils with histories of fertilizer application.63,64

The lack of heavy fertilization and the difference between engi-
neered and arable soil properties could explain the lower abun-
dance of nirKf. Nonetheless, these results warrant further
investigation into the role of fungi in denitrication within bio-
retention cells, particularly because nirKf is involved in nitrous
oxide emissions. We also note that existing nirKf primers do not
amplify the full diversity of fungal nirK genes.65 Thus, our results
could be missing other fungal nitrite reductase gene abun-
dances. Nonetheless, the successful measurement of fungal
nitrite reductase and laccases functional gene abundance in
bioretention cell soils indicates the presence of fungi relevant to
biotransformation of stormwater contaminants.

Soil characteristics correlated with functional gene abun-
dance in surprising ways (Fig. 5). Despite the involvement of
fungal nirK in the nitrogen cycle, neither soil nitrate nor soil
ammonium was signicantly or strongly correlated with nirKf
oil quantified from all of the bioretention sites (n = 28, including the
sents the mean of triplicate extractions from composited soil samples
ch functional gene for all sites. Each gene set was significantly different
ies separated by dominant planting type. Plot bars represent mean with
n dominant plant type (p > 0.8) for a given functional gene. Additional
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gene abundance. Somewhat similarly, none of the functional
gene abundances were correlated with soil copper content,
despite both laccase and nirKf being copper-containing
enzymes. All functional genes were signicantly positively
correlated (p < 0.05) with soil pH and percent organic matter.
Additionally, we found that percent organic matter (OM) and
pH result in statistically signicant differences in gene abun-
dance for each functional gene (Fig. S.24;† note that OM/pH
graphs would be equivalent and only one is depicted, as the
samples group in the same manner for both variables). When
we compared functional gene abundance for samples with
percent OM less than the median to samples with percent OM
greater than the median, we found statistically signicant
differences between the means, as indicated by the 95% con-
dence intervals excluding zero for all functional genes. We posit
that the correlation between functional genes and percent
organic matter as well as the differences in gene abundances
with percent OM are likely because higher organic matter could
result in a higher overall fungal richness.66 Indeed, based on the
correlation matrix, it appears that percent OM and pH are
driving soil characteristics for fungal species carrying these
functional genes. These ndings in stormwater bioretention
cells are consistent with related literature from the elds of
mycology/soil science. For example, soil fungal communities in
the natural environment are known to vary with depth and
organic matter content,67,68 with greater richness and diversity
in the organic horizon69 that decreases with depth.70,71 Addi-
tionally, soil pH has been shown to affect fungal abundance and
composition, e.g., resulting in changes in nutrient cycling
through stimulated heterotrophic nitrication.72 Nevertheless,
we caveat the interpretation of pH with the results in that pH
values were generally circumneutral (mean of 7.4 ± 0.06); thus
large deviations in soil pH are not expected, whereas percent
Fig. 5 Pearson's correlation matrix for soil physicochemical charac-
teristics and functional gene abundance. Median functional gene
abundances were calculated for each site and used in the analysis.
Numerical values are correlation coefficients for statistically significant
values (rho < 0.05).

1804 | Environ. Sci.: Processes Impacts, 2024, 26, 1796–1810
organic matter can vary depending on the proportion of
compost added to the geomedia. In the context of Spearman's
correlations between functional gene abundance and site
characteristic categorical variables were generally not statisti-
cally signicant (Fig. S.25†); Cu1 was weakly negatively corre-
lated with the presence of forbs (p = 0.044, rho = −0.383) and
nirKf was weakly positively correlated with smaller-scale local
geography (p = 0.042, rho = 0.388). Local geography was cate-
gorized based on within-city areas (e.g., “Iowa River Landing”)
whereas geography was categorized based on city. It is possible
that the fungi represented by the selected functional genes are
widespread within bioretention cells, which could explain the
weak correlation with planting variables and signicant corre-
lation with soil organic matter and pH.

Our work demonstrated the utility of measuring fungal
functional genes in bioretention cells. Pairing functional gene
abundance measurements with fungal sequencing allows for
a quantitative metric of key processes along with knowledge of
the fungal community. One challenge of using DNA extracts
from soil is that there is a possibility for detection of “relic”
DNA, or DNA from organisms no longer alive.73 This could be
potentially problematic if a study's goal is to capture a fully
representative picture of bioretention function. An alternative
could be RNA extraction, although this process has substantial
methodological challenges. Nonetheless, qPCR is a useful
method to understand how bioretention design parameters
(e.g., amount of compost addition) enhances or reduces desir-
able biotic functions such as contaminant transformation.
Future studies could investigate impacts from bioretention
saturated zones, further optimize qPCR primer specicity, and
target a wider range of fungal functional genes. Altogether, our
study increases understanding of factors inuencing fungal
diversity and functional gene abundance in bioretention cells
and revealed fruitful areas of further research.

In a broader context, there is only limited existing work
investigating the role of microbial (and even less on fungal)
diversity or functional genes and their role in green stormwater
infrastructure (GSI). Several papers studying GSI practices in
New York City have characterized microbial community diver-
sity in vegetated swales, right-of-way bioswales, tree pits, and
other practices. In one investigation,37 bacterial communities in
engineered soils were compositionally distinct from non-
engineered soils/not-engineered site. Specically, bioswales
exhibited distinct, phylogenetically diverse communities,
including taxa associated with nutrient cycling and contami-
nants biodegradation. Bioswale soils also had a signicantly
greater diversity of genes involved in several functional path-
ways, including carbon and nitrogen cycling, as well as for
degradation of a diverse suite of contaminants (e.g., noxZ and
amoA for N cycling; bphA and monooxygenases for contaminant
biodegradation). GSI design had signicant impacts on
measured microbial variables.74 Nevertheless, a subsequent
NYC study indicated bacterial communities in GSI had levels of
diversity similar to nonurban soils.75 A study of microbial
(bacteria, archaea) and fungal diversity of urban greenspaces in
France76 reported fungal richness increased in urban agricul-
ture soils while bacterial richness was lower in public leisure
This journal is © The Royal Society of Chemistry 2024
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areas. Similar to our ndings, trace metals nor PAH contents in
their study explained variations in microbial communities;
organic carbon and C/N best predicted overall biomass. A study
in the southwest US studying divergence of microbial commu-
nities in GSI soils concluded that diversifying vegetation can
lead to positive feedback cycles between plants and microbes.77

These positive feedback cycles can result in more resilient
systems and higher carbon storage, strengthening evidence for
the importance of vegetation–microbe relationships in GSI.
Indeed, a recent study on greenroofs78 in the Midwestern US
reported greenroof fungal community composition was distinct
between their nearby ground areas and between cities, posi-
tively correlated with plant cover. The overall paucity of work
characterizing fungal (and even bacterial) communities in GSI
practices represents a critical need—especially in the context of
potential to bioremediation captured stormwater
contaminants37–39,59—and warrants further investigation.

4. Conclusions

This work is the rst to measure fungal diversity of bio-
retention cells in the Midwest US and to use qPCR to quantify
fungal functional gene abundances in bioretention soils. Our
results further emphasize the importance of plant selection in
bioretention cells, as well as reveal soil characteristics that
drive differences in fungal functional gene abundance. Plant
selection already has a myriad of effects on bioretention cell
function, including affecting inltration rates of stormwater,
contaminant removal by plants, bacterial functional genes for
contaminant degradation, and longevity of the cell (i.e., pre-
venting or causing clogging).79 This study observed differences
in fungal communities and was able to attribute some of the
differences to plantings. We hypothesize that plant selection
and dominance could also impact fungal diversity in bio-
retention cells; thus, consideration of plants in bioretention
cell design to improve biodegradation potential is warranted
for further investigation. One example of benets that may
overlap between specic plant selection and fungal diversity is
demonstrated by native grasses. Native grasses have extensive
rooting systems that allow for increased evapotranspiration,79

and from our results, the presence of native grasses increased
the relative abundance of Basidiomycota, the phylum with
numerous brown/white rot fungi. Glomeromycota, the phylum
comprising most arbuscular mycorrhizal fungi, were not found
to be highly relatively abundant in our samples, even in the two
cells dominated by legumes, implicating a possible need for
fungal inoculation or bioaugmentation. Overall, our study
strengthens evidence for connections between plants and
fungal diversity in bioretention. There is a broader need to
understand the intricacies of interactions between plants,
fungi, and bacteria within bioretention cells, including
potential for antagonistic or positive interactions between
organisms.

Our work also demonstrates potential for in situ fungal
biotransformation within GSI practices. We noted the unex-
pectedly high representation of Basidiomycota within our
samples, a fungal taxa that fall on the “white/brown rot
This journal is © The Royal Society of Chemistry 2024
continuum”.58 These fungal taxa could aid in contaminant
removal within bioretention cells, as demonstrated in our
previous work59 that white-rot fungi biodegrade toxic tire-wear
compounds. White-rot fungi are able to biodegrade a wide
suite of other recalcitrant organic contaminants that may be
present in stormwater (e.g., some pesticides80–82) and may
otherwise accumulate in bioretention cells. Indeed, a recent
study revealed that more recalcitrant, higher molecular weight
PAHs were accumulating at the mid-depth below the surface
of a bioretention cell where biodegradation may be limited,
despite presence of PAH-ring cleaving dioxygenase bacterial
genes at the surface.15 This suggests potential utility for in situ
fungal bioremediation in GSI, and indicates value in investi-
gating fungal bioaugmentation/inoculation opportunities of
native/benecial bioremediating fungi.83 Another area for
further exploration would be the impact of bioretention geo-
media amendments to fungal diversity in bioretention cells,
as the addition of biochar can impact beta diversity of fungi
due to alterations in soil characteristics.84 With growing
interest in synergizing coupled contaminant sorption to geo-
media with subsequent biological degradation in stormwater
systems,21,83 probing the relationships between fungi and
bioretention geomedia will be critical. Our novel reporting of
fungal denitrication genes in bioretention systems also
points towards a possible role of fungi for enhanced nutrient
cycling in GSI; there is growing interest in using passive
treatment systems for non-point nitrogen pollution
control85–88 (e.g., bioretention, woodchip bioreactors). Overall,
our work points to great value in further understanding the
fungal communities of GSI and potential for improved
contaminant degradation.
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