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G-protein-coupled receptors are membrane-bound proteins that control physiological and psychological

activities such as hormonal regulation, sensory signaling and neurotransmission in the human body. The

photoisomerization capability of azobenzenes has enabled the development of a new generation of

photoswitchable drugs that offer greater efficacy while reducing the side effects typical of conventional

treatments. Serotonin binding to the serotonin receptor can be controlled by conjugating it with cis and

trans photoswitchable isomers of azobenzene at the hydroxyl position. We have used a combination of

molecular dynamics (MD) simulation and free-energy methods for receptor binding to trans-

azobenzene-fused-serotonin (TAS) and cis-azobenzene-fused serotonin (CAS) ligand systems. The CAS

ligand experienced greater conformational fluctuations in comparison to the TAS ligand. Binding free-

energy values showed significant differences between the CAS–receptor and TAS–receptor complexes,

indicating that the TAS ligand binds actively to the serotonin receptor as compared to the CAS ligand. It

also revealed that the presence of a lipid membrane has a strong influence on the stability and dynamics

of the receptor–ligand complex and, thus, on the differential binding free-energy values. The change in

binding free energy between the CAS–receptor and TAS–receptor complexes is found to be entropically

driven. A qualitative and quantitative analysis of the stacking interactions between aromatic residues of

interest and each ligand indicates that T-type stacking interactions predominate and particularly Trp327

and Phe330 residues contribute notably to the stability of the TAS–receptor complex. The study

indicates that by leveraging the photoswitchable properties of azobenzenes, a photoswitchable

serotonin-based drug with tunable binding affinity can be designed, which may facilitate advanced drug

discovery and therapeutic approaches for mental health treatments.
1 Introduction

Membrane-bound proteins are an essential family of biological
macromolecules that function through interactions with other
proteins or small molecules called ligands or drugs.1–3 These
proteins interact with small molecules or each other via non-
covalent interactions to create complexes, a process known as
molecular recognition, which is fundamental to all biological
processes.4,5 Computational drug discovery6–8 is vital to under-
standing the mechanism of protein and drug functioning,
which requires a thorough understanding of the interactions
associated with proteins and drugs. Hence, it is crucial to
methodically decipher the atomistic and electronic levels of
non-covalent protein–drug interactions, which can only be
accomplished via computational research.9

G-protein-coupled receptors (GPCRs)10–12 are the most
prominent membrane-bound family of proteins and are
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responsible for controlling various psychological and physio-
logical activities, such as neurotransmission, hormonal regu-
lation, and sensory signaling, because they possess a signal
transduction mechanism that transforms extracellular signals
into intracellular responses.13–16 GPCRs are also marked by their
participation in endocrine,17 alzheimer's,18 and cancer-like
diseases.19 Serotonin, or 5-hydroxytryptamine (5-HT), is
a chemical compound exclusively produced in the human body
for several psychological and physiological functions.15,20 It is
regulated at the functional level when it interacts with serotonin
receptors, also called 5-HT receptors,21,22 which are a subtype of
GPCRs. 5-HT receptors can modulate serotonin secretion based
on their location in the neuronal network: when located
presynaptically, they can inhibit serotonin release, while post-
synaptically, they can enhance serotonin signaling.23 Proteins of
the 5-HT receptor family are classied into seven subtypes, 5-
HT1–7,24 according to their signaling pathways. Among these
subfamilies, all except 5-HT3 are guanine nucleotide-binding
proteins.20,25 This study is focused on the GPCR called 5-HT1B.
The 5-HT1B receptor consists of seven alpha helices named TM1
to TM7 (where TM represents transmembrane), which are
embedded in the lipid bilayer.26 Serotonin binds to the 5-HT1B
RSC Adv., 2025, 15, 21077–21088 | 21077
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Fig. 1 Chemical structures of trans-azo-serotonin (TAS) and cis-azo-
serotonin (CAS) and their switching.
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receptor and initiates a series of functions, including receptor
activation, G-protein signaling, and downstream effects that
inuence neural excitability and neurotransmitter release.27

Computational studies previously conducted in our research
group focused on serotonin–receptor interactions, binding,
stability, and signal transduction, providing a foundation for
further research.20,28 Understanding the binding and unbinding
mechanisms of serotonin with 5-HT1B and their control is
important for further developing antidepressant therapeutic
strategies with different drugs for disorders associated with
serotonin dysregulation, such as depression and anxiety.

There are several known classes of drugs designed to interact
with biological macromolecule targets. One of the ways to
control the binding and unbinding of these drugs is viamaking
them photoswitchable by attaching a photoswitchable molecule
to them.7 These photoswitchable drugs possess the ability to
reversibly photoisomerize between two conformations, i.e.,
a trans isomer (E form) and a cis isomer (Z form).29,30 The
exposure to light with varied wavelengths triggers photo-
switching activity, resulting in changes in drug polarity and
stability and the affinity of the molecule to the target biomole-
cules.31 Among various known photoswitchable molecules,
azobenzene-based molecules are one of the best-characterized
photoswitches in terms of photochemistry because they have
large spectra of possibilities for modication of the core struc-
ture of the compound and capability of isomerization in con-
strained environments.32–34 The dynamic properties of
azobenzenes makes it possible to create a new generation of
photoswitchable drugs that offer greater efficacy and reduced
side effects. In this study, azobenzene is covalently attached to
the serotonin molecule, resulting in the formation of two
ligands, the E-isomer and Z-isomer, namely trans-azobenzene-
fused-serotonin (TAS) and cis-azobenzene-fused-serotonin
(CAS), respectively.15,35 By utilizing light of varied wavelengths,
it is possible to manipulate binding affinities and minimize the
side effects associated with the drugs.36 Similar azobenzene-
based drugs for receptor proteins are already reported in
previous literature by Matera et al.,37 López-Cano et al.,38 and
Noev et al.39 Selective photoswitchable azobenzene-based allo-
steric agonists specically for G protein-coupled receptors have
also been studied and Donthamsetti et al.40 and by Sabmann-
shausen et al.7 These are studies for the potential biological or
pathological signicance of azobenzene-based drugs in general.
Experimental studies conducted by Bahamonde et al.41 state
that azobenzene moieties can be integrated into GPCR ligands,
allowing their activity to be modulated by light that inuences
downstream signaling pathways. Photoswitchable drugs also
help increase the receptor's selectivity and affinity towards
drug–receptor binding, which plays a signicant role in sero-
tonin receptor signaling.40 The primary objective of conjugating
serotonin with azobenzene is to enhance targeted drug delivery
and provide an innovative therapeutic strategy for individuals
suffering from serotonin-related disorders. Therefore, delin-
eating how two isomers of azobenzene affect serotonin binding
to the 5-HT1B receptor can help advance knowledge about the
control of serotonin signaling. This approach will also advance
the understanding of how the 5-HT1B receptor incorporates,
21078 | RSC Adv., 2025, 15, 21077–21088
adjusts and accommodates such a photoswitchable drug by
exposing its more dynamic nature.

This study primarily focuses on the binding of azobenzene-
based photoswitchable serotonin derivatives to the 5-HT1B
receptor. The main motive here is to understand the non-
covalent interactions responsible for the ligand binding to the
5-HT1B receptor and to estimate the difference in the binding
affinity of two photoisomers to the receptor, which helps to
assess the photocontrol of the ligand–receptor binding.
However, since the 5-HT1B receptor is a membrane-bound
protein, exploring the impact of a lipid membrane on these
protein–ligand systems is also crucial to gain a more profound
understanding of what changes in the functional dynamics and
ligand interactions it can bring within these protein–ligand
systems.
2 Computational details
2.1 Preparation of ligands

The azobenzene molecule undergoes a reversible photo-
isomerization process, in which a trans-to-cis isomerization
occurs upon excitation with UV light of wavelength 365 nm and
a cis-to-trans isomerization occurs with exposure to visible light
of wavelength 420 nm.29 To prepare the azobenzene-fused-
serotonin photoswitchable ligand, the 5-hydroxyl group of the
6-membered aromatic ring was removed from the serotonin
molecule, and N]N along with an aromatic ring was covalently
attached at that position. The main reason behind replacing the
hydroxyl group was to add the function of photoswitching of
azobenzene (as shown in Fig. 1). Both isomers of the
azobenzene-fused-serotonin drug were prepared and the energy
was minimized based on universal force elds using the Avo-
gadro molecular editor and visualizer soware. Finally, the
geometry of both TAS and CAS ligands was optimized separately
at the B3LYP/6-31G(d,p) level of theory using Gaussian so-
ware.42 TDDFT calculations at the B3LYP/6-311+G(d,p) level of
theory conrm that the TAS and CAS also absorb in the UV and
visible regions, respectively.
2.2 Simulation setup

The initial 5-HT1B receptor structure was taken from the cryo-
EM structure of the heterotrimeric Go protein coupled to the
© 2025 The Author(s). Published by the Royal Society of Chemistry
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5-HT1B receptor (chain S), PDB ID: 6G79.43 To prepare the apo-
receptor, the heterotrimeric Go protein was removed along
with all subunits and heteroatoms. The gas-phase optimized
structures of the TAS and CAS ligands were docked to the 5-
HT1B apo-receptor using Autodock4.2.6 soware.44 The most
stable protein–ligand binding free energy was∼−8.4 kcal mol−1

for CAS and ∼−10 kcal mol−1 for TAS. The most stable and
reasonable structures of the ligand-bound 5-HT1B receptor were
taken as the initial structures of the ligand–receptor complexes.
For the sake of simplicity, the CAS ligand docked to the receptor
has been named a ‘CAS–receptor complex’, and the TAS ligand
docked to the receptor a ‘TAS–receptor complex’. For molecular
dynamics (MD) simulations, four different systems were
prepared as described below:

(i) The systems set up for MD simulations were created using
the CHARMM-GUI solution builder.45 The initial docked struc-
tures of both the ligand–receptor complexes were separately
solvated in rectangular water boxes of volume 85 Å × 85 Å × 85
Å. Then, both systems were separately neutralized by Na+ and
Cl− ions.46 These two systems are labelled as ‘without POPC
membrane’ in the following (Fig. 2(A)).

(ii) A 1-palmitoyl-2-oleoyl-sn-glycero-3-phosphocholine
(POPC)47,48 lipid-membrane model based on CHARMM36m
force elds was constructed around the 5-HT1B receptor for each
initial docked structure of the CAS–receptor and TAS–receptor
complexes. The initial input les for MD simulations were
prepared using the CHARMM-GUI membrane builder,45,49,50

ensuring the proper orientation of receptor structures within
the lipid membrane. These complexes were then separately
solvated in water boxes of volume 85 Å × 85 Å × 110 Å. These
two systems are labelled as ‘with POPC membrane’ in the
further sections (Fig. 2(B)).

(iii) Then, all four systems were energy-minimized using the
steepest-descent method for 5000 steps. The systems were then
gradually heated from 0 K to 300 K, and the periodic boundary
conditions of all systems were equilibrated for 5 ns. Finally, 500
ns simulations were performed for all four systems using the
GROMACS molecular dynamics simulation package51 in NPT
ensembles with a pressure of 1 atm, controlled using the Par-
rinello–Rahman barostat.52 The CHARMM36m force eld
implemented in GROMACS was used for the POPC lipid
Fig. 2 The initial structures of the 5-HT1B receptor (blue) docked to
the photoswitchable azo-sero ligand (orange), without (A) and with (B)
the POPC membrane.

© 2025 The Author(s). Published by the Royal Society of Chemistry
membrane and receptor.53 The force elds for the ligands were
obtained from CGENFF, which is included in the local
CHARMM force eld database of GROMACS.
3 Analysis methods
3.1 Binding free-energy estimation and interaction-entropy
calculations

The molecular mechanics/generalized born surface area (MM/
GBSA)8,54 method, using a single molecular dynamic trajectory,
was employed to calculate the binding free energy (DGMM/GBSA)
using gmx_MMPBSA soware.55 It is a tool based on AMBER's
mmpbsa.py script56 that aims to perform end-state free-energy
calculations57 with GROMACS output les. The ff14SB58 force
eld was used for all complexes to obtain the molecular
mechanical energy. Here, for all systems, 1000 frames from 500
ns trajectories were extracted within equal intervals to perform
calculations as follows:

DGMM/GBSA = DH − TDS z (DEMM + DGSolv) − TDS.

Here, DEMM represents the change in the bonded (DEbond,
DEangle, and DEdihedral) and non-bonded (DEvdW, DEele) interac-
tion energies, where vdW stands for van der Waals interaction
contributions and ele stands for electrostatic energy contribu-
tions. DGSolv is the change in solvation free energy and is
calculated as the sum of the polar solvation energy contribu-
tion, calculated using the implicit generalized Born (igb) model
(igb = 2),59 and the non-polar solvation energy contribution,
evaluated by calculating the solvent accessible surface area
(DSASA) using the linear combination of pairwise overlaps
method with a probe radius of 1.4 Å.60

The entropic contribution (−TDS) to the binding free ener-
gies is calculated using the interaction entropy (sIE) method,61,62

as implemented in gmx_MMPBSA, dened as follows:

−TDS = kT lnhexp(bDEint
pl )i.

Here, DEintpl = Eintpl − hEintpl i is the uctuation of the protein–
ligand interaction energy (including electrostatic and van der
Waals interactions) around the average energy; k and b are
Boltzmann constant and 1/kT, respectively. The sIE is calculated
through the analysis of the dynamics of the protein–ligand
complex, specically focusing on the rotational, vibrational,
and translational degrees of freedom. The tighter the interac-
tion between the protein and the ligand, the less entropic loss in
the binding free energy, and vice versa. Here, it is to be noted
that all units in this article for the energy terms are reported
in kcal mol−1 at an absolute temperature of 300 K.
3.2 Structural and conformational changes of the ligands
and receptor binding pocket

The conformational and positional changes in the ligands,
along with the pocket volume and shape of receptors, play a key
role in the molecular recognition process. Several theories, such
as the induced-t and lock-and-key models, explain the
molecular recognition or protein–ligand interaction processes.
RSC Adv., 2025, 15, 21077–21088 | 21079
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Fig. 3 Graphical representation of the order parameters Rcom and g

for (A) off-set parallel (or anti-parallel) stacking and (B) T-type stacking
interactions. A similar approach was used in a previous study from our
group.20
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The structural complementarity between protein and ligand
plays an important role because the ligand will not bind actively
to the binding pocket of the protein if the ligand cannot phys-
ically t into it. Therefore, a quantitative assessment of the
conformational and positional changes of the ligand and
receptor, along with the calculation of binding pocket volume,
is essential to understand the molecular recognition process
systematically and quantitatively.

3.2.1 Clustering analysis of ligands. To understand how
actively or inactively the ligands bind to the serotonin receptor,
we performed a conformational change analysis on each of the
obtained MD trajectories using the clustering analysis tool
implemented in VMD.63 The structure and trajectory les were
loaded into VMD to visualize the molecular conformations over
time (ns). All ligand conformations were clustered into three
clusters based on root mean square deviation (RMSD) with
a cut-off of 1.5 Å for heavy atoms (excluding the hydrogens) of
each ligand. The generated clusters facilitated the identication
of the highest populated structure during the simulation. This
evaluation provided important insights into the dynamics and
conformational changes of the ligands during the simulation
time.

3.2.2 Quantifying volumetric changes in the receptor
binding pocket. GPCRs consist of two binding sites: the G-
protein binding site and the ligand binding site.64 We were
mainly interested in the inuence of photoswitchable
azobenzene-fused-serotonin drugs on the ligand binding site.
We used POcket Volume MEasurer (POVME)65 for the calcula-
tions of binding pocket volumes to study receptor dynamics in
all MD systems. POVME works by scanning an aligned MD
simulation trajectory and extracts protein pockets that are
particularly amenable to ligand binding. Then, it lls the
pocket-encompassing region with equidistant points, excluding
those points that are near the van der Waals surface of receptor
atoms with a default cut-off of 1.09 Å, and calculates the volume
of the remaining points. This methodology helps to understand
how the drugs affect the size and shape of the binding pockets
of proteins.
3.3 Order parameters for qualitative description of stacking

Among non-covalent interactions, stacking interactions are
among the primary interactions that biological systems with
aromatic rings oen encounter. These interactions play
a crucial role in the stability and binding affinity of various
protein–ligand complexes. Offset parallel (or antiparallel)
stacking and T-type stacking are the two main kinds of stacking
interactions found in macromolecular biological systems. Rcom

and g were dened to obtain a qualitative understanding of
stacking interactions and determine the type and nature of
stacking interactions between each of the primary aromatic
residues and the ligand at the binding site.20,66 Rcom is the
center-of-mass distance between the aromatic residue of
interest and the ligand, while g is the angle between the surface
normals of the aromatic residue of interest and the ligand,
which provides information on the orientation of the interact-
ing residues (Fig. 3). For the g angle, the coordinates of only
21080 | RSC Adv., 2025, 15, 21077–21088
three heavy atoms that form a triangle over the entire ring are
considered when calculating the surface plane of the ring from
which the surface normal is projecting out. In contrast, the
coordinates of all the heavy carbon atoms in each aromatic ring
are considered when calculating Rcom.
3.4 Quantitative estimation of per-residue non-bonded
interaction energy

This study employed GROMACS2024 to estimate the molecular
mechanical non-bonded interaction energy (based on
CHARMM36m force elds) involving the ligands and residues
of interest. The calculations were carried out using GROMACS's
capability to break down short-range non-bonded energies
between any two specied energy groups. It is important to note
that these interaction energies differ from the free energy of
binding. These energies represent the non-bonded enthalpic
contributions from each residue of interest. CHARMM36m
force elds have been parameterized to broadly capture
molecular interactions, including those with solvent water, to
give accurate interaction strength representation53 and there-
fore are a good choice for the calculation of MM interaction
energies. By quantifying the MM non-bonded interaction
energies, we can obtain insights into the contributions from
each important aromatic residue of interest in the ligand
binding process.
3.5 Dynamic cross-correlation analysis

To understand the correlation between different parts of the
proteins and the degree of conformational uctuation due to
change of ligand, dynamic cross-correlation (DCC) map analysis
has been performed. The DCC matrix is calculated using the
following equation:

Cij ¼ DCCði; jÞ ¼
�
DriðtÞDrjðtÞ

�
tffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiD

kDrik2
E
t

r ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiD
kDrjk2

E
t

r (1)

where ri and rj are the position (in polar coordinate) of the i-th
and j-th Ca atoms of the receptor, respectively.
© 2025 The Author(s). Published by the Royal Society of Chemistry
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The difference dynamic cross-correlation (DDCC) was
introduced and used as the difference in the DCC of the
complex and apo-receptor in our previous studies to understand
the effect of ligand binding.20,28

DDCC(i,j) = DCC(i,j)complex − DCC(i,j)apo-receptor (2)

In this work, the DDCC has been used to obtain the difference
in correlation between the apo-receptor and complex as well as
between the two different complexes (CAS-bound and TAS-
bound), e.g.:

DDCC(i,j) = DCC(i,j)CAS–receptor − DCC(i,j)TAS–receptor (3)
4 Results and discussion
4.1 Stability of the simulated systems

MD simulations were performed on the prepared input systems
for 500 nanoseconds (ns). With superimposition of the C-alpha
atoms, root-mean-square deviations (RMSDs) were calculated
for the C-alpha carbon atoms (in each transmembrane helix) of
receptors in both the ‘with and without the POPC membrane’
systems to monitor their stability over the simulation time.67

As evident from the RMSD plots of the receptors, the TAS–
receptor complexes (black) and the CAS–receptor complexes
(red) exhibited conformational uctuations (Fig. 4). These
conformational uctuations indicate that the initial docked
conformations of all complexes were well-adjusted by MD
samplings during the simulations. The relatively large
Fig. 4 Root mean square deviations (RMSDs) of ligands and C-alpha
carbon atoms of the receptor, plotted as a function of simulation time
(ns): (A and B) without POPC membrane and (C and D) with POPC
membrane.

© 2025 The Author(s). Published by the Royal Society of Chemistry
uctuations in C-alpha carbon atoms of the receptor in the
CAS–receptor complexes compared to the TAS–receptor
complexes can be interpreted as a lack of stabilization of the
CAS ligand, consequently impacting the conformations of the
receptor and ligand binding pocket. The RMSD values of the
CAS ligand (green) exhibited more signicant conformational
uctuations as compared to the TAS ligand (blue) (Fig. 4). Such
uctuations affect the stability of the binding site, indicating
the disruption of non-covalent interactions between protein
and ligand, and therefore the overall affinity and functionalities
of the ligand are hindered. Based on the results from RMSD
analysis, which indicate instability of the system till 50 ns, the
initial 50 ns was excluded from the trajectories for binding free-
energy and clustering analysis. To conrm convergence of the
results, independent simulations have been performed for each
system and results from those are discussed in Section S2 of the
ESI.†
Fig. 5 Binding free-energy results incorporating enthalpy and entropy
contributions for both systems, i.e., (A) without and (B) with POPC
membrane.

RSC Adv., 2025, 15, 21077–21088 | 21081
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4.2 Binding free energy and per-residue energy
decomposition

The binding free energies were computed using the MM/GBSA
approach over the 500 ns MD trajectories and the initial 50 ns
were excluded for relaxation. Fig. 5 shows the calculated values
of enthalpy (DH), entropy (−TDS) and binding free energy
(DGMM/GBSA) for all the complexes.

The small difference in DH values between the CAS–
receptor and TAS–receptor complexes (DDH y 5.5 kcal mol−1)
can be attributed to the similar structures of both ligands.
However, the major differences seen in the entropy (DS) values
between the TAS–receptor and CAS–receptor complexes inu-
ence the determination of binding free energies. This indicates
that the CAS and TAS ligands introduce varied conformational
changes to the receptor structures, resulting in the differences
in binding free-energy values between the TAS–receptor and
the CAS–receptor complexes. The relatively large DS value for
the CAS–receptor complex can be attributed to large uctua-
tions exhibited by the CAS ligand (as also indicated by Fig. 4).
Such uctuations reect the inherent complexity of protein–
ligand interactions, which lead to high variability in binding
affinities. The resulting relative binding free-energy differ-
ences clearly favour the TAS ligand, which stabilized the
interactions with the 5-HT1B receptor, and the CAS ligand
Fig. 6 Comparison of per-residue binding free-energy contributions for
membrane.

21082 | RSC Adv., 2025, 15, 21077–21088
exhibited weaker binding affinity to the 5-HT1B receptor. The
results from independent simulations are given in Table S1 of
the ESI† and error bars for the binding free energies are shown
in Table S2 of the ESI.†

4.2.1 Per-residue binding energy contributions to the
ligand binding. To identify the 5-HT1B receptor residues that
play a key role in ligand binding, the total binding free energies
of all MD systems were decomposed at the per-residue level. As
shown in Fig. 6, a total of 17 residues with high energy contri-
butions were mainly distributed in the transmembrane regions
(TM3, TM5, TM6 and TM7). Residues Asp129 and Ile130,
located in TM3 of the receptor, interact with the ligands
through hydrogen bonding. Trp327, Phe330 and Phe331 are
identied as key residues involved in the active state of the
receptor, contributing to ligand stabilization through stacking
interactions (which will be discussed further in the following
sections).

4.3 Comparative analysis of ligand conformations and their
impact on binding-pocket volumes

The binding free-energy analysis revealed that the CAS ligand
exhibited an entropic inuence greater than that of the TAS
ligand, indicating signicant deviations in its molecular
conformation throughout the simulations. To comprehend
TAS- (black) and CAS- (red) bound complexes, with and without POPC

© 2025 The Author(s). Published by the Royal Society of Chemistry
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Fig. 7 Comparison of MD-simulated conformations of the TAS ligand
(A and C) and CAS ligand (B and D), representing the three most
populated clusters, as obtained via VMD clustering analysis.

Fig. 8 The volume changes in the binding pocket of the receptor due
to changes in the conformations of the ligands as a function of time
(ns): (A) systemswithout the POPCmembrane and (B) systemswith the
POPC membrane.
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that, the ligand conformations were clustered using the clus-
tering analysis method as described in the method section and
representative conformations are shown in Fig. 7.

Among these clusters, the blue conformation represents the
most populated and initial structures, while the red confor-
mation indicates the cluster observed towards the end of the
simulation. Here, it is important to note that a signicant
number of conformations (especially in the CAS–receptor
systems) could not be categorized as any of the three highest
populated clusters due to the diverse conformational states
populated by the ligands, as also indicated by the higher RMSDs
of the CAS ligand.

The percentage of population for each cluster of each system
is given as follows:

(1) Systems ‘without the POPC membrane’:
� (A) In the TAS–receptor complex, the blue conformation

represents the most populated cluster at 91.28%, the red
conformation indicates the cluster with a population of 3.85%,
and the green indicates the cluster with a population of 2.61%.
Only a negligible number of conformations remained non-
clustered in both TAS–receptor complexes.

� (B) In the CAS–receptor complex, the blue-colored confor-
mation represents the most populated cluster at 61.27%, the
red conformation indicates the cluster with a population of
11.72%, and the green indicates the cluster with a population of
7.43%. The remaining 20% of structures could not be catego-
rized as any of these three clusters.

(2) Systems ‘with the POPC membrane’:
� (C) In the TAS–receptor complex, the blue conformation

represents the most populated cluster at 80.86%, the red
conformation indicates the cluster with a population of 14.68%
and the green indicates the cluster with a population of 2.44%.

� (D) In the CAS–receptor complex, the blue conformation
represents the most populated cluster at 34.74%, the red
conformation indicates the cluster with a population of 16.50%
and the green indicates the cluster with a population of 9.25%.
The remaining 40% structures could not be categorized into any
of these three clusters.
© 2025 The Author(s). Published by the Royal Society of Chemistry
This clustering analysis provides insights into the positional
changes and different binding poses of the ligands, high-
lighting that the CAS ligand underwent higher positional
changes (driven by entropy) compared to the TAS ligand within
the binding pocket of the serotonin receptor.

4.3.1 Comparison of receptor binding-pocket volumes. The
binding-pocket volume analysis is performed for the receptors
using POcket Volume MEasurer (POVME). The plots for the as-
obtained volumetric density values are shown in Fig. 8.

A larger pocket volume in the CAS–receptor complexes was
observed for both the ‘with and without the POPC membrane’
systems. This analysis aligns with the increased conformational
exibility of the CAS ligand and thereby of the CAS-bound
receptor. All of these analyses indicate that while the CAS
ligand may initially bind to the receptor, the complex is overall
less stable with the CAS ligand than with the TAS ligand.

The observed variations in the binding-pocket volumes of
systems ‘with the POPC membrane’ can be interpreted as
a result of non-covalent interactions between the receptors and
the POPC membrane. However, unlike the CAS–receptor
complex, these interactions do not inuence the ligand–
receptor binding in the TAS–receptor complex. The POPC
membrane holds the receptor in such a way that it favours the
interactions in the TAS–receptor complex compared to the CAS–
receptor complex.
RSC Adv., 2025, 15, 21077–21088 | 21083
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To further validate the results of the binding-pocket volume
analysis, we performed a clustering analysis on receptor
conformations using VMD in all MD trajectories. All receptor
conformations were clustered into three clusters, and the
representative conformations from the most populated clusters
were selected for visualization of the changes in binding pocket
volumes. The selected receptor structures were superimposed to
visualize the differences in binding-pocket volumes across all
MD systems (as shown in Fig. S4, ESI†). This analysis corrobo-
rates the quantitative data obtained from the calculations of the
binding-pocket volumes.
Fig. 10 Distribution of order parameters in the CAS–receptor
complex (without the POPC membrane): panels (A) and (B) represent
the Rcom and g, respectively, for the azo part, while panels (C) and (D)
are the corresponding plots for the sero part.
4.4 Receptor–ligand local non-covalent interactions

4.4.1 Qualitative stacking interactions. There are ve main
aromatic residues (Trp327, Phe330, Phe331, Tyr359 and
Phe217) in the binding site (as shown in Fig. 9), which
contribute to the binding of serotonin-based drugs through
stacking interactions.20 The aromatic moieties of the photo-
switchable ligands were interpreted in two parts for detailed
analysis: the azo part and the sero part (as shown in Fig. S5,
ESI†). The purpose of the azo part being attached to the sero-
tonin in each ligand is to ensure favorable binding and
unbinding of ligands. Therefore, the primary aim of this project
is to analyze the stacking interactions of the sero and azo parts
individually with these ve main aromatic residues. The anal-
ysis of local non-covalent interactions is performed on data
from the simulation time of 50–500 ns, while the simulation
time for the rst 50 ns was excluded from the analysis to allow
the systems to reach equilibrium and achieve stability.

To obtain insight into the probable types of stacking inter-
actions in these ligand–receptor complexes, a qualitative anal-
ysis is performed based on the two order parameters described
in the methodology section.20,66 The order-parameter criteria for
stacking interactions are considered as follows:

(i) Rcom: for parallel stacking interactions, 3 Å # Rcom # 5 Å,
and for T-type stacking interactions, 5 Å # Rcom # 7.5 Å.

(ii) g: for parallel stacking interactions, 0°# g# 30°, and for
T-type stacking interactions, 60° # g # 120°.

The qualitative stacking-interaction analysis was conducted
for all of the trajectories, i.e., protein–ligand complexes without
and with the POPC membrane, as follows.
Fig. 9 Aromatic residues of interest in the binding site (black) in
a single snapshot.

21084 | RSC Adv., 2025, 15, 21077–21088
(I) Analysis for simulations without the POPC membrane.
Fig. 10(A) and (B) show that while the Rcom values for residues
Phe330 and Phe331 with the azo part of the CAS ligand lie
between 5 Å and 7.5 Å, they are likely to have T-type stacking
interactions, while the Rcom values for Tyr359, Phe217 and
Trp327 are distributed around a mean value of 10 Å. However,
multiple peaks for some residues are observed in the Rcom and g

plots, indicating that the azo part of the CAS ligand underwent
signicant uctuations over time (ns).

Fig. 10(C) and (D) show that while the Rcom values for resi-
dues Phe330, Phe331 and Trp327 with the sero part of the CAS
ligand lie between 5 Å and 7.5 Å, indicating that they are likely to
have T-type stacking interactions, the Rcom values for Tyr359
and Phe217 are distributed around a mean value of 9 Å–10 Å.
However, here again, multiple peaks are visible for the g angle
distribution for the main aromatic residues Phe330 and Tyr359,
indicating that the sero part of the CAS ligand also underwent
uctuations over time (ns).

Hence, order-parameter analysis suggests that the sero part
of the CAS ligand forms partial T-type stacking interactions with
Phe331 and Phe330, but with high uctuations. Interestingly,
the azo part of the CAS ligand forms a weak parallel off-set
stacking interaction with Phe330 and partial T-type stacking
with Phe331, as reected by the g angle distribution.

Fig. 11(A) and (B) show that the Rcom values for residue
Phe330 with the azo part of TAS lie around a mean value of 6 Å,
along with a mean g value of z100°, indicating that it is likely
to have T-type stacking interactions. The Rcom values for other
residues are distributed beyond 8 Å.

Fig. 11(C) and (D) show that the Rcom values for residues
Phe331 and Phe330 with the sero part of the TAS ligand are 5 Å
and 6 Å, respectively, indicating their strong T-type stacking
interactions with the TAS ligand. Trp327 (considering statistical
uctuations) is distributed around a mean value of 7.8 Å and
therefore partially contributes to T-type stacking interactions.
The Rcom values for Phe217 and Tyr359 are distributed around
mean values of 9 Å and 11 Å, respectively, which are beyond the
stacking-interaction range.
© 2025 The Author(s). Published by the Royal Society of Chemistry
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Fig. 11 Distribution of order parameters in the TAS–receptor complex
(without the POPC membrane): panels (A) and (B) represent Rcom and
g, respectively, for the azo part, while panels (C) and (D) correspond to
the sero part.
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(II) Analysis for simulations with the POPC membrane. The
qualitative stacking interaction analysis of the ligand–receptor
complexes ‘within the POPC membrane’ environment further
supports the ndings (Fig. S6 of the ESI†). The TAS–receptor
complex demonstrated enhanced stability, possessing narrow
distributions of order parameters and indicating consistent T-
type stacking interactions. In contrast, the CAS–receptor
complex exhibited broader distributions of order parameters
(with multiple peaks) for each main aromatic residue of
interest, suggesting signicant conformational uctuations of
both the CAS ligand and the receptor in the CAS–receptor
complex. The presence of the POPC membrane emphasizes the
stability differences between the MD systems while maintaining
the same qualitative stacking interaction patterns observed in
non-membrane systems.

In overall conclusion, the narrower distributions (with
higher probability count) of the main aromatic residues of
interest, Phe331, Phe330 and Trp327, in the TAS–receptor
complex indicate that they have strong T-type stacking inter-
actions with the TAS ligand, which is not the case in the CAS–
receptor complex, since the CAS ligand possesses much broader
distributions of order parameters.

4.4.2 MM interaction energy between aromatic residues of
interest and ligands. The mean values and standard deviations
for each system were calculated to quantify the strength of
interactions between themain aromatic residues of interest and
the ligands. While the mean values showed the average inter-
action intensities, the standard deviations depict how these
interactions uctuated within the simulations. Calculations of
mean values and standard deviations were essential for quan-
tifying and comparing the binding dynamics between the
ligands and the residues of interest.

In the context of the analysis for complexes ‘without the
POPC membrane’ (Fig. S7, ESI†), the TAS ligand demonstrates
a stronger stabilizing effect on the residues of interest
compared to the CAS ligand. Notably, Trp327, Phe331 and
Phe330 stand out with mean values of −1.117 kcal mol−1,
© 2025 The Author(s). Published by the Royal Society of Chemistry
−2.908 kcal mol−1 and −3.414 kcal mol−1, respectively. They
exhibited narrower mean distributions (lower standard devia-
tions), indicating a strong affinity in terms of the MM non-
bonded interaction energy in the TAS–receptor complex. The
CAS ligand demonstrated a weaker stabilizing effect on the
residues of interest. Although residues such as Phe331, Trp327
and Phe217 have more negative mean values for the non-
bonded energy with the CAS ligand, they exhibited broader
distributions and higher standard deviations, indicating a weak
affinity in terms of the MM non-bonded interaction energy in
the CAS–receptor complex. Tyr359 and Phe217 showed average
quantitative contributions close to zero in both complexes, but
their stability is still greater in the TAS–receptor complex than
in the CAS–receptor complex.

In the analysis for complexes ‘with the POPC membrane’
(Fig. S8, ESI†), the obtained MM non-bonded energy values for
both the TAS and the CAS ligand resemble the ndings
described previously. Introducing the POPCmembrane brought
further instability in the interaction energy between the resi-
dues of interest and the CAS ligand in the CAS–receptor
complex. However, the TAS ligand illustrated similar results for
MM non-bonded interaction energy between the residues of
interest in the TAS–receptor complex.

This statistical analysis improves the interpretation of the
contribution of each residue of interest to the total binding
affinity and interaction energy in all the MD systems. By
considering both the mean interaction energies and their
associated standard deviations, a more comprehensive and
nuanced understanding of the ligand–receptor binding
dynamics has been achieved.

4.5 Dynamic cross-correlation map

To indicate the conformational correlations between different
parts of the protein, dynamic cross-correlation maps have been
plotted for the TAS–receptor and CAS–receptor complexes and
are shown in Fig. 12(A) and (B), respectively. The difference in
dynamic cross-correlation has also been plotted and included in
Fig. S9, ESI.† It is clearly visible from the gures that different
parts of the CAS–receptor are more strongly correlated than
those of the TAS-bound protein. This observation also indicates
that the conformational uctuations in the CAS–receptor are
signicantly higher than in the TAS–receptor complex.

Moreover, to demonstrate how much signicant conforma-
tional change each ligand can induce in the receptor, a DCC
map for the apo-receptor is also plotted and shown in the ESI
(Fig. S10 in Section S7).† All these results indicate that unlike
the TAS ligand (which induces very little conformational change
in the receptor), the CAS ligand destabilizes the receptor
signicantly, resulting in high conformational uctuations and
correlations between different parts of the CAS–receptor with
respect to the apo-receptor.

4.6 Dynamic effects of the POPC membrane on the
simulation systems

Serotonin receptors are membrane-bound proteins, so it was
essential to evaluate how these ligand–receptor complexes
RSC Adv., 2025, 15, 21077–21088 | 21085
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Fig. 12 Dynamic cross correlation maps for (A) the TAS–receptor
complex and (B) the CAS–receptor complex.
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behave upon the introduction of a lipid membrane environ-
ment. However, the primary focus of this research still
remained on how these azobenzene-fused-serotonin drugs bind
to the 5-HT1B receptor. The RMSD, binding free energy and
supporting analysis revealed that the presence of a POPC lipid
membrane has greater effects on the stability and dynamics of
these receptor–ligand complexes. In the presence of the POPC
membrane, the TAS–receptor system showed greater stabiliza-
tion compared to the CAS–receptor system.

The stabilization in the TAS–receptor system can be attrib-
uted to the favourable interactions between the receptor and the
POPC lipid membrane. This aided in maintaining conforma-
tion of the receptor in such a way that non-covalent interactions
between the TAS ligand and receptor remained intact
throughout the simulation. These POPC–receptor interactions
likely involve hydrophobic bonding between the receptor's
transmembrane domains and lipid acyl chains, as well as
electrostatic complementarity with lipid headgroups.68 In
contrast, the CAS–receptor complex demonstrated greater
instability. This instability is likely due to the already known
21086 | RSC Adv., 2025, 15, 21077–21088
unfavourable interactions within the CAS–receptor complex,
which were further impacted by the interactions between the
receptor and the POPC lipid membrane. These ndings high-
light the necessity of including native-like lipid environments in
computational drug design to better predict the in vivo behavior
of receptor–ligand complexes.

5 Conclusion

In present times, many drug-discovery researchers are using
photoswitchable drugs to control the activity of biological macro-
molecules. However, there is less focus on potential research to
critically examine photoswitchable-drug–receptor interactions in
different environments. We used binding free energy, receptor
binding pocket volume and other supporting analyses to study the
stability of photoswitchable azobenzene-fused-serotonin drugs
and receptor binding.We also introduced a POPC lipidmembrane
to analyze the change a lipid membrane can bring to these pho-
toswitchable drug-receptor interactions.

The analyses for simulation systems without the POPC
membrane, revealed that the trans-azobenzene-fused-serotonin
(TAS) ligand shows a more stable binding affinity to the 5-HT1B
receptor than the cis-azobenzene-fused-serotonin (CAS) ligand.
These differences in binding affinities highlight the impact of
the ligand structure, shape and conformations on the receptor
functionality. However, the structural similarities between the
CAS and TAS ligands lead to a small difference in enthalpy (DH)
values between the TAS–receptor and CAS–receptor complexes
(DDH y 5.5 kcal mol−1), which can be attributed to the similar
structures of both ligands. The major change in binding free
energies emerged due to the entropy contributions. The inter-
action entropy (sIE) values indicate that entropy signicantly
contributes to the dynamics of these protein–ligand complexes.

The binding-pocket volume analysis of the receptor indicates
a tighter binding pocket with the TAS ligand, suggesting more
energetically favourable interactions compared to those of the
CAS ligand. This is further corroborated by qualitative stacking
analyses and molecular mechanics non-bonded energy calcu-
lations for key residues of interest with the ligands in all
systems. The stacking interactions of aromatic residues of
interest, Trp327, Phe330 and Phe331, with the TAS ligand
played a critical role in stabilizing the TAS–receptor complex.
These stacking interactions play a major role in enhancing
binding affinity and receptor activation.

In the presence of the lipid membrane, the TAS–receptor
system demonstrated further stabilization, whereas the CAS–
receptor system exhibited further destabilization. The CAS ligand
in the CAS–receptor system experienced conformational uctua-
tions, resulting in an increase in entropy and, thereby, an unfav-
ourable binding free energy of −5.06 kcal mol−1 for the CAS–
receptor complex. The TAS–receptor complex exhibited an
enhanced binding free energy of −28.79 kcal mol−1, further sup-
porting its higher stability in the lipid membrane environment.
This difference in binding free energy highlights the profound
impact of bilayer membranes in protein–ligand interactions.

This study achieves two key objectives. Firstly, the photo-
switchable azobenzene-fused-serotonin molecule offers
© 2025 The Author(s). Published by the Royal Society of Chemistry
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a proposed drug-like molecule for controlling serotonin
receptor activity upon light exposure, where the trans isomer
actively binds and the cis isomer exhibits inactive binding to the
serotonin receptor. Secondly, this study accentuates the critical
role of the membrane environment in governing ligand–
receptor dynamics. This highlights the importance of the
impact of lipid membranes in drug design strategies. Although
there are several further steps to go to obtain an effective pho-
toswitchable drug for 5HT1B receptors, we hope that these
results will inspire researchers to carry out further studies on
developing azobenzene-based photoswitchable serotonin
derivatives to control the functions of the 5-HT1B receptor.

A common question about using an azobenzene-based
molecule as a photoswitchable drug would be whether the cis-
to-trans thermal back transformation hinders the use of the
molecule as a photo-regulatory drug. However, it should be
noted that in the absence of light, the cis-to-trans thermal back
conversion is, in general, very slow and the rate is very much
dependent on the molecular environment. Therefore, within
the timescales we are interested in, it is unlikely that the cis-to-
trans back conversion will happen. However, this needs further
detailed investigation on the energetics and rate of cis-to-trans
thermal conversion in the protein environment using a hybrid
quantum mechanics molecular mechanics (QM/MM) method,
which will be considered in the future extension of the present
work. Furthermore, detailed understanding about the time-
scale, mechanism and energetics of the photoisomerisation of
TAS in the binding site of the 5HT1B receptor is beyond the
scope of the present work and will be performed in future using
a hybrid quantum mechanics/molecular mechanics method.
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