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Determination of interaction parameters in a
bottom-up approach employed in reactive
dissipative particle dynamics simulations for
thermosetting polymers†

Kaiwen Li,ab Gota Kikugawa, *b Yoshiaki Kawagoe, c Yinbo Zhao d and
Tomonaga Okabecef

The limitations in previous dissipative particle dynamics (DPD) studies confined simulations to a narrow

resin range. This study refines DPD parameter calculation methodology, extending its application to

diverse polymer materials. Using a bottom-up approach with molecular dynamics (MD) simulations, we

evaluated solubility parameters and bead number density governing nonbonded interactions via the

Flory–Huggins parameter and covalent-bonded interactions. Two solubility parameter methods,

Hildebrand and Krevelen–Hoftyzer, were compared for DPD simulations. The Hildebrand method, utiliz-

ing MD simulations, demonstrates higher consistency and broader applicability in determining solubility

parameters for all DPD particles. The DPD/MD curing reaction process was examined in three epoxy sys-

tems: DGEBA/4,40-DDS, DGEBA/MPDA and DGEBA/DETA. Calculations for the curing profile, gelation

point, radial distribution function and branch ratio were performed. Compared to MD data for DGEBA/

4,40-DDS, the maximum deviation in secondary reactions between epoxy and amine groups according

to DPD simulations with Krevelen–Hoftyzer was 14.8%, while with the Hildebrand method, it was 1.7%.

The accuracy of the DPD curing reaction in reproducing the structural properties verifies its expanded

application to general polymeric material simulations. The proposed curing DPD simulations, with a short

run time and minimal computational resources, contributes to high-throughput screening for optimal

resins and investigates mesoscopic inhomogeneous structures in large resin systems.

1. Introduction

The characteristics of carbon fiber reinforced plastics (CFRPs),
especially their static strength and fatigue durability, strongly
depend on those of the matrix resin.1 Generally, thermosetting
resin is utilized for the matrix resin in CFRPs, and the thermo-
setting resin consists of a basic resin and a curing agent. In

experiments, the base resin and liquid curing agent are usually
used; after a course of hours of cross-linking reactions, a cross-
linked structure is formed. Besides the type of basic resin and
curing agent, the curing reaction process will also largely
determine the properties of the matrix resin. To select the
appropriate resin and suitable reaction conditions to improve
properties such as the toughness of CFRPs, a lot of experiments
have been conducted in the past.2–7 Maurice et al.2 emphasized
the influence of the conversion rate on material properties,
particularly the tensile modulus. Zhang et al.3 investigated the
impact of the heating rate on the curing behavior and phase
separation in thermoplastic-toughened epoxy systems. Moran-
cho et al.5 discussed the impact of excess base epoxy resin
under non-stoichiometric conditions on the cross-linking pro-
cess and the properties of the resulting materials.

Since there are numerous types of epoxy resin, the
experimental selection of matrix resin is expensive and time-
consuming. For this reason, molecular-scale curing simula-
tions are expected to help reproduce and elucidate the
thermoset resin reaction process. Molecular dynamics (MD)
simulations reproduce molecular motions based on classical
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Newtonian mechanics. This has been proven to be an efficient
way to perform curing reaction processes in various epoxy
systems.8–12 However, it also requires considerable computa-
tional resources and has high time costs due to the large
number of atoms and complex force field calculations in the
MD system. Molecular-scale curing simulations are required for
high-throughput screening of resins to assist in experimental
material exploration. Therefore, saving computational time is a
crucial consideration. Furthermore, most of the mesoscale
structure-forming phenomena that take place in polymeric
materials influence the material properties, such as reaction-
induced phase separation.13 However, such mesoscopic struc-
tures cannot be captured in MD simulations. Hence, to meet
the demands of high-throughput screening and accurately
replicate mesoscopic inhomogeneous structures, there is a
pressing need for a curing simulation capable of faster calcula-
tions for larger systems.

The dissipative particle dynamics (DPD) simulation method
has gained increasing popularity in polymer simulations in
recent years. DPD treats multiple atoms as coarse-grained
particles, referred to as beads. These beads interact with each
other through various forces, typically including dissipative,
random, and conservative forces. In DPD simulations, the
internal degrees of freedom of the beads are neglected,
and only the motion of the beads is considered. Extensive
studies have demonstrated that the DPD simulation method
is an efficient coarse-grained simulation technique capable
of capturing longer time and length scales.14–17 To enhance
the accuracy of DPD simulations in reproducing the
curing reaction process, the calculation methods and selection
of interaction parameters play a crucial role in the overall
DPD model. This paper focuses on precisely addressing
these aspects, aiming to improve the fidelity of DPD simula-
tions for capturing the intricate curing dynamics of epoxy
materials.

DPD simulation is a simulation method aimed at enhancing
computational efficiency and system scalability by consolidat-
ing atomic groups into coarse-grained particles. In 1992, Hoo-
gerbrugge and Koelman introduced DPD as a computational
approach to studying fluid flow and hydrodynamics,18,19 with
the theoretical foundation later established by Español and
Warren.20 Groot and Warren21 developed the conventional
parameterization scheme for DPD interaction, linking the
Flory–Huggins theory to interaction parameters. Building upon
the aforementioned DPD force calculation method, Lı́sal et al.
proposed a reaction ensemble DPD method to explore poly-
disperse homopolymer systems and supramolecular di-block
copolymer melt.22,23 While their focus was on replicating the
reaction equilibrium of polymer systems rather than the poly-
merization process itself, their work illustrated the applicability
of DPD for simulating polymerization. Liu et al. developed a
curing reaction model using the same DPD method and applied
it to surface-initiated polymerization.24 However, in realistic
systems, there are more than two kinds of beads, and the
atomic groups represented in beads will influence their proper-
ties; specifically, the densities of different types of beads and

the ‘‘bead–bead’’ interactions between different kinds of beads
are variable.

There are several important approaches to parameterize
DPD interactions for systems with variable bead–bead repul-
sions. Travis et al.25 constructed bead–bead DPD interactions
based on bead solubility parameters and defined pair–wise
interactions using the Hildebrand regular solution theory.
However, in their work, bead–bead interactions are computed
independently without considering how to recover correct bead
densities. Alternatively, Backer et al.26 and Spaeth et al.27

introduced beads with variable masses at different coarse
graining levels. In their study, the system consisted of three
regions: one comprising ‘‘normal’’ DPD particles, another
comprising larger DPD particles, and a small region at the
intersection where both types of particles coexist. Interactions
between the beads, known as ‘‘bead–bead’’ interactions, vary
depending on the composition of these two types of beads.
However, the densities of the ‘‘normal’’ beads remain constant
throughout the system. Kacar et al.15 introduced a density-
dependent parameterization allowing the recovery of experi-
mental bead densities from simulations. In their method, they
kept most of the Groot–Warren framework intact, including the
Flory–Huggins theory, but extended it by allowing bead-type
dependent densities and like–like parameters. They combined
this DPD simulation method with MD simulation in a realistic
epoxy system, using MD simulation for parameterization.28 In
Kacar’s framework, the calculation of solubility parameters
utilized the Krevelen–Hoftyzer method,29 relying on directly
deriving molar contributions from functional groups. However,
for certain functional groups, data in Krevelen’s dataset is
unavailable, as is the case with the sulfur-containing group in
4,40-DDS. Therefore, there is a need to expand the methodology
for calculating DPD parameters proposed by Kacar et al. and
apply it to a wider range of polymer materials for research.

For the curing reaction model, Komarov et al.30 proposed a
coarse-grained curing molecular dynamics simulation to repli-
cate the crosslinking process of thermoset resins. Li and
Strachan31 applied this approach in MD simulation and used
a novel method to update the charge after forming the cross-
linked structure. Numerous studies have simulated curing
processes using a distance-based criterion and constant reac-
tion probability.32,33 However, these methods are not very
accurate in reproducing the reaction process, as the reaction
probability should vary depending on the type of reaction
substance and reaction conditions. Therefore, a new reaction
model was proposed by Okabe et al., which was applied to MD
simulation.8 There are two criteria for the reaction process: the
distance between the reaction sites and the Arrhenius-type
reaction probability determined from the activation energy
and local temperature. Then, Kawagoe et al.34 performed the
curing reaction process by combining Okabe’s curing reaction
model with DPD simulation and introduced a reverse mapping
procedure to reconstruct an all-atom MD system from a DPD
system to verify the validity of the proposed curing DPD
simulation and to evaluate its structural and thermomechani-
cal properties. However, they employed the DPD scheme only
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for the single epoxy system given by Kacar et al.15 without
discussing the calculation method of the interaction para-
meters. Consequently, to extend the application of the DPD
method to a broader range of epoxy systems, it becomes
essential to undertake a bottom-up exploration of DPD para-
meter calculation methods.

In order to effectively capture mesoscale structures and
reduce computational costs, the DPD method has gained sig-
nificant traction in the field of crosslinked polymers. Building
upon previous research, the primary objective of this study is to
develop a bottom-up approach for calculating DPD parameters,
enabling their broader application in extensive epoxy systems.
The DPD parameters are derived through MD simulations,
primarily providing solubility parameters and bead densities,
which are crucial for nonbonded interactions. Additionally,
parameters related to covalent-bonded interactions, such as
equilibrium distance and equilibrium angle, are also deter-
mined. To validate the accuracy of the developed DPD para-
metrization, structural properties are calculated in the on-
reaction and post crosslinking process and compared against
results obtained from MD simulations. By ensuring the fidelity
of the DPD parametrization, this research aims to facilitate the
widespread utilization of the DPD method in investigating
complex epoxy systems and accurately reproducing their struc-
tural properties.

2. Simulation methods
2.1. DPD simulation

2.1.1. DPD theory. Different from the force field of Hoo-
gerbrugge and Koelman,18 this study considers the bonded
force between beads, which includes bond force and angle
force as shown in eqn (1). Beads interact with a pair-
wise conservative linear repulsive force. Additionally, a dash-
pot, named dissipative force, reduces the relative velocity
between the particles, and a stochastic force, named random
force, gives repulsions to the particles. Both of these forces are
applied and are correlated with the fluctuation–dissipation
theorem.

f i ¼
X
iaj

FC
ij þ FD

ij þ FR
ij

� �
þ
X
bonds
with ij

FB
ij þ

X
angles
with ijk

FA
ijk: (1)

Here, FC
ij is the conservative force between beads i and j, which

is represented by the following soft repulsion interaction:

FC
ij ¼ aij 1� rij

rDPD

� �
r̂ijH rDPD � rij

� �
; (2)

where aij is the repulsion parameter which is equal to eij/rDPD.
eij is the interaction parameter in units of energy. rDPD is the
cutoff distance. r̂ij = rij/rij is the unit vector from beads j to i
where rij = ri � rj and rij = |rij|. H(r) is the Heaviside
step function. The dissipative force, FD

ij , and the random force,
FR

ij, represent the viscous drag and thermal noise, respectively.
The bond force, FB

ij, and the angle force, FA
ijk, represent

the bonded force between beads. The calculation formula

of interaction parameters eij
15 is as follows:

eii ¼
p� rpurei kT

arpure2i rDPD
3
; (3)

eij ¼ êij þ
p

0:0454 eiir
pure
i þ ejjr

pure
j

� �wij ; (4)

where êij denotes the neutral repulsion parameter for every
bead pair given by

êij ¼
ffiffiffiffiffiffiffiffiffi
eiiejj
p

: (5)

In eqn (4), rpure
i is the density of every bead, k is the Boltzmann

constant, and T is the temperature. a is equal to 0.101 in this
paper. p is the pressure, which is set to p = 40rDPD

�3kT.15 wij is
the Flory–Huggins parameter, quantifying the excess repulsion
between beads of different species. The calculation formula for
Flory–Huggins interaction parameters wij is as follows:

wij ¼
Vbead di � dj

� �2
kT

; (6)

where Vbead is the averaged molar volume of the system. di and
dj are the solubility parameters of beads i and j, respectively.
The value of Vbead can be obtained from the following equation:

Vbead ¼

P
i

Nir�1i;pureP
i

Ni
¼ r�1; (7)

where Ni is the number of beads in the simulation box for each
type of bead, and r is the averaged molar density of the system.
The cutoff distance rDPD can be calculated using the following
equation, taking into account a non-dimensional density of 3:21

rDPD
3 = 3r�1. (8)

In this equation, d can be evaluated directly from Hildeb-
rand’s theory,35 referred to as the Hildebrand solubility para-
meter hereafter. In the present study, we also employed the
Krevelen–Hoftyzer’s29 method, which offers an easier calcula-
tion based on the group contribution method to determine the
solubility parameters. The two calculation methods for the
solubility parameter mentioned above will be illustrated in
the next section.

The remaining two forces FD
ij and FR

ij are given by

FD
ij = �gwD(rij)(r̂ij�vij)r̂ij, (9)

FR
ij = swR(rij)yijr̂ij, (10)

where wD(rij) and wR(rij) are weight functions that vanish for r 4
rc. g is the friction coefficient, s is the noise amplitude, vij = vi �
vj is the relative velocity, and yij is a randomly fluctuating
variable with Gaussian statistics.

Español and Warren20 demonstrated that the system sam-
ples the canonical ensemble and adheres to the fluctuation–
dissipation theorem if the following relationships hold:

wD(rij) = [wR(rij)]
2, (11)

s2 = 2gkT, (12)

Soft Matter Paper

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 1

4 
M

ay
 2

02
4.

 D
ow

nl
oa

de
d 

on
 4

/7
/2

02
6 

2:
26

:1
4 

PM
. 

 T
hi

s 
ar

tic
le

 is
 li

ce
ns

ed
 u

nd
er

 a
 C

re
at

iv
e 

C
om

m
on

s 
A

ttr
ib

ut
io

n 
3.

0 
U

np
or

te
d 

L
ic

en
ce

.
View Article Online

http://creativecommons.org/licenses/by/3.0/
http://creativecommons.org/licenses/by/3.0/
https://doi.org/10.1039/d3sm01743e


4594 |  Soft Matter, 2024, 20, 4591–4607 This journal is © The Royal Society of Chemistry 2024

where T is the temperature and k is Boltzmann’s constant.
Typical expressions for wD(rij) and wR(rij) are chosen21 as

wD rij
� �

¼ wR rij
� �	 
2¼ 1� rij

rDPD

� �2

rij o rDPD

� �
0 rij � rDPD

� �
8<
: : (13)

2.1.2. Parametrization of conservative forces. As described
in the previous section, the calculation of conservative forces
relies on the selection of solubility parameters. In this study,
two methods were employed to calculate the solubility para-
meters: Krevelen–Hoftyzer29 and Hildebrand35 solubility
parameters.

Travis et al.25 constructed bead–bead DPD interactions
using bead solubility parameters and defined pair-wise inter-
actions based on Hildebrand’s regular solution theory. In
Hildebrand’s theories, the solubility parameter can be obtained
using the following equations:

d ¼ Ecoh

V

� �1=2

; (14)

where V is the molar volume and Ecoh denotes the cohesive
energy given by the equation as follows:

Ecoh = DHvap � kT, (15)

Here, DHvap denotes the heat of vaporization given by the
equation as follows:

DHvap = �Enonb + kT. (16)

Here, Enonb is the intermolecular potential energy. From
eqn (14)–(16), the calculation formula of solubility parameters
is as follows:

d ¼ �Enonb

V

� �1=2

: (17)

The above describes the calculation method for the Hildeb-
rand solubility parameter. In numerous DPD studies, the
Krevelen–Hoftyzer solubility parameter is also commonly
employed to calculate the conservative force.15 In the estima-
tion of the solubility parameter, the cohesive energy is decom-
posed into three components: the contribution of dispersion
forces, Ed, the contribution of polar forces, Ep, and the con-
tribution of hydrogen bonding, Eh. The cohesive energy is
calculated as follows:

Ecoh = Ed + Ep + Eh. (18)

Accordingly, the calculation formula for the solubility para-
meter is as follows:

d2 = dd
2 + dp

2 + dh
2, (19)

where dd is the contribution of dispersion forces to the solubi-
lity parameter, dp is the contribution of polar forces to the
solubility parameter, and dh is the contribution of hydrogen
bonding to the solubility parameter.

The available experimental data, however, prove that it is
impossible to derive a simple system for an accurate prediction
of solubility parameter components from the chemical struc-
ture. In particular, the interaction of different structural groups
in producing overall polar and hydrogen-bonding properties is
so complicated that the solubility parameter components do
not obey simple rules. Therefore, the approach of Hoftyzer and
Van Krevelen29 was used in this study as follows:

dd ¼
P

Fdi

V
; (20)

dp ¼
ffiffiffiffiffiffiffiffiffiffiffiffiffiffiP

Fpi
2

p
V

; (21)

dh ¼
ffiffiffiffiffiffiffiffiffiffiffiffiffiP

Ehi

V

r
; (22)

where Fdi represents the contribution from the dispersion
force. Fpi represents the contribution from the polarity force,
and Ehi stands for the contribution from the hydrogen bond
interaction energy. These three values can be obtained from a
table provided by Hoftyzer and Van Krevelen.29 Some of the
table values used in this study are shown in Table 1.

2.1.2. Parametrization of other forces. The calculation for-
mula of random force becomes as follows:

FR
ij ¼ swR zijffiffiffiffiffi

Dt
p rij

� �
r̂ij : (23)

Here, zij is a Gaussian random number with zero mean and unit
variance that is chosen independently for each pair of interact-
ing particles, and Dt is the time step. r̂ij = rij/rij is the unit vector
from beads j to i where rij = ri � rj and rij = |rij|.

The friction coefficient g of dissipative force is related to
noise amplitude of random force as shown in eqn (23). There-
fore, we only need to select an appropriate noise amplitude s
and time step Dt to determine the magnitude of dissipative
force and random force.

The conversion from dimensionless to dimensional quan-
tities in temperature in the DPD simulation utilizes the follow-
ing formula:

T ¼ T� � Eref

k

� �
; (24)

where jDPD is the energy base value equal to kT. k is the

Table 1 Group contributions to the solubility parameter component

Structural group
Fdi

(MJ m�3)0.5 mol�1
Fpi

(MJ m�3)0.5 mol�1
Ehi

(J mol�1)

–CH3 420 0 0
–CH2– 270 0 0
{CH– 80 0 0
–NH2 280 0 8400
–NH– 160 210 3100
{N– 20 800 5000
–OH 210 500 20 000
–O– 100 400 3000
–C6H5 1430 110 0
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Boltzmann constant. T is the real temperature value in the
present simulation condition. T* is the dimensionless value of
temperature which becomes 1.

The time step Dt in the simulations is selected as 0.02tDPD.
For our purpose the exact mapping of the time scale is not
important since our main interest is the final crosslinked
structure. Therefore, the unit DPD time, tDPD, can be calculated
using the following dimensional calculation.

tDPD ¼ rDPD �
ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
mestimated=jDPD

p
; (25)

where jDPD is the energy scale which equals kT. rDPD is the
length scales of DPD simulation as given below. Here, we
determined rDPD = 7.7 � 10�10 m first. mestimated is the esti-
mated DPD bead mass where mestimated = 50 g mol�1. Then, the
value of tDPD can be calculated as 3.465 ps which is similar with
those employed by Kawagoe et al.34

We chose the DPD length scale such that the overall dimen-
sionless DPD density is approximately rrDPD

3 = 3. This is the
most used value in DPD simulations.21 To compute rDPD, the
‘real’ density r of the system needs to be known. This value can
be determined from the experimental value of the number
density. Here, we estimate the average molecular volume by
assuming that this volume is the weighted average of the pure
species volumes. The volume is calculated as follows:

Vbead ¼

P
i

NiViP
i

Ni
! r�1 ¼

P
i

Niri;pure
�1

P
i

Ni
; (26)

where Ni is the number of i beads, Vi is the actual volume of
bead i, and ri,pure is the number density of bead i. The volume
of each bead will be obtained by MD simulation.

Referring to Groot,21 the dimensionless value of noise
amplitude s* was set to 3. The noise amplitude used in this
study can be obtained by the following dimensional calcula-
tion.

s ¼ s� � jDPD �
ffiffiffiffiffiffiffiffiffiffi
tDPD

p

rDPD

� �
: (27)

After determining rDPD, we can calculate the value of noise
amplitude s in the three systems which will greatly influence
the dissipative force and random force.

For intramolecular interactions, FB
ij and FA

ijk are the two-body
interaction of a bond and the three-body interaction of an
angle, respectively.

VB
ij = kB

ij(rij � r0)2, (28)

VA
ijk = kA

ijk(yijk � y0)2, (29)

where VB
ij and VA

ijk are the bond and angle potentials, respec-
tively. kB

ij and kA
ijk are the force constants. r0 and y0 are the

equilibrium distance and angle, respectively.
Kacar et al.15 explored the complete construction method of

DPD interaction parameters, including the discussion of the
above bond and angle force constants. They found that all bead
sequences form highly stiff bonds and stiff angles with differ-
ent spring constants for different bond and angle species.

However, these values were impractically high to be used in
the DPD simulations. Therefore, relatively larger force con-
stants were employed for all bond and angle species in this
study, as follows, referring to Kacar et al.15

kB
ij = 500(kT/rDPD

2), (30)

kA
ijk = 50kT. (31)

2.2 DPD modeling and MD simulation details for DPD
parameters

In this study, DGEBA was used as the base resin, and 4,40-DDS,
MPDA, and DETA were employed as curing agents. Three epoxy
systems were investigated: DGEBA/4,40-DDS, DGEBA/MPDA,
and DGEBA/DETA. In DPD simulations, the base resin and
curing agents were coarsened into several beads corresponding
to atomic groups in MD simulations. DGEBA was coarse-
grained with five beads, denoted as ‘‘A, B, C, B, A’’ as shown
in Fig. 1(a). Fig. 1(a) illustrates that the A bead contains the
reactive epoxy group, the B bead contains a benzene ring with
an oxygen atom bonded to it, while the C bead is composed
solely of the hydrocarbon segment. Curing agents were coarse-
grained with three beads: ‘‘D, E, D’’ beads for 4,40-DDS, ‘‘F, G,
F’’ beads for MPDA, and ‘‘H, I, H’’ beads for DETA as shown in
Fig. 1(b). Fig. 1(b) demonstrates that the amino group, capable
of participating in the curing reaction, is contained in the D, F
and H beads, while the I bead also contains an amino group for
potential reaction. In the three curing reaction systems, the A
bead in DGEBA can undergo two crosslinking processes with
the D beads of 4,40-DDS, the F beads of MPDA, and the H beads
of DETA. After the crosslinking process, new A0, D0, D0 0, F0, F0 0,
H0, and H0 0 beads are generated, as shown in Fig. 1(c). Addi-
tionally, the I bead in the middle of DETA can perform one
crosslinking process with the A bead, resulting in the genera-
tion of a new I0 bead.

In this study, DPD parameters are obtained using MD
simulation. This section introduces the simulation processes
for the solubility parameter and number density of different
types of beads, contributing to conservative force. Furthermore,
the simulation process for the equilibrium distance and angle,
which contribute to bonded force, is also described here.

First, the Winmostar36 software was utilized to visually
construct both the full atomistic models corresponding to
DPD beads and bead sequences. Subsequently, the Gaussian
16 C.0137 software was employed for the optimization of the
structure (using the OPTIMIZE method) to obtain the molecu-
lar structure with the minimum energy. After breaking up an
original molecule into fragments, the charges of the outermost
atoms in the beads are retained as the charges of the original
molecules. To ensure a net charge of 0, any excess charge is
evenly distributed among the inner atoms, primarily the carbon
atoms. To maintain the accuracy of simulating chemical reac-
tions, the charges of oxygen and nitrogen atoms in the beads
involved in the reaction groups are kept consistent with the

Soft Matter Paper

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 1

4 
M

ay
 2

02
4.

 D
ow

nl
oa

de
d 

on
 4

/7
/2

02
6 

2:
26

:1
4 

PM
. 

 T
hi

s 
ar

tic
le

 is
 li

ce
ns

ed
 u

nd
er

 a
 C

re
at

iv
e 

C
om

m
on

s 
A

ttr
ib

ut
io

n 
3.

0 
U

np
or

te
d 

L
ic

en
ce

.
View Article Online

http://creativecommons.org/licenses/by/3.0/
http://creativecommons.org/licenses/by/3.0/
https://doi.org/10.1039/d3sm01743e


4596 |  Soft Matter, 2024, 20, 4591–4607 This journal is © The Royal Society of Chemistry 2024

charges of the original molecules. The assigned charges to each
atom in the beads are shown in Fig. 2.

Due to the investigation of a large system and a shorter
calculation time, the DREIDING force field38 was adopted. In
the following procedures, we utilized the Nosé–Hoover chains
thermostat39 to control the temperature and employed the
Martyna–Tobias–Klein method40 in the NPT ensemble. The
cut-off distance of 12 Å was adopted. Periodic boundary condi-
tions (PBCs) were applied in all three dimensions. The r-RESPA
multiple-time-step method41 was employed, with 1 fs for inter-
molecular forces and 0.2 fs for intramolecular forces. The
smooth particle mesh Ewald (SPME) method42 was utilized to
calculate the long-range Coulomb force in the in-house code.

To calculate solubility parameters and number density,
firstly, the initial simulated box size was set at 50.0 � 50.0 �
50.0 Å3, with approximately 5000 atoms depending on the
species of atomic groups. The temperature was set at 300 K,
and the pressure at 1 atm, creating a liquid phase simulation
system. Notably, C, H0 0, I0, and F particles exist in the gaseous

state under normal pressure, and to transition them to the
liquid state, a minimum pressure was applied. Subsequently,
2000 step energy minimization using the steepest descent
method was carried out. Following the energy minimization,
a 1 ns NVT (constant number of particles, volume, and tem-
perature) ensemble simulation and a 2 ns NPT (constant
number of particles, pressure, and temperature) ensemble
simulation were performed. The volume and nonbonded inter-
molecular energy could be directly obtained in the MD
simulation.

To calculate the equilibrium distance and angle, we initially
set the simulated initial box size at 230.0 � 230.0 � 230.0 Å3,
with 30 bead sequences. The temperature was set to 300 K, and
the pressure was maintained at 1 atm, establishing the simula-
tion system as a gas phase. Subsequently, we initiated the
simulation process with 2000 step energy minimization using
the steepest descent method. Following this, a 2 ns NVT
ensemble simulation was conducted. The equilibrium distance
and angle were then determined by calculating the center of

Fig. 1 Chemical structures of (a) base resin, (b) curing agents, and (c) products after reaction. 4,4 0-DDS, MPDA and DETA are divided into DPD beads in a
similar way. The two terminals are divided into one kind of beads for amino groups, represented by blue and purple circles, respectively, and the middle is
divided into other kinds of beads, represented by orange and brown circles.
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mass of the beads. By obtaining the probability distribution of
bonds and angles, we traced the peak values, representing the
most probable values, to ascertain the equilibrium distance
and angle. These equilibrium values are utilized for initial state
setup and in calculations of angle and bond potentials as
shown in the formulas of eqn (28) and (29).

2.3 Curing DPD/MD simulation details

In the DPD/MD simulation system, the molecular numbers of
the basic resin and curing agents were determined by the

stoichiometric ratio. For DGEBA/4,40-DDS, DGEBA/MPDA, and
DGEBA/DETA, they were 2 : 1, 2 : 1, and 5 : 2, respectively. The
box size of the DPD simulation was the same as that of the
uncured MD system, which was averaged in the NPT simulation
for 1 atm and 453 K. The number of molecules, average
volumes of beads, rDPD and noise level s in the three epoxy
systems are shown in Table 2. Due to the different volume
acquisition methods used in the two methods, the average
volume and rDPD will also be different. The noise level is a
crucial parameter in calculating the random force and

Table 2 The average volumes of beads, rDPD and noise level s in the three epoxy system

Epoxy system
Number of
molecules

Average volumes
(Hildebrand/Krevelen) (Å3)

rDPD

(Hildebrand/Krevelen) (Å)

Noise level s
(Hildebrand/Krevelen)
(10�17/J s0.5 m�1)

DGEBA/4,40-DDS 600/300 167.2/126.9 7.951/7.243 4.547/4.760
DGEBA/MPDA 600/240 152.2/123.6 7.702/7.178 4.618/4.781
DGEBA/DETA 600/300 164.9/120.5 7.902/7.121 4.557/4.801

Fig. 2 Assignment of charges in (a) DGEBA particles, (b) 4,40-DDS particles, (c) MPDA particles and (d) DETA particles. The charges of oxygen and
nitrogen atoms involved in the reaction groups remain unchanged compared to the original molecule.
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dissipative force within the DPD forces. The calculation method
can be found in the ESI.† Periodic boundary conditions were
applied in all directions. The time step of the DPD simulation
was 69.3 fs. The system temperature was controlled at 453 K.

To obtain the initial non-crosslinked structure, a relaxation
step is necessary before the curing reaction. In the DPD
simulation system, a DPD simulation of 0.693 ns which is
equal to 10 000 DPD simulation steps at 300 K was conducted
prior to crosslinking. In the MD system, a series of simulations,
including 2 ns of NPT (300 K, 1 atm) and 0.5 ns of NVT (300 K),
were performed before the crosslinking process. Both DPD and
MD simulations in this study underwent sufficient mixing and
achieved equilibrium states before crosslinking. During the
crosslinking process, the distances between all epoxy groups
and amino groups in the system need to be calculated. Based
on these distances, a determination is made regarding whether
a chemical reaction occurs between all pairs of functional
groups within a threshold value, denoted as Rc. The value of
Rc is set to 5.64 Å, four times the equilibrium C–N bond
length,31 in both the MD and DPD curing reaction
processes.34 The settings for equilibrium angles and

equilibrium distances used in this study are based on calcula-
tions from an all-atom MD model. Therefore, the corres-
ponding value of Rc remains consistent. In the reaction
determination, the temperature around the functional group
should be calculated first. Fig. 3 is a detailed flow chart of the
curing reaction process. In this procedure, the reaction prob-
ability was calculated based on the following Arrhenius
equation.43

k ¼ A exp � Ea

RT

� �
; (32)

where Ea is the activation energy, R is the gas constant, and T
represents the local temperature, which is calculated from
neighboring atoms between an epoxy group and an amino
group. This range of neighboring atoms is nearly equivalent
to the coarse-graining approach used in DPD simulations. The
fluctuation of temperature comes from the small number of
atoms or beads to be engaged in the temperature evaluation.
But at least for reaction cycles the acceptance of the reaction
takes place when the temperature occasionally gets higher
relative to the activation energy. This will give the kinetic

Fig. 3 Flow chart of the curing reaction process.
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process which realize the reaction process in our model, even
though there is an arbitrariness for the definition of local
temperature. Here, the setting of the acceleration constant A
is to bridge the timescale difference between the experiment
and MD simulation. Therefore, based on previous research
validation,44 the acceleration constant A was set as 1019 for all
reaction pairs to ensure that the reactions in the three systems
can be reproduced within a reasonable computational time
frame. The number of reaction sites are equivalent between MD
and DPD simulation, whether atoms are coarse-grained or not,
so we used the same pre-exponential factor for both systems.

To determine the reaction probability in the reaction calcu-
lation, the Monte Carlo method45 was used here. In the reaction
judgement, the reaction probability is compared with a random
number in the range of 0 to 1. If the reaction probability is
greater than the number, a new bond is formed.

For the MD system, the following is the equation for
calculating the kinetic energy after reaction.

Kafter = Kbefore + Hf, (33)

where Kafter represents the kinetic energy after the reaction,
Kbefore indicates the kinetic energy before the reaction and Hf

stands for the heat of formation.
In the DPD system, an adjustment factor b was added such

that the localized temperature increment in a coarse-grained
system due to Hf is almost identical to that of an MD system.
The following is the equation for calculating the kinetic energy
after the reaction.

Kafter = Kbefore + bHf, (34)

Here, b is the adjustment factor such that the localized tem-
perature increment in a coarse-grained system due to Hf is
almost identical to that of an MD system. b was set as 0.069
referring to Kawagoe et al.34 The Hf values for all three systems
generally range from 20 to 25. The value of Hf fluctuates very
little, and it has been verified that the coefficient can control
the increase in temperature of the three systems.34 Therefore,
in this research we consider using the same coefficient.

The activation energy and the heat of formation determined
using formulas from ref. 32–34 have been referenced from data
in the previous publication.44 These values were the activation
energy and heat of formation precisely calculated using the
global reaction route mapping (GRRM) method46 on the basis
of ab initio quantum chemical (QC) calculations.

Adding Hf induces chain reactions as T increases, i.e., k
increases in eqn (32). During the relaxation phase of the

simulation, multiple-step relaxation cycles were conducted to
relax and equilibrate the new topology after cross-linking, and
preparing for the next cross-linking step. For the MD curing
reaction relaxation, the DREIDING force field was selected.
Structural relaxation was carried out using the steepest descent
method for 1000 steps. Subsequently, a 15 ps NPT (453 K,
1 atm) ensemble simulation and a 1 ps NVT (453 K) ensemble
simulation were performed. In the relaxation process following
DPD crosslinking, a 2.5 ps DPD simulation was executed. The
crosslinking structure was formed using an external curing
code written in the Python language, while the relaxation
calculations were conducted using the in-house DPD/MD pack-
age. Following all cross-linking cycles, we conduct a relaxation
process lasting 10 ns NPT (300 K, 1 atm) ensemble to obtain a
stable structure.

3. Results and discussion
3.1 DPD interaction parameters

The number density of beads was obtained through MD
simulation. One molecule is divided into several groups corres-
ponding to the DPD particles, and this division results in the
formation of broken covalent bonds. The broken covalent bond
was attached to hydrogen atoms to form a closed-shell mole-
cular structure. Subsequently, we conducted MD simulation to
obtain the density of beads, including the newly formed beads.

Tables 3 and 4 present the number density of various bead
types. The number density of newly generated beads is smaller
than that of the corresponding original beads, indicating that
the volume of the newly generated beads is larger. For example,
the volumes of beads D0 and D0 0 are larger than that of bead D.
This expansion in volume is attributed to the crosslinking
process, where carbon atoms are added, leading to a reduction
in hydrogen atoms in beads D, F, and H. The relatively larger
volume of carbon atoms contributed to the overall volume
increase. The calculation of the Hildebrand solubility para-
meter involves nonbonded energy and system volume. Conver-
sely, for the Krevelen–Hoftyzer solubility parameter, the volume
was sourced from the SciFinder-n database,47 which is smaller
compared to the volume obtained from MD simulations for the
Hildebrand solubility parameter. This may be attributed to the
Dreiding force field, which often leads to a larger volume due to
the selection of LJ parameters. The LJ parameters in DREIDING
were mainly derived from Buckingham potential (exponential-
6, X6) parameters but without direct derivation from physical
properties like density. The three components of the molar

Table 3 The number density of DPD beads obtained from MD simulation for the Hildebrand solubility parameter. The table displays the number density
of DGEBA and curing agent beads, along with the number density of the new beads produced after the DPD curing reaction

Bead type
(DGEBA)

Number
density (Å�3)

Bead
type (DDS)

Number
density (Å�3)

Bead type
(MPDA)

Number
density (Å�3)

Bead type
(DETA)

Number
density (Å�3)

A 0.0061 D 0.0057 F 0.0175 H 0.0078
B 0.0058 E 0.0126 G 0.0065 I 0.0065
C 0.0056 D0 0.0048 F0 0.0078 H0 0.0065
A0 0.0067 D0 0 0.0044 F0 0 0.0065 H0 0 0.0063

I0 0.0063
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attraction function were determined by referencing the table
provided by Hoftyzer and Van Krevelen.29 This study explores
the differences between Krevelen–Hoftyzer and Hildebrand
solubility parameters.

The evaluated solubility parameters are presented in
Table 5. It is observed that the Hildebrand solubility para-
meters in this study are consistently smaller than the Krevelen–
Hoftyzer solubility parameters. This deviation is partly attrib-
uted to the difference in volume of beads between the two
methods. The volume calculated using the Hildebrand method
is generally larger than that calculated using the Krevelen–
Hoftyzer method, as indicated in Tables 3 and 4, resulting in a
smaller calculated solubility parameter. Based on the DPD
results compared with MD simulations, the Hildebrand
method demonstrates a higher level of consistency. Further-
more, due to the limited data available for the Krevelen
method, it cannot comprehensively calculate the solubility
parameters for all DPD particles. In contrast, the Hildebrand
method theoretically has the potential to calculate the solubi-
lity parameters for all DPD particles, making it more promising
for widespread use. It is worth emphasizing this point in

Tables 3–5: H and F0, H0 and F00, and I, H00, and I0 are the same
type of particles with identical compositions, only differing in
naming convention. Therefore, the volumes and solubility
parameters of these particles are the same.

The equilibrium distance is a parameter used to calculate
the bond force between two beads, while the equilibrium angle
is used to calculate the potential for angle bending between
three atoms. In this study, the equilibrium distances and
angles between different bead sequences were obtained from
MD simulations, as presented in Tables 6 and 7, respectively.
The equilibrium distance and angle curves are provided in the
ESI.† A total of 300 sample data points were obtained from the
MD simulation, and the equilibrium distance was determined
as the peak value of the maximum occurrence probability.
These equilibrium values are utilized for the initial state setup
and in calculations of angle and bond potentials as shown in
the formulas of eqn (28) and (29).

3.2 Curing process

In the curing reaction process, the ratios of unreacted beads,
primary reaction beads, secondary reaction beads and middle

Table 4 The number density of DPD beads for the Krevelen–Hoftyzer solubility parameter47

Bead type
(DGEBA)

Number density
(Å�3)

Bead type
(DDS)

Number density
(Å�3)

Bead type
(MPDA)

Number density
(Å�3)

Bead type
(DETA)

Number density
(Å�3)

A 0.0088 D 0.0066 F 0.0201 H 0.0128
B 0.0069 E 0.0139 G 0.0073 I 0.0085
C 0.0083 D0 0.0055 F0 0.0128 H0 0.0085
A0 0.0092 D0 0 0.0048 F0 0 0.0085 H0 0 0.0071

I0 0.0071

Table 5 The solubility parameter of DPD beads comprises two types: the Hildebrand solubility parameter and the Krevelen–Hoftyzer solubility
parameter. This table documents the solubility parameters for DGEBA and the curing agent, encompassing parameters for newly generated beads in the
DPD curing process. The Krevelen–Hoftyzer parameter data inside the parenthesis is substituted with the Hildebrand solubility parameter due to an
inability to query the decomposed energy

Bead type
(DGEBA, DETA)

Hildebrand solubility
parameter ((J cm3)0.5)

Krevelen–Hoftyzer solubility
parameter ((J cm3)0.5)

Bead type (4,40-
DDS, MPDA)

Hildebrand solubility
parameter ((J cm3)0.5)

Krevelen–Hoftyzer solubility
parameter15 ((J cm3)0.5)

A 15.34 16.44 H 18.61 19.99
B 18.58 24.54 I 14.37 15.87
C 9.37 12.35 H0 14.37 15.87
A0 13.19 23.54 H0 0 18.38 19.38
D 21.01 18.51 I0 18.38 19.38
E 25.35 (25.35) F 10.97 (10.97)
D0 18.96 18.22 G 22.34 (22.34)
D0 0 18.78 19.95 F0 18.61 19.99

F0 0 14.37 15.87

Table 6 This table displays the equilibrium distances between beads, the equilibrium distances between the curing agent beads and the equilibrium
distances of the new sequences generated after crosslinking. The term ‘‘new sequences’’ here pertains to the generated new sequences, such as A–D
and A–F. The equilibrium distance remains consistent between A0–D and A–D before and after the reaction

Bead sequence
(DGEBA)

Equilibrium
distance (Å)

Bead sequence
(curing agent)

Equilibrium
distance (Å)

Bead sequence
(between DGEBA and
curing agent)

Equilibrium
distance (Å)

A–B 4.713 D–E 3.725 A–D 4.841
B–C 3.883 F–G 2.809 A–F 3.885

H–I 3.302 A–H 4.247
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reaction beads in DETA at different curing rates were moni-
tored. Fig. 4 shows the ratio of unreacted beads, primary
reaction beads, secondary reaction beads and middle reaction
beads as a function of curing rate for the three systems.

For the total simulation duration, DPD simulations require
less time, primarily because they involve fewer simulation steps
compared to MD simulations and fewer particles in the system.
The MD simulation ran for approximately 50 hours on
200 cores, whereas the DPD simulation ran for only about
20 minutes on 20 cores, which is roughly 1/150 of the MD
simulation.

The calculation formula for the deviation value is |NDPD �
NMD|/NMD where NDPD represents the number of reactions
obtained by a DPD curing reaction, and NMD represents the
number of reactions obtained by an MD curing reaction. For
the DGEBA/4,4 0-DDS system, the DPD curing reaction profiles
with Hildebrand parameters are more consistent with the MD
curing reaction curve. In the DPD curing process with the
Hildebrand solubility parameter, there is excellent agreement
with MD simulations, in terms of both primary and secondary
reactions. However, in the DPD curing process with the Kreve-
len–Hoftyzer solubility parameter, the ratio of primary reaction
beads consistently falls below that of the MD curing reaction
and the DPD curing process with the Hildebrand solubility
parameter. Conversely, the ratio of secondary reaction beads
is consistently higher. At the maximum deviation point, occur-
ring near a 40% curing rate for the DPD curing reaction
(Hildebrand) and MD curing reaction, the deviation of the
primary reaction is 2.2%, and the deviation of the secondary
reaction is 1.7%. In contrast, for the DPD curing reaction with
Krevelen–Hoftyzer parameters, the maximum deviation point
occurs near a 50% curing rate, with a deviation of the primary

Table 7 This table displays the equilibrium angle between beads. The
term ‘‘new sequences’’ here pertains to the generated new sequences,
such as A0–B–C and D0–E–D. The equilibrium distance remains consistent
between A0–B–C and A–B–C before and after the reaction

Bead sequence
(DGEBA)

Equilibrium
angle (Å)

Bead sequence
(curing agent)

Equilibrium
angle (Å)

A–B–C 112.4 D–E–D 153.2
B–C–B 143.5 F–G–F 178.2

H–I–H 154.8

Fig. 4 Reacted/unreacted bead fractions as a function of curing rate in the (a) DGEBA/4,4 0-DDS, (b) DGEBA/MPDA, and (c) DGEBA/DETA. Grey lines
represent the ratio of unreacted beads such as D in the DDS system, blue lines represent the ratio of beads via the 1st reaction such as D1, and green lines
represent the ratio of beads via the 2nd reaction such as D2. Circles represent MD simulations, blocks represent DPD simulations (Hildebrand), and
triangles represent DPD simulations (Krevelen–Hoftyzer).
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reaction of 25.8% and a deviation of the secondary reaction
of 14.8%.

For the DGEBA/MPDA system, both types of DPD curing
reactions yield similar results, although they deviate signifi-
cantly from the MD curing reaction. This discrepancy can be
attributed to the notably high size ratio of DPD particles,
which influences the accuracy of the DPD simulation. For
instance, considering the reactive particle F in MPDA, it
comprises only four atoms, leading to a substantial size
difference between bead F and the B particle. In the
DGEBA/DETA system, the profiles of DPD curing reactions
with the Hildebrand solubility parameters closely resemble
those of the MD curing reaction compared to the Krevelen–
Hoftyzer approach. Considering all three systems, the results
obtained from the Hildebrand method are closer to those of
MD simulations. Hildebrand solubility parameters are para-
meterized based on energy and volume from MD simulations
using the Dreiding force field, which is the same force field
applied in the MD reaction simulations of this study. The
correspondence between MD and DPD (Krevelen) methods is
not good, because, in this case, solubility is parameterized
based on literature values rather than MD simulations with
the Dreiding force field.

To elucidate the impact of variations in the curing
reaction process on physical properties, the gelation point
was examined. Criteria for identifying the gelation point
included the largest molecular weight (LMW) and the second
largest molecular weight (SMW). In this study, a more analytical
mass-based criterion, denoted as the reduced molecular weight
(RMW), was employed. The RMW is defined as the molecular
weight average of all the molecules in the system. It increases
until the largest molecule starts to dominate, after which it
declines.

The gelation point, corresponding to the maximum point
of the RMW profile concerning the curing rate, is utilized to
assess the gelation process. From Fig. 5, gelation points for
different systems can be determined. For the DPD curing
reaction with the Krevelen–Hoftyzer solubility parameter, the
gelation points are as follows: DGEBA/4,4 0-DDS: 60%,
DGEBA/MPDA: 65%, DGEBA/DETA: 55%. In the case of the
DPD curing reaction with the Hildebrand solubility para-
meter, the gelation points are as follows: DGEBA/4,4 0-DDS:
55%, DGEBA/MPDA: 65%, DGEBA/DETA: 50%. For the MD
curing reaction, the gelation points are observed as follows:
DGEBA/4,4 0-DDS: 55%, DGEBA/MPDA: 60%, DGEBA/DETA:
50%. In the DGEBA/4,4 0-DDS system, the gelation point

Fig. 5 RMW, SMW LMW curve in (a) DGEBA/4,40-DDS, (b) DGEBA/MPDA, and (c) DGEBA/DETA. Blue lines represent LMW curves, green lines represent
SMW curves, and red lines represent RMW curves.
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obtained from the DPD curing reaction with the Hildebrand
solubility parameter aligns well with that obtained from the
MD curing reaction. Furthermore, it also shows good agree-
ment with the theoretical estimation by M. Livraghi et al.,
suggesting a gelation point of about 57 � 6% based on
percolation theory.48

The ratio of branches at the molecular scale represents the
internal molecular connectivity of the crosslinking network
structure within a material. This ratio is determined by the
number of monomers with each branching structure, divided
by the total number of monomers. It has implications for
thermophysical properties such as glass transition tempera-
ture and Young’s modulus. In a crosslinked system, each
basic resin can undergo a maximum of two reactions, and
each curing agent can undergo a maximum of four reactions.
Consequently, resin/curing agent molecules will form vary-
ing numbers of branches, including 0, 1, 2, 3, or 4 branches.
The ratios of branches can be compared between DPD
simulation and MD simulation. In the DPD system, the
reaction times of A, D, F, and H beads in a basic resin/curing
agent molecule are calculated, while in the MD system, the
reaction times of the amino group and epoxy group in a basic
resin/curing agent molecule are counted. The number of
branches changes continuously during the curing reaction.
Before the gel point of 55%, branch 1 and branch 0 dominate
the overall crosslinking network. From Fig. 6(a), it can be
observed that branch 1 is located at the end of the

crosslinked polymer chain. Therefore, during the period
from the onset of cross-linking to the gel point, the increase
in the proportion of branch 1 divides the system into smaller
blocks of polymer. After exceeding approximately 40% con-
version, the proportion of branch 1 starts to decrease, indi-
cating that the dispersed polymer blocks begin to coalesce
into larger polymer structures. Until reaching the gel point of
55%, the largest weight polymers begin to form and continue
to expand with increasing conversion.

In the DGEBA/4,40-DDS system, the ratio of branches in the
DPD curing process, using the Hildebrand solubility parameter,
closely aligns with that observed in the MD curing reaction
process. This similarity arises from the comparable ratios of
primary and secondary reactions observed in the MD system, as
compared to the DPD curing process using the Hildebrand
solubility parameter. As a result, the branch structures remain
relatively similar during the curing reaction process. However,
in the DPD curing process with the Krevelen–Hoftyzer solubility
parameter, the growth rate of primary reactions increases
significantly after reaching a 20% curing rate. Consequently,
during this stage, secondary reactions occur slowly following
the primary reactions. For example, the generation of 1 branch
from the primary reaction quickly occurs, but the change to 2
branches is slow. As a result, the curve representing the
presence of 1 branch reaches a peak in the DPD curing process,
whereas the curve for 1 branch in the MD curing process
represents a plateau.

Fig. 6 Branch ratios depending on the curing conversion for the DGEBA/4,40-DDS system. (a) Calculation diagram of the branch quantity. The colors
correspond to the number of branches: gray for a zero-branching structure, yellow for a one-branching structure, orange for a two-branching structure,
green for a three-branching structure, and purple for a four-branching structure. (b) Gray, red, green, blue and purple curves represent the ratio of 0, 1, 2,
3 and 4 branches, respectively. For both figures, circles represent MD simulations, the blocks represent DPD simulations (Hildebrand), and triangles
represent DPD simulations (Krevelen–Hoftyzer).
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3.2 Polymer structure after crosslinking

After conducting DPD and MD curing reactions, two types of
coarse-grained structures were obtained using DPD methods
with the Krevelen–Hoftyzer solubility parameter and the Hil-
debrand solubility parameter. Throughout the curing process,
the formation of new bonds between beads led to changes in
inter-bead distances, impacting the structural properties of the
system. In contrast, the crosslinking structure in MD simula-
tions is represented using full atomistic models. To compare
structures between the DPD curing process and the MD curing
process, it is essential to calculate the center of mass for atomic
groups corresponding to each DPD bead in the MD system. The
radial distribution function (RDF) results are presented in
Fig. 7 and 8 for the DGEBA/4,40-DDS and DGEBA/DETA systems,
respectively. The distance between the epoxy group and SO2

varies depending on whether the cross-linking point is a
secondary amine or a tertiary amine, leading to two peaks in
A0–E. However, in DPD simulations, the softness of DPD inter-
actions results in RDFs showing clearer exclusion volumes
compared to MD simulations. Moreover, DPD simulations lack
the ability to capture forces like hydrogen bonding in full
atomic detail, contributing to differences in the RDF curves.
The RDF curves obtained from the Krevelen–Hoftyzer solubility
parameter and the Hildebrand solubility parameter are similar,
but some deviations are observed in the curves for C–D0 0, C–E,

C–H0 0, and C–I0 pairs. Overall, the RDF curves in both types of
DPD systems show good agreement with those obtained from
the MD system.

4. Conclusions

In this paper, we explored DPD interaction parameters using a
bottom-up approach based on MD simulations and analyzed
the accuracy of DPD simulations in terms of reproducing the
curing process and structural properties of epoxy crosslinking
polymers. The density and solubility parameters of the coarse-
grained beads were evaluated by MD simulations, which were
then used to calculate interaction parameters. Moreover, the
equilibrium bond length and bond angle between covalently
bonded DPD beads were also determined by MD simulations.
Herein, two types of solubility parameters, i.e., the Hildebrand
solubility parameter and the Krevelen–Hoftyzer solubility para-
meter, were calculated in this study.

Afterwards, the DPD/MD curing reaction process was con-
ducted in three epoxy systems: DGEBA/4,40-DDS, DGEBA/MPDA
and DGEBA/DETA. Subsequently, we compared the number of
reactions for different types. We observed that the DPD simula-
tion with the Hildebrand solubility parameter is more consis-
tent with MD simulations compared to the DPD simulation
with the Krevelen–Hoftyzer solubility parameter. The Curing

Fig. 7 RDF between each group pair in the DGEBA/4,4 0-DDS system. The red line represents the MD simulation, the blue dashed line represents the
DPD (Hildebrand) simulation, and the green dashed line represents the DPD (Krevelen–Hoftyzer) simulation.
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properties in the reaction and the structure properties were
compared between these methods. As a result, the DPD simula-
tion can reproduce the structure of the full atomistic model to a
certain degree. From a comprehensive perspective of the above
structural parameters, the Hildebrand parameter is more sui-
table for reproducing the curing process in MD simulations. In
comparison to the Krevelen–Hoftyzer method, the Hildebrand
method, based on comprehensive simulations to calculate
solubility parameters, theoretically enables the calculation of
solubility parameters for any type of DPD particles. This con-
clusion significantly expands the applicability of DPD simula-
tions for polymeric materials.
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