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Time-resolved single-cell transcriptomic
sequencing
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Cells experience continuous transformation under both physiological and pathological circumstances.
Single-cell RNA sequencing (scRNA-seq) is competent in disclosing the disparities of cells; nevertheless,
it poses challenges in linking the individual cell state at distinct time points. Although computational
approaches based on scRNA-seq data have been put forward for trajectory analysis, the result is based
on assumptions and fails to reflect the actual states. Consequently, it is necessary to incorporate a “time
anchor” into the scRNA-seq library for the temporal documentation of the dynamic expression pattern.
This review comprehensively overviews the time-resolved single-cell transcriptomic sequencing
methodologies and applications. As scRNA-seq functions as the basis for profiling single-cell expression
patterns, the review initially introduces various scRNA-seq approaches. Subsequently, the review focuses
on the different experimental strategies for introducing a “time anchor” to scRNA-seq, highlighting their
principles, strengths, weaknesses, and comparing their adaptation in various scenarios. Next, it provides
a brief summary of applications in immunity response, cancer progression, and embryo development.
Finally, the review concludes with a forward-looking perspective on future advancements in time-
resolved single-cell transcriptomic sequencing.

1 Introduction
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Cells experience continuous transformations due to internal
processes and external stimuli under physiological and patho-
logical conditions.’ These dynamic alterations are deter-
mined by a complex interplay of molecular signaling pathways,
gene expression regulation, and cellular responses to environ-
mental cues. Understanding and investigating these dynamics
is crucial for gaining insights into the fundamental mecha-
nisms that govern cell behavior and drive subsequent biological
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(A) The dynamic alterations in the biological progress at the cell, organ and individual level. (B) Overview of time-resolved single-cell

transcriptomic sequencing including approaches for scRNA-seq, strategies for providing temporal modeling of scRNA-seq and the applications

for cell dynamics analysis in different fields.

progress at multiple levels, including the tissue, organ, and
individual levels (Fig. 1A).>*

Given that heterogeneity is widely prevalent among diverse
cells, it is essential to investigate the cell transition at the single-
cell level to disclose the disparity in cell dynamics. Over the past
few decades, scRNA-seq has been evolving rapidly for enhanced
gene detection capacity, increased cell processing throughput,
and accessible commercial assays, thanks to the advent of next-
generation sequencing, the progress of molecular biology
techniques, and the introduction of microfluidic systems.
scRNA-seq enables the profiling of gene expression patterns, the
discrimination of cell subtypes, and the identification of rare
cells, and has been extensively applied in various fields for basic
biological and clinical research.”**° However, in contrast to
bulk analysis that can correlate the expression of genes at one
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time point with their expression in the previous time point,
scRNA-seq has difficulty linking individual cells between two
consecutive time points as sScRNA-seq methods require the lysis
of single cells and thus can only detect the cell state at one time
point.’**?

To address this issue, several computational approaches
have been put forward to infer the dynamics based on the
existing scRNA-seq data. These computational approaches,**
typically encompassing pseudotime®® and RNA velocity,*” are
predicated on the assumption that the collective states of the
cell population can represent the states of a single cell
throughout a biological process. Pseudotime orders single cells
based on their transcriptome similarity and infers continuous
trajectories to disclose biological progress. Nevertheless, the
pseudotime ordering fails to provide genuine and precise
dynamics and cannot address the directionality of complex
biological processes. RNA velocity depicts the cell state in
accordance with the time derivatives of unspliced and spliced
RNA abundance, and predicts the future states through
extrapolation, but this method is more applicable to the steady-
state model. As a consequence, the challenge still persists in
how to experimentally introduce a “time anchor” to scRNA-seq
library and record the actual cell dynamics.

In this review, a comprehensive discussion on time-resolved
single-cell transcriptomic sequencing is provided (Fig. 1B). As
scRNA-seq serves as the foundation for profiling single-cell
expression patterns, we firstly introduce diverse scRNA-seq
approaches. Subsequently, we concentrate on the different
experimental strategies for introducing a “time anchor” to the
scRNA-seq library, highlighting their principles, strengths,
weaknesses, and comparing their adaptation in various
scenarios. Next, a brief overview of studies in immunity response,

© 2024 The Author(s). Published by the Royal Society of Chemistry
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cancer progression, and embryo development through time-
resolved scRNA-seq is discussed. Finally, we conclude with
a forward-looking perspective on future advancements in time-
resolved single-cell transcriptomic sequencing.

2 The foundation: scRNA-seq
methodologies

Tang 2009 as the first established scRNA-seq has opened the
field of single-cell sequencing.®® After that, scRNA-seq has
experienced tremendous advances towards higher sensitivity,
coverage and throughput.”* A typical scRNA-seq contains single-
cell isolation, single-cell lysis, reverse transcription (RT), cDNA
amplification and library preparation for sequencing.**** Rele-
vant protocols are classified into two main categories: full-
length scRNA-seq library construction and tag-based scRNA-
seq library construction. Full-length scRNA-seq enables the
comprehensive exploration of the entire transcriptome, offering
potential for thorough investigation of RNA splicing events,
fusion genes and alternative transcript isoforms. Tag-based
scRNA-seq is devised to provide a global gene expression
pattern for cell atlas profiling. This approach typically attaches
cell barcodes to the 5 or 3’ end of transcripts, thereby priori-
tizing the capture of one short end of the transcripts containing
barcode sequence from a large number of cells in a single
library preparation. The introduction of unique molecular
identifiers (UMIs) also enables the digital counting of tran-
scripts correcting polymerase chain reaction (PCR) bias during
cDNA amplification. However, tag-based scRNA-seq sacrifices
full-length coverage and cannot be employed for isoform iden-
tification or splicing. It is noted that full-length and tag-based
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integration and concurrent development, making it difficult to
distinguish them completely.

2.1 Full-length scRNA-seq library construction

Smart-seq2,* the most prevalently adopted full-length single-
cell RNA sequencing approach, employs Moloney murine
leukemia virus (M-MLV) reverse transcriptase featuring
template-switching and terminal transferase activity (Fig. 2A).
Subsequent to the RT of mRNA into first-strand cDNA through
oligo d(T) priming, M-MLV adds three to five non-templated
cytosines to the 3’ end of the cDNA. Thereupon, a template
switching oligo (TSO) composed of two riboguanosines and
a locked nucleic acid (LNA) guanylate hybridizes with the non-
templated cytosines, facilitating the template switching from
mRNA to TSO for complementary sequence synthesis. The
introduction of a PCR primer having an identical sequence to
that of TSO and oligo(dT) primers enables the full-length
amplification of ¢cDNA with a high coverage. Furthermore,
Smart-seq2 based on microfluidics was proposed to automate
the procedures and facilitate highly efficient single-cell capture
via the microfluidic structure.***°

Inspired by Smart-seq2, Smart-seq3 (ref. 46) was developed
through the combination of full-length transcriptome coverage
and 5’-UMI RNA counting, enabling the computational recon-
struction of numerous RNA molecules for each individual cell
(Fig. 2B). A Tn5 motif, a tag sequence, and a UMI are incorpo-
rated into TSO. The UMI enables the digital counting of tran-
scripts, while the tag sequence can distinguish UMI-containing
reads from internal reads. Then diverse 3’ gene-body fragments
incorporating allele/isoform information are assigned to
a specific molecule based on the 5’ tag, thereby allowing for the

scRNA-seq methodologies are in the stage of mutual counting of RNAs at allele and isoform resolution. In contrast to
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Fig. 2 Full-length scRNA-seq methods. (A) The flow chart of Smart-seq2 sequencing library preparation. (B) The flow chart of Smart-seq3
sequencing library preparation. (C) The flow chart of VASA-seq sequencing library preparation.
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Smart-seq2, Smart-seq3 significantly enhances the sensitivity,
typically detecting thousands of transcripts more per cell.
However, Smart-seq3 is time-consuming and calls for meticu-
lous fine-tuning to make an appropriate balance between
internal and UMI-containing reads.

Smart-seq3xpress*’ streamlines the Smart-seq3 protocol,
enabling the generation of sequencing-ready libraries within
a single working day and enhancing the throughput of cell
processing. Furthermore, it miniaturizes the requisite reaction
volume of Smart-seq3 by tenfold by operating in nanoliter
volumes covered with an inert hydrophobic substance.
Furthermore, Hahaut et al. developed FLASH-seq*® that can
reduce hands-on time to 4.5 hours. FLASH-seq integrates RT
and cDNA pre-amplification, substituting the Superscript II
reverse transcriptase with the more processive Superscript IV
(SSRTIV) and shortening the RT reaction time. FLASH-seq has
higher gene detection capabilities with lower cost (<$1 per cell),
enabling the detection of a more diverse range of isoforms and
genes, especially protein-coding and longer ones. Nevertheless,
due to the brevity of the read length of scRNA-seq on next-
generation sequencing (NGS) platforms, numerous problems
remain unsolved, such as the restricted detection for splicing
isoforms.

The further advancement of long-read RNA sequencing,
known as third-generation sequencing (TGS), can be employed
to generate full-length cDNA transcripts with the fewest false-
positive splicing sites and capture the extensive diversity of
transcript isoforms. Fan et al. proposed a novel scRNA-seq
technology named SCAN-seq*® (single-cell amplification and
sequencing of full-RNAs by nanopore platform) based on TGS.
SCAN-seq demonstrates excellent sensitivity and precision
similar to scRNA-seq methods based on NGS platforms.
Furthermore, it can capture thousands of unannotated tran-
scripts of diverse types and precisely investigate more than 10
000 splice isoforms in each individual cell. To further improve
the cell throughput and reduce the cost, the same group
developed SCAN-seq2*° through the combination of cell bar-
coding and tube barcoding strategies, enabling the sequencing
of up to 3072 single cells within one sequencing run. Despite
the advancements in cell throughput and gene detection capa-
bilities, these approaches are intended to amplify the terminals
of polyadenylated transcripts, disregarding other potentially
relevant RNA species lacking a polyadenylated tail.

To address these issues, Salmen et al. developed VASA-seq**
(vast transcriptome analysis of single cells by dA-tailing) for
detecting the total transcriptome in single cells through frag-
menting and tailing all RNA molecules, thereby allowing diverse
types of cDNA to be synthesised from barcoded oligo(dT)
primers (Fig. 2C). Additionally, a unique fragment identifier
(UFI) enables the absolute counting of molecules with strand
specificity. The ¢cDNA carrying barcodes is amplified by means
of in vitro transcription, followed by the subsequent elimination
of the amplified ribosomal RNA (rRNA). After addition of the
adaptor and RT, libraries are amplified with dual-indexed PCR
primers for sequencing preparation. VASA-seq is compatible
not only with plate-based formats but also with droplet micro-
fluidics, therefore featuring a high throughput of cell
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processing (exceeding 30 000 cells) and low cost (at $ 0.11 per
cell). Moreover, VASA-drop exhibits a higher sensitivity than
Smart-seq3 and 10x chromium (introduced in Section 2.2.2),
indicating its superior performance in terms of sensitivity,
throughput, and full-length coverage. However, VASA-seq still
confronts several challenges, such as optimizing steps for
ribosomal RNA depletion, developing specialized data analysis
pipelines and integrating with other datasets.

Overall, the full-length scRNA-seq strategy exhibits the
superiority of a high gene detection rate and gene coverage. It
not only measures the expression patterns but also detects RNA
splicing events, fusion genes, and alternative transcript iso-
forms. The previous full-length scRNA-seq methods, such as
Smart-seq2, prepares the library of single cells in each tube/well,
which is labor-intensive and costly. The emergence of Smart-
seq3, FLASH-seq, and VASA-seq makes the full-length scRNA-
seq compatible with tag addition, enhancing the analysis
throughput and reducing the cost. Moreover, the capacity to
profile the total RNAs rather than merely poly(A)-tail mRNAs
enables the comprehensive detection of transcriptome. It is
expected to further integrate other omics sequencing with total
RNA profiling for in-depth exploration of gene inheritance and
expression.

2.2 Tag-based scRNA-seq library construction

2.2.1 Liquid-phase tag. This approach typically incorpo-
rates the tag-containing primers into the reaction mixture
subsequent to the RNA release, with each reaction tube or
chamber accommodating one type of cell barcode. STRT** (sing-
cell tagged reverse transcription) is the first approach to
leverage tags for cell barcoding and molecule quantification
(Fig. 3A). The oligo(dT) primer containing cell-specific barcode
and TSO primer containing UMI are introduced during reverse
transcription. After PCR amplification and ¢cDNA fragmenta-
tion, only the 5-end fragments of transcripts are captured
during library construction and sequencing.

Unlike STRT which utilizes exponential amplification, CEL-
seq2 ** (cell expression by linear amplification and sequencing)
adopts linear amplification to eliminate the template-switching
step that is thought to decrease efficiency (Fig. 3B). The oli-
go(dT) primer incorporates a unique cell barcode, UMI and a T7
promoter, with the T7 promoter initiating in vitro transcription
(IvT) for amplifying ¢cDNA and generating single-strand RNA.
Subsequently, the amplified RNA is transformed into cDNA, and
the 3’-end gene expression is eventually sequenced. CEL-seq2
can also be combined with automatic Fluidigm's C1 system
for a more time-saving and cost-efficient processing. Building
upon CEL-seq2, MARS-seq** (massively parallel RNA single-cell
sequencing) harnessed the automation of FACS, liquid-
handling platform, and an additional 384-plate-specific bar-
code to enhance the analysis throughput. Through the optimi-
zation of the RT volume, primer concentration, primer
composition, and the second-strand-synthesis enzyme, the
upgraded MARS-seq2.0** achieves a comprehensive enhance-
ment in terms of throughput, robustness and noise reduction.

© 2024 The Author(s). Published by the Royal Society of Chemistry
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However, the cell throughput remains restricted since
distinct single cells need to be isolated in physical partition,
demanding a considerable quantity of 384-plate and entailing
a relatively high cost. To tackle this issue, combinatorial
indexing-based approaches have been implemented in scRNA-
seq, which rely on cells themselves as compartments for split-
and-pool-based barcoding.

sci-RNA-seq*® (single-cell combinatorial indexing RNA
sequencing) is the pioneering and classic combinatorial
indexing approach for scRNA-seq (Fig. 3C). Cells are fixed
initially for the in situ preservation of mRNA, and then per-
meabilized to enable the entry of enzymes and oligonucleotides
into the cell membrane. Groups of cells are randomly distrib-
uted to each well containing a well-barcode-containing oli-
go(dT) primer. The barcode for the first round is then attached
to the cDNAs during reverse transcription. Cells are pooled and
redistributed through FACS, after which the second round
barcodes are introduced during cDNA amplification in each
well. Through multiple split-and-pool protocols, each cell
acquires a unique combination of barcodes, with a low proba-
bility that a barcode combination is shared by two cells. As
a result, through sequencing sci-RNA-seq can not only detect
the transcript information but also the cell barcode combina-
tion with a high throughput (nearly 50 000 cells). By further
introducing multiple rounds of cell barcode through DNA
ligation and optimizing the protocols, Sci-RNA-seq3 *’ elevates
the profiling scale to 400 000. The combinatorial indexing
strategy is compatible with cells or nuclei obtained from clinical
tissue samples that are fixed and hard to be dissociated
completely. However, this method leads to substantial cell loss
during FACS sorting and multiple centrifugation steps, making
it unsuitable for precious cell sample analysis.

© 2024 The Author(s). Published by the Royal Society of Chemistry

In summary, the liquid-phase tag offers a direct barcoding
method through utilizing tag-containing primers in the reac-
tion mixture and attaching the tag to ¢cDNA during RT. The
series of STRT-seq, CEL-seq2, and MARS-seq leverage the whole
cell lysates to generate cDNA libraries and have high sensitivity.
However, the throughput is restricted when physical partition is
required to isolate distinct single cells. Furthermore, the
expensive robotic equipment and reagent consumption render
them unaffordable for common laboratories. The combinato-
rial indexing methodology implements split-and-pool protocols
using the cells themselves as compartments, conferring each
single cell a barcode combination with an ultra-high
throughput. Nevertheless, this method has low cell utilization
and is not adaptable for the analysis of precious cell samples.
Furthermore, the consumption of reagents remains expensive
and the operation is cumbersome. It is expected to reduce the
reagent consumption to the nanoliter scale and automate the
split-and-pool steps for highly efficient and low-cost sScRNA-seq.

2.2.2 Solid-phase tag. This strategy typically employs bar-
coded beads for RNA tagging. The barcoded bead encompasses
approximately 10® oligonucleotides consisting of PCR primer,
cell barcode, UMI, and oligo d(T) primer. The cell barcode of
each individual bead is uniform, while the UMIs are distinct.
When a single barcoded bead and a single cell are paired, the
poly(A)-containing mRNAs released by the cell are captured by
the barcoded beads. Then, using the oligonucleotides as
primers, the RT generates cDNAs carrying the cell barcode and
UMI, which can be decoded after sequencing for cell source
identification and absolute quantification of transcripts.
Therefore, the pairing of a single barcoded bead and a single
cell is crucial to provide each cell with a unique identity iden-
tification. To handle the micrometer-sized bead and cell,
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droplet microfluidics, microvalve structure-based microfluidics,
and microwell are employed.

2.2.2.1 Droplet microfluidics. Drop-seq’ constitutes a revolu-
tionary progress in the domain of highly parallel scRNA-seq
through droplet microfluidics (Fig. 4A). A suspension of cells
is merged with barcoded beads distributed in lysis buffer and
subsequently passes through an oil intersection to generate
nanoliter-sized droplets that jointly entrap individual cells and
barcoded beads. Once the single cells within the droplets are
lysed, the released mRNAs are captured by the barcoded beads.
After demulsification, the beads are retrieved and collected for
RT on their surface, during which the cDNAs retain information
regarding both the cell barcode and UMI. Through subsequent
library construction and sequencing, it becomes feasible to
distinguish and quantify cDNAs from thousands of single cells.
In recent years, several efforts have been made to enhance Drop-
seq performance, such as increasing the retrieval rate of bar-
coded beads,*® developing a 3D-printed miniaturized Drop-seq
system,* and enabling the use of cell nuclei.** However,
despite the high throughput and low cost, the encapsulation of
single barcoded beads and cells lies in Poisson distribution,
resulting in only 5% barcoding rate of input cells.

In contrast, Indrops® exploits the close-packed ordering of
hydrogel barcoded beads, surmounts the Poisson distribution,
and achieves a 75% cell barcoding rate. Based on Indrops, the
10x Genomics Chromium system,®® as a commercial platform,
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was developed, which can handle 8 parallel independent
samples by using an 8-channel microfluidic chip. Moreover,
this platform utilizes dissolvable gel beads in emulsion (GEMs)
as barcoded beads, enabling the controllable release of tag-
containing primers in the droplet for homogeneous mRNA
capture. In this manner, the occupation of single beads and
cells can attain 80% and 50%, respectively.

To further mitigate the impact of the relatively low single-cell
occupancy by the droplet generator, scifi®* (single-cell combi-
natorial fluidic indexing) integrates one-step combinatorial
indexing with droplet microfluidics-based scRNA-seq, intro-
ducing two rounds of cell barcodes respectively in the well and
in the droplet. The permeabilized cells are labeled with the first
round of cell barcode during RT, and then all the cells are
pooled for droplet encapsulation. Instead of assigning a single
cell to each droplet, scifi enables several cells (~9.8 cells) to be
paired with a single bead per droplet. The second round of
barcode is attached via a thermoligation method. Conse-
quently, a single cell acquires a cell barcode combination with
a low collision probability, and more than 100 000 single cells
can be sequenced in a single experiment. However, as scifi
employs the combinatorial indexing strategy, potential cell/
nucleic loss is inevitable, hindering the analysis of rare cells.
Furthermore, this strategy is still restricted to poly(A)-
containing RNA profiling when using the oligo(dT) primer,
neglecting other types of RNAs without the poly(A)-tail.
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Fig.4 Solid-phase tag based scRNA-seq methods. (A) Schematic workflow of Drop-seq for highly parallel single-cell transcriptome sequencing
based on droplet microfluidics. This figure has been reproduced from Cell, 2015, 161, 1202-1214, with permission from Elsevier, copyright 2015.”7

(B) Schematic workflow of Well-Paired-seq that utilizes thousands of

microwells for single-cell RNA sequencing. This figure has been repro-

duced from Small Methods, 2022, 6, e2200341, with permission from Wiley-VCH GmbH, copyright 2022.*2 (C) Schematic workflow of Paired-
seq for highly parallel scRNA-seq, which utilizes hydrodynamic traps for single-cell isolation and valve/pump structure for liquid control. This
figure has been reproduced from Genome Biol, 2016, 17, 77, with permission from Springer Nature Publishing, copyright 2020.5* (D) Disco
integrates a valve-based strategy with droplet microfluidics for pairing of a single cell and a bead. This figure has been reproduced from Nat
Methods, 2022, 19, 323-330, with permission from Springer Nature Publishing, copyright 2022.*
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To capture more non-poly(A) RNAs, scComplete-seq (single-
cell complete RNA sequencing)®® polyadenylates the 3’ end of
RNA through the use of poly(A) polymerase and integrates the
10x Genomics Chromium protocol for single-cell tran-
scriptome profiling. Nevertheless, scComplete-seq still utilizes
poly(T) primers, and as a result, the 5’ ends of long transcripts
and those with secondary structures might not be effectively
reverse transcribed. VASA-seq® (introduced in 2.1) where RNA
fragmentation is conducted before polyadenylation can address
this problem to some extent. Furthermore, the series of
scRandom-seq®*** employ the random sequence as RT primers
and thereby can retain more information of 5’ ends of tran-
scripts. Yet the random combination of RT primers with the
transcripts might generate a large quantity of small fragments.

2.2.2.2 Microwell. The roofless high-density microwell
isolates single cells and barcoded beads by relying on gravity.
The simplicity of chip fabrication and the convenience of cell
isolation render it accessible to most laboratories. Seq-Well®®
utilizes approximately 86 000 microwells to confine single cells
and barcoded beads, with the occupation rates being 80% and
95% respectively. Once the cell/bead pairing occurs, a semi-
permeable polycarbonate membrane with a pore size of 10 nm
is employed, which permits the entry of lysis buffer while pre-
venting mRNA loss. Thus, when single cells are lysed, the
mRNAs are released and captured by the paired barcoded beads
for downstream library construction. Considering the potential
failure of the template switching reaction resulting in the loss of
a portion of transcripts, Seq-Well S3 ® additionally incorporates
a second-strand-synthesis step following RT to introduce a PCR
priming site. This design facilitates the enhancement of gene
detection, being approximately 10 times higher than Seq-Well.
However, the generated library is shorter than that of Seq-
Well after the second-strand synthesis, thereby losing infor-
mation from their 5’-ends.

To further improve the cell/bead pairing efficiency, Well-
paired-seq™ utilizes thousands of size exclusion and quasi-
static hydrodynamic dual wells for cell/bead isolation
(Fig. 4B). The principle of size-exclusion enables the trapping of
a single cell in the lower well and a single bead in the upper well.
Furthermore, the quasi-static hydrodynamic process impedes
trapped cells from escaping the wells, ultimately resulting in
a high capture efficiency for cells (91%) and a pairing rate of
82% for cell/bead combinations. The upgraded Well-paired-
seq2 ® version leverages the molecular crowding effect,
improves tailing activity in RT, and achieves a more effective
gene detection capability with 3116 genes and 8447 transcripts
through a homogeneous enzymatic reaction.

Microwell-seq®® employs a similar strategy with 10> micro-
wells for single-cell isolation. The use of homemade magnetic
barcoded beads enables the controllable loading and release of
beads with a magnet. To reduce cross-contamination, the
trapped cells should be kept at a distance, thereby resulting in
a cell occupation rate of only 5% to 10%. To further enhance the
cell utilization rate, the same group proposed microwell-seq
2.0 * which integrates in-cell RT and Microwell-seq. Cells are
initially fixed and labeled with the first round of barcode in RT
reactions by using well-specific RT primers. Subsequently, cells

© 2024 The Author(s). Published by the Royal Society of Chemistry
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are pooled and distributed to 70 000 microwells, with approxi-
mately 10 cells being loaded in a single microwell. Since
microwell-seq 2.0 is capable of sequencing 700000 cells in
a single experiment, it can meet the requirements of high-
throughput screening. Furthermore, the recently developed
microwell-seq3 7 utilizes terminal deoxynucleotidyl transferase
for poly(A) tailing, thereby enabling the detection of total RNAs
encompassing non-coding RNAs and microRNAs.

2.2.2.3 Microvalve structure based microfluidics. In a micro-
valve-based microfluidic device, elastomeric membranes
located beneath the channels are controlled by pressure to
regulate flow pass, and multiple valves and pumps are
employed to precisely introduce various reagents for conduct-
ing a series of reactions. Since single cell isolation is typically
accomplished through hydrodynamic trapping methods, this
strategy is featured by high single-cell isolation ability and thus
is suitable for rare cell analysis.

Zhang et al. reported Paired-seq’>”> for highly parallel
scRNA-seq, which utilizes hydrodynamic traps for single-cell
isolation and valve/pump structure for liquid control (Fig. 4C).
Based on hydrodynamic differential flow resistance that only
allows one cell or one barcoded bead to be captured in a pico-
liter chamber, the Paired-seq chip with numerous units enables
simultaneously one-to-one pairing of thousands of cells and
barcoded beads with >90% efficiency. Gases are introduced in
reverse to create two liquid-in-gas droplets within each unit,
which consists of one bead and one cell. When the valve at the
connecting channel between two chambers is opened, the two
droplets in the unit combine to facilitate liquid exchange. With
the lysis buffer, mRNAs are lyzed and captured by barcoded
beads for downstream library construction.

Cheng et al. proposed Hydro-seq” (high-efficiency-cell-
capture contamination-free single-cell RNA sequencing) for
the analysis of single circulating tumor cells. The Hydro-seq
chip is equipped with capture chambers for the pairing of
cells and beads, microfluidic channels for the introduction of
cells, beads, and lysis buffer, as well as control valves for
selectively closing flow paths and isolating the chambers during
mRNA extraction. After the hydrodynamic capture of the cell/
bead, the introduction of cell lysis facilitates the release of
mRNAs and subsequent capture by single barcoded beads
within the same chamber. Since CTCs are larger than blood
cells, the capture hole is elaborately designed to be smaller than
CTCs but larger than blood cells, thereby attaining specific CTC
capture in whole blood even with a low starting sample input of
as few as 10 cancer cells.

Bues et al. integrated a valve-based strategy with droplet
microfluidics to develop Disco'” (mRNA-capture bead and cell
co-encapsulation droplet system) for pairing of a single cell and
a bead (Fig. 4D). The microfluidic system employs Quake-style
microvalves to regulate the flow, with three inlet channels for
cells, beads, and oil, as well as two outlets for waste and sample
liquids. Upon simultaneous detection of single cells and beads
at the stop point by the camera, they are co-encapsulated in oil-
sheared droplets. By using this method, Disco can achieve 75%
cell utilization rate even with only a small number of cells.
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In summary, the solid-phase tag exploits paired barcoded
beads within the microfluidic device for RNA tagging, facili-
tating the transcript to carry the cell barcode and UMI.
Compared with the liquid-phase tag, the utilization of barcoded
beads is cost-effective and throughput-efficient. Microfluidic
technologies utilize droplets, microwells or microchambers for
cell compartmentation, while the split-and-pool strategy
employs cells themselves as separators. Although the split-and-
pool method can offer higher throughput than microfluidics, it
is plagued by a high cell loss rate and costly reagent
consumption, which impedes its wider application. As diverse
types of microfluidics are utilized for the pairing of barcoded
beads, they all have their advantages and disadvantages. The
droplet microfluidics and microwell are characterized by simple
fabrication, large-scale handling, and ease of conversion to
commercial assays, thereby being accessible to most laborato-
ries. However, the single-cell capture and occupation rate are
still restricted, thus being unsuitable for rare cell analysis. The
microwell has a relatively higher single-cell occupation rate, yet
it poses a challenge in characterizing cells of varying sizes due
to the fixed sizes of the wells. For the valve-based strategy, it
demonstrates an advantage for rare cell analysis because of the
higher cell utilization. Nevertheless, the complex chip fabrica-
tion and operation still impede its wide applications.

3 The breakthrough: temporal
modeling of scRNA-seq

scRNA-seq has emerged as a powerful tool for understanding
cellular heterogeneity and regulatory processes. However, the
majority of existing scRNA-seq methodologies are limited by
their inability to capture the dynamic changes in cellular states
over time. This is primarily due to the requirement of cell lysis,
which can only provide a static snapshot of the cellular tran-
scriptome.” Although computational methods based on scRNA-
seq data have been proposed for trajectory analysis, the result is
based on assumptions and cannot reflect the actual situation.
To overcome this limitation, researchers have been exploring
various approaches to resolve time-series molecular events on
the single-cell basis by providing the “time anchors” in the
scRNA-seq. In this section, we will present a comprehensive
overview of various temporal modeling approaches for scRNA-
seq, discussing their respective principles, strengths, limita-
tions, and other relevant aspects (Fig. 5).

3.1 Metabolic labeling chemistry

Metabolic labeling of nascent RNA provides a straightforward
manner to distinguish old transcripts from newly synthesized
ones (Fig. 6A)."* 4sU and 5EU have been employed for some
time and are commercially accessible. However, the majority of
the other nucleosides have merely been introduced recently in
bulk analysis and have not been utilized in single-cell analysis.
The efficiency of metabolic RNA labelling ranges from 1% to
10%.

4-Thiouridine (4sU) is frequently employed as a nucleotide
analog of uridine that can be incorporated into nascent RNAs.
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Fig. 5 The overview of various temporal modeling approaches based
on scRNA-seq.

Then the reaction activity of the thiol in 4sU is utilized to
perform oxidative-nucleophilic substitution by IAA, TFEA/NalO,
or OsO,, resulting in the chemical conversion of 4sU into cyti-
dine derivatives (Fig. 6B). A guanine is subsequently mis-
incorporated into the pairing site in first-strand ¢cDNA during
RT, resulting in a T-to-C conversion that can be identified
during sequencing. Hence, newly generated RNAs are distin-
guished from pre-existing RNAs during the computational
analysis. The integration of 4sU metabolic labeling chemistry
with scRNA-seq has suggested a range of methods (Fig. 7A).

scSLAM-seq” (single-cell, thiol-(SH)-linked alkylation of RNA
for metabolic labelling sequencing) couples 4sU metabolic
labeling with Smart-seq library construction to simultaneously
detect nascent RNAs and old RNAs in single cells. Cells are
firstly exposed in a 4sU-containing culture medium and then
sorted by FACS into multi-well plates containing lysis buffer.
After RNA release, 4sU is converted into a cytosine analogue by
IAA, followed by RNA wash with RNA XP magnetic beads and
library preparation. scSLAM-seq also proposed GRAND-SLAM
2.0 algorithm for parallel analysis of the ratio of new to total
RNA (NTR) in hundreds of single-cell libraries. The NTR anal-
ysis outperforms total RNAs or old RNAs in distinguishing
mouse fibroblast cells infected with lytic mouse cytomegalo-
virus and uninfected cells. Furthermore, scSLAM-seq demon-
strates superior performance in identifying temporal
directionalities compared to splicing-based RNA velocity,
possibly attributed to the independent metabolic labeling of
nascent RNA processes unaffected by intron numbers and
splicing speed.
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NASA-seq”® (new transcriptome alkylation-dependent single-
cell RNA sequencing) employs a similar strategy to scSLAM-seq,
which involves the use of 4sU labeling, RNA modification by
alkylation, followed by single-cell RNA-seq library construction
using Smart-seq2. As biotinylated oligo-dT primers are used by
NASA-seq to immobilize and wash the RNA after alkylation, this
method has the potential to be suitable for concurrent single-
cell DNA sequencing and epigenome analysis. Nevertheless,
scSLAM-seq and NASA-seq are limited to processing a few
hundred cells at a time and incur significant expenses for each

4sU metabolic labeling chemistry

scSLAM-seq/

NASC-seq sci-fate

scNT-seq
N

[ | |
l pool

~y-4sU~y
N4

Well-Temp-seq

sU'/U’
| |
-T—C—T-C——T-

Library prep.
sequencing

cell library. Moreover, they lack UMIs and thus cannot accu-
rately quantify the new transcript levels.

To overcome these problems, sci-fate® combines sci-RNA-seq
with the 4sU metabolic labeling strategy for >6000 single cell
analysis (Fig. 8A). After the 4sU labeling, cells are fixed with 4%
paraformaldehyde and then subjected to 4sU chemical conver-
sion. Then cells are distributed to 96-well plates and split-and-
pool protocols are conducted for the combinatorial indexing
of single cells. Since the first molecular index contains a UMI,
sci-fate allows direct counting of the number of transcripts via
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Fig. 7 The overview of metabolic labeling chemistry in time-resolved scRNA-seq. 4sU and 5-EU are the most prevalently utilized metabolic
labels, which can be employed for the detection of nascent RNAs. The metabolic labeling chemistry can be integrated with diverse scRNA-seq
methodologies for expression pattern profiling and spatial imaging analysis.
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3'-tagged UMIs. In contrast to scSLAM-seq and NASA-seq, which
involve extracting mRNA from individual cells followed by bead-
based purification, sci-fate conducts in situ 4sU chemical
conversion in bulk fixed cells. This approach results in higher
reaction efficiency and lower mRNA loss, leading to enhanced
gene detection ability (~6500 genes per cell in sci-fate versus
~4000 genes per cell in scSLAM-seq) and nascent RNA detection
(82% in sci-fate versus <50% in scSLAM-seq). However, the issue
of significant cell loss (>95%) caused by the numerous centri-
fugation steps in split-and-pool protocols continues to be
a challenge.

scNT-seq' employs droplet microfluidics for temporally
resolved scRNA-seq (Fig. 8B). The cells metabolically labelled
with 4sU are individually co-encapsulated with a barcoded bead
during the droplet generation according to Drop-seq steps.
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Upon cell lysis, both pre-existing RNAs and nascent RNAs are
captured by the oligo-(dT) primers on the barcoded beads. The
scNT-seq method also demonstrates a high gene detection
capacity of approximately 6000 genes and around 20 000 UMIs
per cell, while being more than 50-fold cost-effective compared
to the scSLAM-seq/NASA-seq methods. The utilization of TFEA/
NalO, in scNT-seq enables 4sU chemical conversion, which can
also facilitate G-to-A conversions in new RNAs by using 6-thio-
guanine (Fig. 6B). Therefore, scNT-seq has the potential to label
cells with both 4sU and 6-thioguanine at two different time
points.

Instead of droplet microfluidics, Well-Temp-seq*® utilizes
a microwell device for 4sU-labelled cell loading and pairing,
which is followed by cell lysis, mRNA capture, IAA chemistry
conversion and library construction (Fig. 8C). The well-designed
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Schematic workflow of scNT-seq that employs droplet microfluidics for temporally resolved scRNA-seq. This figure has been reproduced from
Nat Methods, 2020, 17, 991-1001, with permission from Springer Nature Publishing, copyright 2020.** (C) Schematic workflow of Well-Temp-
seq that utilizes a microwell device for 4sU-labelled cell loading and pairing. This figure has been reproduced from Nat Commun, 2023, 14, 1272,

with permission from Springer Nature Publishing, copyright 2023.*°
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size-exclusion and quasi-static hydrodynamic microwell facili-
tates highly efficient pairing of single cells with barcoded beads
(~80%), a significant improvement over the Drop-seq-based
scNT-seq method (<1%). Furthermore, Well-TEMP-seq elimi-
nates the need for multiple centrifugation steps, resulting in
minimal cell loss (~67.5% recovery) compared to sci-fate (<5%
recovery).

In addition to 4sU, 5-ethynyluridine (EU) has also been
utilized as an alternative uridine analog for newly synthesized
RNA labeling (Fig. 7B). It is characterized by its ability to
undergo click chemistry due to the presence of alkynyl on 5-EU
(Fig. 6B). Battich et al. developed scEU-seq® (single-cell EU-
labeled RNA sequencing), which integrates 5-EU labeling,
click chemistry-based biotinylation, and MARS-seq to simulta-
neously quantify nascent and pre-existing transcripts in thou-
sands of single cells (Fig. 9A). Cells labeled with 5-EU are fixed
and permeabilized, followed by the biotinylation of labeled RNA
through a click reaction. After sorting single cells by FACS,
oligo-(dT) primers with cell-specific barcodes are introduced to

1. EU incubation & biotinylation 2. FACS

A

3. reverse transcription
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generate mRNA/cDNA hybrids. The nascent RNAs that have
been biotinylated can be separated by streptavidin magnetic
beads, while the supernatant contains unbiotinylated pre-
existing RNAs; both fractions can be individually prepared for
sequencing library construction. Using scEU-seq, synthesis and
degradation rates during the cell cycle and differentiation of
intestinal stem cells are investigated, revealing major regulatory
strategies for controlling the dynamic range and precision of
gene expression.

The TEMPOmap* (temporally resolved in situ sequencing
and mapping) method further employs 5-EU metabolic labeling
and a tri-probe set to spatially and temporally resolve scRNA-seq
(Fig. 9B). The tri-probe set includes a splint probe, padlock
probe, and primer probe. Cells are labeled with 5-EU, fixed and
permeabilized. Afterwards, splint DNA probes with azide at the
5" end and a terminator group at the 3’ end are introduced to
covalently attach to the 5-EU labeled site via click chemistry.
The padlock probes recognizing mRNA targets can undergo
circularization when in physical proximity to the splint probe;
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(A) Schematic workflow of scEU-seq which integrates 5-EU labeling, click chemistry-based biotinylation, and MARS-seq to simulta-

ngle cells. This figure has been reproduced from Science, 2020, 367,

1151-1156, with permission from American Association for the Advancement of Science, copyright 2020.8 (B) Schematic workflow of TEM-
POmap that employs 5-EU metabolic labeling and a tri-probe set to spatially and temporally resolve scRNA-seq. This figure has been reproduced
from Nat Methods, 2023, 20, 695-705, with permission from Springer Nature Publishing, copyright 2023.%
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however, those hybridized with pre-existing RNAs cannot be
circularized due to the absence of 5-EU and thus the splint DNA.
Utilizing the circularized padlock probe as a template, primer
probes targeting neighboring 20-25 nucleotides next to the
padlock probes serve as primers for initial rolling cycle ampli-
fication (RCA). When combined with fluorescent probes specific
for RCA products, individual nascent RNAs can be spatially
identified. By further integrating the pulse-chase strategy,
TEMPOmap is able to investigate both age and location of RNA
molecules and track their synthesis and degradation at
subcellular levels.

The metabolic labeling chemistry offers an exact temporal
reference point for detecting nascent RNAs, distinguishing them
from pre-existing ones. This method has significantly advanced
our understanding of gene expression regulation and RNA
metabolism. Nevertheless, several challenges remain to be
addressed, which can further enhance the applicability and
precision of this approach. Firstly, the use of labeled RNA may be
limited by its saturation and the potential toxicity of labeling
agents when studying long-term dynamics. Developing well-
biocompatible nucleosides and metabolic labelling methods is
anticipated in the future. Secondly, the current application of this
strategy is confined to the analysis of dynamic RNA alterations at
the cellular level. To obtain a more comprehensive under-
standing of the underlying biological processes, there is an
urgent need to extend it to the tissue level. Thirdly, current
methods only capture a single time point; the integration of
metabolic labeling with diverse nucleotide analogs can poten-
tially enable analysis at multiple time points. For instance, the
combined application of 4sU/6-thioguanosine or 5BrU/4sU
enables the simultaneous determination of synthesis and
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degradation rates and enhances the temporal resolution. Finally,
existing methods primarily focus on expression levels and over-
look RNA splicing events; incorporating nanopore sequencing
techniques may overcome this limitation by enabling long-read
sequencing to investigate native RNA isoforms.

3.2 Cytoplasmic biopsy

The innovative technique of cytoplasmic biopsy sequentially
extracts RNAs, enabling direct monitoring of cellular dynamics
within the same cell. This methodology calls for the utilization of
advanced nanotechnology, which facilitates trace RNA extraction
while maintaining the cell's viability (Fig. 10A).”” The adoption of
this approach allows for not only molecular profiling but also
longitudinal functional analysis to link historical molecular
characteristics with consequent phenotypes.

Chen et al. initially proposed Live-seq'® for the temporal
transcriptomic recording of single cells. Live-seq employs
a state-of-the-art commercial fluidic force microscopy (Flu-
idFM)"7 that integrates precise force control with volume
control for single-cell extraction (Fig. 10B). By optimizing both
the FluidFM procedure and a low-input RNA-seq approach, this
methodology enables the extraction of cytoplasmic RNAs (0.1-4
pL) from live single cells and constructs high-quality libraries of
those extracted RNAs. The ability to distinguish different cell
types and differential gene expression indicates that the RNAs
analyzed in the cytoplasmic biopsy faithfully represent those of
the entire cell. Moreover, Live-seq at different time points does
not cause any undesired perturbations on the sampled cells,
indicating the accuracy of temporal recording. By coupling Live-
seq with time-lapse imaging, the dynamic changes in tran-
scriptome as well as phenotype in individual macrophages
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Fig. 10 Cytoplasmic biopsy based time-resolved scRNA-seq. (A) By sequentially extracting RNAs within a single cell, this approach enables the
direct monitoring of cellular dynamics within the same cell. The RNA extracting device includes (B) commercial fluidic force microscopy
(FluidFM) used in Live-seq and (C) nanopipette coupled with electrowetting.
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before and after exposure to lipopolysaccharide (LPS) are
temporally resolved and linked.

A recent study further expands the toolkit of cytoplasmic
biopsy by using nanopipettes coupled with electrowetting and
integrates into a scanning ion conductance microscope (SLAM)
to perform longitudinal profiling of the transcriptome in
a single cell (Fig. 10C).** SICM incorporates an electrode inser-
ted in a glass nanopipette and a reference electrode immersed
in the culture medium, forming the ion current between them.
The excellent conductivity of the aqueous barrel allows for
efficient nanopipette procedures and automated positioning
using feedback control. Additionally, the dual-channel nano-
pipette enables exogenous molecule introduction before nano-
biopsy, expanding the potential applications for molecular
labeling and gene editing.

Despite significant advancements of cytoplasmic biopsy to
provide a direct measurement of the actual cell dynamics, this
method is constrained by its low throughput, low successful
rate (40%) and unsatisfactory gene detection sensitivity (2100
genes per million sequencing depth). Furthermore, it is
currently only applied for cell line analysis, and thus is
impractical for in vivo applications. Additionally, its accessi-
bility is hindered by the requirement for specialized hardware
and multidisciplinary skills for operation.
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3.3 Invivo cell labelling by fluorescence

This methodology labels cells with time anchors in vivo using
fluorescent antibodies® or cell type-specific reporters** with
a temporal expression pattern. Then the cells are sorted by FACS
according to the fluorescence signal related to the temporal
information and processed by scRNA-seq, enabling the capture
of cellular dynamics (Fig. 11A).

The Ido group proposed Zman-seq® by utilizing fluorescent
antibodies, which can add temporal information to scRNA-seq
data (Fig. 11B). By introducing fluorescent anti-CD45 anti-
bodies every 12 h, 99.5% circulating immune cells in the
vasculature are labelled with time stamps. Once these cells exit
the circulation and infiltrate tissues, they are protected from
being labeled again in subsequent rounds. After several days of
tracing, the immune cells are collected and profiled using FACS,
and fluorescent stamps on individual cells are utilized to
determine the time of tumor infiltration. By combining fluo-
rescent stamps with scRNA-seq, Zman-seq is capable of gener-
ating temporal maps of the immunosuppressive tumor
microenvironment. Therefore Zman-seq, as an in vivo scRNA-
seq technology, can elucidate immune cell-state transitions
and molecular trajectories over time and serve as an effective
tool for investigating how competent immune cells become
complicit in tumor development.
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Fig. 11

(A) The strategy of in vivo cell labelling by fluorescence to record different cells at different time points. (B) Schematic workflow of Zman-

seq that utilizes fluorescent antibodies at different time points to add temporal information to scRNA-seq data. This figure has been reproduced
from Cell, 2024, 187, 149-165 e123, with permission from Elsevier, copyright 2023.° (C) Schematic workflow of Gehart's method that leverages
cell type-specific reporters for temporal recording and combines scRNA-seq to study time-ordered trajectories during enteroendocrine
differentiation. This figure has been reproduced from Cell, 2019, 176, 1158-1173 e1116, with permission from Elsevier, copyright 2019.*
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(A) The schematic illustration of LINNAEUS which utilizes genetic barcodes for constructing the lineage tree of zebrafish line. This figure

has been reproduced from Nat Biotechnol, 2018, 36, 469—-473, with permission from Springer Nature Publishing, copyright 2018.# (B) A universal
CRISPR array repair lineage tracing (CARLIN) mouse line constructed by the introduction of Cas9-based scar. The mouse line can be applied in
phylogeny analysis, clonal tracing and analysis of functional heterogeneity. This figure has been reproduced from Cell, 2020, 181, 1693-1694,

with permission from Elsevier, copyright 2020.*

Gehart et al leveraged cell type-specific reporters for
temporal recording and combined scRNA-seq to study time-
ordered trajectories (Fig. 11C).* In order to investigate enter-
oendocrine cell development, a sequence encoding two fluo-
rescent proteins (red tdTomato and mNeonGreen) is inserted
downstream of Neurog3. During the early differentiation of
enteroendocrine cells in Neurog3Chrono mice, the transcrip-
tion factor gene Neurog3 is transiently expressed, along with
simultaneous expression of the red and green reporter proteins.
Since mNeonGreen has a faster decay rate than tdTomata, the
ratio of red to green fluorescence can be used to determine the
actual time interval after Neurog3 expression. Subsequently,
single neurog3Chrono cells with different fluorescence statuses
are sorted by FCS and profiled by scRNA-seq, enabling the
construction of an actual developmental map over time.

Overall, in vivo cell labeling by fluorescence has significantly
advanced the cell temporal recording and development trajectory
investigation. However, this methodology still faces several tech-
nical challenges. Firstly, the spectral overlap of existing dyes limits
the number of fluorescent time anchors that can be utilized.
Furthermore, the application of this methodology to human
samples is challenging. On one hand, in Zman-seq achieving
a high labeling efficiency similar to that in the mouse model is
difficult due to the abundance of circulating immune cells in the
human body. Additionally, potential toxicity associated with fluo-
rescent antibodies cannot be overlooked. On the other hand,
Gehart's method requires reporter cassette insertion into mouse
embryonic stem cells, which is not readily applicable to humans
due to ethical concerns.

19238 | Chem. Sci, 2024, 15, 19225-19246

3.4 Genetic barcoding

Genetic barcoding strategies are utilized to detect genetic muta-
tions shared by different cells in order to construct cell lineages
over a long timescale.*"*> With the development of CRISPR-Cas9,
numerous mutations can be generated at specific loci through
the design of targeted guide RNAs. Once a mutation is formed,
this genetic scar will be inherited by offspring cells and can be
identified through sequencing. By further combining genetic
barcoding with scRNA-seq, it becomes possible to profile the
lineage map with higher resolution than analyzing genetic scars
alone and in a more accurate manner than pseudo-time trajec-
tory reconstruction based solely on scRNA-seq data.

Spanjaard et al. developed LINNAEUS* (lineage tracing by
nuclease-activated editing of ubiquitous sequences) for simulta-
neous measurement of single-cell transcriptomes and lineage
markers in vivo. LINNAEUS targets a red fluorescent protein (RFP)
transgene in the zebrafish line zebrabow M, which has 16-32
independent integrations of the transgenic construct (Fig. 12A).
When Cas9 and sgRNA are injected into one-cell-stage embryos,
the genetic scars can be generated at an early time point in
embryo development with the loss of RFP. At a later stage, the
embryos are dissociated into a single-cell suspension for target-
ing sequencing of RFP scars and scRNA-seq in the same cells by
droplet microfluidics. By using this approach, developmental
lineage trees in zebrafish larvae and in liver, pancreas, telen-
cephalon and heart of adult fish are reconstructed.

Bowling et al. introduced Cas9-based scarring into mice and
established a universal CRISPR array repair lineage tracing
(CARLIN) mouse line (Fig. 12B).>* In this mouse model, 10
different gRNAs are designed to enable precise cleavage of

© 2024 The Author(s). Published by the Royal Society of Chemistry
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target sites when combined with Cas9, resulting in the gener-
ation of up to 44 000 transcribed barcodes in an inducible
manner at any point and thus providing clonal information.
When coupled with scRNA-seq, this model can be applied to
investigate the dynamics of the hematopoietic system, uncov-
ering previously unknown details of blood development during
embryonic development and observing the dynamic process of
blood replenishment in adult mice following chemotherapy.
Overall, the utilization of genetic barcoding through the
CRISPR-Cas9 system adds an additional layer to developmental
maps established by scRNA-seq, as clonal analysis enables the
detection of historical events that are nearly imperceptible
using methods solely reliant on transcriptional similarity
among cells. Nevertheless, the intricate design of gRNA and
potential off-target effects remain formidable challenges.

4 The applications with time-
resolved scRNA-seq

Time-resolved scRNA-seq has emerged as a powerful tool for
unraveling the intricate dynamics of biological processes. By
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capturing gene expression profiles at multiple time points, this
cutting-edge technology enables researchers to track the
temporal changes in cellular states and molecular pathways
with unprecedented resolution. In this section, we will provide
an overview of the emerging applications of time-resolved
scRNA-seq, which will disclose how these methodologies
explore the dynamics and mechanisms of immune response,
cancer progression, and embryonic development.

4.1 Dynamics of immune response

The immune response is initiated by multiple cells such as
lymphocytes and macrophages, which are in dynamic equilib-
rium to maintain the immune stability under normal immune
conditions.”® The appearance of the pathological state and
external stimulation can disturb the immune system, which
induces an immune response and then establishes a new equi-
librium state dynamically. Time-resolved scRNA-seq offers
a unique window into the dynamic interplay between immune
cells and their microenvironment during an immune response,
providing valuable insights into the underlying mechanisms
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Fig. 13 Applications of time-resolved scRNA-seq in studying dynamics of the immune response. (A) Zman-seq calculates the value of tumor
exposure time and reveals temporal NK cell trajectories in the tumor. The finding also reveals that the TREM2 antagonistic antibody reprograms
the tumor microenvironment (TME) by disrupting the transition from monocytes to TAMs. This figure has been reproduced from Cell, 2024, 187,
149-165 e123, with permission from Elsevier, copyright 2024.° (B) Schematic diagram for integrating Live-seq with live-cell imaging to detect the
immune response of individual macrophage cells. Single RAW264.7 cells are initially subjected to Live-seq and subsequently exposed to LPS
while tracking Tnf-mCherry fluorescence through time-lapse imaging. This figure has been reproduced from Nature, 2022, 608, 733-740, with

permission from Springer Nature Publishing, copyright 2022.%¢
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governing immune cell activation, differentiation, and functional
plasticity.

In vivo cell labeling by the fluorescence-based strategy can
reveal the alteration of cell composition, cellular status, and
molecular trajectories within the immune microenvironment.
Zman-seq’® investigates the dysfunctional immune system in
glioblastoma by introducing time stamps to circulating
immune cells and continuously tracking and documenting
transcriptomic dynamics data (Fig. 13A). Continuous tumor
exposure time (cTET) values are calculated and associated genes
are screened, uncovering the temporal trajectory of NK cells in
tumors and demonstrating that TGF-B signaling causes
a decline in NK cell toxic activity and promotes tumor immune
escape. Further study observes a strong correlation between
tumor exposure time and Trem2 expression. And the use of
antagonistic monoclonal antibodies to block TREM2 redirected
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monocyte differentiation from tumor-associated macrophages
(TAMs) to pro-inflammatory macrophages, suggesting that
myeloid reprogramming strategies can potentially be a prom-
ising way for immunotherapy.

The cytoplasmic biopsy strategy can delve deep into the
immune response process within an individual cell to address
immunodynamic questions. Cytoplasmic biopsy (Live-seq)*®
relates the ground-state transcriptomes to downstream molec-
ular and phenotypic features in single RAW264.7 macrophages
after the treatment of LPS (Fig. 13B). The result finds that the
expression of Nfkbia undergoes the most significant change in
the NF-kB pathway.* This founding indicates that the expression
of Nfkbia is a crucial driver for the heterogeneous LPS response
in macrophages and can serve as a transcriptional predictor of
TNF expression under LPS stimulation.
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4.2 Transcriptional changes of cancer

Cancer is a genetic disorder characterized by aberrations in
gene expression. The high mortality rate of cancer is mainly
ascribed to the rapid growth and frequent interaction of tumor
cells, and there is still a lack of effective treatment to completely
eliminate cancer cells. Time-resolved scRNA-seq can unveil the
complex temporal dynamics driving tumor progression and
metastasis. Furthermore, by dissecting the heterogeneity within
tumor ecosystems over time, researchers can gain deeper
understanding of how cancer cells evolve and adapt in response
to treatment pressures.

The metabolic labeling chemistry-based approaches can
disclose the drug treatment responsive regulation on transcript
expression patterns of cancer cells. Lin et al. applied Well-temp-
seq' to analyze the transcriptional dynamics of colorectal
cancer cells treated with the low-dose antitumor drug 5-AZA-
CdR. The results indicate that the 5-AZA-CdR induced global

© 2024 The Author(s). Published by the Royal Society of Chemistry

DNA demethylation results in the reactivation of tumor
suppressor genes and the inhibition of oncogenes. By further
applying SCENIC®**** to paired single-cell old and new tran-
scriptomes from Well-TEMP-seq, 95 co-regulated transcription
factors (TFs) are identified (Fig. 14A). And the three regulators
(STAT1, HEYL and PITX1) under 5-AZA-CdR treatment demon-
strate a synergistic enhancement of the antitumor effect of 5-
AZA-CdR treatment. Similarly, through the utilization of meta-
bolic labeling, Cao et al. employed Sci-fate® to explore the
cortisol response of over 6000 individual lung cancer cells. By
identifying the newly generated RNAs subsequent to dexa-
methasone (DEX) treatment, this method quantifies the
dynamics of transcription factors implicated in processes such
as the cell cycle and glucocorticoid receptor activation.

The cytoplasmic biopsy can uncover the subtype transition of
cancer cells. The previous report demonstrated that glioblas-
toma (GBM) brain tumor cells lie on an axis of proneural (PN) to
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mesenchymal (MES) cell subtype, and the percentage of subtype
transition influences the treatment effect (Fig. 14B).*® Marcuc-
cio et al utilized cytoplasmic biopsy for longitudinal tran-
scriptome analysis of single glioblastoma (GBM) brain tumor
cells before and after the chemotherapy and radiotherapy.' The
result indicates that untreated cells undergo subtype switching
in 7 out of 10 cases, while treated cells only switch in 1 out of 9,
suggesting that chemotherapy and radiotherapy either induce
or select more transcriptionally stable cells.

4.3 Trajectory of embryonic development

The development of an embryo is an extremely intricate and
sophisticated process. Throughout this process, diverse
signaling pathways and regulatory mechanisms collaborate to
guarantee that each step takes place in the correct sequence and
at the opportune time. Time-resolved scRNA-seq is a potent tool
that possesses the capability to disclose the sequential activa-
tion of genes and signaling pathways during embryonic devel-
opment and has significantly advanced our comprehension of
the trajectory of embryonic development. It enables researchers
to capture gene expression profiles at various time points
during embryogenesis, construct the developmental trajectories
of different cell lineages, and identify crucial regulatory events
and key transcriptional factors, offering valuable insights into
the dynamic alterations of cell differentiation, histogenesis, and
organogenesis.®”

The combination of pulse-tracking metabolic labelling with
3D in situ sequencing in TEMPOmap*® enables detection of cell
differentiation progress in human induced pluripotent stem
cell-derived cardiomyocytes (hiPSC-CMs) and primary human
skin cells derived from neonatal foreskin. The single-cell tran-
scriptome profiles of each cell type are traced by 5-EU before,
during, and after differentiation. It is noted that the marker
genes display a more rapid synthesis, nuclear output, and
a slower degradation rate in the corresponding cells compared
to other cell types. Since cell type marker genes are of crucial
importance for specialized cellular functions, this implies that
RNA dynamics regulation may prioritize the expression of the
most functionally significant genes or facilitate the elimination
of unrelated transcripts.

The acquisition of a cell atlas at various time points can also
describe a developmental trajectory during embryogenesis.®®
Chen et al established spatial enhanced resolution omics
sequencing (Stereo-seq)® and applied it for constructing
a mouse organogenesis spatiotemporal transcriptomic atlas
(MOSTA). Stereo-seq documents the dynamics and orientation
of single-cell transcriptional variation during mouse embryo-
genesis at eight time points from day 9.5 (E9.5) to day 16.5
(E16.5) (Fig. 15A). Consequently, spatial cell heterogeneity and
normal or abnormal development mechanisms can be
comprehensively understood during embryonic development.
This strategy has also been applied to construct the develop-
mental atlas of Zebrafish,* Axolotl** and Drosophila.”

Genetic barcoding strategies enable the lineage tracing in
different species through linking the offspring with the parent.
Spanjaard et al utilized LINNAEUS* for reconstructing
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developmental lineage trees in zebrafish larvae. As LINNAEUS
can introduce genetic scars to identify the offspring, the
computational reconstruction of lineage trees at the single-cell
level becomes feasible, which is represented in a condensed
form by indicating fractions of cell types as pie charts (Fig. 15B).
Through this approach, the researcher can investigate the
development of the lateral plate mesoderm and discover that
putative definitive hematopoietic cells share a common lineage
origin with endothelial cells. Furthermore, through the study of
the various organs of adult fish, a distinct separation of the
individual organs is found. And at the cellular level, immune
cells from different organs are clustered together in the lineage
tree.

5 Conclusions

Cells undergo continuous transformation under both physio-
logical and pathological conditions. scRNA-seq is capable of
revealing the differences of cells; however, it presents chal-
lenges in connecting the individual cell states at different time
points. Although computational methods based on scRNA-seq
data have been proposed for trajectory analysis, the result is
based on assumptions and cannot reflect the actual situation.
Experimental methods with the ability to introduce “time
anchor” into the scRNA-seq library can infer specific events
beyond the actual sampling time. In this review, we have
provided a comprehensive overview of current time-series
scRNA-seq and its applications for documenting temporal
information.

The metabolic labeling chemistry focuses on detecting
nascent RNAs within several hours, which is suitable for
investigating the rapid-response transcripts after certain
stimuli. Cytoplasmic biopsy centers on revealing the alteration
of the RNA expression pattern within the same cell, therefore
enabling the study of a short-term (ranging from several hours
to days) cell transition. In vivo cell labeling through fluorescence
and genetic barcoding-based strategies primarily investigate the
diverse cell types emerging along time trajectories and the
relationship between the parent and offspring, thereby identi-
fying a long-term evolutionary trajectory. During the prepara-
tion of this review, single-cell global run-on and sequencing
(scGRO-seq) was reported, where nascent RNAs are selectively
labelled across genome-wide transcriptomes through a nuclear
run-on reaction in the presence of 3’-(O-propargyl)-NTPs
compatible with CuAAC conjugation.®” This method provides
another approach for the capture of mRNAs being transcribed
at the precise moment. As researchers continue to explore these
cutting-edge methodologies, it is essential to consider their
specific research objectives and biological questions when
selecting an appropriate approach.

Despite the advancement of time-resolved scRNA-seq, there
are still many directions that can be further explored in the
future. Firstly, the integration of time-resolved scRNA-seq with
other omics analysis is a highly active area of research. By
combining transcriptomic data with epigenetic and proteomic
information, researchers can gain a more comprehensive view
of how individual cells function and interact within complex
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biological systems. Furthermore, multi-dimensional omics
approaches enable the construction of more accurate models to
capture the intricate trajectories of cellular processes. More-
over, multi-omics can elucidate the precise timing of various
regulatory events, such as how chromatin accessibility affects
transcript expression.

Secondly, the integration of time-resolved scRNA-seq with
spatial transcriptome information enables a comprehensive
understanding of cell dynamics within their specific spatial
locations. This approach not only provides valuable insights
into the molecular profiles of individual cells but also reveals
crucial details about their interactions and communication
within the complex microenvironment. By combining these two
datasets, researchers can uncover how different cell types are
distributed across tissues or organs, as well as how they tran-
sition between states in response to various stimuli. Further-
more, this integrated analysis holds great potential for
advancing our knowledge of biological systems by elucidating
the impact of spatial context on cellular behaviour and
function.

Thirdly, it is necessary to further promote the automatic
process and commercial progress of time-resolved scRNA-seq
for broader applications. Currently, time-resolved scRNA-seq
is in the nascent stage, and these methodologies have not
been effectively promoted, lagging far behind the commercially
prevalent scRNA-seq and spatial transcriptome.®*’ It is antici-
pated that in the near future, time-resolved scRNA-seq will
become more accessible, facilitating the reconstruction of
dynamic models of biological processes in both basic and
clinical research.
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