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An emerging body of research by biologists and clinicians has demonstrated the clinical application of

small extracellular vesicles (sEVs, also commonly referred to as exosomes) as biomarkers for cancer

detections. sEVs isolated from various body fluids such as blood, saliva, urine, and cerebrospinal fluid have

been used for biomarker discoveries with highly encouraging outcomes. Among the biomarkers discovered

are those responsible for multiple cancer types and immune responses. These biomarkers are recapitulated

from the tumor microenvironments. Yet, despite numerous discussions of sEVs in scientific literature, sEV-

based biomarkers have so far played only a minor role for cancer diagnostics in the clinical setting, notably

less so than other techniques such as imaging and biopsy. In this paper, we report the results of a pilot

study (n = 10 from each of the patient and the control group) using bronchoalveolar lavage fluid to

determine the presence of sEVs related to non-small cell lung cancer in twenty clinical samples examined

using surface enhanced Raman spectroscopy (SERS).

Introduction
Clinical and societal burdens of lung cancer

A simple but sensitive liquid biopsy platform has the
potential to make cancer screening more accessible to a wider
variety of patients.1,2 This is one of the great unmet clinical
needs for early detection diagnostics, particularly for lung
cancer.3,4 Lung cancer is the single deadliest cancer
regardless of gender or ethnicity. However, when caught in
early stages, survival rates of lung cancer greatly improve.5

The current 5 year survival rate of lung cancer is about 22%,
which is significantly lower than other leading cancers:
colorectal cancer-65%; breast cancer-92%; and prostate
cancer-98%.6,7 American Cancer Society also lists non-small
cell lung cancer (NSCLC) as accounting for almost 85% of all
lung cancers. Lung cancer is mostly asymptotic in its early
stages, which generally means that when symptoms present

and a low-dose CT scan (LDCT) is ordered, the quality
adjusted life expectancy (QALE) is 3.6 years.8 Using the
surveillance, epidemiology, and end results (SEER)-medicare
database and drug costs, the societal burden of treating a
stage IV patient is at least twice as much as a stage I lung
cancer patient. Private insurance costs are extrapolated to
mirror similar proportionality.9,10 From a purely healthcare
economics perspective, this results in higher insurance
premiums across the risk pool. But, more importantly, from a
humanitarian perspective, the treatment options become
dismal as the disease progresses, with most late-stage
diagnoses resulting in a poor prognosis. sEV detection via
liquid biopsy has the potential to transform the diagnostic
and treatment paradigms for lung cancer by making lung
cancer screening more accessible to unscreened high-risk
populations.11,12

The current standard of care for screening lung cancer is
the LDCT scan. However, 93% of the U.S. Preventive Services
Task Force's recommended 15 million high-risk populations
are not being screened, even before the COVID-19 pandemic
paused routine screenings.13,14 The National Lung Screening
Trial demonstrated a 20% decrease in mortality by using
LDCT as a screening modality.14 However, less than 7% of the
at-risk population actually receive the LDCT according to the
United States Preventive Services Task Force and the
American Lung Association. Simpler screening could
overcome resource limitations, reduce the need for annual
radiation exposure associated with even a LDCT
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(approximately 20× conventional X-ray), detect lung cancer
earlier and improve patient outcomes.

With the well-known limitations of imaging technologies
in cancer diagnostics, alternative non-invasive biomarkers
are needed.15,16 Clinical partners have remarked that the
problem is not the presence of nodules (which can be
detected via a static snapshot with LDCT); the problem are
the nodules which are increasing in size over time (which
require more innovative detection technologies).
Longitudinal monitoring via liquid biopsy complements
imaging capabilities and can also track minimal residual
disease.17,18 The LDCT is a complex protocol requiring
extensive equipment capital expenditure, nurses, and trained
radiologists to interpret the results. Going global, screening
becomes even more impractical and inaccessible in
undeveloped regions, with lung cancer still claiming almost 2
million lives every year, according to the World Health
Organization. The situation calls for a lung cancer screening
technique which increases screening compliance and ensures
more accessible screening opportunities, particularly in low-
resource settings. This technique has the potential to be
deployed for population-screening. LDCT together with tissue
biopsy may be ordered as part of traditional confirmation
diagnostics when the signals from the tumors are revealed.
Among the alternative cancer detection techniques, liquid
biopsy, a minimally invasive cancer detection method based
on bodily fluids, has the potential to fulfill some of the
unmet needs.

A new class of liquid biopsies

Small extracellular vesicles (sEVs), are cell-released vesicles
(30–150 nm in diameter) that are present in many bodily
fluids. sEVs carry biochemical information representing their
parental cells and simultaneously regulating the activities of
recipient cells. Cancer cells are known to release significantly
upregulated sEVs, making sEVs an ideal biomarker for liquid
biopsies.19,20 The lipid membranes of sEVs protect their
contents from enzymatic degradation while being trafficked
throughout the body, thus preserving diagnostic
specificity.21,22 sEVs have attracted attention in recent years
specifically because of their potential in disease diagnosis
and treatment monitoring, making them promising targets
for liquid biopsy-based disease detections, including cancer.

Techniques for sEV isolation

sEV isolation protocols play an important role in vesicular
studies to separate and purify the sEVs from other biological
substances. Before biochemical characterization of the
contents, sEVs first need to be isolated from biofluids in
order to obtain purified vesicles. Currently, two types of
isolation principles are primarily used for sEV isolation. One
method isolates sEVs based on their physical properties such
as size and density.23 Differential and density gradient
ultracentrifugation are the predominant vesicle isolation
techniques based on physical properties.24,25 Other

techniques using this principle include size exclusion
chromatography, ultrafiltration, and microfluidic isolations.
There is a concentrated effort to improve the yield, purity and
scalability of physical property-based sEV isolation.26,27

Another approach involves immune-based sEV isolation to
separate by specific vesicle population surface markers.28

Immunocapture and immobilization harvest the target sEVs
and irrelevant substances are removed by gentle washing.29

Popular sEV protein markers currently include CD9, CD81,
and CD63, with new markers actively being developed.30,31

Techniques for sEV analysis

Once the sEV isolation process is complete, the next step is to
characterize the sEVs for disease detection/diagnosis purposes.
Nanoparticle tracking analysis (NTA) is used to render the size
distributions of the isolated vesicle populations.32,33

Transmission electron microscopy (TEM) and/or scanning
electron microscopy (SEM) are applied to show the vesicle
morphologies, especially the cryo-TEM which clearly renders the
sEVs' lipid membrane.34 After characterizing the vesicles'
physical properties, biochemical analysis is necessary for
examining the contents carried by the sEVs.

Western blot still holds as the gold standard for proteomic
characterizations of sEVs. It provides the quantitative
difference between different vesicle groups on specific target
protein markers. As a bulk analysis technique, the major
challenge for western blot comes from the population
averaging that could lose distinguishing information among
individual vesicles within a particular group.35,36

Genomic analysis is another popular aspect for sEV content
studies. Conventional methods include polymerase chain
reaction (PCR) and sequencing. PCR is common in genomic
analysis of sEVs where primers that are paired to the target
DNA are used to initiate the process and over 2 million copies
of the target DNA can be achieved in 20 heat cycles.37 This
provides genomic characterizations with high specificity.
Sequencing is normally used for detecting different genomic
targets especially in RNAs. Based on the initial concepts, the
next generation sequencing (NGS) was developed to improve
the capacity and reduce the time consumption in detections.
Progress in genomic technologies is pushing the detection limit
to a single cell or even single vesicle level. Collectively genomic
techniques provide information about the specific DNA/RNA
targets both qualitatively and quantitatively inside sEV
populations. Similar to western blot, the requirement to lyse
samples during genomic analyses imposes the risk of losing the
small, but significant differences among individual vesicles,
especially when the existence of sEV subpopulations has been
widely recognized.38,39

Flow cytometry is another popular technique for sEV
characterization because of two major benefits, single-vesicle
sensitivity and relatively short processing time.40 Labeling of
the vesicles is normally required before transferring the
samples to the flow cytometer.41 Then the process will sort
out the vesicle group based on the label/marker with high
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specificity. There is effort underway to push the detection
limit below the particle sizes of 100–300 nm and improve the
capability to multiplex.42,43

SERS for sEV analysis

Alternative technologies, including Raman spectroscopy, have
demonstrated the potential to characterize sEVs based upon
their biochemical composition, at the single vesicle level.44

Raman spectroscopy provides the structural “fingerprints” of
the measured molecules through the interaction between the
laser and the substances triggering Raman scattering.45 The
“fingerprints” are reflected by the spectra collected for the
corresponding substances measured. Traditionally, Raman
spectroscopy is used in materials engineering to identify
molecules and has been used for biological sensing in recent
decades. One of the major challenges for Raman spectroscopy
is its low probability of achieving the Raman scattering effect,
about one in a million during the laser–molecule
interactions.46 To overcome this challenge, surface-enhanced
Raman spectroscopy (SERS) has been developed, triggering
surface plasmon by nanometallic structures.47,48 A body of
work has shown the potential of SERS to analyze sEVs for
detecting cancers, including but not limited to breast,
pancreatic, lung, and gastric with the sensitivity and the
specificity both over 80% or even 90%.49–55 Our previously
designed SERS substrate has demonstrated single-molecule
sensitivity.56,57 The platform was utilized to illustrate the
distinguishing p53+/+ and p53 −/− colon cancer cells,
indicating its applicability for cancer detections.58 Further, we
found that such sensitivity was essential to spectrally measure
and separate the cell released sEVs signals sizing at the
nanoscale. The platform has been successfully used for
analyzing individual sEVs from different sources,
demonstrating the distinguishability among different vesicle
groups.59 With the quadruple dependence of SERS intensity
on the local electromagnetic field intensity, a signal from a
single ‘hotspot’ dominates. Our gold nanopyramid correlates
the ‘hotspot’ sizes to the sEV sizes (∼80–150 nm), enabling
the substrate to collect the SERS signal from individual
vesicles one at a time.59,60 Since sEVs are highly complex and
decorated by numerous proteins, a single-vesicle analytical
technology like SERS is essential for proper characterization
and cataloguing.

Scope of the study

In this study, we apply the sEVs collected from
bronchoalveolar lavage (BAL) onto our substrate to explore
the feasibility of NSCLC detection via SERS measurements of
BAL sEVs. Published works have illustrated the feasibility of
BAL derived sEVs for cargo/content-based analysis (e.g.,
protein and RNA/DNA expressions discrepancies) between the
NSCLC patients and non-cancer control individuals.61–64 The
referenced body of literature indicates that the BAL derived
sEVs hold the potential as the source for NSCLC detection
but little has been done from the single-vesicle perspective.

Although expected to have low sEV concentration due to its
nature of procuring,65,66 BAL is directly from the lungs that
there is less likelihood of vesicles from other organs based on
the current understanding of the sEV biogenesis.67–69 These
purer, lung-derived sEVs allowed us to focus on precise sEV
populations with less contamination. BAL used in this study
is a bridge towards establishing a non-invasive liquid biopsy
in that it elucidates the existence of EVs of diagnostic value,
which are expected to find their ways to body fluids such as
blood. This is despite of the fact that harvesting BAL is not
completely noninvasive. Our assay successfully distinguishes
NSCLC from controls after a machine learning (ML) algorithm
processed the SERS spectral output. To elucidate the
distinguishability between the cancer group and the non-
cancer control group, both cross-validation and blind tests
have been performed. The results further demonstrate the
sensitivity of the SERS platform in detecting sEVs in a low
vesicle concentration environment. As a pilot study, we show
that the SERS spectral features collected from the sEVs in the
bronchial washes hold the potential for NSCLC detection.
Most importantly, the methods used in this study are feasible
for analyzing sEVs in other biofluids (e.g., saliva, urine, or
blood) for disease detection.

Materials & methods
Demographics of BAL sample donors

The participant ages ranged from 20 to 80 and included an
equal ratio of males to females with 20% identifying as
Hispanic. To complete the study in a timely manner, we kept
smoking history as a variable and still obtained almost half
smokers v. nonsmokers. We ensured the disease samples (n =
10) were representative of diagnoses across all NSCLC stages,
from stage I to stage IV. The control set (n = 10) was not
NSCLC diagnosed.

sEV isolation

Bronchoalveolar lavage fluid samples were stored in the
freezer (−20 °C) upon arrival. The isolation process involved
size-exclusion chromatography (SEC) using columns
purchased from IZON Science. The samples were thawed at
room temperature before isolation. A sterile syringe filter
(Millex-GP Filter, 0.22 μm) was used to remove the remaining
tissue or precipitates in the samples before loading samples
into an IZON column (qEV10/35 nm) for sEV separation.
Sample load volume was set up at 10 mL and phosphate-
buffered saline (1× PBS) was used as the medium buffer in
the equilibration, elution, and flush process. For detailed
information, please refer to the vendor's manual. Isolated
sEVs were stored in vials and kept in the −20 °C freezer for
future use.

SERS substrate fabrication

SERS platforms were fabricated according to the method as
we previously reported.56 First, a single layer of self-
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assembled polystyrene (PS) balls (∅ 500 nm) was generated
on a surface of DI water using the Langmuir–Blodgett
patterning. The layer was then transferred to a 4″ (001)
silicon dioxide wafer with a top oxide layer thickness of 50
nm. Next, a layer of 50 nm of Cr was deposited using electron
beam deposition followed by the removal of PS balls using
chloroform. The exposed SiO2 were etched using reactive ion
etching to selectively expose Si. Next, the exposed silicon was
etched using KOH. Inverted nanopyramids with sidewalls at
57.5-degree angles were created because of different etching
rates along the [001] and [111] directions of silicon. The
model was finished by removing the residual Cr and SiO2

using 48% HF solution. Then, 200 nm of gold film was
deposited onto the pitted surface by electron beam
deposition and bonded to a carrier wafer using epoxy before
lifting off.

Raman measurement

After sEV isolation, 5 μL of each sEV sample solution was
transferred onto the SERS substrate using a micropipette. A
Reinshaw inVia Raman spectrometer was used for
measurements in this study. All measurements were
performed at room temperature. The laser excitation
wavelength was 785 nm. The power used was 5 mW. Before
usage, the system was first calibrated using the 520 cm−1

peak of silicon. The exposure time was 0.2 s to avoid sample
overheating. For collecting SERS spectra from multiple sEVs,
a Raman mapping measurement was performed over a 1.2
mm × 1.2 mm square with respect to the center of each
sample droplet. The step width was 5 μm to avoid double
collecting.

Scanning electron microscopy (SEM)

SEM used in this study was Nova 230. The acceleration
voltage was 10 kilovolts. The working distance was ∼5.0 mm.
The images were taken at the magnification between 45 000×
and 55 000× (see Fig. 2). The electron detector used was TLD
(through the lens detector) to obtain the signal from the
secondary electrons.

SERS spectral analysis

On average, 30 different sEVs were obtained for each sample
to produce spectra with 1129 Raman shifts in the range from
552 to 1681 cm−1 (biological information rich region).
Preprocessing steps were applied to alleviate the spectral
signature fluctuations caused by sample variations, SERS
platform heterogeneity and instrument fluctuation.
Particularly, fluorescence background subtraction and noise
reduction were performed by batch processing based on
asymmetric least square fitting and Savitzky–Golay filtering,
followed by min–max normalization that proportionally
compresses the original intensity range to [0, 1]. To reveal the
spectral differences among the three cell line groups,
standard linear discriminant analysis (LDA) was used to
reduce the dimensionality for better visualization on a

2-dimensional plot. For machine learning model
development, predictive model establishment by supervised
learning or classification was the core for the proposed
technology. It required appropriate complexity of the
classifier to prevent both underfitting and overfitting for the
purpose of generalizing the characteristic signature
effectively. We used the conventional but powerful algorithm
support vector machine (SVM) for classification tasks.
Unsupervised learning or clustering analysis was performed
by Hierarchical clustering analysis with customized distance
metrics. It investigated the intrinsic similarities among the
analytes SERS signature and serves as an auxiliary to
classification. Repeated leave samples out cross validations
were then applied to optimize the model settings, followed
by blind tests for evaluating the clinical applicability.

Results and discussion
Experimental flow

The experimental flow of this study is shown in Fig. 1. We
performed a twenty-participant UCLA Institutional Review
Board (IRB) approved study that leveraged the availability of
excess bronchoalveolar lavage (BAL) fluid in samples taken
from patients suspected of lung cancer. sEVs were then
isolated using size-exclusion chromatography (SEC). The
isolated sEV solutions were transferred onto the SERS gold-
nanopyramid substrate before measurements. We used 5
microliters per sample droplet per SERS measurement. SERS
spectra from individual sEVs were then collected. On average,
spectra from 30 individual sEVs were collected from each of
the samples. Following confirmed clinical diagnosis, the
SERS spectra from the collected sEVs were used to train a
customized algorithm to recognize spectral “fingerprints”
associated with patients diagnosed as having non-small cell
lung cancer/adenocarcinoma (hereafter, NSCLC) or patients
identified as not having NSCLC. An intermediate researcher
then provided additional samples to the data scientist
without revealing the clinical diagnosis for use as a test set.

Samples overview

Fig. 2 exhibits an overview of the sEV samples and the SERS
gold-nanopyramid substrate used in this study. The
transmission electron microscope (TEM) image of the vesicle
is shown in Fig. 2a. The image was taken in the cryo-EM
mode which clearly resolved the lipid membrane of the
vesicle. In addition, the image validated the vesicle sizes fell
in the range of sEVs. The scanning electron microscope
(SEM) images of the SERS substrate before and after sample
introduction have been shown in the Fig. 2b and c
respectively. Fig. 2b shows the gold nanopyramids array and
Fig. 2c indicates that the vesicles lie in between individual
nano-pyramids. The lower quality of resolution in Fig. 2c
comparing to Fig. 2b could be attributed to the charging
effect caused by the phosphate buffer solution (PBS) crystals
lying on top of the substrate.

Sensors & Diagnostics Paper

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 3

0 
O

ct
ob

er
 2

02
2.

 D
ow

nl
oa

de
d 

on
 9

/1
8/

20
24

 9
:4

4:
45

 A
M

. 
 T

hi
s 

ar
tic

le
 is

 li
ce

ns
ed

 u
nd

er
 a

 C
re

at
iv

e 
C

om
m

on
s 

A
ttr

ib
ut

io
n-

N
on

C
om

m
er

ci
al

 3
.0

 U
np

or
te

d 
L

ic
en

ce
.

View Article Online

http://creativecommons.org/licenses/by-nc/3.0/
http://creativecommons.org/licenses/by-nc/3.0/
https://doi.org/10.1039/d2sd00109h


94 | Sens. Diagn., 2023, 2, 90–99 © 2023 The Author(s). Published by the Royal Society of Chemistry

Linear discriminant analysis (LDA) on SERS signatures

LDA was used to reveal the distinguishability between the
spectra collected in the NSCLC patient group and the non-
NSCLC control group. Such analysis renders the spectral
distinguishability before projecting onto a 2D map for better
visualization. A 2D rendering is necessary given the
complexity of SERS output. Each SERS spectrum was treated
as a point in the 1129-dimensional space corresponding to
the 1129 wavenumbers of each SERS spectrum (1 sEV = 1129
vectors per spectrum). Next, these “points” were grouped into
clusters based on their Euclidian distance from one another.
Fig. 3a exhibits the LDA analysis plot on the SERS spectra
collected from sEVs between the cancer and the control
group. Each plotted dot represents a single SERS spectrum
collected from a single sEV. The spectral differences were
measured by the Euclidian distances that separated the dots.
Cumulatively, the dots self-clustered according to their
origin, indicating spectral distinguishability. Zooming in to
the cancer cluster, we compared the spectra collected in
NSCLC patients with early and late-stage cancer. The LDA
plot shown in Fig. 3b also elucidates the spectral
distinguishability between the early and late-stage patient
groups. Collectively the LDA graphs illustrate the potential of
using SERS spectra of individual sEVs derived from BAL for

detecting NSCLC. Our results indicate the spectral
distinguishability between both the control and cancer
groups, and also between the early and late-stage NSCLC
groups.

Model training and blind test using support vector machine
(SVM)

To explore the clinical applicability of our SERS platform, a
blind test was performed. SVM was used to provide the
machine learning (ML) model training and testing. SERS
spectra collected from 6 donors in each of the patient and
the control group (total n = 12) were used as the training set
and the SERS spectra collected from the rest of the 8
individuals (4 patients and 4 controls) were left out as the
test set. Here the operator for SVM analysis of the SERS
spectra was kept “blind” to the diagnosis results until testing
concluded. Fig. 4 shows the schematics of model training
and testing.

That cancer cells secrete cancer-cell specific sEVs leads to
a natural conclusion that the anticipated composition of sEV
populations isolated from biofluids will include disease
specific sEVs. However, the disease population is known to
be mixed with normal sEV populations in the biofluids.
Given this co-existence of healthy and unhealthy sEV

Fig. 2 a) Cryo-EM image of sEVs; b) SEM image of the SERS gold nanopyramid substrate; c) SEM image of the SERS gold nanopyramid substrate
after sample introduction.

Fig. 1 Experimental flow of single-vesicle SERS analysis of sEVs from BAL.
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populations, ML training based on SERS spectra collected
from individual sEVs would cause a mislabeling issue that
impedes model accuracy. To overcome this in the study, we
first relabeled the sEVs as shown in Fig. 4a. The relabeling
process was through a spectral feature comparison between
the spectra from NSCLC patients and the controls. The
“common” spectra, indicating the existences of the normal
sEVs, in the patient group are relabeled as control. We
acknowledge that the limited control data size makes it
challenging to parse all the normal spectra in the patient
group. However, the principles behind this process help
partially correct the mislabeling issue and significantly
improve model accuracy.

Fig. 4b shows the ML schematic for model training and
blind testing based on relabeled data. The classification
model was built on the training set of 12 individuals, 6
from each group. Then, the model was applied to predict
every donor in the test set whether the person was likely to

be a NSCLC patient or a control. The predicted result was
then compared with the actual clinical diagnosis. The SVM
model correctly predicted all the diagnosis results of the 8
individuals in the test set based on SERS spectra collected
from the BAL derived sEVs. As a proof-of-concept, our
results suggest the clinical applicability of the SERS
platform to analyze sEVs for NSCLC detection. This ML
platform would benefit greatly from samples with a higher
sEV count (the recent bronchoalveolar lavage study had an
average sEV count of 30 with a median of 22) on the vesicle
concentrations of the sample biofluids. Future studies
involve improving the throughput on both sample sizes and
sEV count per sample. Nonetheless, our study clearly
illustrates the potential of using label-free single-vesicle
SERS to detect and predict NSCLC based on sEV
subpopulations. The methodology involved in this work has
the potential for disease detection other than NSCLC with
specific validations.

Fig. 4 a) Schematic of SERS spectra relabeling; b) SVM model training and blind testing.

Fig. 3 a) LDA analysis results of SERS spectra collected from sEVs between NSCLC patients and controls; b) between early stage and late stage
NSCLC patients.
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Conclusion

BAL-based liquid biopsy is invasive, but BAL has the distinct
advantage of sEV purity with most sEVs likely secreted from
lung cells as opposed to sEVs from other organs. The reason
we studied BAL is to conclusively establish the biomarker
value of lung-derived sEVs. This is the foundation for
subsequent studies aimed at noninvasive biofluids such as
blood, saliva, and urine. The fact that the platform is capable
of detecting sEVs from BAL suggests a strong potential for
handling bodily fluids with low vesicular concentrations
considering the vesicle counts we obtained. We successfully
demonstrated that anomalous sEVs are detectable using the
platform's nanotechnology protocols with clinical samples
from lung cancer patients, and not detectable in the control
group. This BAL pilot study allowed us to intentionally stress-
test the platform and still achieve positive results which
bodes well for further studies using biofluids with known
higher vesicle concentrations. The inherent non-destructive
biochemical analysis of single vesicles via SERS makes this
biosensing platform powerful when carefully combined with
the appropriate ML algorithms.
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