
Sensors &
Diagnostics

PAPER

Cite this: Sens. Diagn., 2022, 1, 1032

Received 5th June 2022,
Accepted 16th July 2022

DOI: 10.1039/d2sd00100d

rsc.li/sensors

Sensitive rGO/MOF based electrochemical sensor
for penta-chlorophenol detection: a novel
artificial neural network (ANN) application†

Hicham Meskher, *a Fethi Achi, a Sohmyung Ha,bc Bahria Berregui,a

Fatiha Babaninia and Hakim Belkhalfad

Hazardous phenols including penta-chlorophenol (5-CP) are considered an emerging global issue because

they are toxic and harmful not only to the environment but also to the human health. Hence, detection of

5-CP traces is crucial for the safety. Compared to other analytical tools, electrochemical sensing

approaches are cheap, fast, robust, and accurate in reliable characterization, identification, and

quantification of 5-CP. For this purpose, this paper reports for the first time a novel synthesis procedure of

an outstanding nanocomposite rGO/MOF and investigates its applicability to 5-CP identification. The

synthesized materials were characterized by using scanning electron microscopy (SEM), X-ray diffraction

(XRD), and X-ray fluorescence (XRF). The electrochemical analysis of the developed sensor using cyclic

voltammetry (CV), electrochemical impedance spectroscopy (EIS), and square wave voltammetry (SWV)

demonstrate that the synthesized sensor had a high electrical conductivity and a significantly high catalytic

activity. At a potential of 0.7 V (vs. SCE), 5-CP exhibits distinct oxidation peaks in the measured CV curves.

The sensor works well over a wide linear range of 5-CP concentrations ranging from 50 μM to 200 μM. It

achieves a sensitivity of 3.4 nA nM−1 and a limit of detection of 75.63 nM, while the quantification limit is

estimated to be around 254.54 nM. In addition, an artificial neural network (ANN) algorithm was developed

and used to analyze the experimental data and offer an accurate estimation of 5-CP concentrations. The

obtained results of the sensor are promising for the development of a low-cost 5-CP sensing system for

in-field investigations (screening) of aquatic environments requiring the detection of environmental

hazards.

Introduction

Organic pollution has been a global problem with substantial
impacts on human health and the ecological system. Several
studies showed that the presence of pentachlorophenol
(5-CP), which is one of the most prominent phenol
contaminants, in water is a critical issue.1,2 5-CP is extremely
soluble in water, so it is much easier to pollute aquatic
environments. 5-CP is also neurotoxic, mutagenic,

teratogenic, and immunosuppressive due to low degradability
and thermal stability. Moreover, at high doses, 5-CP can
inhibit several essential enzymes and may also cause even
DNA damages.3,4

Quantification of 5-CP necessitates highly sensitive and
selective analytical tools due to its low degradability and high
toxicity. For quantitative monitoring of 5-CP, precise and
reliable determination methods based on several
chromatographic techniques have already been proposed.5–8

However, they are expensive and time-consuming, need a
skilled operator, and are hard to implement.9,10 Alternatively,
spectrophotometry has been investigated for 5-CP sensing.11

Despite their simplicity, speed, and low cost, the
spectrophotometry-based methods gravely lack the selectivity.

On the contrary, electrochemical techniques provide
sensitive platforms for determining phenolic compounds in a
simple, quick, affordable, and selective manner.12–14

Electrochemical sensors have been widely used in the
development of sensitive and selective instruments due to
their high specific recognition, adsorption capacity for
analytes, and chemical stability. Thus, electrochemical
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sensors have become a hot research topic as the
nanotechnology and material science have advanced.15 As a
result, electrochemical sensors based on advanced materials
and novel composites have been attracting huge attention.16

Such advanced materials include metal and metal oxide,17

carbon nanotubes,18 metal–organic frameworks (MOF),19 and
graphene20 and graphene oxide.21 Many of the sensors based
on these materials have exhibited excellent sensitivity, low
detection limit, fast response, and good selectivity in the
detection of phenolic compounds.

Metal–organic frameworks (MOFs), which are one of such
advanced materials, are made up of organic ligands and
inorganic crystalline metal nodes.19 MOF-based
electrochemical sensors have been recognized as a highly
prospective instrument for determining numerous chemicals
and biomolecules due to their huge specific area, numerous
reactive sites, and excellent catalytic activity.22,23

Nevertheless, the isolating features of the organic ligands
and the d-orbital engagement of coordination ions between
the metal ions and organic ligands hinder electrons from
delocalizing properly across the whole framework. As a result,
MOFs have low conductivity and poor stability, limiting their
applications in these domains. To avoid these problems,
MOFs can be combined with other carbon-based materials,
which can serve as supporting backgrounds, such as
graphene, reduced graphene oxide (rGO), graphene quantum
dot, and CNTs.24–30 Graphene is one of the most frequently
used supports due to its remarkable properties, such as high
surface area, porous structure, and good mechanical and
outstanding electrical properties.31,32

As one of the popular conducting nanomaterials, rGO
features its simple synthesis process, high conductivity,
environmental stability, and biocompatibility.33,34 It is
chemically inert and atomically smooth, thus hindering the
adherence of active substances to the electrode surface and
reducing electrode fouling. Hence, rGO is considered a
promising material for the transportation of ions and
electrons during electrochemical reactions. Moreover, rGO
has benefits over graphene in the electron transfer rate,
π-electron distribution, biocompatibility, density at active
sites, and adsorption capacity.14

Besides, to predict and simulate the performance of the
sensors quantitatively, various numerical simulations have
been used, such as principal component analysis (PCA),
multiple linear regression, partial least squares, and artificial
neural network (ANN). Among these approaches, ANNs are
considered efficient in quantitative prediction of (i)
undetectable low concentrations that are too close to the
sensor's detection limit (LOD) and (ii) the relationship
between these concentrations and their exact responses.
Moreover, ANNs have been widely employed to address the
problem of response overlapping in a variety of applications,
including healthcare applications,35 water acidity
prediction,36 water quality analysis,37 and evaluation of the
state of charge of lithium-ion batteries.38 However, no
scientific papers have been published to date on 5-CP

prediction using an ANN to overcome the sensor sensitivity
limits. Therefore, in this work, by utilizing an ANN model,
low concentrations of 5-CP from the sensor responses were
predicted. The model's predictions under dynamical variables
are presented and explored.

We herein present a novel three-dimensional (3D) MOF-
based sensor for extremely sensitive 5-CP monitoring. The
preparation methods presented in this work are quick, low-
cost, and environmentally clean. In addition, they ensure the
chemical stability of the synthesized nanomaterials. To
improve the conductivity and the electron transfer of the
sensing platform, the prepared MOF was doped with rGO.
Furthermore, this paper also describes an ANN model that
predicts 5-CP concentrations.

Methods
Chemicals

Monosodium and disodium phosphate, pentachlorophenol
(5-CP), graphite, and other chemicals including ethanol and
sodium hydroxide (NaOH) were obtained from Sigma-Aldrich.
All the chemicals used in this work were at the analytical
grade, and all the solutions were prepared using deionized
water (DW).

Instrumentation

The electrochemical experiments were conducted with a
dynamic potentiostat (Metroohm Nova 2.0). A typical three-
electrode system was used for the electrochemical detection
of 5-CP. The integrated gold electrode (AuE) was used as the
working electrode, a platinum electrode as the counter
electrode, and an aqueous saturated calomel electrode (SCE)
as the reference electrode. The synthesized nanoparticles and
nanocomposites were confirmed and characterized by XRD
and XFR (OLYMPUS BTX-716). Their surface morphology was
studied using SEM analysis (ZEISS Ultra-55).

Nanomaterial synthesis

Synthesis of reduced graphene oxide. Graphene oxide
(GO) was prepared using Hummer's process.18 In an ice bath,
1 g of graphite was added to 25 ml of sulfuric solution. The
mixture was kept while stirring. Then 3 g of potassium
permanganate (KMnO4) were added carefully with stirring
and cooling so that the temperature did not exceed 0 °C.
Afterward, the mixture was kept under stirring for 3 hours at
49 °C. Here, 50 ml of distilled water was added. To reduce
the excess potassium permanganate, 100 ml of distilled water
and 5 ml of hydrogen peroxide were added to the final
mixture. Then, a change in color from black to brown
indicated the reduction of potassium permanganate and the
formation of GO. Next, the GO was separated from the liquid
phase by centrifugation, and it was washed until a pH value
of 6.0. The final product was obtained after drying for 12
hours at 60 °C.
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To reduce GO, two solutions were prepared. The first one
was obtained by dissolving 43 mg of NaOH in 43 ml of
distilled water while the second solution consisted of 1 mg
ml−1 of GO. Next, GO was carefully dropped onto the NaOH
solution after heating for 3 minutes. The final mixture was
kept under stirring for 30 minutes at 90 °C until the
appearance of a black color indicated the formation of GO.
To recover the rGO, the solution was filtered three times. The
resulting mass was washed with distilled water and ethanol.
This washing was carried out to clean the rGO from the
amount which is not reduced and also to remove the excess
of the reducing agent to neutralize the pH up to the value 7.
The final mass obtained was dried for 12 hours at 60 °C.

Synthesis of MOF. To prepare an iron metal–organic
framework (MOF), a mass of 0.7 g of FeCl2 was dissolved in
50 ml of ethanol. The solution was kept under stirring for 15
minutes. On the other hand, another solution with 0.5 g of
benzoic acid in 50 ml of ethanol was prepared. And, it was
added carefully to the FeCl2 solution under stirring for 15
minutes. Then, yellow-colored precipitate was formed after
30 minutes. To recover the product, the solution was filtered
three times. The mass of the obtained product was washed
twice with ethanol to clean the impurities and remove the

salts. The final obtained mass was dried overnight in an oven
at 60 °C.

Preparation of the modified gold electrodes (AuEs)

Bare AuEs were sequentially polished on a piece of cloth
suede with 0.3 μM alumina slurry and were ultrasonically
washed with water. The as-prepared rGO, MOF, and rGO/
MOF were made into separate dispersions (3 mg mL−1) using
ethanol. 3 μL of each of the above dispersions was separately
coated on the surface of AuEs to obtain rGO/AuE, MOF/AuE,
and rGO/MOF/AuE for further use. Scheme 1 shows the
preparation procedure of rGO/MOF/AuE and its application
for electrochemical sensing analysis of 5-CP.

Electrochemical measurements

5-CP detection using the electrochemical sensor was
performed as follows. First, appropriate amount of 5-CP
standard solution was added into 0.1 M PBS (pH 7.0). Cyclic
voltammetry (CV) and square voltammograms (SWV)
measurements were performed over a potential range from
0.0 to 1.0 V at a scan rate of 100 mV s−1.

Artificial neural network (ANN) data fitting procedure

An artificial neural network (ANN) model was constructed to
accurately estimate very low concentrations of 5-CP,
extending the sensitivity limit of the 5-CP sensor. The model
and the program were based on the Neural Network Toolbox
of MATLAB R2017a (Mathworks, Natick, MA). The learning
model of the developed ANN is illustrated in Scheme 2.
Detailed implementation of the model is presented in
section 3.

Results and discussion
Characterization of the prepared monometallic MOF
nanosheets

This section presents characterization process and results of
the proposed synthesis method, including the proposed
reduction process of GO and the nanostructure of as-

Scheme 2 The learning model of the ANN.39 Reproduced with permission from IEEE.

Scheme 1 5-CP oxidation mechanism by the rGO/MOF/AuE sensor.
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synthesized MOF nanosheets. SEM, XRD, and XRF were used
to analyze the rGO and MOF nanohybrids.

SEM was next used to analyze the morphology of MOF
nanosheets (NSs) and rGO, revealing the leaf-like structure of
rGO as shown in Fig. 1(a–c). On the other hand, Fig. 1(d–f)
presents the 3D sphere-like cluster structure of MOF NSs.
The clusters are a few microns in size and are made up of
ultrathin 3D spherical nanosheets.

Powder XRD patterns of the synthesized MOF NSs are
shown in Fig. S1.† The major peaks are located at 9.3°, 15.6°,

18.3°, and 19.1°, which are in excellent accordance with those
of the iron oxide phase,40 demonstrating that the MOF NSs
were successfully synthesized. XRF measurements were also
undertaken to investigate the presence of pure iron in the
synthesized framework. As shown in Fig. S2,† an indication
of pure iron appears as a strong peak of 300 Å with an energy
of 6.5 KeV. Another less intense iron peak at 7 KeV was also
present. In addition, extremely low-intensity peaks of other
metals, such as chromium (Cr), copper (Vu), and cobalt (Co),
are shown, revealing that the organometallic complex

Fig. 1 The SEM images of rGO (a)–(c), homogeneous distribution of the organometallic particles in the synthesized framework (d), the three-
dimensional shape of the MOF (e), and porous structure of the synthesized MOF (f).
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synthesized in this work is primarily based on iron oxide. As
a result, the XRD and XRF data confirm that the synthesized
composite is produced purely from the MOF framework.

Characterization of the electrode matrix

Electrochemical behavior of the synthesized
nanomaterials to 5-chlorophenol (5-CP) detection.
Conformation and structure of the synthesized nanomaterials
have a substantial influence on their electrocatalytic activity
and electron transportability. To evaluate the interfacial
characteristics of the nanocatalyst-modified electrodes, CV
experiments were initially performed at a scan rate of 100 mV
s−1 for a phosphate-based buffer solution (PBS) with a pH of
7.0 containing 5 mM of 5-CP, as shown in Fig. 2. The bare
AuE (black) and MOF/AuE (red) graphs exhibit minor
oxidation peak currents. In comparison, the oxidation peaks
of the rGO/AuE graph (blue) are drastically larger. It is
attributed to the rGO's high conductivity, which promotes
electron transport. Furthermore, the CV response of the rGO/
MOF/AuE was even greater (green). This is because of the
synergic effect of the MOF and rGO. Here, the MOF provides
a large specific surface area and the rGO boosts the electronic
conductivity.

The properties of the sensor interfaces were also
investigated by electrochemical impedance spectroscopy
(EIS) using 0.1 M PBS with pH of 7.0 containing 5 mM
of [Fe(CN)6]3−/4−. The Nyquist plot of EIS typically comes
with two distinctive segments. The first one is the
semicircular segment at higher frequencies expressing the
load transfer resistance (Rct), and the other one is the
linear portion at lower frequencies expressing the
diffusion capacity. Diameter of the semicircle of the
Nyquist plot is proportional to the charge transfer
resistance (Rct value), which was obtained by the

electrochemical circle fit option of Nova 2.0 software using
the equivalent circuit model consisting of Rct, solution
resistance (Rs), and Warburg impedance (Zw) (inset of
Fig. 2b). The Rct value of the bare AuE is much higher
than the other electrodes, and it is estimated to be
around 550 Ω. It was observed that the semicircle
diameter decreased after the electrode modification with
MOF (Rct ≈ 280 Ω) and rGO (Rct ≈ 70 Ω), demonstrating
that the electron transfer rate was accelerated. However,
the Rct value of the rGO/MOF/AuE is around 55 Ω,
suggesting a lower electron transfer rate compared with
other electrodes. Hence, the rGO/MOF/AuE has a
significantly decreased semi-circular segment, indicating a
reduced charge transfer resistance and improved electron

Fig. 2 (a) CVs of 5 mM 5-CP at different modified gold electrodes (AuEs) in the 0.1 M PBS at a scan rate of 50 mV s−1. (b) EIS between 10−1 and 105

Hz, the experiment solution is 0.1 M PBS pH = 7.0 containing [Fe(CN)6]3−/4−.

Fig. 3 Effect of CV scan rate on 100 μM 5-CP in 0.1 M PBS for the rGO/
MOF/AuE. The scan rate was varied to be 10, 30, 50, and 100 mV s−1.
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transfer rate due to the conductive nature of the rGO and
high electron transfer rate of the MOF. These results agree
with the CV curves and show that the proposed sensor
has a lower load transfer resistance and a higher electron
transfer rate compared to the other electrodes. This may
be attributed also to the existence of the synergistic effect
of the rGO and the MOF nanocomposites, which promote
the electron transfer rate between the electrolytic solution
and the electrode surface.

Electrocatalytic mechanism of rGO/MOF/AuE. As shown in
Fig. 3, CV for rGO/MOF/AuE to 5-CP (100 μM) was performed
by varying the scan rate (ν) from 10 to 100 mV s−1 to
investigate the electrochemical reaction kinetics.

Fig. S3a† shows the relation between the peak current (I)
and the scan rate (v). The redox peak currents of 5-CP are
directly related to the scan rate values. The correlation
coefficient value (R2) is 0.991 in the obtained result,
indicating high linearity. The fitted linear equation is Ipa =
0.097 × ν − 0.368. Fig. S3b† shows the peak current (I) versus
square root of the scan rate (v1/2). Here the correlation
coefficient value (R2) is 0.97, and the fitted linear equation is
Ipa = 1.30 × ν1/2 − 4.04. Consequently, the results indicate that
the electron transfer mechanism is dominated by 5-CP
controlled adsorption process. Moreover, the anodic peak
potential (Epa) of 5-CP has a linear relationship with ln ν, and
the equation is Epa = 0.78 + 0.02 ln ν (R2 = 0.9986, Fig. S3C†
(see ESM)). Based on Laviron equation,41 Epa is given as
follows:

Epa = E0 + (RT/αnF)ln(RTKs) + (RT/αnF)lnV

where E0 is standard potential; n is the transferred
electron number; α refers to the charge transfer coefficient;
ks is the standard rate coefficient. Since α was equal to 0.5, n
was calculated as 1.

Electrochemical detection of 5-CP

Square wave voltammetry (SWV) measurements with the
rGO/MOF/AuE were done for various 5-CP concentrations
ranging from 50 μM to 200 μM (Fig. 4a) using a standard
addition technique in 0.1 M PBS with a scan rate of 100
mV s−1. As seen in Fig. 4b, Ipa is fitted to a linear equation
as follows: Ipa (A cm−2) = 0.003 × C (μM) + 2.025 (R2 =
0.982), where the concentrations of 5-CP were in the range
of 50–200 μM. The obtained detection limit (LOD) of the
developed sensor is 75.63 nM, while the quantification
limit (LOQ) is 254.54 nM. In addition, the fabricated
sensor responds to a wide linear range of 5-CP
concentrations from 50 μM to 200 μM with a sensitivity of
3.4 nA nM−1.

Compared to other MOF-based electrochemical 5-CP
sensors, the presented rGO/MOF/AuE has a wider linear
range and a lower LOD (as shown in Table 1) due to the
enhanced electron transfer, high conductivity of rGO, and
large specific surface area of MOF.

Table 1 Comparison with state-of-the-art phenol-compound sensors
based on rGO and MOFs

Sensing interface
Linear range
(μM)

LOD (μM)
S/N = 3 Ref.

FeOx/TiO2@mC 5–310 0.18 42
Zr-based UiO-66 0.0–1.0 0.18 43
Zn-MOF 0.2–12 0.12 44
Nafion/ER-GO/GCE 0.1–1.5 0.091 45
WCrGO 10–100 3.1 46
MOF-818@RGO/MWCNTs-3 0.1–3 0.18 47
N,P-rGO 10–100 0.0997 48
ZIF-8C@rGO 0.5–70 0.076 49
rGO/MOF 50–200 0.075 This work

Fig. 4 (a) SWV of rGO/MOF/AuE for various concentrations (50–200 μM 5-CP) in a 0.1 M PBS at a sweep rate of 0.05 V s−1. (b) Ipa versus 5-CP
concentration.
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Reproducibility and repeatability of the rGO/MOF/AuE

As shown in Fig. 5a, reproducibility of the sensor was also
investigated using 5 different modified electrodes. The
relative standard deviation (RSD) of the electrodes was
3.858%, indicating good reproducibility of the sensor. In
addition, repeatability of the developed 5-CP sensor was
investigated by analyzing the response of 5 successive
measurements using the same modified AuE in PBS
containing 200 μM of 5-CP. The results are presented in
Fig. 5b. The RSD was 5.1% for 5-CP, thereby exhibiting
appreciable repeatability of the produced sensor.

Data analysis of 5-CP using ANN

In this work, we used an artificial neural network (ANN)
algorithm created in MATLAB 6.1 (Mathworks, Natick, MA)
utilizing the Neural Network Toolbox, version 4.0, for more

accurate detection. As depicted in Scheme 3, the ANN
model is composed of three layers: (i) the input layer of
analyte responses; (ii) two hidden layers, the first of which
contains three neurons and the second of which contains
two neurons; and (iii) the output layer, which represents a
three-digit value that identifies the concentration of 5-CP.
Table 2 shows the ANN model's detailed structure and
architecture. The developed ANN model was trained to
identify 5-CP and provide an approximate estimate of the
concentration by rounding the output to the nearest
quantized concentration number, ranging from LOD (75
nM) to 200 μM.

The ANN was trained by repeatedly inputting the
experimental results including the sensor channel responses
to 5-CP at four concentrations (50 μM, 100 μM, 150 μM, and
200 μM). The Levenberg–Marquardt approach was used in
the ANN training method to maximize the neurons' weights
in the hidden layers. Using the limited experimental results
of this research, this algorithm appears to be the fastest way

Table 2 Structure, architecture, and settings of the best-found model
for the 5-CP prediction

5-CP ANN

Inputs 5-CP concentrations (μM)
Output Current response (μA)
Layers 4
Hidden layer 2
Hidden neurons 5
Transfer functions Logsig/Logsig/purelin
Train function Traingdm (batch gradient descent

with momentum algorithm)
Learning rate 0.1 (10%)
Train epochs 8000
Mean squad error (MSE) 10−30

Number of training data 100%
MSE saturation (best) 9.4744 × 10−12

Performance epochs (best) 1358
Scheme 3 Architecture of the ANN model for estimation of 5-CP
concentrations.

Fig. 5 (a) Reproducibility test for 5 rGO/MOF/AuE in the presence of 200 μM of 5-CP. (b) Repeatability test for 5 rGO/MOF/AuE in the presence of
200 μM of 5-CP.
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for network training. The activation function for the hidden
neurons was a log-sigmoid, while the activation function for
the output neurons was a log-purelin function. The training
was performed for 8000 epochs with a mean square error

(MSE) goal set to 10−20 and a learning rate set to 0.1 (10%).
However, 1358 epochs were enough to reach ESM saturation
at 9.4744 × 10−12, as shown in Fig. 6.

Fig. 7 shows the training, validation, and testing data.
The solid line holds the best fit regression analysis line
between the outputs and targets in each plot, while the
dashed line represents the perfect result for the case where
outputs = targets. The correlation factor R-value presents
the relationship between the outputs and targets for 5-CP
concentrations. The training data show that the ANN model
fits to the 5-CP sensor well. The validation and test data
have a very high R-value as well. The scatter plots
demonstrate that great fitting is achieved with the
constructed ANN in this work. Following the training, the
ANN algorithm was put to the test by feeding it with data
from the proposed sensor for PBS solutions with a specific
concentration of the pollutant chosen randomly from the
LOD (75 nM) to 200 μM. Table 3 summarizes the outcomes
of each test.

The ANN's final result is a three-digit code that indicates
the concentration of 5-CP rounded to the closest quantized
concentration value. Despite having a limited quantity of
data for the ANN training, the model can accurately
estimate the pollutant concentration with a tiny inaccuracy,
as shown in Fig. 8. The comparison of values in the last

Fig. 7 Correlation factor for the training, validation, testing, and all data of the developed ANN.

Fig. 6 Mean squared error (MSE) over the trained epochs of the ANN.
The learning rate (LR) was set to 10%.
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two columns indicating the obtained and actual
concentrations of pollutants reveals that the concentration
was accurately estimated. For the sample with 5-CP
concentration of 200 μM, the detected concentration with
the ANN is 199 μM. Similarly, for the sample with 5-CP
concentration of 50 μM, the estimated concentration from
the ANN is 50.15 μM. As shown, the proposed ANN can
accurately detect the 5-CP concentrations.

The results are quite encouraging since simple
electrochemical measurements of the anodic current
combined with the ANN-based data processing allow for the
identification of the contaminants and a reasonably accurate
estimate of their quantities.

Conclusion

In this paper, we presented a new electrochemical sensor
based on rGO/MOF for 5-CP measurements. The rGO/MOF
hybrid offers sufficient reactive sites and electrocatalytic
activity toward 5-CP as a sensor matrix. For the detection of
5-CP, the proposed sensor performs well with excellent
sensitivity and a low detection limit. Then, based on this
composite, an electrochemical sensing platform with
excellent sensitivity and potential applicability was built. As a
result of the research, the proposed sensing element may
open up new avenues for the design and production of other
sensitive sensing systems for various applications in the
future.

Moreover, the current study reported the usage of ANN to
tackle the sensor's problem of detecting low 5-CP
concentrations near the LOD. The difficulty of monitoring
and identifying 5-CP in aqueous systems were improved by
using the ANN. Using the experimental findings of the
proposed sensor toward 5-CP, the analysis and control
procedure were carried out. The use of the ANN for data
processing allows for more accurate detection of low-
concentration 5-CP instantaneously, allowing for real-time
monitoring of the pollutant from LOD to 200 μM.

The usage of ANN is capable of increasing the sensor
sensitivity and evaluating real-world data. The ANN program
should be able to identify contaminants in complicated
samples with a combination of contaminants. Pollutant
concentration evaluation should also be more exact, so more
ANN algorithms implementing a polynomial approximation
of concentration dependence of sensor responses should be
constructed.
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Table 3 Comparison between the real and estimated 5-CP
concentrations using the developed ANN

Real 5-CP
concentration
(μM)

5-CP oxidation
current (μA)

Estimated 5-CP
concentration
(μM)

5-CP
oxidation
current (μA)

0.075 Not applicable
(NA) at the lab

0.075 2.0303

0.25 NA 0.25 2.0308
0.50 NA 0.50 2.0317
0.75 NA 0.75 2.0325
1.00 NA 1.00 2.0333
5.00 NA 5.00 2.0465
10.0 NA 10.0 2.0630
20.0 NA 20.0 2.0960
30.0 NA 30.0 2.1290
40.0 NA 40.0 2.1620
50.0 2.187 50.0 2.1950
65.0 NA 65.0 2.2445
80.0 NA 80.0 2.2940
93.0 NA 93.0 2.3369
100 2.400 100 2.3600
110 NA 110 2.3930
130 NA 130 2.4590
140 NA 140 2.4920
150 2.500 150 2.5250
160 NA 160 2.5580
170 NA 170 2.5910
190 NA 190 2.6570
200 2.702 200 2.6900
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