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Gynecological medicine involves the diagnoses and treatment of illnesses and issues involving female

reproductive organs. This review is focused on female cancers of their reproductive organs including

ovarian cancer, cervical cancer, and uterine/endometrial cancer, as well as endometriosis, and infections

within the reproductive tract. For each of the illnesses the current state of screening and diagnosis is

investigated. These typically involve screening of symptoms for the illnesses, followed by imaging with

ultrasound or MRI in the case of cancers and endometriosis, or swab cultures in the case of infection.

These techniques are time consuming and require trained professionals to perform, and thus are expensive

and difficult to apply to general population screening. Faster, lower cost, and simple screening methods

need to be developed as screening is essential to catching these illnesses in an early stage, allowing their

more effective treatment and improving outcomes for patients. The realm of sensors and biosensors offers

a way to screen for blood, tissue, and urine based biomarkers for these illnesses. This review looks at a

selection of biomarkers for each of the gynecological illnesses, and investigates some of the sensors that

have been developed for them including various electrochemical, colorimetric, plasmon based sensors,

and more. Future work in this field should not only focus on the accuracy of developed sensors for these

illnesses, but also focus on their ease of use, ability to be mass produced, and keeping their cost low, all of

which would allow the sensors to be used in general population screening.

A concise look at pertinent
gynaecological conditions and diseases

Gynaecology is a branch of medicine that is concerned with
the health of female reproductive organs.1 The discipline
deals with abnormalities and diseases of the vulva, vagina,
cervix, uterus, fallopian tubes, ovaries, and other organs in
the pelvic area. Conditions include various forms of infection,
endometriosis, cancers, presence of tumours and cysts, and
menstrual disorders (infertility and childbearing issues are
also considered to be a part of the field). Notably, the most
deaths are caused by malignant tumours. Here we briefly
review, for the most part, disorders that have been associated
specifically with sensor technology. Other conditions outlined
offer potential for sensor-based assays.

Ovarian cancer and cysts

Ovarian cancer (OC) is a term used to describe any cancerous
tumours that present in the ovaries or fallopian tubes of

women.2 The disease displays the highest fatality-to-case ratio
of all gynaecological cancers.3 Worldwide, nearly 300 000
women are diagnosed with disease with recorded deaths
being close to the 200 000 number.4–6 Progression of the
disease is characterized as occurring in four stages, with sub-
stages also being involved. In stage I, where tumours are
found on the ovaries (or fallopian tubes) only, the 5-year
survival rate is over 90%, whereas in stage 4, where the
disease has spread to other areas of the body, the rate can be
as low as 20% depending on the specific nature of the
disease. Ovarian cancer is considered to possess as many as
30 variations, where epithelial ovarian carcinomas are the
most common type accounting for close to 90% of cases. Of
these, serous, endometrioid, mucinous and clear cell
carcinomas represent sub-groups. There are fewer common
types such as germ and stromal cell carcinomas. A wide
variety of factors are considered to be influential with regard
to incidence of the disease. Among these are family history,
age, demography, ethnicity, and reproductive/hormonal
issues.6 The various types of ovarian cancer render their
detection and characterization challenging given their
variation in disease progression. High-grade serous cancers
have a completely different disease distribution and genetic
composition compared to endometrioid or clear cell subtypes.

Turning to ovarian cysts, these are fluid-filled sacs which
are present on the surface of the ovaries. These are normally

Sens. Diagn., 2022, 1, 877–901 | 877© 2022 The Author(s). Published by the Royal Society of Chemistry

a Department of Chemistry, University of Toronto, 80 St. George St., Toronto,

Ontario M5S 3H6, Canada. E-mail: m.thompson@utoronto.ca
bGynaecologic Oncology, Sinai Health System, 700 University Avenue, Toronto,

Ontario M5G 2Z5, Canada

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 2

8 
Ju

ly
 2

02
2.

 D
ow

nl
oa

de
d 

on
 7

/2
4/

20
24

 1
2:

30
:3

8 
PM

. 
 T

hi
s 

ar
tic

le
 is

 li
ce

ns
ed

 u
nd

er
 a

 C
re

at
iv

e 
C

om
m

on
s 

A
ttr

ib
ut

io
n-

N
on

C
om

m
er

ci
al

 3
.0

 U
np

or
te

d 
L

ic
en

ce
.

View Article Online
View Journal  | View Issue

http://crossmark.crossref.org/dialog/?doi=10.1039/d2sd00090c&domain=pdf&date_stamp=2022-09-14
http://orcid.org/0000-0002-1445-9918
http://orcid.org/0000-0002-7182-9049
http://orcid.org/0000-0001-9355-9943
http://creativecommons.org/licenses/by-nc/3.0/
http://creativecommons.org/licenses/by-nc/3.0/
https://doi.org/10.1039/d2sd00090c
https://pubs.rsc.org/en/journals/journal/SD
https://pubs.rsc.org/en/journals/journal/SD?issueid=SD001005


878 | Sens. Diagn., 2022, 1, 877–901 © 2022 The Author(s). Published by the Royal Society of Chemistry

benign and can be composed of various types such as
functional, dermoid, and endometrioma cysts.7 Another
condition where cysts are exhibited on the ovaries is
polycystic ovary syndrome which is an endocrine disorder
affecting women of reproductive age.8

Cervical cancer

This cancer involves tumours present in the cervix, which is
the part of the female reproductive system that connects the
uterus to the vagina. In 2020 it is estimated that, worldwide,
over 600000 women were diagnosed with the disease
resulting in over 340 000 deaths.9 As for ovarian cancer, the
5-year survival rate very much depends on the stage at which
the condition is detected. If found at an early stage the rate is
over 90%, but when the disease has spread remotely in the
body the rate is less than 20%. Approximately 75% of cervical
cancer cells are of the squamous type with most of the others
being adenocarcinomas.10 Notably, there is a significantly
higher possibility for detection at an early stage than is the
case for ovarian cancer (see later). In countries with a robust
screening program, deaths related to cervical cancer have
fallen out of the top five and, in some cases, ten causes of
cancer death.

Uterine cancer

This form of disease is the most common cancer of the
female reproductive system.11 Uterine cancers are generally
divided into two categories: endometrial cancers and stromal
cancers. Endometrial carcinoma represents the majority of
uterine cancer with its origin being from the cells in the
lining of the uterus (endometrium). Uterine sarcoma involves
supporting tissues of the uterus (muscle). Germ cell tumours
of the uterus are rare cancers associated with fertilization of
eggs. Close to 67 000 women in the USA will be diagnosed
with the disease in the near future, and there will be nearly
13 000 deaths.12 As for the two other cancers outlined above,
the 5-year survival rate for cases where the cancer is restricted
to the area of origin is quite high at 95%, compared to the
poor rate for late-stage development (18%).

Endometriosis

Endometriosis is a condition whereby growth of ectopic
endometrial cells occurs outside the womb.13 These cells
often involve the ovaries and Fallopian tubes and cause
significant pelvic and menstrual pain and infertility. It has
been estimated that close to 11 million women worldwide are
affected by endometriosis representing up to 10% of the
general population.14

Gynaecological infections

Infection and inflammation can occur in several areas of the
female reproductive system including the vulva, vagina,
cervix, uterus, and ovaries. These conditions can result from a
wide variety of bacteria and microorganisms.15,16 Women

suffering from such infections will often present with vaginal
discharge, lower abdomen pain, nausea, and fever.
Unsurprisingly, treatment usually involves antibiotics
although there is evidence that anti-microbial resistance can
occur.17

A précis of imaging and current
detection assays
Ovarian cancer

The mainstay of diagnostic strategies in ovarian cancer
revolves around imaging and immune assays. Imaging
techniques such as transvaginal ultrasonography (TVUS),
computed tomography (CT), positron emission tomography
(PET), and magnetic resonance imaging (MRI) are clinically
used for the diagnosis of OC. These techniques are also
important in OC research and clinical trials, but are not
feasible for mass screening. Challenges with screening
include different disease progression among various ovarian
cancer types, the overall rarity of the disease, the common
presentation of non-neoplastic etiology of ovaries, and the
short time interval between anything detectable and
advanced disease in the most common form of OC (high-
grade serous ovarian cancer). A limited study in one institute
showed that high-frequency imaging can detect recurrence in
patients with stages III and IV OC. However, the benefit of
frequent surveillance imaging needs further studies in a large
population.18 Despite this comment, it is certainly the case
that most centers these days do employ both the CA-125
assay and imaging.

Detection of ovarian cancer with imaging techniques at
the early stages is very difficult, but as the cancer progresses
to the later stages, these techniques can determine the type
and size of the mass in ovarian tissue. TVUS is a more cost-
effective imaging modality to assess adnexa masses
compared to CT, PET, and MRI, and by using a simple
scoring system, it can be used for distinguishing between
benign and malignant adnexal masses.19 A recent study in
China showed that using a predictive model, developed by
the International Ovarian Tumour Analysis (IOTA) group, the
nonexpert ultrasonographers with limited experience can
distinguish benign and malignant adnexal masses.20 This
predictive multiclass model can effectively differentiate
between benign tumours, borderline ovarian tumours, stage
I, stage II–IV OC and secondary metastatic ovarian
cancers.21,22 Combining the data obtained from TVUS with
color flow doppler, pattern recognition, and clinical
background improves the sensitivity and specificity of
TVUS.23,24 In three large ovarian cancer screening trials,
TVUS was used together with detecting the CA-125
biomarker.25–27

The most recent randomized controlled trial, the United
Kingdom Collaborative Trial of Ovarian Cancer Screening
(UKCTOCS), was performed by recruited postmenopausal
women aged 50–74 years using a multimodal screening
approach. In this approach, serum CA-125 was detected with
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the use of a risk of ovarian cancer algorithm and annual
transvaginal ultrasound screening (USS) as a second-line
test.27 This trial is one of the largest randomized trials that
has screened OC in postmenopausal women from the general
population with more than 202 000 participants, more than
670 000 annual screening episodes, and more than 2.19
million women of follow-up, which was managed through
the UK National Health System (NHS) central management.
The impact on the survival was not significant in the primary
analysis, however, a significant enhancement in survival rate
was observed with the multimodal screening model when
prevalent cases were excluded. One hypothesis is that the
screening identified “earlier advanced disease”. Given that
the degree of ovarian cancer cytoreduction at primary surgery
is associated with improvements in overall survival, it is
possible that “less advanced disease” increased the likelihood
of surgical removal of cancers with visible residual disease.
Further follow-up is needed to confirm the efficacy and cost-
effectiveness of this approach.27

CT and PET scans are recommended when OC is clinically
detected; they are also used to detect metastatic cancer and
for monitoring the treatment. They are commonly used in
clinical trials for inclusion of the participants and response
assessment. Using CT scans and CA-125 tests for surveillance
of 1241 OC patients after completion of primary cytoreductive
surgery and chemotherapy showed that this costly
surveillance approach worsens the quality of life of the
patients without improving the survival rates.28 However, the
reality is that these days all centers monitor OC with CA-125
and imaging.

Cervical cancer

As early-stage cervical cancer is generally asymptomatic,
regular screening is critical for early disease detection when
treatment is most effective. Cervical cytology is a common
screening technique, where cervical epithelial cells are
collected for a Papanicolaou test (Pap test) to detect cell
abnormality based on morphology.29–31 However, Pap tests
are most effective in identifying squamous cell carcinoma
rather than adenocarcinoma,32 the latter making up about
10–20% of cervical cancers.33

In a conventional Pap test, cervical cells are directly
examined under a microscope. Liquid-based cytology (LBC) is
an alternative technique and requires sample processing
before microscopic analysis. LBC is more common than
conventional Pap tests due to improved reliability; sample
processing in LBC isolates cells of interest from interfering
materials (e.g., mucous and blood), improving sample
visualization and analysis.31,34 As residual materials are
available, LBC can also incorporate molecular tests such as
the detection of the human papillomavirus (HPV).34,35

HPV testing is significant since infection with certain HPV
strains are a cause29,36,37 of about 90% of cervical cancers.38

While a positive HPV result with a high-risk subtype is not a
definitive diagnosis of cervical cancer, HPV-positive women

can be further examined to determine HPV strain type,
infection stage, and potential precancer/cancer presence.29,39

To predict prognosis, HPV genotyping identifies strain type,
as high-risk HPV (hrHPV) are carcinogenic while low-risk
HPV (lrHPV) cause genital warts and rarely cancer.
Techniques for HPV typing can involve in situ hybridization,
Southern blotting, and/or polymerase chain reaction.29,40

These methods are labour-intensive as they require highly
trained technicians.29 To improve HPV detection, developing
molecular HPV test kits is an ongoing area of research, where
over 250 different kits are commercially available.41,42

Pap tests have poor sensitivity and reproducibility as they are
qualitative and rely on a cytologist's expertise.29,31,39 To reduce
bias, Kanavati et al. developed a deep learning model for aiding
cytologists in assessing sample images.34 However, standalone
HPV testing is recommended as the primary screening method
for cervical cancer since HPV testing is objective, has greater
sensitivity, with slightly lower specificity.31,39,43 The specificity of
HPV testing increases with age as younger women are more
likely to have transient HPV infections, causing guidelines to
suggest starting HPV testing for women above 30 or 35 years
old.44–46 Combining cytology and HPV testing (co-testing)
slightly improves sensitivity but reduces specificity, making
cytological analysis more useful and cost-effective as a triage test
for HPV-positive patients.39,43

Positive screening results lead to triage tests such as
colposcopy, biopsy, Pap tests,43 or in low-income countries
visual inspection with acetic acid (VIA) and visual inspection
with Lugol's iodine (VILI). In VIA, a 3–5% acetic acid solution
is administered on cervical tissue to detect cell abnormality
based on colour; precancer or cancer appear white in acidic
conditions because of coagulation of excess proteins, while
faint or no colour change is normal. In VILI, an iodine
solution reacts with glycogen to produce a brown/black
colour with healthy tissue.35,39,47 As precancer or cancer have
limited or no glycogen, the tissue becomes yellow. VIA and
VILI are simple, low-cost, and rapid tests that are effective if
other screening methods are not accessible.48 Colposcopy
remains the preferred assessment method for triaging
abnormal screening which uses the same principles as VIA
but with magnification. Like Pap tests, visual inspection
techniques are qualitative, have poor reproducibility, and do
not identify the HPV strain type.29,48,49 That said, current
screening strategies are extremely effective in reducing
mortality due to cervical cancer.

Imaging techniques for confirming and analyzing cervical
cancer stage include magnetic resonance imaging (MRI),
computed tomography scanning (CT scan), positron emission
tomography and computed tomography (PET/CT).50–52 To
overcome the limitations of these imaging techniques, such
as high cost, compactness, and/or low accuracy, Basij et al.
developed an ultrasound/photoacoustic imaging technique as
a potential point-of-care tool for cervical tissue imaging.52

While cervical cancer mortality rates have decreased in
developed countries because of screening and HPV
vaccination, developing countries are experiencing an
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increase in cervical cancer as screening and vaccination are
limited or lacking.40,41 For global cervical cancer disease
prevention, a cost-effective and point-of-care biosensor can
allow cervical cancer screening to become globally accessible.

Uterine cancer

For endometrial cancers, common symptoms include
postmenopausal bleeding (PMB), excessive vaginal bleeding,
irregular menstruation, vaginal discharge, hematuria, and
abdominal pain.53 Additionally, uterine and endometrial
cancers may present with unusual cytologies in cervical pap
smear tests, but this is not a reliable screening method for
these cancers.54,55 Given that the majority of women with
endometrial cancer are post-menopausal, PMB remains the
most common symptom associated with endometrial cancer.

However, the presence of symptoms is insufficient to
diagnose these conditions and further study is required.
Transvaginal ultrasound (TVUS) is commonly used in the
diagnosis of uterine and endometrial cancers, as the cancers
typically cause the thickness of the endometrium to
increase.56,57 The accuracy of TVUS can by improved using
sonohysterograms, a method that involves filling the uterine
cavity with saline solution to improve imaging.58 If the
endometrium is found to be unusually thick, a tissue biopsy
can be used to determine if cancer is present, though proper
diagnosis is limited by the skill of the examiner and the
ability to yield an adequate tissue sample.59,60 Additional
methods of imaging including MRI and CT scans can also be
used to diagnose uterine and endometrial cancers.61,62

Imaging studies and tissue biopsies require extensive
training and skill to perform well, and are typically time
consuming, uncomfortable for patients, and expensive. As
such, development of a sensor for these conditions could free
up medical resources and examiners' times, as well as reduce
patient stress and discomfort. However, as of recently we
were unable to find any commonly used sensors or
biosensors for these conditions, with hospitals and clinics
relying on traditional imaging methods and biopsies for
screening and diagnosis.63

Endometriosis

For endometriosis, typical symptoms include inter-menstrual
bleeding, painful periods, painful urination and defecation, and
pelvic pain before menstruation.65 Diagnosis involves similar
imaging studies after symptoms present themselves. TVUS is
typically the first recommendation for endometriosis diagnosis,
as it allows for the direct imaging of endometrial tissue and its
location.64 Additionally, MRI can be used to image the
endometrium towards diagnosing endometriosis.63 Complete
diagnosis of endometriosis typically relies on laparoscopy and
tissue biopsy for women suspected of the condition.65

Gynaecological infections

There are a wide variety of infections in gynecological settings,
from sexually transmitted infections (STIs) to bacterial and yeast

infections. There are common techniques in their screening
and diagnosis which are used in clinical settings. For STIs, the
most highly recommended techniques to diagnose
gynecological infections is nucleic acid amplification techniques
(NAATs), such as polymerase chain reaction (PCR), of known
genetic sequences to allow for accurate diagnoses of the
infectious agent. This is recommended for chlamydia,66

gonorrhea,67 and HIV.68,69 This recommendation comes from
the high accuracy of diagnoses for these illnesses compared to
other techniques such as cell cultures or rapid screening
tests.64,69 Additionally, antibody assays can be used in HIV
screening.69,70

When it comes to bacterial vaginosis (BV) and yeast
infections, cell culturing and microscopy analysis are
common in diagnosing these infections.67,71,72 Gram stain
testing is also very commonly used in diagnosing these
infections and is often considered a gold standard.73 These
techniques are time consuming and require laboratory
settings and trained physicians, thus making them costly
and difficult to perform beyond a strict clinical setting.
However, they remain our best methods for diagnosing
gynecological infections. A simpler commonly used
screening method for bacterial vaginosis is pH testing of
vaginal fluid, as high pH can indicate the presence of a
bacterial infection,67 though this is not sufficient for
diagnosis.

Potential gynaecological biomarkers
Ovarian cancer

While imaging is a very useful tool for diagnosis, biomarkers
can also give indications of disease presence and
progression. They can also allude to possible drug targets for
disease treatment. Biomarkers can be the presence,
overexpression, or underexpression of molecules, proteins, or
enzymes found in body fluids or tissue. There is a large body
of work dedicated to the discovery and use of biomarkers for
a variety of diseases including ovarian cancer (Table 1).

An ideal biomarker for ovarian cancer would be present
from early stages of the disease, reflect the progression of the
cancer, and be detected in an efficient and inexpensive
manner. As mentioned previously, early detection is critical
for the survival of patients with ovarian cancer, so there is
great interest in biomarkers present in stage I and II of the
disease. The National Institute of Health's National Cancer
Institute Early Detection Research Network has a database of
different cancer biomarkers. A quick search shows over 200
possible ovarian cancer biomarkers found in stage I and/or
II, but many of them are still currently being investigated.
This review will focus on biomarkers that have been studied
in more detail.

The only biomarker that is currently used in clinical
applications is the mucin protein cancer antigen 125 (CA-
125), also referred to as mucin 16 (MUC16). It is present at
elevated levels in 92% of late-stage patients but only half of
early-stage patients, resulting in false negatives.74–76
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Additionally, it can be elevated in benign conditions,
resulting in false positives.74 CA-125 has also been shown to
exist at elevated levels in other cancers such as endometrial,
breast, lung, and gastrointestinal cancers.74 Thus, CA-125 is
not sufficiently sensitive or specific enough to be used on its
own for diagnosis and is recommended to be used instead in
combination with imaging techniques such as transvaginal
ultrasonography.74,77,78 It is also commonly used to monitor
the tumor's treatment response, as serum levels tend to
increase as the disease progresses.74,77,78 Despite its low
sensitivity and specificity as a screening tool, studies
analyzing a variety of biomarkers still found CA-125 to exhibit
some of the highest reliability for diagnosis of ovarian
cancer.77,78

Several potential biomarkers that have been studied
include osteopontin, HSP-27, HSP-60, calreticulin, vimentin,
and fibrinogen-γ, but unfortunately like CA-125, none of
these are consistently overexpressed until late stages of the
disease, and as such are not a focus of this review.79–86

There are several other potential biomarkers that are
initially promising but need further validation to be of use in
the early detection of ovarian cancer. Mesothelin is a popular
one, going so far as to have been mentioned in the media. It
is a cell-surface glycoprotein and tumor differentiation
antigen that is elevated in three quarters of ovarian cancer
patients; however, it is also elevated in a variety of other
cancers and patients suffering from mesothelioma.87 Due to
its low specificity for ovarian cancer, it is not very useful for
diagnosis and is instead more helpful in monitoring disease
response to treatment.87

Cyclooxygenase-1 is an enzyme that catalyzes the
conversion of arachidonic acid to prostaglandins that has
been found to be expressed at high levels in the early stages
of human epithelial ovarian cancer.88–90 Studies have
determined that COX-1 mRNA and protein are elevated in
ovarian cancer samples when compared with levels in normal
ovarian tissue. While the ability of COX-1 to be used in early
diagnosis needs to be evaluated further, especially in human

samples, current results in mouse models indicate that there
is also a possibility of its inhibition to be used as a treatment
to prevent further cancer growth.88

Engrailed-2 (EN2) is a homeobox protein that has been
demonstrated to be overexpressed in breast and prostate
cancer, while it is not expressed at all in normal breast or
prostate tissue nor in benign disease.91 Based on this
information, McGrath et al. studied EN2 mRNA and protein
expression in eight ovarian cancer cell lines, 108 tumor
samples and 5 normal tissue samples. It was found that
mRNA expression was elevated in tumors compared to
normal ovarian tissue, with higher presence in high-grade
serous ovarian cancer and platinum-resistant tumors.91 The
presence of EN2 protein was found in 78% of epithelial
ovarian cancer samples via cytoplasmic staining, with no EN2
found in any normal ovarian tissue.91 Interestingly, EN2
levels were also correlated with worse overall survival of
patients. While these results are promising and show that
EN2 can be used to monitor the development and
progression of ovarian cancer, it is unclear if it would be of
value as an early diagnostic tool without further validation.
Additionally, its association with other cancers in addition to
ovarian cancer can possibly lead to reduced specificity in
analysis.

Another biomarker that shows promising initial data is
heat shock protein 10 (HSP-10), which was found to be
present in all ovarian cancer patients studied and not in any
of the healthy patient controls.92 However, this initial study
was small, analyzing the sera of only ten patients with
ovarian cancer and nine patients as controls.92 Additionally,
all of the ovarian cancer patients were in stage III of the
disease, and it is not yet known if it can be found in the sera
of stage I or II patients.

Lysophosphatidic acid (LPA) is a cell signalling lipid that
also was identified as a potential biomarker for ovarian
cancer. One study showed it to be elevated in 90% of patients
with stage I ovarian cancer, something that has not been
shown in any of the other biomarkers discussed here.93 LPA

Table 1 A summary of the ovarian cancer biomarkers discussed, along with their cut-off values, sensitivity (SE), and specificity (SP) if known

Biomarker Cut-off SE SP Ref.

CA-125 >35 U mL−1 82.2% 67.3% 74
Osteopontin >260 ng mL−1 81% 34% 79, 85
HSP-27 >0.25 ng μg−1 cytosolic protein NA NA 80, 85
Mesothelin >2 nM 60% 98% 87
EN-2 78% 81% 91
HSP-10 >0 100%a 100%a 92
LPA 1.3 μM 98% 90% 93, 94
HE4 >70 pM 72.9% 95% 96
CA-125, ApoA-I, transferrin, transthyretin N/A 89% 97% 101
OVA-1 panel N/A 91% 69% 103
CA-125, leptin, prolactin, osteopontin, insulin-like
growth factor 2, macrophage inhibitory factor

N/A 95% 99% 104

CA-125, transthyretin, beta-hemoglobin,
apolipoprotein AI, transferrin

N/A 86% 86% 105

miRNA N/A 92% 91% 107, 108

a Indicates a very small sample size.
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is also elevated in benign tumors, but the difference between
benign tumor concentration and ovarian cancer concentration
was found to be statistically significant.93,94 These studies also
found LPA concentrations to increase with disease progression,
meaning it could be used to monitor the progression of ovarian
cancer in addition to detecting its presence.93,94 Another study,
however, found no significant elevation in plasma LPA between
ovarian cancer patients and healthy patients.95 It is important
to note that this study used a different methodology that may
have contributed to the very different results. Overall, the data
is very promising, but as with all the above biomarkers, further
clinical study needs to be done to validate the use of LPA as a
biomarker for ovarian cancer.

One biomarker that is being heavily researched is human
epididymis protein 4 (HE4), which has been found to be
overexpressed in patients with ovarian cancer. It exhibits high
specificity and is elevated in approximately two thirds of early
and late-stage ovarian cancer patients.96–99 HE4 exhibits a
sensitivity in early diagnosis that is four times higher than
CA-125 and is present in a third of non-CA-125 producing
tumors.96,100 Many studies propose a combination assay for
HE4 and CA-125 to diagnose ovarian cancer, but not enough
reliable results have been shown so far for it to be used
clinically.75

Overall, there has not yet been a single biomarker that has
been reliably shown to be sufficiently specific and sensitive
for ovarian cancer detection. As such, there have been many
efforts to instead use a combination of biomarkers to form
multiplexing assays or panels to increase specificity and
sensitivity to appropriate levels. For example, one study used
a multiple logistic regression model combining the
biomarkers CA-125, ApoA-I, transferrin, and TTR to obtain a
sensitivity of 89% and a specificity of 97% for the early
detection of ovarian cancer.101 While the results are
promising, the test combines multiple separate screening
methods and as a result is quite expensive.101

Another example of this is the screening panel called OVA-
1 which gained FDA approval for the triage of suspicious
pelvic masses in 2016; however, it is only approved in
combination with an ultrasound.102,103 The OVA-1 panel
applies multivariate analysis using the biomarkers CA-125-II,
HE4, apolipoprotein A-1, FSH, and transferrin and obtains a
selectivity of 91%. The specificity, however, is similar to CA-
125 alone at 69%, and therefore the assay has limited use for
diagnosis.103

An immunoassay published by Visintin et al. in 2008 was
shown to have both high sensitivity at 95% and high
specificity at 99% and was able to identify 90% of stage I
cancer patients, but unfortunately is not currently being used
for screening.104 Similarly, a screening panel proposed in
2005 by Kozak et al. also produced high sensitivity and
specificity of 86% but no screening platform has been
developed from this work.105

Recently, there has been growing interest in the use of
various miRNAs for early detection of ovarian cancer since
the deregulation of miRNA expression has been shown to be

associated with malignant development of OC.106 There is a
growing body of work which demonstrates the usefulness of
multiple miRNAs, but one study that stands out is from
Yokoi et al. who were able to discriminate ovarian cancer
patients from healthy controls using eight circulating serum
miRNAs with a sensitivity of 92% and a specificity of
91%.107,108 They were also able to develop a second predictive
algorithm based on seven miRNAs that was able to
differentiate early-stage ovarian cancer from benign tumors.
However, it had a lower sensitivity and specificity of 86.1%
and 83.3%, respectively.107,108

Cervical cancer

New screening or triage methods can be developed to detect
biomarkers of HPV infection and/or early-stage cervical
cancer. As less than 8% of HPV infections lead to precancer,
an ideal cervical cancer biomarker would indicate precancer
progression before development into invasive carcinoma.29

Current biomarker detection involves HPV DNA testing to
identify HPV infection and therefore the possible presence of
precancer or cancer.29,36 This review presents select proteins,
nucleic acids, and methylated DNA biomarkers related to
cervical cancer and HPV infections (Table 2).

HPV infection and/or cervical cancer can influence protein
expression, producing viable protein-based biomarkers for early
diagnosis.29 The recently studied B7 homolog 6 (B7-H6) protein
is a tumour biomarker that is upregulated in cervical precancer
and cancer, where the biomarker's expression correlates with
disease progression. B7-H6's stage-dependent expression
suggests its possible utility for predicting prognosis.109

Other protein biomarkers include osteopontin (OPN),110

protein cyclin-dependent kinase inhibitor (p16), and
topoisomerase II-alpha (TOP2A).111 OPN was observed to be
upregulated in cervical cancer,110 while p16 and TOP2A
overexpression were related to precancer and cancer.111

However, OPN could only discriminate between healthy
controls and advanced cervical cancer, suggesting OPN is
effective as a late-stage biomarker for cervical cancer.
Although TOP2A expression was upregulated, it was not
stage-dependent; p16's stage-dependent expression suggests
it could be used as a prognostic biomarker.111

While HPV testing has become a significant screening
technique, it does not effectively predict prognosis since over
90% of HPV infections are cleared by the immune system.36

In this case, ideal biomarkers would predict the likelihood of
an HPV infection to transform into invasive carcinoma.36 As
an HPV infection involves viral DNA integration into the host
genome, the production of HPV oncoproteins affects the
expression of some host proteins.29,36 For example, the
tumour suppressors p53 and pRB are targeted by HPV E6 and
E7 oncoproteins, respectively, interfering with biological
mechanisms and promoting carcinogenesis.29,112 In a study
by Jin et al., the regulation pattern of tumour-associated
proteins (TAPs) and HPV proteins could discriminate between
cervical precancer/cancer and healthy controls; significantly,
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a 91.3% sensitivity and 96.7% specificity were achieved by
detecting both Sialyl Lewis A (SLeA) and p53 TAPs. SLeA's
decrease in expression correlated with disease stage,
suggesting it could serve as a marker for predicting
prognosis.113

RNAs, specifically circular RNAs (circRNA), long non-
coding RNAs (lncRNAs), and microRNAs (miRNAs), are
potential cervical cancer biomarkers as their dysregulated
expression influences cervical cancer progression. Aberrant
expression of circRNAs and lncRNAs can behave as miRNA
sponges, where they selectively bind miRNAs and alter
signaling pathways.29,114 For example, Ma et al. observed that
over 500 circRNAs were expressed differently in cervical cancer
cells, while circRNA-000284 was significantly upregulated,
promoting proliferation and invasion of the disease.115

The relationship between miRNAs, HPV infection, and
cervical cancer progression has been reported, making
miRNAs potential suitable biomarkers for early
diagnosis.116–118 Early-stage cervical cancer or HPV infection
can influence miRNA expression,29 for example, miR-21-5p
upregulation and miR-34a downregulation correlate with the
progression of precancer to invasive carcinoma. The stage-
dependent regulation of these biomarkers indicates possible
utility for predicting prognosis.119 However, a study by Liu
et al. showed the opposite regulation pattern for miR-34a,
where miR-34a expression was upregulated in HPV-infected
cervical cancer. The opposing results in these studies suggest
that miRNAs have a complex relationship with cervical cancer
development, requiring further research to determine
potential biomarkers for early diagnosis.117

The same study by Liu et al. showed different expression
levels of miRNA biomarkers depending on HPV strain type.

For example, miRNA-34a upregulation was statistically
significant in HPV16, while it was not significant in HPV52
and HPV58. For miR-21-5p, only HPV16 showed upregulation.
Upregulation of miR-9 occurred in HPV16, while miR-9 was
downregulated in HPV58. In HPV16 and HPV52, miR-27b was
upregulated, which was opposite in HPV58.117 These
differences in miRNA expression by subtype suggest that
miRNA biomarkers for early-stage cervical precancer or
cancer detection may be useful as a triage test combined with
HPV genotyping. However, further research is needed to
confirm the relationship between miRNA expression and
strain type.

An interesting miRNA biomarker was reported by Ma
et al., where upregulated miRNA-205 in serum correlated with
cervical cancer progression. The upregulation was
independent of HPV infection and could also distinguish
patients with or without lymph-node metastasis.120 Zhang
et al. reported miRNA-205's mechanism of action in cervical
cancer cells and observed that miRNA-205 downregulation
inhibited cervical cancer progression.121

A significant challenge with miRNA detection is poor
reliability. As multiple biomarker analysis may improve
sensitivity and specificity,29,32 Du et al. studied a biomarker
panel for measuring serum proteins and miRNAs in early-
stage cervical cancer screening. They analyzed serum samples
for eight miRNAs (miRNA-20a, 205, 218, 21, 29a, 200a, 25,
and 486-5p) and three proteins [squamous cell carcinoma
antigen (SCC Ag), carbohydrate antigen 19-9 (CA19-9), and
carcinoembryonic antigen (CEA)] from stage I and II cervical
cancer patients. In their first study, the panel of miRNA-29a,
miRNA-25, miRNA-486-5p, and SCC Ag achieved an 88.6%
sensitivity and 92.9% specificity, while their second study

Table 2 A summary of the cervical cancer biomarkers discussed, along with their cut-off values, sensitivity (SE), and specificity (SP) if known

Biomarkers Cut-off SE SP Ref.

B7-H6 — — — 109
Osteopontin ∼500 ng mL−1 82% 100% 110
p16 — 97% 91% 111
TOP2A — 78% 93% 111
HPV E6 oncoprotein — — — 29, 112
HPV E7 oncoprotein — — — 29, 112
p53 — — — 29, 112
pRB — — — 29, 112
SLeA and TAPs 0.97 AUC 91% 97% 113
circRNA-000284 — — — 115
miRNA-21-5p — — — 117, 119
miRNA-34a — — — 117, 119
miRNA-9 — — — 117
miRNA-27b — — — 117
miRNA-205 0.72 AUC 77% 73% 120
miRNA-29a, 25, 486-5p, squamous cell
carcinoma antigen (SCC Ag)

>0.70 AUC 89% 93% 32
80% 97%

miRNA-7, 99, 378, 17-92 families — — — 123
miRNA-21 — — — 124
miRNA-146a — — — 124
SOX14 hyper-methylation 0.94 AUC 94% 87% 125
CA-125 0.67 AUC 74% 58% 126
hs-CRP 0.66 AUC 65% 63% 126
SCC-Ag 0.75 AUC 74% 65% 126
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showed an 80.0% sensitivity and 96.7% specificity. As the
levels of CA19-9 and CEA in cervical cancer and healthy
control samples were not significantly different, these two
proteins cannot serve as early-stage cervical precancer or
cancer biomarkers.32

Exosomes are potential sources of biomarkers as studies
have reported that secreted exosomal contents can be linked
with disease.122 For example, HPV infection can change the
expression of several exosomal miRNAs (miRNA-7, 99, 378,
and miRNA 17-92 families).123 Another study showed that
HPV-positive and HPV-negative patients could be
distinguished by different levels of miRNAs in exosomes,
where miRNA-21 and miRNA-146a were upregulated in HPV-
positive cases.124

As tumour development has been linked with abnormal
DNA methylation, detecting methylated DNA might allow for
early diagnosis.29,125 Recently, a study reported
hypermethylation of SOX14, a gene that regulates cell cycle,
differentiation, and development. SOX14 hypermethylation
was significantly higher in cervical precancer and cancer
samples compared to healthy controls, with a sensitivity and
specificity of 94.12% and 86.46%, respectively.125

Biomarkers for determining the possibility of cervical
cancer recurrence were reported by Guo et al., where
carcinoembryonic antigen 125 (CA-125), C-reactive protein
(hs-CRP), and SCC-Ag were upregulated in patients with
recurrent cervical cancer. Detecting such biomarkers has the
potential for monitoring disease post-treatment, providing an
opportunity to detect early recurrence when survival rate is
higher.126

Uterine cancer

In the case of uterine and endometrial cancers, there have
been several biomarkers identified (Table 3). As with other
gynecological cancers, CA-125 has been found to be elevated
in uterine and endometrial cancers, though at a reasonable
specificity of 90% while the sensitivity of this marker is only

30%.127 This same work also analyzed HE4 as a marker for
these cancers and found that it had a slightly higher
sensitivity of 48%. Earlier research into uterine cancer
biomarkers identified interleukins IL-8 and IL-10, as well as
angiogenic factors TNFα, TNFβ, TGFβ, and angiogenin as
prospective biomarkers for these cancers.128 Sensitivities and
specificities were not evaluated in this work, but these
markers were found to be significantly elevated compared to
the control population in all stages of endometrial cancer.

Another promising biomarker for uterine and endometrial
cancers is leptin, which is overexpressed in endometrial
cancers and is related to disease progression and
malignancy.129,130 This overexpression of leptin in relation to
endometrial cancer holds true even after accounting for
confounding factors.131 Another study identified the
inflammatory marker SERPINE1 as being highly correlated
with endometrial cancer.132,133 VEGFA was also identified as
a potential biomarker for uterine cancer,132,134 along with
VEGFB.134 Additionally, high fasting levels of insulin and
C-peptide were found to be correlated to endometrial
cancer.135 These studies and findings show that the risk of
endometrial cancer was highly increased by obesity, and
biomarkers related to obesity can be used to help screen for
this illness.

Additionally, elevated levels of endogenous steroids
including androstenedione is associated with a highly
increased risk of endometrial cancer and provides a
promising biomarker for the illness.136,137 As this steroid can
be aromatized to estrogens, it is likely that it influences
endometrial cancer through estrogen metabolism.

Endometriosis

For endometriosis, several efforts have been made to identify
prospective biomarkers for the condition (Table 4). This
includes one study evaluating nine different potential
markers for endometriosis, with only the markers CA-125,
STX-5, and LN-1 showing significant relation to the
condition.138 Unfortunately, none of these biomarkers are
able to accurately screen for the illness at all stages, with CA-

Table 3 Summary of selected biomarkers for uterine and endometrial
cancers. OR = odds ratio, SE = selectivity, SP = specificity

Biomarker Cut-off OR SE SP Ref.

CA-125 30% 90% 127
HE4 48% 90% 127
Interleukin-8 80 pg mL−1 128
Interleukin-10 20 pg mL−1 128
TNFα 15 pg mL−1 128
TNFβ 150 pg mL−1 128
TGFβ 80 pg mL−1 128
Angiogenin 170 pg mL−1 128
Leptin 35 ng mL−1 3.29 130

4.7 ng mL−1 131
SERPINE1 14.5 ng mL−1 2.43 132, 133
VEGFA 95 ng mL−1 2.56 132, 134
VEGFB 90 ng mL−1 134
Insulin 90 pmol 135
C-peptide 0.8 nmol L−1 135
Androstenedione 70 ng dL−1 2.36 136, 137

Table 4 Summary of selected biomarkers for endometriosis. SE =
selectivity, SP = specificity

Biomarker Cut-off SE SP Ref.

CA-125 22.6 U mL−1 72% 92% 138
STX-5 55 ng mL−1 78% 70% 138
LN-1 <1110 pg mL−1 72% 78% 138
CA19-9 35 IU ml−1 48% 92% 139, 140
MMIF 1 μg L−1 141
HIF-1α 5 pg L−1 141
VEGF 8 pg L−1 141
IL-6 41 ng mL−1 94% 80% 142
Glycodelin A 121 ng mL−1 90% 90% 142
A1BG 90% 80% 143
IGKC 80% 90% 143
HP 85% 85% 143
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125 limited to stages III and IV, STX-5 unable to detect stage
III, and LN-1 limited to stages II and IV. Due to the low
sensitivity and specificity of CA-125 for endometriosis, it is
not recommended as a biomarker for the condition.64 CA19-9
has also been identified as a potential marker for
endometriosis, but it was found to have even lower sensitivity
compared to CA-125 which is already not recommended for
endometriosis diagnosis.139,140

Another study looked at levels of MMIF, HIF-1α, and VEGF
and their relation to endometriosis, and found that these
markers were elevated in women with the condition.141 These
markers were elevated across all stages of the condition and
increased in concentration as the severity of the illness
increased. Additional potential biomarkers for endometriosis
include IL-6 and glycodelin A, which present with reasonably
high sensitivity and specificity for the illness.142 Additionally, the
markers A1BG, IGKC, and HP have been found to be elevated in
later stages of endometriosis.143 These markers are somewhat
limited but could prove useful in the diagnosis of endometriosis.

Efforts have been made to combine CA-125 with these and
other biomarkers to improve sensitivity and specificity,
including combination with IL-6 and IL-8,144 CCR1 mRNA
and MCP1,145 and annexin V, VEGF, glycodelin, and sICAM-
1.146 These studies show limited improvements in sensitivity
and specificity over CA-125 screening, but show that multi-
panel assays of potential biomarkers have the ability to
improve our screening of endometriosis.

Another potential method for screening endometriosis is
by use of microRNA (miRNA). A recent study has found that
the miRNAs miR-125b, miR-150-5p, miR-342-3p, and miR-
451a are elevated in women with endometriosis, while miR-
3613-5p and let-7b are depressed.147 This panel of six
miRNAs could be used in the screening and diagnosis of
endometriosis.

Gynaecological infections

As infections may be caused by a variety of microorganisms,
finding biomarkers for infection greatly depends on which
organism is causing the condition. For serious bacterial
infections, sepsis may result, which can be screened for with
the biomarker procalcitonin.148,149 As this marker is only
present after patients present with sepsis, it is only useful in
diagnosing severe infection. An earlier series of potential
markers for bacterial vaginosis are biogenic amines.150 These
compounds are released during bacterial infections of the
vagina and are responsible for the malodour that can occur.
They can screen for bacterial vaginosis with 83% sensitivity
and 92% specificity, making them a potentially useful early
marker for these infections.

Another potential biomarker for STIs as well as bacterial
vaginosis is interleukin-1β (Il-1β).151,152 This marker was found
to provide 77% sensitivity and 72% specificity for gynecological
infections versus healthy controls. Though somewhat low in
these regards, this marker could potentially be useful in
screening for infections.

Although not specifically a biomarker found in serum and
blood, the bacterial species Methanobrevibacter smithii is
found exclusively in patients with bacterial vaginosis and
could be used as a biomarker for the condition.153 Using
antibody capture or culture analysis for this bacterium could
improve screening and detection for patients with bacterial
vaginosis.

For chlamydia, a potential microRNA marker has been
identified, which is miR-193b-5p.154 This microRNA was
found to be upregulated in the sera exclusively in C.
trachomatis infected patients compared to healthy controls,
making it a potential serum-based biomarker for this
infection.

An interesting marker for syphilis infection could be the
analysis of platelets.155 Patients suffering from syphilis were
found to have significantly decreased mean platelet
volumes, and platelet distribution widths. Platelet analysis
for these two variables could allow for relatively simple
screening for syphilis in patients. Additionally, for sera-
based markers, miR-223-3 has been identified for
syphilis.156 This microRNA was found to be significantly
upregulated in all syphilis patients compared to healthy
controls regardless of disease stage, with a 91% sensitivity
and 83% specificity.

Looking at candida-based yeast infections, a handful of
biomarkers have been identified including Candida albicans
germ tube antibody (CAGTA), Platelia Candida mannan
antigens (MN), antimannan antibodies (AMN), and (1→3)-β-D-
glucan (BDG).157 Although these markers individually have
low sensitivities and specificities for yeast infections, they
can be paired together to increase both. The pairing of
CAGTA and BDG had a sensitivity of 97% and specificity of
84%, while the pairing of CAGTA and MN had a sensitivity of
94% and specificity of 86%. Detection of these markers
together could prove useful in screening for these yeast
infections.

Sensors
Ovarian cancer

Given the poor prognosis with advanced disease, the high
5-year survival at stage 1, and the issues associated with the
CA-125 assay evaluated above, it is unsurprising that possible
early-stage detection by sensor has attracted considerable
attention. This is further complicated by the fact that the
most common type of ovarian cancer (high-grade serous) is
seldom identifiable as an early stage at all. Its origin in the
fallopian tube with microscopic spread into the peritoneal
means that prevention will continue to play a critical role in
ensuring that women do not present with advanced disease.
Assays of OC biomarkers, reviewed above, involve the direct
conversion of the presence (and concentration) of a marker
into a device-generated electrical signal. Given the variety of
biomarkers, it is necessary to use selective probes for these
that can be attached to the surface of a chosen device.
Obviously, such a device will need to display a high level of
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sensitivity since the concentration of a specific marker in
biological fluid is expected to be very low. Additionally, it will
clearly be necessary to operate the sensor in, at least, serum,
if not whole blood. The following details these efforts in an
approximate chronological order, rather than by device type
or nature of biomarker employed (Table 5).

The biomarker HE4 figured prominently among the earlier
sensors for OC detection. For example, Yuan et al.158

employed a silver-nanoparticle based chip for assay by
localized surface plasmon resonance (LSPR). Device surface
attached antibody for HE4 was incubated with different
concentrations of the marker in buffer solution (Fig. 1).

The peak wavelength of the LSPR extinction spectrum was
measured and recorded for each experiment using a
spectroscope with a charge-coupled device detector.
Following incubation in 500 pM HE4, the LSPR wavelength
shifted to +14.48 nm. The limit of detection (LOD) for the
method was assessed to 4 pM HE4. The negative spectre of
non-specific adsorption, a ubiquitous issue with biosensor
technology, was evident for experiments conducted in serum.

HE4 (and CA-125) was also the subject of a study of
detection by electrochemical impedance spectroscopy
(EIS).159 In this case, a device with micron-scale interdigitate
electrodes (IDEs) in an SD card format was used with the
probe for HE4 being a protein–enzyme conjugated label.
Again, detection in serum was not evident. Another example
of the use of a microelectronic device is the work on an
ultrasonic MEMS-based biosensor of the detection of urinary
antiapoptotic protein B-cell (Be3l-2).160 In this study, use was
made of a horizontal (SH) surface acoustic wave device with
the ST cut-quartz surface being modified with antibodies for
the marker (such devices have been employed widely in
biosensor applications161). Notably, it was claimed that the
sensor's surface chemistry was capable of avoiding fouling by
the components of urine. A further example of detection by
microelectronic structure was the work of Sajjad et al.,162

who described an FET device for detection of HE4, although

curiously, there was no mention of a probe for the marker or,
indeed, assay in serum.

The first biosensor study of the marker HSP10 was
conducted using the electromagnetic piezoelectric acoustic
wave (EMPAS) device.163 This sensor involves the instigation
of acoustic waves in a quartz substrate via the secondary
electric field developed by a radio frequency-excited flat spiral
coil.164 The main focus of this investigation was to examine
the interactive chemistry for the hexa-histidine-tagged protein
attached to the device (quartz) via NTA – chemistry with a
selective aptamer produced by conventional SELEX protocols,
5′-AACTGGTGCGGGGTGGTGGGGGATGGATGTTGCTTG AGGG
GTC-3′. Experiments conducted at 940 MHz frequency did

Table 5 A selection of sensors developed for various biomarkers of ovarian cancer. LOD = limit of detection, DR = dynamic range

Biomarker Sensor type LOD DR Ref.

HE4 SPR 4 pM 10–10 000 pM 158
HE4 + CA125 EIS 159
Antiapoptotic B-cell MEMS 0.5–12 ng mL−1 160
HE4 FET 162
HSP10 EMPAS 163
CA-125 Electro-chemiluminescence 0.4 mU mL−1 0.001–5 U mL−1 165
CA-125 SPR 166
CA-125 Immunochemical sandwich assay 30 U mL−1 167
CA-125 EIS 0.9 pg μL−1 0.9 pg μL−1–15.2 ng μL−1 168
CA-125 Fluorescence 10 pg mL−1 169
CA-125 Capacitance 170
CA-125 DPV 0.001 U mL−1 0.001–400 U mL−1 171
CA-125 Electrochemical 6 μU mL−1 0.0005–75 U mL−1 172
CA-125 SPRI 173
CA-125 SPR 174
HE4 Photoluminescence 175
LPA Fluorescence 5 μM 176

Fig. 1 Design of the localized surface plasmon resonance biosensor for
HE4 detection using a direct assay format. (A) Glass substrate, (B) silver
nanoparticles synthesized through NSL technology, (C) a self-assembled
monolayer layer formed by incubation in 1 mM 11-mercaptoundecanoic
acid, (D) incubation in 75 mM 1-ethyl-3-(3-dimethylaminopropyl)
carbodiimide hydrochloride/15 mM N-hydroxysuccinimide, (E) anti-HE4
antibody (10 μg mL−1) covalently attached to the nanoparticles, and (F)
different concentrations of the HE4 both in buffer and serum samples
reacted with the anti-HE4 (reproduced from ref. 158 ‘International
Journal of Nanomedicine’ 2014, 9, 1097–1104. Originally published by
and used with permission from Dove Medical Press Ltd.).
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reveal a response for protein–nucleic acid binding, which was
attributed to a rigidification of the complex on the quartz
surface. There was no attempt to perform the reverse
experiment, i.e., aptamer on the device surface, or research
responses in biological fluid.

Given the ubiquitous use of clinical assay for OC involving
CA-125, it is not surprising that a major effort has been
directed towards detection of the antigen by biosensor over a
number of years. This is despite the disadvantages evident
with this biomarker for OC as discussed above. Selected
examples follow, where electrochemical techniques appear to
dominate the field. An electrochemiluminescence sensor was
developed for CA-125 by Wu et al.165 based on antibody
acting as a probe on functionalized graphitic carbon nitride
(g-C3N4). The nitride was combined with amino-modified
Fe3O4 nanoparticles imposed on a screen-printed carbon
electrode (Fig. 2).

The system is disposable and was said to exhibit a wide
dynamic linear detection range for the antigen (0.001–5 U
mL−1), with a lower detection limit of 0.4 mU mL−1, thus
providing high sensitivity. As is often the case with the
development of devices for CA-125, and indeed as for other
markers, there was no attempt to produce assays in clinical
samples. As distinct from antibodies as a probe for the
antigen, Lamberti et al.166 were able to generate RNA
aptamers for this purpose. To achieve high affinity aptamers
for the antigen, the authors used a human CA-125
recombinant protein as a target, with a C-terminal His tag in
a SELEX-based protocol. Binding characterization with regard
to CA-125 was achieved using both real-time-qPCR and
surface plasmon resonance biosensor. The latter involved an
NTA-based “biochip” whereby this moiety on the device
surface is modified by Ni2+ which then functions as a
capturing agent for His tag flowed by CA-125 at 80 nM
concentration. The capability for the sensor surface
configuration to bind the RNA aptamer was then assessed
including an investigation of the kinetics of the process. As
for the HSP10 study outlined above, this work represented
more of an examination of potential probes than

development of a practical system. Interestingly, the
comment was made that future use of the chemistry in a
clinical setting would need to have the interference issue
posed by biological fluid to be solved. The authors are correct
in this view.

Assay of CA-125 culminating with the generation of a final
signal on a so-called “smart-phone” employed a conventional
immunochemical sandwich protocol.167 Antibody for the
antigen was place on a nitrocellulose membrane, followed by
incubation with various concentrations of CA-125 solution,
and then finally a secondary antibody labelled with Au
nanoparticles. In addition, an Ag enhance was used to
produce combined metal nanoparticles yielding grey colour
spots. The pixel intensity of the captured device was
determined by image acquisition and data processing. The
limit of detection was found to be 30 U mL−1 and
measurements could be made in serum spiked with the
antigen. In this study, aside from the remark that the system
could be easy to use in certain cases, it was not entirely clear
why a phone would be used and why it is “smart”.

Electrochemical impedance spectroscopy (EIS) with a
graphene-based sensor has been employed in order to detect
the antigen.168 In this case, the focus was towards early-stage
assay, despite the reality that there may be doubts concerning
the efficacy of CA-125 as a marker at this point in disease
development (see above). The device was fabricated by first
electropolymerizing a polyaniline layer on a graphene screen
printed electrode. Antibody to the antigen was then attached
to the sensor surface via cross-linking, with each stage of the
surface modification process being confirmed by Raman
spectroscopy. The limit of detection was 0.923 pg μL−1 with a
dynamic range of 0.92 pg μL−1–15.21 ng μL−1, resulting in the
claim that the work represented the most sensitive detection
of the antigen at that time.

A fluorescence-based assay of the antigen has been
developed where a combined aptamer/CA-125 antibody
configuration was the probe on a 3-dimensional network of
carbon nanotubes.169 The ssDNA aptamer employed in the
work was produced by the conventional SELEX protocol. The
limit of detection was in the region of 10 pg mL−1 and it was
pointed out the technology represents a significant
enhancement over existing ELISA methods for CA-125 assay.
However, although it was recognized that the technique
could provide detection in the clinical setting, no such assay
was described.

Detection of the antigen has also been demonstrated on
gold nanoparticles imposed an interdigitated electrodes,
which was incorporated into a microfluidic set up.170 The
surface chemistry to attach antibodies to CA-125 on the gold
electrode involved a standard self-assembled monolayer of
thiourea followed by antibody-functionalized nanoparticles
(Fig. 3). The measured signal was capacitance-based in the
frequency range 10–100 kHz with 10 kHz steps.

This measurement was conducted at each step of the
aforementioned surface procedures and studies were
performed under static and microfluidic flow conditions.

Fig. 2 Schematic diagram of (A) preparation procedure of multi-
functionalized g-C3N4, and (B) the fabrication of proposed
immunosensor using multi-functionalized g-C3N4 (reproduced from
ref. 165 with permission of Elsevier, Amsterdam, The Netherlands,
copyright 2016).
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Under the former condition, the capacitive signal was
increased from 260.8 to 736.3 pF (at 20 kHz) with
nanoparticles in place. The increase was less for microfluidic
experiments which was attributed to shear effects. Curiously,
in this study, there was no apparent attempt to determine
the LOD for CA-125, although it was mentioned in passing
that the system could be used to assay biomarkers in plasma.

Microfluidic technology has also been used in conjunction
with a paper substrate in a so-called nano-ink
configuration.171 In this case, antibody was immobilized on
the surface of the matrix containing Ag–DPA–GQD (silver
nanoparticles deposited on the D-penicillamine-
functionalized graphene quantum dots) conductive nano-ink
modified CysA–gold nanoparticles, differential pulse
voltammetry (DPV) technique. Under optimal conditions, the
linear range of 0.001–400 U mL−1 and lower limit of
quantification (LLOQ) 0.001 U mL−1 were obtained for assays
conducted in human plasma.

Another electrochemical study involving nanoparticles to
detect CA-125 was conducted with graphene oxide–multiwall
carbon nanotubes imposed on a glassy carbon electrode.172

Polyamidoamine/gold nanoparticles were used to increase
the conductivity and enhance the number of antibodies
immobilized on the electrode surface. Additionally, antibody
and toluidine blue attached to O-succinyl-chitosan-magnetic
nanoparticles were employed as a tracer. The device
exhibited a wide linear range (0.0005–75 U mL−1) and an
excellent limit of detection around 6 μU mL−1. It was
unclear in this work if the immunosensor was tested against
clinical samples, although the authors claim excellent
stability, high selectivity and sensitivity, and good
reproducibility.

Optical methods have also been employed to assay the
antigen; a couple of more recent examples follow. Surface
plasmon resonance imaging (SPRI) has been used to
determine circulating CA-125/MU16 (MU = mucin).173 In this
investigation, anti-MU16 antibody was attached to the usual

SPR gold chip via self-assembled monolayer of cysteamine
followed by standard EDS/NHS surface chemistry. An effort
was made to assess the selectivity provided by the system by
exposing the chip surface to albumin, leptin, interleukin 6,
and metalloproteinace-2. None of these species yielded a
signal thus confirming the selective properties of the device
to the antigen. Unlike many biosensor developments for the
antigen, the authors commendably examined response of the
device to serum samples of patients suffering from both
ovarian cancer and endometrial cysts (it was not clear at
which stage of the disease the samples were collected). The
concentrations determined by the sensor generally compared
favourably with those obtained from conventional
chemiluminescence immuno-assay. The argument was made
that the overall configuration is much simpler in operation
than other methods for assay of the antigen.

A significantly more complex method has been developed
involving a sensor fabricated from gold nanoparticles and
Schiff base entity doped into a sol/gel matrix.174 This device
yields a fluorescence emission at 423 nm when excited by a
source of 340 nm. The prepared Schiff base was 2,2′-((1E,1′E)-
(1,2-phenylenebisazanylydene)bis(ethane-1-yl-ylidene)-
diphenol). The signalling mechanism was based on the
quenching of the fluorescence emission of the Au particle/
Schiff base arrangement by the antigen. The analytical
properties exhibited by the system were thoroughly
characterized by electron microscopy, determination of
absorption and emission spectra and dynamic linear range
and concentration calibration. Although it was unclear in this
work how the sensor was capable of selective interaction of
the antigen with the sol/gel-based arrangement, it was tested
on samples from healthy patients and those suffering from
the disease. Again, no indication of the particular stage of
the disease for the patients was indicated. Finally, an
interesting and useful feature of this article is a compendium
of assays for CA-125, which concentrates on the use of
nanoparticles.

We now turn to a couple of examples of studies of
biosensor detection of other biomarkers, which are far less in
number than is the case for CA-125. An optical nano-sensor
based on single-walled carbon nanotubes has been developed
with is capable of optical measurements, and interestingly,
implantable in tissue.175 Such carbon nanotubes yield near
infrared (NIR) bandgap photoluminescence between 800 and
16 000 nm. For measurements of the marker HE4, an
antibody for the marker was attached to a nano-tip by
subsequent steps involving ssDNA and conventional EDC/
NHS surface chemistry that is used by many. Following an
academic characterization of device, it was implanted
successfully in animals for photoluminescent assay of HE4.

Finally, in our own research we have examined the potential
of the detection of lysophosphatidic acid (LPA).176 It has been
shown by standard analytical techniques that this marker is
present at all stages of the progression of OC. LPA is quite
promising as a screening tool since it is present in the early
stages of the disease and it appears to increase incrementally as

Fig. 3 a: Schematic representation at various stages of biosensor
fabrication: (i) bare electrodes, (ii) SAM layer on the bare electrodes, (iii)
immobilized gold nanoparticles on the SAM layer, (iv) antibody
immobilization on the electrodes, and (v) antigen–antibody
conjugation on the electrodes. b: Real image of the biosensor with
microchannel (reproduced from ref. 170 with permission from
Springer, NY, USA, copyright 2019).
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progression occurs to stage IV. The probe employed for the
marker was the protein gelsolin, the interaction displaying a Kd
value of 6 nM. To develop a signal, actin labelled with
fluorescent dye is bound to the protein which is attached to
silica nanoparticles. LPA is then capable of replacing the actin
moiety resulting in a fluorescent signal. In these experiments,
the surface chemistry involved a deliberate attempt to mitigate
fouling by components of biological fluid by specialized silane
chemistry. Preliminary results suggest that a limit of detection
of 5 μM LPA in serum could be achieved. Such a value
approaches that required for early-stage detection of OC.

Additional efforts to improve ovarian cancer screening
involve applying artificial intelligence (AI) to evaluate image
data for diagnosis and prognosis has increased in recent
years.177 Several studies showed that using machine and deep
learning models can improve the evaluation of the medical
images in OC diagnosis and prognosis.178–181 Shinagare
et al.178 used a machine learning algorithm to develop a
predictive model for surveillance of high-grade serous ovarian
cancer and the abdominal recurrence. They examined the
impact of age, size of the primary tumor, clinical stage (stage
III or IV), degree of cytoreduction, and CA-125 level with
univariate and multivariate analysis on the presence or
absence of recurrent disease on CT. Their model showed that
the rate of change of CA-125 is more predictive of abdominal
recurrence than the actual CA-125 value, and the rate of
increase of CA-125 may help to select the OC patients who
are most likely to benefit from surveillance CT scans.178

Although studies showed the efficiency of AI models to use
the imaging data as an effective predictor for OC diagnosis
and prognosis, still this approach is at research level. Future
work should focus on clinical trials with larger data to
improve the accuracy of the models.

AI modeling has also been used to create various machine
and deep learning algorithms to predict the type and
different stages of OC using available clinical data such as
blood tests, imaging data, patients' family history, and
background.182,183 Such AI modeling can provide a logical
decision-making framework by identifying variables that
predict the OC stage to choose an effective personalized
treatment strategy. Kawakami et al.184 showed the capability
of machine learning models as a prediction system for
epithelial ovarian cancer (EOC) diagnostic and prognostic by
using seven different supervised machine learning classifiers
to drive diagnostic and prognostic information from 32
parameters of available clinical data including blood tests of
patients. Their model showed high accuracy of 94% to
distinguish EOC from the benign ovarian tumor. They also
found that albumin, lactate dehydrogenase (LDH),
lymphocyte, sodium, and fasting blood glucose test (FBG)
can be potential biomarkers for EOC.

Omics strategies such as genomics,185,186

proteomics,187,188 metabolomics,189,190 and glycomics191,192

are promising methods to identify novel cancer biomarkers.
They can be performed on various biospecimens including
cell lines, tissue biopsies, blood, urine, saliva, and

cerebrospinal fluid.193,194 The omics strategies can also be
used as diagnosis and prognosis methods, but their
application is limited to clinical research as they require
state-of-the-art instruments, such as mass spectrometry (MS)
and nuclear magnetic resonance (NMR), which are expensive,
low throughput, and require highly trained technicians. In
addition to these challenges, there is still a lack of standard
experimental protocols for OC omics methods. These
protocols also need inter-laboratory validation and
verification to be approved for clinical use.

MS-based proteomics is a powerful technique capable of
peptide/protein identification and quantification. The first
report on using MS-based proteomics in OC research in 2002
showed the capability of this method to detect OC using serum
samples.195 This study analyzed the blood sample of 50 OC
patients and 50 healthy women using surface-enhanced laser
desorption and ionization time-of-flight (SELDI-TOF) mass
spectrometer to generate preliminary “training” data. This data
and an iterative searching algorithm were used to find a
proteomics pattern distinguishing between OC and non-cancer
samples. Then the discovered pattern was used to identify OC
in an independent set of serum samples (50 OC and 66 non-
cancer). The proteomics pattern successfully identified the 50
OC samples including 18 stage I, and 63 out of 66 non-cancer
samples, which indicates a sensitivity of 100%, specificity of
95%, and positive predictive value of 94%.194 Although the
positive predictive value of 94% is adequate for high-risk
population screening, it is not adequate for the general
population as the incidence of OC is low. Since this report,
many studies were performed to provide more accurate
predictions from the proteomics profile of the MS spectrum.
Various algorithms and methods were proposed to overcome
challenges in data processing of MS-based proteomics. A
hybrid algorithm based on maximum-discrimination and
minimum-correlation (MDMC) was proposed to determine
relevant features in two SELDI-TOF data sets.196 The authors
recognized 14 and 6 MS signals in the two data sets that could
be potential OC biomarkers with discrimination accuracy of
99.5%, sensitivity of 99%, and specificity of 100%; and 100%
accuracy, 100% sensitivity, and specificity of 100%;
respectively.196 However, the corresponding proteins were not
identified.

MS-based proteomics has also been applied to study tumor
tissues. Gant et al.197 investigated the changes in collagen fiber
of high-grade serous ovarian cancer (HGSOC) tissue using the
combination of MS proteomics and Second Harmonic
Generation (SHG) Microscopy. They identified a total of 233
proteins including those that are only present in HGSOC tissue
or healthy tissue, and by applying a linear discriminant (LD)
model, they differentiated between HGSOC tissue and healthy
tissue.197 Although this study was performed on a limited
number of samples, it showed the ability of this approach as a
diagnosis and prognosis method.

Compared to proteomics, a few studies used
metabolomics for OC diagnosis. The metabolite profile could
provide more comprehensive information about the sample
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compared to the protein profile. However, identifying the
metabolites that could be used as biomarkers is more
challenging. A comprehensive review by Saorin et al.198

discussed the metabolomics research in OC diagnosis and
the challenges that limit the clinical application of
metabolomics. Raman199,200 and IR201 spectroscopy could
also be applied to identify OC samples. Although these
techniques are cost-effective and easy to operate, they are not
as sensitive as mass spectrometry. Laser-induced breakdown
spectroscopy (LIBS) is a multi-elemental detection technique
that can provide an elemental fingerprint of biological
samples. Yue et al.202 applied LIBS and machine learning
models to identify OC in blood samples. Although they
achieved sensitivity and specificity of 71.4% and 86.5%,
respectively, their finding demonstrates the ability of LIBS to
investigate the elemental homeostasis in health and disease.

Finally, immunoassays are widely used for biomarker
detection as diagnosis and prognosis tools. These techniques,
which are based on antigen–antibody reactions, are usually
simple, fast, and cost-effective, high-throughput with high
selectivity and specificity. Developing the multiplex
immunoassays makes these techniques ideal tools for
diagnosis and prognosis. However, they usually need labeling
and provide a limited amount of information. The most
common immunoassay is the enzyme-linked immunosorbent
assay (ELISA), which is a solid-phase assay that detects the
analyte by producing an enzyme-triggered color change that
can be measured by a plate reader. Commercial kits apply
different strategies to improve the performance of the ELISA
such as cost, measurement time, simplicity, sensitivity, and
specificity. Using fluorescence or chemiluminescence dyes
may enhance the sensitivity and specificity of the
immunoassays. Yao et al.203 reported on a dual-signal
fluorescence system using quantum dot nanospheres and
fluorescent nanoparticles to simultaneously detect human
epididymis protein 4 (HE4) and CA-125 in human serum
samples (Fig. 4). They achieved a limit of detection of 0.16 ng
mL−1 and 9.4 U mL−1 for HE4 and CA-125 respectively.
Although the authors assessed the performance of their
method by measuring HE4 and CA-125 in the presence of
several kinds of biomarkers and proteins, a recent study
showed that chemiluminescent immunoassay (CLEIA) may
not be suitable for detecting HE4 in serum as it significantly
overestimated HE4 values compared to the ELISA.204

A comprehensive study compared the CA-125 and HE4
serum levels of malignant, non-malignant, and healthy
samples obtained from CLEIA. The significance of this study
is that they collected and compared the data from six highly
qualified laboratories that use four different CLEIA devices.
They first assessed and corrected the analytical bias in
different devices and then interpreted the results collected
from 1509 patients. They concluded that at pre-menopausal
status, CA-125 and HE4 levels are not accurate for differential
diagnosis. In the post-menopausal status, HE4 showed
significantly better accuracy than CA-125 for women
regardless of their age.205 Electrochemiluminescence

immunoassay (ECLIA), which is a clinically approved method
for CA-125 detection, has advantages over CLIA as the time of
the light-emitting reaction can be controlled to be adjusted
with the time of antibody–antigen reactions. The wavelength
of the light emission can also be adjusted to improve the
selectivity and the sensitivity by increasing the signal-to-noise
ratio, measuring multiple reactions either in sequence or
simultaneously. Furthermore, sensitivity can be enhanced
using various redox cycling amplification strategies.

Multiplex immunoassays that can simultaneously detect
and quantify several protein molecules have been used in
many OC clinical trials.206 Commercial Luminex multiplex
assays, which follow the principle of ELISA, use dye with a
precise ratio of red and infrared fluorophores embedded in
beads, which produce 100 unique fluorescence spectral
signatures. Coupling different beads with highly specific
antibodies and pairing them with a biotin-labeled high-
affinity secondary antibody enhance the selectivity and
specify of the simultaneous measurements of more than 100
proteins.

Cervical cancer

The previously discussed HPV infection and early-stage
cervical cancer biomarkers show the significant potential of
establishing novel and objective screening, triage, and
monitoring methods. Biosensors can provide an ideal
diagnostic strategy that conforms to the World Health
Organization's ASSURED guidelines for a point-of-care
system: affordable, sensitive, specific, user-friendly, rapid,
equipment-free, and deliverable.177 Access to an ASSURED
system is especially critical in developing countries, where
over 62% of cervical cancer deaths occur due to limited or no
screening.36 Developing a simple diagnostic device can also
provide an option for self-testing29 (Table 6).

Fig. 4 Schematic illustration of the dual-signal system-based
immunoassay for HE4 and CA-125 detection. (a) Procedures of the
dual-signal system-based immunoassay. (b) Image of the fluorescent
nanoparticles and quantum dot nanospheres under excitation of
ultraviolet (reprinted from ref. 203 with permission from the Chinese
Chemical Society (CCS)), Institute of Chemistry of the Chinese Academy
of Sciences ((IC) and the Royal Society of Chemistry, copyright 2019).
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A variety of sensors have been developed to detect and
measure HPV DNA, including electrochemical, fluorescent,
and colorimetric biosensors. While the majority provide low
LOD, electrochemical and colorimetric biosensors are more
promising for simple and rapid detection; most fluorescent
biosensors require time and technical expertise to prepare
the sample's low analyte concentration for analysis.29 Other
biosensors for early diagnosis include temperature-based,
vibrational spectroscopy-based, field effect transistor (FET)
based, mechanical, polymerase chain reaction (PCR),
magnetic, aptameric, and piezoelectric systems.29,208

A magnetic focus lateral flow biosensor has been studied
to detect valosin-containing proteins (VCP). Magnetic gold
nanoparticles (AuNPs) were functionalized with antibodies
that bind VCP. To concentrate the nanoparticles and improve
the colorimetric signal upon biomarker binding, a magnet is
placed below the lateral flow system. The biosensor achieved
an LOD of 25 fg mL−1 and allowed for quantifying in the
range of 25–200 fg mL−1.209

HPV16 and HPV18 cause about 70% of cervical precancer
and cancer, particularly invasive carcinoma.208,210 Pareek
et al. developed an electrochemical genosensor using an
oligonucleotide as the probe for detecting HPV18 DNA. The
genosensor showed an excellent LOD of 0.405 fM and a broad
linear range of 0.1 fM to 100 pM. However, the samples were
not tested in a liquid biopsy but involved extraction of HPV
DNA from endocervical samples, which is a more invasive
approach compared to collecting blood samples.211

Other genosensors for detecting HPV DNA have been
extensively studied, with the majority having low LODs.208

Significantly, an electrochemical biosensor for detecting the
HPV16 E7 region achieved an ultrasensitive LOD of 1 attomole L−1,
with a linear range of 10−18–10−12 M. The sensor involved single-
wall carbon nanotube (SWCNT) arrays that were coated by gold
nanoparticles to produce SWCNTs/Au electrodes, where ssDNA
HPV probes were functionalized on the electrode's surface.212

Wang et al.213 demonstrated a strontium oxide-modified
interdigitated electrode surface sensor that was modified with
an antibody probe to detect SCC-Ag. The sensor achieved an
LOD of 10 pM and a sensitivity range of 1–10 pM. However, this
system has yet to be tested in blood or serum.

An electrochemical biosensor was reported by Correia
et al.214 for discriminating between cervical cancer and

healthy cells. Indium tin oxide electrodes were modified by
polyallylamine hydrochloride and folic acid layers to detect
folate receptors alpha (FRα) that are more expressed in
tumour cells. Cyclic voltammetry and electrochemical
impedance spectroscopy achieved respective LODs of 19 cells
mL−1 and 4 cells mL−1 for cancerous cells, while no signal
was detected for healthy controls.

Recently, a surface-enhanced Raman spectroscopy (SERS)
sensor was reported by Lu et al. as an assay for HPV-E7 and
OPN215 (Fig. 5). The sensor provided an ultralow LOD of 0.76
pg mL−1 and 0.62 pg mL−1 for HPV-E7 protein and OPN,
respectively, and a wide linear range of 1 pg mL−1 to 1 μg
mL−1 in serum. In a cohort study of healthy controls (n = 30)
and cervical cancer samples (n = 30), the SERS sensor could
distinguish cervical cancer from healthy samples.

Panikar et al.207 developed a SERS immunosensor for
detecting the B7-H6 tumour biomarker with NKp30 receptor
protein as the probe on AuNPs. The sensor involved a
zwitterionic L-cysteine self-assembled monolayer for
antifouling, which likely facilitated the excellent LOD of 10.8

Table 6 A selection of sensors developed for various biomarkers of cervical cancer. LOD = limit of detection, DR = dynamic range

Biomarkers Sensor type LOD DR Ref.

VCP Colorimetric 25 fg mL−1 25–200 fg mL−1 209
HPV18 DNA Electrochemical 0.405 fM 0.1 fM–100 pM 211
HPV16 E7 DNA region Electrochemical 10−18 M 10−18 M to 10−12 M 212
SCC-Ag Electrochemical 10 pM 1–10 pM 213
FRα Electrochemical 19 U mL−1 CV

4 U mL−1 EIS
102–105 U mL−1 CV
50–106 U mL−1 EIS

214

HPV-E7 protein SERS 0.76 pg mL−1 1 pg mL−1–1 μg mL−1 215
OPN SERS 0.62 pg mL−1 1 pg mL−1–1 μg mL−1 215
B7-H6 SERS 10.8 fg mL−1 10−10 M to 10−14 M 207
p16INK4a QCM 10 ng mL−1 50–1200 ng mL−1 216

Fig. 5 Schematic illustration of the SERS assay of HPV-E7 and OPN via
CHA-HCR (reprinted from ref. 215 with permission from the Chinese
Chemical Society (CCS)), Institute of Chemistry of the Chinese Academy
of Sciences ((IC) and the Royal Society of Chemistry, copyright 2022).
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fg mL−1 and sensitivity range of 10−10 M to 10−14 M in
undiluted serum. Compared to the commercially available
enzyme-linked immunosorbent assay (ELISA) for detecting
B7-H6, the SERS biosensor's LOD was 100-fold lower. The
sensor was relatively resistant to variations in pH from 5 to 9
due to ATP functionalization on the AuNPs, ensuring sensor
stability in complex samples.

To detect cyclin-dependent kinase inhibitor protein
p16INK4a in LBC samples, Yang et al.216 used a quartz crystal
microbalance (QCM) immunosensor. The piezoelectric crystal
was functionalized with mouse polyclonal antibody as a
probe to specifically target p16INK4a. The antigen–antibody
binding caused a frequency shift by altering the crystal's
mass, while frequency changes linearly correlated with the
concentration of p16 INK4a. The sensor achieved an LOD of 10
ng mL−1 and a linear range of 50–1200 ng mL−1. Notably,
p16 INK4a was stage-dependent since its expression increased
during cervical precancer to cancer progression. The authors
claim their QCM immunosensor is sensitive, specific, and is
reproducible as it can be reused up to six times.

Uterine cancer

Some sensors have been developed for biomarkers related to
uterine and endometrial cancer. In previous sections, sensors
for CA-125 have been discussed in depth, so will not be
discussed here. This section will focus on sensors that were
evaluated in either real or simulated biological samples, and
leaves out any sensors that were only evaluated in buffered
samples (Table 7).

An electrochemical impedance sensor has been developed
for IL-8, which used a synthetic probe on a cystatin scaffold
for detection.217 This sensor was assessed in serum samples
and measured IL-8 with a 90 fg mL−1 limit of detection and
900 fg mL−1–900 ng mL−1 dynamic range. Given that
biologically relevant concentrations of IL-8 in patients falls
within this dynamic range, this sensor is highly promising in
screening and diagnosis of uterine and endometrial cancers.

For the marker IL-10, an SPR sensor has been
developed.218 This sensor used a silver nanostructure to
which was anchored IL-10 antibodies. This method was able
to detect low levels of IL-10 in human serum and
differentiate uterine cancer patients from those with benign
gynecological disorders. It also provided a limit of detection

approaching 1 pg mL−1, and a wide dynamic range of 1 pg
mL−1–1 μg mL−1, with results comparable to ELISA kits.

Another SPR assay has been developed for TNFα, which
uses a sandwich immunoassay coupled with gold
nanoparticles to increase sensitivity and was verified in
human serum.219 This sensor was able to achieve a limit of
detection of 11.6 pg mL−1 in buffered samples, but this limit
of detection unfortunately climbed to 54.4 pg mL−1 in dilute
serum samples due to non-specific adsorption. This
increased LOD in serum reduces the sensor's ability to
accurately detect biologically relevant concentrations of
TNFα, so efforts would need to be made to bring down the
limit to allow this sensor to be used in screening and
diagnostics.

For the biomarker VEGF, a wide array of sensors has been
developed.220 These include luminescence, colorimetric,
fluorescence, and SPR sensors that rely on a developed
aptamer for VEGF. Many of these sensors provide low LODs,
though typically also present with narrow dynamic ranges,
with only a few verified to work in non-buffer samples. One
interesting sensor involves an aptamer-based sandwich assay
for chemiluminescence detection in cell media.221 This
sensor provided a low limit of detection of 1 nM, while
providing very similar results to ELISA assays for cell media
measurements.

Another interesting sensor for VEGF was developed using
fluorescently labeled split molecular aptamers.222 The
aptamers were exposed to VEGF followed by treatment with
nicking enzymes to cleave off the fluorescent section of any
analyte-bound aptamer and use grapheme oxide nanosheets
as a quenching agent (Fig. 6). This allowed for signal
detection only in the presence of analyte with low
background noise. A limit of detection of 1 pM, with a wide
dynamic range was achieved. The assay was also tested with
ATP, and its corresponding aptamers, and was successfully
used in rat liver samples. The ability of this assay to work in
real tissue samples bodes well for its use as an assay in
human serum or blood samples.

For angiogenin, an electrochemical sensor based on
square wave voltammetry has been developed.223 The sensor
involved using anti-angiogenin bound to a gold electrode
surface for measurements and was evaluated in human
serum samples where it compared favorably to a standard
ELISA assay. With a 1 pM LOD and a dynamic range of 0.01–

Table 7 A selection of sensors developed for various biomarkers of uterine and endometrial cancers. LOD = limit of detection, DR = dynamic range

Biomarker Sensor type LOD DR Ref.

IL-8 Electrochemical impedance 90 fg mL−1 900 fg mL−1–900 ng mL−1 217
IL-10 SPR 1 pg mL−1 1 pg mL−1–1 μg mL−1 218
TNFα SPR 54.4 pg mL−1 219
VEGF Chemiluminescence 1 nM 221

Fluorescence 1 pM 222
Angiogenin Square wave voltammetry 1 pM 0.01–30 nM 223
Leptin Electrochemical 0.008 pg mL−1 0.2–20 pg mL−1 225

Electrochemical 0.03 ng mL−1 0.1–20 ng mL−1 226
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30 nM, this sensor shows promise for the quantification of
angiogenin in real clinical samples.

Leptin, another biomarker, has also had a variety of
sensors developed for it, though typically these sensors are
initially for diagnosing obesity risk, they none-the-less could
be applied to uterine cancer diagnosis. These sensors include
electrochemical sensors,224–228 chemiluminescence,229,230

and SPR.231 This wide variety of sensors and methods may
allow us to bring leptin quantification into diagnosis of
uterine cancers.

The electrochemical sensor developed by Özcan and
Sezgintürk based on graphite paper was particularly
interesting.225 This sensor used anti-leptin as the capture
probe and electrochemical impedance spectroscopy to
quantify leptin in diluted serum samples. This was due to
the limit of detection (0.008 pg mL−1) and linear range (0.2–
20 pg mL−1) being well below the typical concentration of
leptin found in human serum. Though this sensor was used
to study leptin in relation to childhood obesity, such a sensor
could be applied to women to assist in screening for uterine
cancer.

Another effort to use electrochemistry to measure leptin
concentration in real samples utilized a sandwich ELISA-
based assay with cyclic voltammetry (CV) and square-wave
voltammetry (SWV) with screen printed gold electrodes.226

This method was able to quantify leptin in a range of 0.1–20
ng mL−1, with a limit of detection of 0.03 ng mL−1.
Additionally, this method was applied to mouse blood and

could successfully quantify leptin in this real biological
solution, making it promising for use in clinical diagnostics.
Although a promising sensor for leptin, it provided similar
results to the commercial ELISA assays, with little discussion
of its advantages over the commercial solution.

Endometriosis

For endometriosis, there has also been some effort to develop
sensors for the condition (Table 8). One such system is an
electrochemical sensor for CA19-9, though this biomarker is
not recommended on its own for screening or diagnosing
endometriosis.232 The developed sensor used carbon
nanotube and magnetite nanoparticles with anti-CA19-9 and
square wave voltammetry to quantify CA19-9. This sensor
displayed a low LOD of 0.2 pg mL−1 and a dynamic range of 1
pg mL−1–100 ng mL−1 in buffered solution, and was able to
quantify CA19-9 in real serum samples comparably to ELISA
tests. Though insufficient as a solo biomarker, this sensor
could provide a more cost-effective way to quantify CA19-9 in
real samples.

Another electrochemical sensor for glycodelin has also
been developed by the same group.233 This sensor was based
on a gold disc electrode, and used anti-glycodelin as the
capture agent, and similarly used square wave voltammetry
for measurements. As with the CA-19-9 electrochemical
sensor, this sensor displayed a low LOD of 0.5 ng mL−1, a
wide dynamic range of 1–1000 ng mL−1, and quantified
glycodelin comparably to ELISA tests when using human
serum. As glycodelin has been found to have reasonably high
sensitivity and specificity towards endometriosis, this sensor
is a promising step towards sensor-based screening.

An impedimetric immunosensor has been developed for
A1BG in relation to endometriosis, which could be useful for
screening later stage patients.234 This sensor used anti-A1BG
bound to screen printed electrodes and electrochemical
impedance spectroscopy for its measurements. This sensor
provided a low limit of detection of 1 ng mL−1 for the
biomarker and used machine learning to improve the
sensitivity and specificity of the device. It required only 50 μL
of sample for measurement, and although it was not verified
in real serum samples, the researchers tested it in simulated
serum with promising results.

Although not a direct sensor, another study showed that
using principal component analysis of Raman spectroscopy
scans could detect endometriosis with a sensitivity of 80.5%
and specificity of 89.7%.235 Instead of trying to quantify a single
prospective biomarker, this study looked at the subtle

Table 8 A selection of sensors developed for various biomarkers of endometriosis. LOD = limit of detection, DR = dynamic range

Biomarker Sensor type LOD DR Ref.

CA19-9 Square wave voltammetry 0.2 pg mL−1 1 pg mL−1–100 ng mL−1 232
Glycodelin Square wave voltammetry 0.5 ng mL−1 1–1000 ng mL−1 233
A1BG Electrochemical impedance 1 ng mL−1 234

Fig. 6 Schematic illustration of the assay for the detection of
biomolecules (reprinted from ref. 222 with permission from the
Chinese Chemical Society (CCS)), Institute of Chemistry of the Chinese
Academy of Sciences ((IC) and the Royal Society of Chemistry,
copyright 2015).
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differences present in Raman spectra of serum from healthy
women versus those with endometriosis. Due to the relative ease
of use of Raman spectroscopy and the lack of any specialized
devices or chemicals, this technique could prove very useful in
non-invasive screening for this condition.

Gynaecological infections

One way to improve proper diagnoses of infections and
ensure rapid and correct treatment would be to use sensors
that can accurately detect infections from patient samples.
There have been some commercial efforts to produce point-
of-care and at-home tests for gynecological infections. One
such development is the Seegene Allplex™ Vaginitis test,
which is a real-time PCR test for a variety of vaginal
infectious agents including bacterial vaginosis, Candida, and
Trichomonas vaginalis.236 This test performed quite well with
sensitivities and specificities for bacterial vaginosis (BV) at
91.7% and 86.6%; any Candida spp. 91.1% and 95.6%;
Candida albicans 88.1% and 98.2%; non-albicans Candida
100% and 97.5%; and T. vaginalis 94.4 and 99.9%. Such a test
is rapid and could provide very good point-of-care diagnostics
for different vaginal infections.

Another commercial test is the SavvyCheck™ Vaginal Yeast
Test, which is a colour change test similar to a pregnancy
test, which uses a swab sample from the vagina to diagnose
the presence of Candida.237 This test showed a sensitivity of
94.1%, specificity of 98.9% compared to gram staining, which
has very high accuracy. Being simple to use, and with easy-to-
interpret results, this test is a very good sensor for yeast
infections and will allow women to rapidly seek the correct
treatment.

Another sensor for general BV screening is the VGTest™
ion mobility spectrometer, which has been tested in point-of-
care settings.150 This test measures the levels of
triethylamine, putrescine, and cadaverine in vaginal fluid
samples. In patients with BV, these levels are all elevated,
with triethylamine being significantly higher than healthy
controls. The test was found to have an 83% sensitivity and
92% specificity in a point-of-care setting and could be highly
useful for rapidly screening BV in populations outside of a
major clinical setting.

When it comes to serious infection and sepsis, sensors for
the biomarker procalcitonin could prove very useful. One
such sensor is an electrochemical immunosensor, which uses
a graphene oxide gold nano-composite film, with carbon
nanohorn labeled antibodies for the rapid detection of
procalcitonin.238 This sensor provided a low LOD of 0.43 pg
mL−1, with a dynamic range of 1 pg mL−1–20 ng mL−1, while
being able to accurately quantify procalcitonin in serum
samples.

Another sensor for procalcitonin is a simple electrolyte-
gated organic field-effect transistor (EGOFET), which uses an
anti-procalcitonin probe as the capture agent and works in a
label free manner.239 This sensor provided a limit of
detection of 2.2 pM, while being simple to use. It was verified

to work in milk powder samples as a complex biological
matrix, but was not verified in serum or other human
samples, so its clinical use requires more verification.

Plasmonic imaging has been used to detect procalcitonin
in serum samples.240 This test used a sandwich assay, with
gold nanoparticle labeled antibodies for signal generation. A
limit of detection of 2.8 pg mL−1 was achieved, with a wide
dynamic range of 4.2–12 500 pg mL−1. This assay provided
better results and a lower limit of detection than the
commercially available ELISA test in serum samples.

Another plasmonic sensor, this time for simultaneous
detection of the specific bacterial infections Chlamydia
trachomatis and Neisseria gonorrhoeae, has also been
developed.241 This plasmonic sensor used antibodies for these
specific bacteria and uses microscopy for visualization and
image analysis. The sensor was verified in urine samples and
provided a limit of detection of 1000 CFU mL−1. This test is
potentially useful for early and accurate diagnosis of these STIs.

Another sensor for Chlamydia has been developed, which
is an electrochemical sensor that looks for specific 16s RNA
markers specific to Chlamydia.242 This sensor was based on
duplex-specific nuclease (DSN)-assisted target-responsive
DNA hydrogels and used bovine serum albumin (BSA) as the
carrier. It was able to produce a dynamic range of 10 fM–25
pM with a detection limit of 5.8 fM, with very high
reproducibility.

Looking at Il-1β, which can help screen for a variety of
infections, there have been several efforts to develop sensors.
One such effort is a fiber optic plasmon resonance sensor,
which uses anti-Il-1β as the sensor probe.243 This sensor was
tested in synovial fluid and produced a limit of detection of
21 pg mL−1, with a dynamic range of 0.05–10 ng mL−1.
Although tested in a differing biological fluid, this test could
potentially be used in vaginal fluid for screening of
gynecological infections.

Another effort is an impedimetric sensor based on an
electrochemical molecularly imprinted polymer for Il-1β.244

This sensor used commercial screen-printed carbon
electrodes and provided a limit of detection of 1.5 pM, with a
dynamic range of 60 pM–600 nM. This sensor was verified to
work in artificial serum with little interference, making it
potentially useful in clinical diagnostics for infections.

For Il-1β, an electrochemical immunosensor has been
developed.245 This sensor is based on a polythiophene
polymer with reactive carboxyl groups to which anti-Il-1β was
bound. The sensor was found to have an incredibly low LOD
of 0.3 fg mL−1, with a dynamic range of 0.01–3 pg mL−1,
making it highly sensitive. This sensor was verified to work
in both human serum as well as saliva, making it widely
applicable in diagnostics.

Challenges and future perspectives

In this Review, we have looked at the current state of
screening and diagnosis for gynaecological illnesses, which
typically involve screening for symptoms followed by imaging

Sensors & DiagnosticsCritical review

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 2

8 
Ju

ly
 2

02
2.

 D
ow

nl
oa

de
d 

on
 7

/2
4/

20
24

 1
2:

30
:3

8 
PM

. 
 T

hi
s 

ar
tic

le
 is

 li
ce

ns
ed

 u
nd

er
 a

 C
re

at
iv

e 
C

om
m

on
s 

A
ttr

ib
ut

io
n-

N
on

C
om

m
er

ci
al

 3
.0

 U
np

or
te

d 
L

ic
en

ce
.

View Article Online

http://creativecommons.org/licenses/by-nc/3.0/
http://creativecommons.org/licenses/by-nc/3.0/
https://doi.org/10.1039/d2sd00090c


Sens. Diagn., 2022, 1, 877–901 | 895© 2022 The Author(s). Published by the Royal Society of Chemistry

studies or overnight culture methodology. This method of
screening and diagnosis is time consuming, expensive, and
requires trained personnel, making it less than ideal for large
scale use. To remedy this, many researchers have been
developing sensors for biomarkers of these illnesses that can
be applied to patient serum or urine samples.

Biomarker identification is typically very difficult, as many
biomarkers may appear in patient samples for a variety of
illnesses. In addition, the identification of such biomarkers
often involves comparing samples from those suffering from
the specified illness versus healthy control samples, but this
does not determine if the biomarker is unique to the
specified illness. Throughout this review we have described a
large number of potential biomarkers in gynaecological
medicine, but further research needs to be done to determine
the uniqueness of those markers for a disease of interest, or
to identify a series of biomarkers that are relevant to an
illness of interest, even if no such marker exists at the
current time.

Herein, we have also taken the restricted view that sensor
detection in gynaecological medicine involves, for the most
part, assay of the concentration of particular biomarkers for
specific diseases in biological fluids. It should be
emphasized, however, that not all the works outlined conduct
such measurements in tissue, blood, serum, or urine. This
type of research, often performed in aqueous solution, is
presented in terms of a “possible” approach for the future.
These sensors need to be thoroughly verified in the desired
patient sample before they can be considered for use in
clinical care.

In general, the potential use of sensors in clinical
biochemistry can take two distinct forms, that of assay in the
central hospital and/or private facilities, or employment as
point-of-care (POC) devices. The latter approach is generally
intended for application at the hospital bedside, or facility of
a general practitioner. Use in the home could be
contemplated, but for the gynaecology area this application
is currently limited to vaginal swabs and urine, and the
biomarkers present in such samples. Biomarkers present in
serum or tissue samples are typically limited to clinical
laboratories due to the processing requirements of such
samples before measurements can be made. Most of the
biomarkers discussed in this review have come from such
samples, limiting their use in POC devices.

Currently, the central clinical laboratory is the most cost-
effective approach for the large-scale screening of patient
biological fluid samples for the presence of biomarkers for
disease. These facilities often use automated robotic systems
to process and test samples, and as such a sensor developed
for any gynaecological illness needs to be incorporated into
such systems. This incorporation, which usually involves
serum samples, appears to offer an attractive alternative to
standard ELISA-based assays, which are time consuming and
typically expensive as far as assays go. However, to be
competitive with such measurements, the device would need
to be operable in a highly stable and reversible mode or

involve low-cost replaceable tests. The sensor would also
need to be capable of avoiding interference from components
of biological fluid, or “fouling” as it is often termed. These
aspects appear to constitute intractable problems currently,
as no biomarker sensor has been incorporated into the
clinical laboratory at the present time that we are aware of.

A further attractive possibility for the application of sensor
technology in gynaecological medicine, indeed in any area of
oncology, is the potential for multi-biomarker detection in
association with a particular condition. As discussed above,
such detection would be especially important with regard to
assays where different sub-types of disease, possibly
generating different markers, are evident, as well as avoiding
complications for markers that are present for multiple
diseases. Microelectronic devices with intrinsic capability for
multi-analyte detection have been under development of
recent years which address this area. These are often
fabricated with sample handling capability by microfluidic
arrangements. However, such structures are subject to the
fouling issue alluded to above both in terms of detection and
channel structures etc. in the device. To be utilized in the
central clinical laboratory, these devices will need to avoid
the fouling problem, possibly through use of surface
coatings, as well as be reusable or low cost enough to allow
their single use and disposal.

These difficulties need to be considered by those working
on developing sensors for any illnesses: the prevention of
fouling and signal interference, incorporation into automated
systems, reusability or low cost, and biomarker specificity.
Despite these issues, solutions can be achieved through
careful research, and many of the sensors discussed in this
review are already making strides towards solving these
problems. It is our hope that sensor technology will find a
place in the clinical laboratory, allowing for better screening
and diagnosis of gynaecological and other illnesses in the
general population.
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