
Environmental
Science
Processes & Impacts

PAPER

O
pe

n 
A

cc
es

s 
A

rt
ic

le
. P

ub
lis

he
d 

on
 0

3 
 2

02
5.

 D
ow

nl
oa

de
d 

on
 1

4.
11

.2
5 

17
:5

5:
17

. 
 T

hi
s 

ar
tic

le
 is

 li
ce

ns
ed

 u
nd

er
 a

 C
re

at
iv

e 
C

om
m

on
s 

A
ttr

ib
ut

io
n 

3.
0 

U
np

or
te

d 
L

ic
en

ce
.

View Article Online
View Journal  | View Issue
Quantum chemic
aMulliken Center for Theoretical Chemistr

Chemistry, University of Bonn, 53115 Bonn,
bFraunhofer WKI, Department of Material

Braunschweig, Germany. E-mail: tunga.salth
cInstitute of Physical and Theoretical Chemis

of Technology, 38106 Braunschweig, Germa

Cite this: Environ. Sci.: Processes
Impacts, 2025, 27, 3534

Received 8th July 2025
Accepted 1st October 2025

DOI: 10.1039/d5em00524h

rsc.li/espi

3534 | Environ. Sci.: Processes Impa
al calculations for predicting the
partitioning of drug molecules in the environment

Lukas Wittmann, a Tunga Salthammer *b and Uwe Hohm c

Regional and temporal trends in legal and illicit drug use can be tracked through monitoring of municipal

wastewater, ambient air, indoor air, and house dust. To assess the analytical result for the selected

environmental matrix, reliable information on the partitioning of the target substance between the

different compartments is required. The logarithmic partition coefficients octanol/water (log KOW),

octanol/air (log KOA) and air/water (log KAW) are usually applied for this purpose. Most drug molecules are

semi-volatile compounds with complex molecular structures, the handling of which is subject to legal

regulations. Chemically, they are often acids, bases, or zwitterions. Consequently, the physical and

chemical properties are in most cases not determined experimentally but derived from quantitative

structure–activity relationships (QSARs). However, the lack of experimental reference data raises

questions about the accuracy of computed values. It therefore seemed appropriate and necessary to

calculate partition coefficients using alternative methods and compare them with QSAR results. We

selected 23 substances that were particularly prominent in European and US drug reports. Different

quantum mechanical methods were used to calculate log KOW, log KOA, and log KAW for the

undissociated molecule as a function of temperature. Additionally, the logarithmic hexadecane/air

partition coefficient log KHdA h L and the logarithmic vapor pressure of the subcooled liquid log PL were

determined in the temperature range 223 < T/K < 333. Despite the sometimes high variability of the

parameters, it is possible to estimate how an investigated substance distributes between air, water and

organic material.
Environmental signicance

According to the United Nations, drug use is growing faster than the global population. Both the increasing demand and the diversity of supply are exacerbating
a social problem that is certainly cause for serious concern. A proven method in forensic drug analysis is detection in wastewater, soil, house dust, etc.However,
a realistic assessment of the distribution of drugs in environmental matrices requires reliable values for partition coefficients and vapor pressure. These are
oen unavailable because the measurements are complex or because of legal hurdles. Therefore, 23 representative substances were selected from the vast
amount of available drugs, and the physical properties were calculated using quantummechanical methods. The results were subjected to a critical analysis for
their plausibility.
1 Introduction

Psychoactive substances are closely linked to human cultural
history. As early as 3000 BC, hallucinogenic mushrooms of the
genus Psilocybe spp., whose main ingredient is psilocybin, were
consumed in Mesoamerica.1 Also in South America, chewing
coca leaves has been a popular practice for centuries to combat
fatigue and hunger. The sleep-inducing and pain-relieving
effects of opiates were already recognized in prehistoric times
y, Institute for Physical and Theoretical

Germany

Analysis and Indoor Chemistry, 38108

ammer@wki.fraunhofer.de

try, University of Braunschweig – Institute

ny

cts, 2025, 27, 3534–3550
and became a frequent component of medicine from the 16th
century onwards. The development of modern chemistry in the
19th century made it possible to produce amphetamines,
morphine and heroin, which were oen used in the military
sector.2 The rst prohibitions on drug trafficking in the 19th
century were motivated by trade policy. Health-related
measures were introduced starting in the 1920s. Since the
1980s, the illicit drug market has been ooded with synthetic
products known as so-called designer drugs. For example,
Gerona3 lists 21 structurally different synthetic cannabinoids.
Fentanyl was rst synthesized in 1960, and a wide range of
fentanyl analogues are now also available.4 For years, it has been
evident that synthetic chemistry is progressing faster than the
drug regulations by authorities. Nitrous oxide (N2O), known as
laughing gas, is not only used as an anaesthetic in medicine or
This journal is © The Royal Society of Chemistry 2025
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in the kitchen to whip cream, but more recently also abused in
some countries without restrictions as a so-called lifestyle drug.5

One method for tracking drug usage is the analysis of envi-
ronmental matrices. Wastewater not only allows to identify
which drugs are being consumed locally, but also to identify
delivery routes and emerging or declining trends.6–8 In the
indoor environment, house dust is a suitable matrix for
screening purposes.9 Of equal importance is the question of
how a chemical substance distributes between different envi-
ronmental matrices. Outdoors, the simplest model includes the
compartments air, water, and organic phase.10 In reality,
however, the dynamics are considerably more complex. For
example, semi volatile airborne substances require consider-
ation of the partitioning between the gas and the particle
phase11,12 or the aqueous and gas phase.8 Analogously, the same
applies to indoor areas with gas phase, particle phase, house
dust, clothing and other surfaces.13–17

To assess the environmental equilibrium partitioning of
a substance, parameters are required that describe molecular
interactions between different phases. These are essentially the
octanol/water partition coefficient (KOW), the octanol/air parti-
tion coefficient (KOA), the air/water partition coefficient (KAW)
and the saturation vapor pressure of the subcooled liquid (PL).10

A frequently used quantity in linear-free-energy-relationships
(LFER) is the hexadecane/air partition coefficient KHdA and its
logarithmic form log KHdA h L, respectively.10 However, these
parameters are oen difficult to measure or require signicant
experimental effort. Therefore, early attempts were made to
predict physical and chemical properties from the molecular
structure.18 With the increase in computing power, these
models became more complex.19,20 Advanced quantitative-
structure–activity-relationships (QSAR) models use molecular
Table 1 Investigated drugs, their abbreviations and CAS numbers. Exce
boiling point of N2O was taken from Rumble et al.,29 n.a. = not available

Drug Abbr. CAS n

1-Benzylpiperazine BZP 2759
4-Hydroxybutanoic acid HBA 591-8
Amphetamine AMP 300-6
Cathinone KHAT 7103
Cocaine COC 50-36
Midomafetamine (formerly ecstasy) MDMA 4254
Fentanyl FEN 437-3
Heroin HER 561-2
Ketamine KET 6740
Lysergic acid diethylamide LSD 50-37
Mephedrone MPD 1189
Mescaline MES 54-04
Methadone MTD 76-99
Methamphetamine METH 537-4
Methaqualone MEQ 72-44
Methylphenidate MEP 113-4
Morphine MOR 57-27
Nitrous oxide N2O 1002
Pethidine PET 57-42
Phencyclidine (angel dust) PCP 77-10
Psilocybin PSY 520-5
D9-Tetrahydrocannabinol THC 1972
Triuoromethylphenylpiperazine TFPP 1553

This journal is © The Royal Society of Chemistry 2025
descriptors, oen in conjunction with machine learning.21–23

Quantum mechanical (QM) methods provide a more funda-
mental approach to obtain these quantities of interest. These
methods can, among other things, predict the solvation energy
DGsolv in the respective solvents of interest.

Compared to other substances, the properties of drug
molecules have not been investigated as thoroughly experi-
mentally – oen due to their complex structure and respective
legal requirements. The use of theoretical methods is therefore
common, which naturally raises questions about their accuracy.
It is known that popular prediction tools such as EpiSuite and
SPARC provide unreliable values for large molecules.24 On the
other hand, the aforementioned quantum chemical methods
are oen not suffering from such problems, but require
advanced know how and computational effort.

For this study, we selected 23molecules representing a broad
spectrum of currently legally and illegally consumed drugs. This
includes both the long-known and newly emerging substances.
The partition coefficients log KOW, log KOA, log KAW, log KHdA,
and PL were calculated using quantum chemical methods. The
obtained results were compared with data from popular QSAR/
QSPR tools and databases. The comparison data had partly
experimental and partly predictive background. Since some
molecules are weak bases or acids, the pKa values were also
taken into account. Our results are not only of interest
regarding the possibilities and limitations of using QM and
QSAR computed parameters for estimating the partitioning of
drug molecules in the environment. We additionally discuss the
temperature dependence of these parameters in the interval
283–308 K based on the calculated temperature-dependent free
energy of solvation DGsolv.
pt for N2O, the boiling points and pKa were taken from OPERA.28 The

o. M (g mol−1) BP (°C) pKa

-28-6 176.26 289 9.80
1-1 104.11 219 5.23
2-9 135.21 203 9.87
1-15-7 149.19 261 6.39
-2 303.35 332 7.78
2-10-9 193.25 285 9.96
8-7 336.47 353 7.15
7-3 369.42 398 8.28
-88-1 237.74 312 8.08
-3 323.42 361 5.66
805-46-6 177.24 274 6.63
-6 211.26 294 9.75
-3 309.45 353 6.76
6-2 149.23 308 9.97
-6 250.30 332 2.23
5-1 233.31 307 10.54
-2 285.34 385 8.06
4-97-2 44.01 −89 n.a.
-1 247.33 295 8.70
-1 243.39 288 10.49
2-5 284.25 286 3.63
-08-3 314.47 328 7.80
2-75-9 230.23 289 6.91

Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550 | 3535
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2 Compounds and methods
2.1 Drug molecules

For the selection of drug molecules, three main references were
used: (i) the report of the German Bundeskriminalamt (BKA)
(Federal Criminal Police Office) on drug-related crime in Ger-
many 2023,25 (ii) the World Factbook: Illicit Drugs of the U.S.
Central Intelligence Service (CIA)26 and (iii) the Commonly Used
Drugs Charts of the U.S. Institute on Drug Abuse (NIDA).27 From
Fig. 1 Structures of the investigated drugs with their abbreviations, see

3536 | Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550
the multitude of possibilities, we selected 23 molecules. The
criteria included their relevance for production and consump-
tion, their future signicance, their diversity of structural
differences, their detectability in air, water, and bio-monitoring,
as well as the required computational effort. All molecules
investigated are listed in Table 1 with their abbreviation and
CAS number; their respective structure is shown in Fig. 1.
Boiling points and pKa values were taken from the OPERA
database.28
Table 1 for the chemical names.

This journal is © The Royal Society of Chemistry 2025
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2.2 Theory

We consider the partitioning of a substance between two adja-
cent phases a and b. The ratio of the equilibrium concentra-
tions is known as the partition coefficient Kab = ca/cb. In the
case of missing solute–solute correlations, Kab is directly related
to the free energy of transfer DGab of solute between the phases
a and b via30,31

�RT ln Kab ¼ �RT ln
ca

cb
¼ DGab; (1)

where R is the molar gas constant and T the temperature.
According to eqn (1), calculation of DGab allows for a direct
determination of the partition coefficient Kab.32 If on the other
hand, a denotes the pure ideal gas phase with concentration ca
= pa/(RT) and b its pure condensed phase with concentration cb
= rb/M, eqn (1) can directly be used to calculate the vapor
pressure PL h pa (analogous to ref. 33) via

PL ¼ RTrb

M
exp

�
� DGab

RT

�
; (2)

where M is the molar mass and rb the density of phase b. If T <
Tfus of the substance, PL in eqn (2) refers to the vapor pressure of
the subcooled liquid. For arbitrary phases b, the density of the
phase rb is not always known. For this reason, we set it to the
density of liquid water of 997 kg m−3. This of course introduces
an error, which, however, is lower than 0.1 kcal mol−1 in terms
of DGab and thus negligible in terms of the accuracy of our
computational workow.33,34 In addition, we use the geometries
obtained in octanol for the ones in the subcooled liquid. Most
drug-like compounds in their condensed (subcooled-liquid)
state have a relative dielectric permittivity 3r z 8–15, close to
that of 1-octanol.35 We therefore optimize geometries in an
octanol-like dielectric as a proxy for each compound's own
liquid. We do not optimize each drug in its individual 3r because
experimental compound-specic values are generally unavail-
able; although 3r can be computed in principle, there is no
straightforward, robust protocol for diverse drug-like mole-
cules, the required calculations are computationally
demanding, and the setup is oen substance-specic.36–38

2.2.1 Ensemble-averaged free energies. To obtain the
quantities of interest herein, the free energy of a substance in all
phases (gas, water, octanol, and hexadecane) has to be known.
As non-rigid molecules oen have multiple relevant conformers
contributing to the total free energy, we need to consider the
ensemble of conformers that contribute to the total free energy
of that substance. The following theory and equations are based
on previous work and are explained inmore detail there (e.g. ref.
34, 39 and 40). The free energy of a single conformer i is given by
the gas-phase electronic energy Eel, the thermostatistical
correction, and the possibly needed solvation free energy
contribution DGsolv(T).

Gi(T) = Eel,i + Gtrv,i(T) + DGsolv,i(T) (3)

The electronic energy can be obtained with any electronic
structure method – and is obtained in our case with Density
Functional Theory (DFT). The thermostatistical correction at
This journal is © The Royal Society of Chemistry 2025
temperature Gtrv,i(T) accounts for translation, rotation, and
vibration degrees of freedom and including the zero-point
vibrational and volume work terms. To obtain the free energy
of the substance from its individual conformers, the individual
conformer free energies Gi need to be Boltzmann-weighted via
eqn (4).

GhG ¼
XN
i

piGi; where pi ¼ expð�bGiÞPN
i

expð�bGiÞ
with b ¼ ðkBTÞ�1

(4)

The free energy of a conformer ensemble should additionally
include a conformational free energy part Gconf that stems from
conformational entropy −TSconf as a result of mixing multiple
populated conformers.34 This contribution is, however, most
oen neglected due to the huge amount of computation cost
needed to accurately determine Sconf.41

Generally, the enthalpic contributions are very similar for
gas- and solution-phases, similarly to the vibrational entropy
contribution Sgasv z Ssolvv .42 The terms le are thus just the
change in rotational and translational entropy. Because this
change is generally already implicitly included in the solvation
free energy of quantum chemical solvation models due to the
parameterization on experimental data, we neglect the addi-
tional thermostatistical correction Gtrv,i(T).

2.2.2 Accounting for solvation effects. To obtain free energy
of a conformer (eqn (3)) in solution, the solvation contribution
DGsolv (i.e., the solvation free energy) is needed. The solvation
free energy describes the change in free energy when trans-
ferring a substance from the gas phase to a liquid.43 In
computational chemistry, it is oen decomposed into several
contributions

DGsolv ¼ DGES þ DGnon-ES þ DGN þ DG
�/*
corr ; (5)

where DGES are the electrostatic solvent–solute interactions (i.e.,
polarization), DGnon-ES denote non-electrostatic contributions
(e.g., cavity formation), DGN is the nuclear relaxation term
describing the change in geometry when transferring a solute
from the gas to liquid phase, and DG

�/*
corr is the so-called

standard-state correction.44–46 This term is given by

DG
�/*
corr ¼ RT ln

�
RTc.

p.

�
; (6)

which depends on the ideal gas constant R, the standard
concentration c. = 1 mol L−1 and standard pressure p. = 1
atm and amounts to 1.89 kcal mol−1 at 298.15 K.47

The nuclear relaxation contribution, DGN, captures the
change in energy associated with the solute's structural reorga-
nization upon transferring from the gas to the solution phase.48

Concretely, it is computed as the difference between the gas
phase electronic energy of the molecule at its solution phase
optimized geometry, and the gas-phase electronic energy at its
gas-phase optimized geometry. Because the gas phase geometry
is a minimum on the gas phase potential energy surface, any
other geometry – including the one favored in solvation – can
Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550 | 3537
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only have equal or higher gas-phase energy. Consequently, DGN

will always be equal or larger than zero. Note that by performing
full geometry optimizations both in the gas phase and in solution
and using those respective electronic energies, the nuclear
relaxation contribution is automatically included. Generally, it is
very desirable to use the optimized geometries in all respective
phases. In cases like, e.g., strong zwitter ions, the solute in
solution will be zwitterionic, whereas in gas phase it will be
neutral. Not using the respective optimized geometries will yield
large errors for those systems. However, many implicit solvation
models are parameterized on gas phase structures only, partially
absorbing the nuclear relaxation into the parameterization and
the model itself.44 It is, however, not possible to correctly account
for the nuclear relaxation of very complex solutes in this way,
which can lead to signicant errors.48 In the following, we will
shortly introduce the used implicit quantum-chemical solvation
models and their workings.

2.2.2.1 SMD. The universal solvation model based on elec-
tron density44 is an improvement over conductor-like polariz-
able continuum model (CPCM)49,50 by adding a so-called cavity-
dispersion solvent-structure term, that accounts for interac-
tions that regular CPCM does not account for like the cavity
creation and short-range dispersion interactions.

2.2.2.2 COSMO-RS and openCOSMO-RS. The conductor-like
screening model for real solvents51,52 is also based on CPCM,
however, it uses the obtained surface charges of solute and
solvent. These surface charges are then used to compute pair-
wise interaction energies and combinatorial contributions
within an empirical statistical thermodynamic framework, from
which it directly predicts the solvation free energy.
openCOSMO-RS is the fully open-source implementation of
COSMO-RS and both differ mainly in their parameterization.

Besides the three mentioned models, the aforementioned
conductor-like polarizable continuum model49,50 is tested and
Fig. 2 Sketch of the employed CREST + CENSO workflow. The workflo

3538 | Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550
the results are shown in the SI. As CPCM only accounts for
electrostatic interactions, it is not suitable to compute accurate
solvation free energies or partition coefficients.

2.3 Computational workow

To assemble the solvent-specic conformer–tautomer ensem-
bles described in Section 2.2.1, we use the conformer–rotamer
ensemble sampling tool, CREST, which uses meta-dynamics to
gently bias molecules out of their local energy minima and into
unexplored regions of the prototropic-tautomeric and confor-
mational space.53,54 Sampling with CREST using the GFN2-xTB
tight-binding method, allowing an extensive exploration at
a low cost. Because GFN2-xTB is a semi-empirical tight-binding
method, however, a higher level optimization of the resulting
ensemble is needed aerwards. For this, we use the command-
line energetic sorting tool, CENSO, which carries out full DFT
geometry optimizations and re-ranking.34,55 This multi-level
approach – broad, meta-dynamics-driven exploration followed
by high-level DFT renement – yields accurate ensembles at
a reasonable cost. This workow is carried out for each
substance in each phase separately, yielding a rened ensemble
for each phase, optimized at DFT (r2SCAN-3c) level. These
structures are then used to carry out the calculation of solvation
free energies. The workow is shown in Fig. 2.

2.4 Computational details

Quantum chemical calculations were performed with xTB 6.7.0 56

and ORCA 6.0.1.57 The workows used Open Babel 3.1.0,58 CREST
3.0,54,59 CENSO 2.0,34 and MolBar 1.1.0.60 The sampling and
subsequent optimization was done using GFN2-xTB61 and the
r2SCAN-3c composite method.62 Range-separated hybrid calcu-
lations are on the ur2SCAN-D4/def2-TZVPPD level.63–67 The
matching def and def2 effective small core potentials (ECPs)68,69
w is run separately for each drug and solvent combination.

This journal is © The Royal Society of Chemistry 2025
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for heavy elements with Z > 36 were generally employed for all
calculations. Matching general-purpose auxiliary basis sets are
constructed on the y using Stoychev et al.'s automatic genera-
tion of auxiliary basis sets in ORCA.70 The RIJCOSX71–73 approxi-
mation was used for all hybrid calculations. COSMO-RS49,51,74 is
calculated using TurboMole 7.9.0 75 with COSMOtherm C30-1601
and uses per default BP86/def-TZVP level of theory.76,77 open-
COSMO-RS52 results are obtained using ORCA and utilize BP86/
def2-TZVPD. Solvation contributions of the CPCM50,78 and
SMD44 models are obtained using the r2SCAN-3c composite
method. The ALPB solvation model48 was employed for all semi-
empirical solution phase optimizations and the CPCM solvation
model for all r2SCAN-3c-based optimizations.
Table 2 Partition coefficients and vapor pressures of the subcooled
liquid at 298 K for the drug molecules given in Table 1, quantum
mechanically calculated using COSMO-RS

Drug log KOW log KOA log KAW log KHdA log PL (Pa)

BZP 2.45 7.79 −5.34 6.64 −0.42
HBA −0.47 7.38 −7.85 3.78 −0.73
AMP 2.15 6.24 −4.08 4.87 1.27
KHAT 4.96 6.93 −1.97 5.3 0.01
COC 1.06 9.37 −8.31 10.3 −3.25
MDMA 2.14 6.26 −4.12 6.22 0.54
FEN 4.47 13.41 −8.93 12 −6.79
HER 3.13 10.51 −7.38 9.36 −4.74
KET 1.63 9.67 −8.04 7.6 −3.56
LSD 3.43 13.91 −10.48 3.44 −7.82
MPD 2.47 7.28 −4.81 6.27 −0.38
MES 1.15 9.85 −8.69 7.83 −2.63
MTD 5.20 10.01 −4.81 9.59 −3.93
METH 2.94 5.73 −2.78 5.25 1.48
MEQ 2.29 10.25 −7.95 9.3 −4.26
MEP 3.94 8.88 −4.94 8.28 −2.16
MOR 2.10 12.02 −9.92 6.97 −5.87
N2O 0.40 0.06 0.34 −0.29 6.63
2.5 Databases and literature data

The Open (Quantitative) Structure–activity/property Relation-
ship App (OPEn(q)saRApp = OPERA)28 provides QSAR/QSPR
models for chemical properties and was primarily used for
comparison with the quantum chemically calculated data. The
workows behind OPERA consist of complex algorithms,79,80

whose structure is explained by accompanying documents
directly in the database. The basis is an implemented dataset
from which a training set and a test set are randomly generated.
The desired property of the respective target substance is
computed using the k-nearest neighbor (kNN) method with k =
5. This algorithm identies the ve substances from the dataset
whose molecular descriptors are closest to the target substance
and uses the Euclidean distance as metric.28 If the target
substance itself is among the nearest neighbors, the value is
marked as “experimental”. This can be checked using the
CompTox database81 (note that we used Version 2.5.3 – April 8,
2025), which also provides statistical parameters for the reli-
ability of the value calculated by OPERA. Experimental data
were particularly available for log KOW, so we differentiated
accordingly in this case (see SI). We also noticed that the log
KOW values oen match the values of Hansch et al.82 In several
cases, Hansch et al.82 refer to inaccessible sources, so the quality
of the log KOW data could not always be veried. For 13
substances we found experimentally determined Linear Solva-
tion Energy Relationship (LSER) descriptors and logarithmic
hexadecane/air partition coefficients in the UFZ-LSER data-
base.83 For the other 10 substances, the descriptors and log
KHdA(L) values were computed from their SMILES structures
using a tool implemented in the UFZ-LSER database and
described by Brown.84 Sander's85 database provides access to
a compilation of Henry's law constants for organic and inor-
ganic species in water from literature data. Additional calcu-
lated and measured literature data were considered and
discussed accordingly. All comparison data extracted from the
databases refer to 298 K. Experimental data for other tempera-
tures, when available, are also listed in the SI.
PET 3.75 8.72 −4.97 8.17 −2.10
PCP 5.19 8.37 −3.18 8.35 −1.96
PSY −2.97 19.53 −22.5 13.58 −14.80
THC 6.97 14.52 −7.55 12.83 −7.31
TFPP 2.85 7.7 −4.85 6.81 −1.17
3 Results and discussion

To systematically evaluate the results of the quantum
mechanical calculations and the literature values, we based all
This journal is © The Royal Society of Chemistry 2025
comparisons on the data generated with COSMO-RS. Accord-
ingly, Table 2 contains all partition coefficients and vapor
pressures calculated with COSMO-RS for the 23 target mole-
cules. The corresponding DG can be found in the SI, as well as
the results of the openCOSMO-RS and SMD calculations and the
associated costs for the computational workow. The results
obtained with the other QMmethods are also listed, but are not
discussed since they do not provide any further insights. With
the exception of N2O, log KOA, log KOW, log KAW (calculated from
the Henry solubility) and log PL were obtained from OPERA. All
log KHdA (L) values were extracted from the UFZ-LSER database.
Experimental vapor pressure data were also considered. The
literature data are compiled with the respective sources in the
SI. As OPERA does not provide data for N2O, the log KOW was
estimated from the Ostwald coefficients for this substance.
Using the data from Makranczy et al.86 for 1-octanol and from
Gabel and Schultz87 for water, log KOW = 0.55 is obtained at T =

298 K. This is in fair agreement with the values of log KOW= 0.36
and 0.43 from Hansch et al.82,88 The comparisons of COSMO-RS
results with the other quantum mechanical methods and the
literature data for partition coefficients at 298 K are shown in
Fig. 3.

In contrast to our previous work on partition coefficients32

and vapor pressures,33 the problem here is that there is hardly
any reliable experimental data available for the 23 target
compounds. Therefore, only computed values can be discussed
to estimate their environmental behavior. Since most of the
compounds are weak acids or bases, dissociation effects must
also be considered.
Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550 | 3539
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Fig. 3 Scatter diagrams of the partition coefficients at 298 K calculated using differentmethods, plotted against COSMO-RS. For the log KHdA the
UFZ-LSER data are used. The log KAW according to OPERA were calculated from Henry solubilities using eqn (9). Notable points are marked with
their respective abbreviation in the figure.
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3.1 Octanol/water partitioning

For the partition coefficients between 1-octanol and water, we
generally nd good agreement between all methods.
openCOSMO-RS predicts slightly larger log KOW values
compared to COSMO-RS, whereas SMD agrees well with the
COSMO-RS data. Compared to the QM results, the OPERA data
are broader distributed, with a slight tendency to underestimate
COSMO-RS. The methods disagree the most for PSY, MPD and
KHAT. For PSY, SMD and OPERA predict log KOW of 0.48 and
1.18, whereas the COSMO-RS variants predict −2.97 and −2.20.
The negative values are plausible because the zwitterion is the
thermodynamically preferred tautomer and its solubility in
water is higher than in organic solvents.89 For MPD and KHAT,
OPERA predicts a log KOW around 2–3 log units lower than the
quantum chemical methods. Notable is also N2O, where SMD
predicts a log KOW of around −1.85, whereas all other methods
predict values between 0.36 and 0.83.

Assessing the root cause of SMD's misprediction is chal-
lenging, since the model is highly empirical and relies on
parameters tted to reproduce experimental data. SMD predicts
a higher (i.e. less favourable) solvation free energy for N2O in 1-
3540 | Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550
octanol of around 3 kcal mol−1, which leads to the wrong sign in
the prediction of the log KOW. Similar shortcomings of SMD
have been noted elsewhere in the literature (e.g. in ref. 90–92).
However, it should still be noted, that an error of a few-
kcal mol−1 is still reasonable and oen to be expected for
implicit solvation models in more difficult cases.92,93

As mentioned in a previous section, it is difficult to assess
the quality of the OPERA data, because no information about
the origin of the data is provided. It can only be distinguished
between experimental and computed values (see Fig. 3). In this
context, “experimental” means that the substance is present in
the OPERA dataset. However OPERA provides information
about the training set and test set, the condence level, and the
ve nearest neighbors, which makes it easier to assess the val-
idity of the calculated value. In the case of morphine (MOR), for
example, it can be assumed that the log KOW = 0.89 given by
OPERA is the experimentally determined value published by
Avdeef et al.94 Moreover, the work of Avdeef et al.94 touches the
important aspect that most of the 23 target molecules are acids
or bases, but the data in Table 2 refer to the undissociated
molecule. The pH dependence of log KOW is discussed in the
This journal is © The Royal Society of Chemistry 2025
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next section. Furthermore, psilocybin can form a zwitterion
through intramolecular proton transfer, and the solvation
energy DG naturally depends strongly on the tautomeric form.89

Here it is obvious that the OPERA algorithm fails, because the
ve nearest neighbors are molecules without zwitterionic
character and OPERA probably cannot take the zwitterionic
state into account at all.
3.2 Dependence of logKOW on the pH value

When considering octanol/water partitioning, it is particularly
important to note that at 298 K, a considerable amount of
water dissolves in 1-octanol, with a molar fraction of 0.27 –

while the solubility of 1-octanol in water is signicantly
lower.95 Therefore, log KOW usually refers to water-saturated 1-
octanol. A further problem arises for ionizable substances.96

Hansch and Leo97 applied correction terms in their molecular
fragment-based CLOGP method for calculating log KOW to take
into account the properties of ionizable compounds and
zwitterions. Experimental methods oen use buffer solutions,
so that the log KOW of the undissociated acid or base is ob-
tained. To better understand the environmental behavior and
bioavailability of ionizable compounds, the distribution coef-
cient DOW was introduced, which is dened as the ratio of the
neutral and charged species in the lipid and aqueous phase at
a given pH. In the pH range where the molecule is predomi-
nantly non-ionized, log DOW = log KOW. Based on the Hen-
derson–Hasselbalch equation for buffer solutions, Scherrer
and Howard98 developed relationships between log DOW and
log KOW for acids (eqn (7)) and bases (eqn (8)) under the
assumption that charged species are not present in the octanol
phase.

log DOW;acid ¼ log KOW þ log

�
1

1þ 10ðpH�pKaÞ

�
¼ log KOW þ log a

(7)

log DOW;base ¼ log KOW þ log

�
1

1þ 10ðpKa�pHÞ

�

¼ log KOW þ logð1� aÞ (8)

However, due to the solubility of water in 1-octanol, eqn (7)
and (8) can only be considered approximate. For an exact
treatment, the partition coefficient of the charged species is
also required.96 Due to the acidic or basic properties of the
investigated compounds (see Table 1), reliable pKa values are
needed for the neutral molecule and the corresponding ion to
convert log KOW to log DOW for a specic pH value. For
morphine, Abraham et al.99 reported a log DOW = 0.76 at a pH
of 8.9. The value calculated using eqn (8) is 0.89 − 0.06 = 0.83.
A commonly used reference value for environmental condi-
tions is pH 7. The agreement between pKa obtained from
OPERA and data from other sources varies considerably. For
many substances, the agreement is good94,100–102 (see also SI),
but deviations of approximately two orders of magnitude must
be considered in some cases. Examples include tetrahydro-
cannabinol (7.80 compared to 10.60 (ref. 103)) and methadone
This journal is © The Royal Society of Chemistry 2025
(6.76 compared to 8.94 (ref. 104)). Differences are also
observed in the zwitterion psilocybin. OPERA yields only one
pKa value of 3.63, but the acidic phosphate group accounts for
two dissociation constants, which Richter et al.105 calculate as
1.87 and 6.21. In addition, the dimethylamine group has basic
character with a pKa of 9.24.105
3.3 Octanol/air partitioning

This partition coefficient can be used to describe the distribution
of an airborne substance between the gas phase and the particle
phase,106 or the distribution between the gas phase and settled
house dust.107 At a particle concentration in the air of 20 mg m−3

molecules with log KOA # 9 are completely in the gas phase, and
those with logKOA $ 13 are completely in the particle phase. The
curve is sigmoidal and shis to a higher particle phase/gas phase
ratio with higher particle concentrations. Especially in the range
of the inection point of the sigmoidal curve, small differences
DlogKOA are sufficient to signicantly change the particle phase/
gas phase ratio.18 Therefore, it is important to know the logKOA in
this range as precisely as possible.

If log KOA is taken as a predictor for the partitioning of semi-
volatile organic compounds (SVOCs) to aerosols,106 then with
log KOA $ 12 more than 95% of the molecules should be in the
particle phase, even at low particle concentrations.18 However, it
is obvious from Fig. 3 that for PSY, MOR, THC, and LSD, the QM
and OPERA values vary considerably (note that all OPERA values
are computed), where QM tends to signicantly higher log KOA

values. The vapor pressure of the subcooled liquid PL can be used
as a support here. According to the theory by Junge and Pan-
kow,108 molecules with log PL (Pa) # 6 are almost completely in
the particle phase at a particle concentration of 20 mg m−3. Thus,
it can be assumed that the four substances mentioned above are
also essentially attached to particles. Especially for PSY, the
difference between the QMmethods and OPERA is more than 10
log units. This could be attributed to the zwitterionic nature of
psilocybin in 1-octanol. Unless the QSAR tool OPERA fully
captures the true zwitterionic nature of PSY, the model will
predict an erroneous partitioning between 1-octanol and air. This
applies analogously to other binary systems. Also noteworthy is
the large difference of almost 4 log units for THC between
COSMO-RS (14.52) and OPERA (10.82). In a previous calculation,
we obtained 13.76,32 while Askari et al. calculated a value of
12.26.16 We thus believe the OPERA computed value is too small.

Generally, however, we nd good agreement between all QM
methods. Note that Parnis and Metcalfe109 calculated a log KOA

= 9.94 for cocaine using COSMOtherm, which is very close to
our value of 9.37. A notable deviation can be seen for N2O. The
log KOA of N2O can be estimated from experimental data. For 1-
octanol, Makranczy et al.86 report an Ostwald coefficient of
2.139 ml ml−1 at 298 K and p = 760 mmHg from which log KOA

= +0.33 is obtained. The calculated values with COSMO-RS and
openCOSMO-RS agree well. However, SMD predicts a too small
value of −2.28. The reason is the same as stated in Section 3.1 –

SMD predicts a too positive solvation free energy in 1-octanol,
thus yielding a too small log KOA.
Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550 | 3541
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3.4 Air/water partitioning

The air/water partition coefficient is calculated from the Henry
solubility HS according to eqn (9), with HS in mol (m−3 Pa−1), R
= 8.314 J (mol−1 K−1) and T in K.

log KAW ¼ log

�
1

HSRT

�
(9)

The conversion unit factor from mol per (atm m3) to mol per
(m3 Pa) is 9.87 × 10−6. In the case of air/water partitioning,
similar prerequisites apply to the dissociation of molecules as
in octanol/water. The conditions are even simpler, since
completely undissociatedmolecules can be assumed in air. This
allows the eqn (7) and (8) with DAW,acid = aKAW and DAW,base= (1
− a)KAW to be used analogously for the air/water system.

As with the other partition coefficients, hardly any experi-
mental log KAW values are available for the molecules. For N2O,
Sander85 calculated a Henry solubility of HS = 2.4 × 10−4 mol
(m−3 Pa−1) from the data of Weiss and Price.110 Using eqn (9)
this results in log KAW = 0.23, which is in good agreement both
with the experimental value log KAW = 0.22 of Gabel and
Schultz87 determined from the Ostwald coefficient and with the
values calculated with COSMO-RS. Sander's85 database includes
Henry solubilities for some other of the target substances, but
these are not measured values. For cocaine, Parnis and Met-
calfe109 calculated a log KAW = −6.59 using COSMOtherm and
estimated log DAW values for pH 0 (−14.37), pH 4 (−10.38) and
pH 7 (−7.44) with pKa = 7.78.

We generally observe good agreement between the QM
models without any noticeable outliers. All OPERA values are
computed and exhibit a signicantly larger scatter, particularly
for KHAT, FEN, LSD, and MEP, with deviations of about three
orders of magnitude compared to COSMO-RS. Furthermore,
OPERA predicts a log KAW for PSY that is ten orders of magnitude
higher. Again, it is likely that OPERA does not account for the
zwitterionic nature of PSY. This leads to a signicantly higher
PSY fraction in the gas phase compared to the aqueous phase.
Most of the 23 substances in Table 1 show low water solubility.
However, it should be noted that this study concerns the actual
molecules. Free bases such as cocaine, methamphetamine, etc.,
are typically further processed into their water soluble hydro-
chlorides. In the illicit intravenous use of heroin, the free base is
dissolved using a weak acid directly before injection.
Fig. 4 Relative gas-phase energies DE (kcal mol−1) of three LSD
tautomers identified by our QM workflow. Form A is the most stable
and set to 0.0 kcal mol−1, while forms B and C are 5.8 and
12.4 kcal mol−1 higher in energy, respectively. Hydrogens involved in
tautomerization are highlighted in magenta. The SMILES-based
tautomer is C.
3.5 Hexadecane/air partitioning

The hexadecane/air partition coefficient log KHdA h L is useful
for characterizing the nonspecic intermolecular interactions
of organic chemicals in other partitioning processes and is used
in its logarithmic form as a descriptor in LFERs. Due to the
hydrophobic properties of n-hexadecane, molecular dissocia-
tion processes hardly need to be taken into account. In prin-
ciple, log KHdA is a quantity that can be experimentally
measured using gas chromatography on nonpolar capillary
columns.111 However, the data available for the drug molecules
listed in Table 1 are limited. An experimental value of log KHdA

= 0.17 for N2O can be deduced from measurements of the
3542 | Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550
Ostwald coefficient by Makranczy et al.112 In the UFZ-LSER
database, values are published for 13 of the 23 compounds,
and only for morphine there is a publication by Abraham
et al.113 cited. The authors argue that the descriptors for
morphine were generated from experimental values, but the
origin of the data is not stated. For the other 12 substances, no
literature source is given and it is therefore not clear whether
their log KHdA values are measured or computed. The log KHdA

(L) values of the other 10 substances were calculated from the
SMILES structures as described above.

The COSMO-RS methods are in very good agreement, while
SMD systematically underestimates the log KHdA values. Most
values from the UFZ-LSER database agree well with COSMO-RS;
however, outliers are observed for heroin, morphine and
methadone with higher reported values compared to COSMO-
RS. Particularly striking, however, is the large deviation of
approximately 10 log units for LSD (see Fig. 3). The observed
deviation originates from the presence of a relevant tautomer
that differs from the structure given by the SMILES string
(shown in Fig. 4C). Our QM workow identied multiple
distinct gas-phase tautomers, three of which are shown in
This journal is © The Royal Society of Chemistry 2025
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Fig. 4, with form A being the most stable. Form B lies about
5.8 kcal mol−1 higher than A, and form C about 12.4 kcal mol−1

higher. This tautomeric effect is effectively the nuclear relaxa-
tion contribution to the solvation free energy as dened in eqn
(5), and is therefore fully captured by our QM workow. QSPR
methods, in contrast, do not account for tautomerization and
the associated energetic changes, leading to substantial devia-
tions in their computed values. This highlights the need for
tautomer screening and how a robust QM workow can yield
qualitatively different, and more consistent results. Stenzel
et al.111 compared experimentally determined log KHdA values
for 387 environmentally relevant compounds with COSMO-
therm data and found deviations of up to three orders of
magnitude. Assuming that mainly computed values are
compared for the drug molecules considered here, most devi-
ations are within the expected range; only for heroin and LSD
are there notable discrepancies of ve and ten orders of
magnitude, respectively.
3.6 Vapor pressure of the subcooled liquid

Among the vapor pressures obtained from OPERA, the Comp-
Tox database indicates that the values for amphetamine (AMP),
heroin (HER), and cocaine (COC), are experimental. Veriable
experimental vapor pressure data at 298 K are available from
original publications for 12 of the drug molecules considered
here. There is agreement between OPERA and the results of
Lawrence et al.114 for heroin and cocaine. However, Lawrence
et al. extrapolated the vapor pressure of HER at 298 K from
Antoine data, which were determined in the range 51 °C to 66 °
C. The vapor pressure of cocaine was determined in the range
between 21 °C and 41 °C.

The OPERA value for amphetamine roughly matches the
value of Thornton et al.115 Since a reasonable experimental data
set is available and to avoid confusion, we did not distinguish
between experiment and prediction in the OPERA values. Except
for PSY, the correlation of COSMO-RS with these experimental
Fig. 5 Left: Scatter diagram of experimental and OPERA calculated va
Temperature-dependent vapor pressure curves of the 23 target molecu
nitrous oxide is 309.5 K.29

This journal is © The Royal Society of Chemistry 2025
values and the OPERA values is very good (see Fig. 5) and within
the range of our previous study.33 As expected, the results for
COSMO-RS and openCOSMO-RS are almost identical. The
highest deviations can be found for OPERA for MDMA and HER
with about two orders of magnitude. In general, the quality of
experimental data is difficult to assess. Meng et al.116 used an
indirect gas chromatographic method to extrapolate the vapor
pressures of drug molecules using di-n-butyl phthalate (DnBP)
as a standard. The authors report log(PL/Pa) = −2.04 for the
vapor pressure of DnBP at 298 K, whereas Gobble et al.117 give
for the same temperature log(PL/Pa) = −2.35. The experimen-
tally determined vapor pressures for HER,114 COC,114 AMP,115

FEN,118 METH,119 and PCP117 appear plausible. However, the
value for LSD published by Okumus et al.120 is not directly
veriable. Uncertainty also exists for THC. COSMO-RS here
yields log(PL/Pa) = −7.31 (see Table 2). A previous calculation
without using explicit solution and gas phase optimized
geometries (i.e., not including the nuclear relaxation) yielded
−4.76. This agrees with the experimental value of Meng et al.116

Additionally, the log KOA = 12.27 calculated by Askari et al.,16

also using COSMO-RS, is also noticeably smaller than our
calculated log KOA of 14.52 (see Table 2).

In our work, all reported vapor-pressure values include the
explicit nuclear relaxation term – i.e., used the optimized
geometry of each solute in both the gas and subcooled liquid
phases. For comparison, values obtained without nuclear
relaxation are provided in the SI, and in the cases of AMP, FEN,
METH and PCP these results agree better with experimental
vapor pressures. It is important to bear in mind, however, that
these calculated quantum-chemical vapor pressure estimate
relies on additional approximations – most notably the use of
the subcooled liquid state to represent pure-liquid behavior –

and that implicit solvation models (like COSMO-RS and
openCOSMO-RS) are typically far more extensively parameter-
ized for regular solution phase properties than for vapor pres-
sures.52,121 Additionally, we approximate the continuum for the
por pressure data at 298 K plotted against COSMO-RS data. Right:
les, calculated with COSMO-RS. Note that the critical temperature of

Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550 | 3543
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geometries of the subcooled liquid to be that one of 1-octanol,
for the reasons stated in Section 2.2. Generally, we do not expect
a noticeable change in the results when using geometries
optimized in their respective subcooled liquid phase, as struc-
tural differences across dielectric constants in the typical range
for drug-like compounds (3r z 8–15) are small and the resulting
effect on the calculated vapor pressures is expected to be minor
compared to the intrinsic uncertainty of the solvation models
themselves.33,52 The assessment of available publications has
shown that some of the experimental vapor pressure determi-
nations of drug molecules are questionable or at least have
signicant uncertainties. On the other hand, the results of QM
calculations also depend on the model used. However, it has
been demonstrated here and in previous work that COSMO-RS
calculations are in most cases in good agreement with reliable
experimental data. We are aware that this data set is limited.
However, based on our earlier study,33 we assume that the
uncertainty (standard deviation) of our vapor pressure calcula-
tions remains in the range of 0.5 log units.

3.7 Temperature dependence of the partition coefficients
and the vapor pressure

In general, the temperature of the environment oen differs from
the temperature given in the tabulated data. Therefore knowl-
edge of the temperature dependence of the partition coefficients
Kab and the vapor pressure PL is essential for many purposes. If
both a and b are liquids, the temperature dependence of Kab is
relatively small. Experimental ndings around room-temperature
indicate that as a rule of thumb10,122–127 one can use����dlog KOW

dT

����(0:01 K�1: (10)

In the case of KOW both an increase as well as a decrease is
observed in experiments.122 Our ndings reveal a similar
behavior with the same order of magnitude for dlog KOW/dT. In
the case of METH, direct comparison can be made with the
experimental ndings of Brodin et al.127 (note that the entry of
Brodin's result in Table 1 of Sangster's compilation122 is wrong).
Brodin et al. report log KOW = 2.13 ± 0.67 at 298.15 K. Our
ndings of log KOW = 2.94 ± 0.50 are in fair agreement. The
temperature dependence was observed to be127 dlog KOW/dT z
0.01 K−1 whereas our calculations give z0.003 K−1. COSMO-RS
is parameterized using the Gibbs free energy and does not truly
account for enthalpy or entropy directly. Although the model
includes some statistical mechanics, it can be limited and can
underestimates the quantitative aspect of the temperature
dependence.128–132 The situation is generally much more clear if
one phase is a liquid (1-octanol, hexadecane, water) and the
other phase is air. As the solubility of substances in a liquid
generally decreases with increasing temperature,

dlog Kab

dT
¼ �dlog Kba

dT
\0 (11)

should result for a = liquid and b = air. This is also observed in
our calculations. From a quantitative perspective, the question
arises as to how partition coefficients and vapor pressures
3544 | Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550
determined for a temperature T1 can be converted to a temper-
ature T2. This is usually done using the van't Hoff equation,
which assumes a constant phase transition enthalpy DHab in
the temperature interval under consideration. LFER equations
based on experimental data sets are oen used to predict the
required enthalpies.10,133,134 In contrast, QM methods allow the
direct calculation of the solvation energy DGsolv at the desired
temperature.

The calculations were performed over a temperature interval
from 223 K to 333 K for all parameters. The results are fully
summarized in the SI. The temperature dependence of log PL is
shown in Fig. 5 for the interval from 283 K to 313 K. Apart from
PSY, the largest range occurred for MOR with log PL(283 K) =
−6.26 and log PL(313 K) = −5.51.

With reference to Fig. 6, we discuss the inuence of the
solvation energies DGsolv for 1-octanol and water on the partition
parameters logKOW, log KOA and log KAW using COC as an
example in the temperature range between 283 K and 313 K. We
chose COC because, among the 23 target compounds, the rela-
tively largest changes were observed here when neglecting PSY.
As expected, DGsolv increases with temperature, with the effect
being more pronounced for water than for 1-octanol. This then
leads to the expected decrease in log KOA and increase in log KAW.
The logKOW value also increases with increasing temperature.
Cocaine is generally a good example to demonstrate the
temperature effect on logKOW. A log coefficient ratio of z4 can
be observed, with log KOW(283 K) = 0.38 and KOW(313 K) = 1.58.
The ratio octanol/water is therefore 2.3 at 283 K and 38.0 at 313 K.
At higher log KOW the absolute mass transfer of cocaine into the
water phase with decreasing temperature is signicantly lower.

Aer evaluating the available data, we consider QM calcu-
lations to be the best method to obtain reliable temperature-
dependent partition coefficients and vapor pressures for the
23 substances. Phase transition enthalpies are only available for
some of the experimentally determined vapor pressures. The
same applies to the Abraham descriptors for LFER calculations.
However, we also note that under ambient conditions, the
differences in temperature-dependent partition behavior are
small in most cases. Furthermore, a comprehensive analysis
must take into account that pKa values are also temperature-
dependent.135

3.8 Prediction of the partitioning behavior in the
environment

The key question is whether the available data on partition
coefficients and vapor pressure allow reasonable predictions
about the fate of drug molecules in the environment. Assuming
that the partition coefficients depend only on the free solvation
energy DGsolv, eqn (12) for the relationship between KOW, KOA

and KAW is obtained.

logKOA = logKOW − logKAW (12)

Eqn (12) is a simplied approach, which only serves to esti-
mate the preferred accumulation in the hypothetical air/water/
octanol system. Since there is a dependence on three parame-
ters, a graphical representation of Mackay et al.136 is used. In
This journal is © The Royal Society of Chemistry 2025
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Fig. 6 Left: Temperature dependence of the solvation energies DGsolv for cocaine in water and 1-octanol. Right: Temperature dependence of
the cocaine partition coefficients log KOW, log KOA and log KAW. The calculations were performed using COSMO-RS.
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Fig. 7, log KOW is plotted against log KAW, while log KOA is shown
as diagonals.

For all substances, the partitioning depends on the dimen-
sions of the system, i.e., on the available amounts of air, water,
and 1-octanol. Fig. 7 therefore only allows a general statement
about which of the three media a substance would prefer. It is
clear that the gas N2O will preferably accumulate in air. Psilo-
cybin (PSY) will be preferentially present in the aqueous phase,
which is evident from both the partition parameters and the pKa

value. For the other 21 substances no educated guess can be
made. Except for N2O, all substances have small log KAW values.
The tendency toward accumulation in 1-octanol therefore
increases with increasing log KOA and log KOW. Wania137 uses
a similar diagram, but refers to environmental compartments
instead of air, water, and 1-octanol. Accordingly, most of these
Fig. 7 Plot of log KOW versus log KAW with log KOA as diagonals at 298
K for the 23 target molecules to estimate which substances prefer-
entially accumulate in which medium (air, water, 1-octanol). The figure
is based on space diagrams from a publication by Mackay et al.136

This journal is © The Royal Society of Chemistry 2025
21 substances would accumulate in soils and sediments or
distribute between the compartments asmultimedia chemicals.

The Henderson–Hasselbalch eqn (7) and (8) state, that in
aqueous media for pH < pKa, the molecule is predominantly
present in the neutral form. Assuming pH 7, this is the case for 14
substances. Five substances have pKa values between 5 and 7,
meaning that both the neutral and ionic species exist at pH 7. For
MEQ and PSY with pKa = 2.23 and pKa = 3.63, the equilibrium is
further shied towards the ionic form in aqueous media. This
means that for a more precise analysis of substances with pKa < 7
the calculation of logD and the partition coefficients of the ionic
species would be necessary, but this is beyond the scope of this
work. It must also be noted that more complex models are
required to reliably estimate the bioaccumulation and parti-
tioning of drugs in multiple environmental compartments.138
4 Conclusion

It is probably pointless to list the drugs available on the illegal
market individually. The drug supply is evolving extremely
rapidly, and new substances or derivatives of already known
substances appear almost daily. The CIA World Factbook,26 for
example, denes ve categories of illicit drugs: narcotics,
stimulants, depressants (sedatives), hallucinogens, and
cannabis, in which parent molecules and their derivatives are
grouped together. Based on drug consumption statistics, we
selected 23 substances that cover the above categories and are
structurally different. We included nitrous oxide in the list
because it is sold in cans via vending machines and its physical
properties are also of interest from a medical perspective.

Since only few experimental data on the partition coefficients
of the molecules considered here are available, it is difficult to
evaluate the results of the quantum mechanical calculations.
However, our previous studies have already shown that quantum
mechanics tends tomore reliable results than QSARmethods.32,33

The agreement between log KOW, log KAW and log KOA determined
using QSAR (OPERA) and QM (COSMO-RS) varies. With the
exception of the zwitterion psilocybin (PSY), which always shows
Environ. Sci.: Processes Impacts, 2025, 27, 3534–3550 | 3545
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large deviations, various substances are conspicuous (see Fig. 3).
Theremay be several reasons for this; one possibility could be the
respective training sets of the QSAR method. In the case of log
KHdA, heroin (HER), morphine (MOR) and LSD show signicant
discrepancies between LFER and QM. The consideration of
tautomers in the calculation of the logKHdA of LSD demonstrates
one of the strengths of a QM-based approach.

For the vapor pressure, a comparison with experimental data
is possible, but it is obvious from Fig. 5 that COSMO-RS under-
estimates the experimental values at low vapor pressures. The
temperature dependence of partition coefficients and vapor
pressure is important from a practical point of view. As shown for
cocaine (COC) in Fig. 6, QMmethods allow for direct calculations
for a specic temperature. However, Grimme et al.34 state that
COSMO-RS can only consider the temperature dependence of the
free solvation energy semiquantitatively. Alternatively, the van't
Hoff equation and the Clausius–Clapeyron equation can be used
if the respective enthalpy of phase transfer is known.

Many of the 23 molecules are acids or bases. This makes the
log KOW values particularly uncertain, since these are determined
for the free molecule, but in the aqueous phase, including the
aqueous portion of the octanol phase, the pKa and pH dependent
dissociation must be taken into account. Correction formulas for
logD are at best approximate. log KOA, logKAW and logKHdA are
less inuenced by the acid/base properties.

Even in light of all experimental and theoretical uncer-
tainties, the results communicated and discussed in this work
contribute to a signicantly improved understanding of the
physical properties of drug molecules. It is possible to plausibly
estimate whether certain substances preferentially accumulate
in air, water, or an organic medium (1-octanol). Furthermore,
valuable information is obtained on their distribution behavior
between the gas and particle phase in aerosols139 and on accu-
mulation in house dust.107
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