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It is crucial for fundamental physical chemistry techniques to find their application in tackling real-world
challenges. Hitherto, Raman optical activity (ROA) spectroscopy is one of the examples where
a promising future within the pharmaceutical sector is foreseen, but has not yet been established.
Namely, the technique is believed to be able to contribute in investigating the conformational behaviour
of drug candidates. We, herein, strive towards the alignment of the ROA analysis outcome and the
pharmaceutical expectations by proposing a fresh strategy that ensures a more complete, reliable, and
transferable ROA study. The strategy consists of the treatment of the conformational space by means of
a principal component analysis (PCA) and a clustering algorithm, succeeded by a thorough ROA spectral
analysis and a novel way of estimating the contributions of the different chemical fragments to the total
ROA spectral intensities. Here, vancomycin, an antibiotic glycopeptide, has been treated; it is the first
antibiotic glycopeptide studied by means of ROA and is a challenging compound in ROA terms. By
applying our approach we discover that ROA is capable of independently identifying the correct
conformation of vancomycin in agueous solution. In addition, we have a clear idea of what ROA can and
cannot tell us regarding glycopeptides. Finally, the glycopeptide class turns out to be a spectroscopically
curious case, as its spectral responses are unlike the typical ROA spectral responses of peptides and
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1 Introduction

Raman optical activity (ROA) belongs to the set of chiroptical
techniques that are typically applied to characterize chiral
systems. It makes use of the preferential Raman scattering of
right- or left circularly polarized photons by a chiral sample. By
measuring the difference in intensity between the two polari-
zation states during the ROA experiment, information
regarding the molecular absolute configuration (AC) and the
conformation can be obtained.'® One of the main applications
of ROA is the empirical determination of the structural aspects
of proteins, such as their secondary structure.®® For small
organic (bio)molecules (peptides, carbohydrates, natural prod-
ucts) the ROA spectra have proven to be substantially more
difficult to interpret solely based on empirical data. From the
implementation of ROA intensity calculations in density func-
tional theory (DFT) level programs onwards many structural
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carbohydrates. This preludes future ROA studies of this intriguing molecular class.

characterization studies of peptides®*® and carbohydrates*>*
have been published. Consequently, we now have a clear
understanding of the spectral response to the conformational
variability in peptides and carbohydrates as well as how to best
approach these types of systems. This together with the
continuous increase in computing power allows the exploration
of applying the ROA technique to study more complex molec-
ular systems by combining experiments and calculations.
Specifically, as ROA and the pharmaceutical world have
a shared interest in peptide- and carbohydrate-based
compounds, ROA is believed to be capable of aiding in the
elucidation of the conformational behaviour that is required for
rationalizing drug design and mechanisms of action. Therefore,
a thorough evaluation thereof is of pivotal importance.

The standard approach that has been established for
applying chiroptical techniques in the conformational deter-
mination of (relatively) small compound runs as follows: (1)
record an experimental spectrum, (2) conduct a conformational
analysis by collecting experimentally available ensembles and/
or use conformer generator programs (3) optimize the geome-
tries and calculate spectra with DFT methods, and (4) identify
the best matching single-conformer or Boltzmann-weighed
spectrum with the experiment.>*”** Adhering to this strategy
is a very effective way to answer the central question of what (set
of) conformation(s) is adopted by the compound. This approach

© 2021 The Author(s). Published by the Royal Society of Chemistry
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is, however, not infallible, especially with a growing molecular
complexity of the compounds. It might be that the computed
spectra of ignored conformations - because they were not
sampled in the first place or they vanish during the Boltzmann
averaging - compare similarly well with the experiment. In this
case ROA cannot distinguish the concerned geometries. This
aspect is not generally tested during a standard ROA analysis.
Furthermore, other than finding the exact conformation in
solution, no direct relationships between geometrical features
and ROA bands can be established since the spectral responses
towards small and large geometrical changes are not investi-
gated. This prevents a clear insight of what exact information is
contained within the ROA spectrum and the transfer of
knowledge to related systems. The pharmaceutical sector,
however, expects that a structural characterization technique
provides reliable answers and requires to know how and where
exactly it can aid during the structural characterization of
a bioactive compound. In other words, the misalignment
between standard ROA study outputs and the demands of the
pharmaceutical sector hampers the general application of ROA
in pharmacy.

As a response to the above-mentioned concerns, the increasing
molecular complexity, and to meet with the application's expec-
tations, we herein expound a novel ROA strategy, summarized in
Fig. 1. An as geometrically diverse and complete as possible
conformational ensemble of the compound is collected. A prin-
cipal component analysis (PCA) is applied in order to explore the
sampled conformational space. Subsequently, a subset of repre-
sentative conformations for the complete sampled space is
selected by using a k-means clustering algorithm. Due to the
dimension reduction by the PCA, the visualization of the confor-
mational space becomes possible, providing a unique view on the
conformational sampling, the selection of the clustering algo-
rithm, and the general structural effects of DFT-level geometry
optimizations. Moreover, this particular treatment of the confor-
mational analysis step opens all geometrical registers for the
structure-spectrum analysis at a later stage, and prevents the
focus on specifically selected geometrical features based on
chemical intuition. During the analysis, a way of establishing
a ROA determined conformational ensemble, equivalent to the
NMR ensemble, based on the spectral overlap integrals between
the computed spectra of all representative structures and the
experimental one is presented. Finally, the contributions to the
ROA intensity of the different chemical parts of the compound,
e.g. the peptidic and the carbohydrates part, are determined. Not
only does this allow the rationalization of the spectral observa-
tions, but it also aids in estimating how and to what extent ROA
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Fig. 2 The chemical structure of vancomycin. The blue numbers
indicate the bonds around which the dihedral angles are used in the
geometrical analysis. The green and orange labels represent the five
aromatic rings and two carbohydrate monomers. The red numbers are
indications for the three cycles that are present in vancomycin.

will be useful in the structural study of the molecular class rep-
resented by the compound.

For this work vancomycin, an antibiotic of the glycopeptide
type, has been carefully selected (see Fig. 2). The molecule is
chemically complex in that it hosts seven unnatural amino acid
building blocks, five aromatic rings and a disaccharide, con-
sisting of the monomers glucose and vancosamine. Interest-
ingly, vancomycin still receives a lot of attention from the
pharmaceutical and medical world, despite its first isolation
from Streptomyces orientalis dating back to 1956.°**> In fact,
alternative antibiotic agents were rapidly favoured over vanco-
mycin because they displayed less severe toxic effects and were
more efficacious. However, due to the occurrence of penicillin-
and methicillin-resistant Staphylococcus aureus bacterial stains,
the clinical use of vancomycin resurged.*"** This is reflected in
the increasing number of recent studies searching for ways to
ameliorate the administration of the antibiotic.***** Also in
search for novel related antibiotics, vancomycin is and
continues to be an interesting molecular scaffold.**?***® In
addition, the conformation of the molecule has been extensively
studied, making it an exquisite system for the evaluation of the
performance of the ROA technique.**** In this study we report
for the first time the ROA spectral recordings and analysis of an
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Fig. 1 A scheme of the strategy put forward in this contribution for the Raman optical activity (ROA) analysis of complex compounds.
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antibiotic glycopeptide. Coming forth from our analysis, this
type of molecule turns out to be spectroscopically particularly
interesting, as it breaks with the spectral trends observed for
peptides and carbohydrates.

2 Methodology
2.1 Principal component analysis and clustering algorithm

A principal component analysis (PCA) was applied in order to
reduce the complexity of the conformational ensemble (see
Section S1.1,7 for the details of the conformational sampling).*
The method finds the principal components (PCs) that succes-
sively maximize the variance through linear combinations of
the columns in an (n-conformations x p-variables) data matrix.
PCA mathematically drops into an eigenproblem, where the p-
eigenvectors represent the coefficients in the linear combina-
tion (the PC loadings) and the p-eigenvalues indicate the cor-
responding variance that is stored within the PC. The result of
applying the linear combination to the original data matrix are
called the PC scores. Prior to the PCA and/or clustering algo-
rithm applied on the conformational ensemble, a representa-
tion of the geometry needs to be chosen. Often the 3N-Cartesian
coordinates are used, but the limitation of this representation is
that complete elimination of the overall rotation is not achiev-
able.** A remedy for this is to switch to internal coordinates.
Here, we opt to use the dihedral angles and adopt the dihedral
angle PCA (dPCA) strategy to overcome the issue of the periodic
character of the torsional values.**** The dPCA method involves
the transformation of the space of dihedral angles {¢,} to the
metric coordinate space {x, = cos ¢,, ¥, = sin ¢,}. This is
equivalent to using the vector (x, y) on the unit circle corre-
sponding to dihedral angle ¢. The characteristics of this
mathematical transformation are extensively described by Altis
et al.*®> A crucial property of the transformation is that it repre-
sents a bijection, which implies that there is a one-to-one
correspondence between the N-dimensional space and the 2N-
dimensional vector space. In the case of vancomycin, 28 dihe-
dral angles were taken into account in the input matrix, high-
lighted by a blue number in Fig. 2. Here, only the tricyclic
system in vancomycin, and not the sugar and peptide side
chain, is taken into account because this part of the molecule
defines the core of the geometry. Also, the variability of the
dihedral angles will undesirably obscure the dihedral angles in
the tricyclic system. By visually inspecting the 3D PC scores plot
of PCA (representing 70% of the variance in the original data),
approximately 55 different conformational groups could be
identified. Therefore, a k-means clustering algorithm was
applied to the PC scores of the first three PC's to form 55
conformational clusters.***” For each cluster, a representative
was selected by finding the conformation that lays closest to the
centroid of its cluster in the 3 PC scores coordinate system.

2.2 Calculating contributions to the ROA and Raman spectra

All the 55 above-mentioned selected conformations were
submitted to DFT-level geometry optimizations and spectral
calculations using the Gaussian 16 rev.03 program.*® The
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computational details can be found in Section S1.2.7 During the
analysis of all the calculated spectral data of vancomycin, it is
crucial to understand the contributions of each of the three
chemical entities - the peptide, aromatic rings, and sugars —
throughout the complete ROA spectrum. Typically one inspects
the individual normal modes visually, assigning each normal
mode to a specific part of the molecule (localized modes) or to
several parts of the molecule (delocalized modes). A visual
inspection of all the normal modes of all the considered
conformations is inefficient. Therefore, an intuitive automation
of avisual assignment has been devised, written in Python3.6.8.
Its algorithm goes as follows:

(1) The x-, y- and z-components of the displacement vectors
during the vibration per atom per normal mode are extracted
from the Gaussian output files, and the magnitude of each of
the displacement vectors is determined.

(2) For each normal mode, the atoms displaying a displace-
ment vector with a magnitude larger than 0.1 are retained. This
threshold is set to prevent that negligible atomic displacements
are counted as a genuine vibration. If no threshold is set, too
many normal modes will be labelled as a combination of vibra-
tions throughout the whole or different parts of the molecule.

(3) The atom list is compared to atom lists indicating what
atom belongs to the peptidic, aromatic, or sugar entity of the
molecule. The normal mode is hence assigned to one of the
following categories: peptide + aromat + sugar (PAS), peptide +
aromat (PA), peptide + sugar (PS), aromat + sugar (AS), peptide
(P), aromat (A), sugar (S).

Once the assignment has been performed, for each individual
Gaussian output file a normal mode picture can be drawn as
depicted in Fig. S1 (ROA) and S2 (Raman).t Here, the normal
mode assignment has been applied to the 55 conformation
Gaussian output files (see Fig. S3 and S47 for a similar picture as
Fig. S1 and S2,7 but for all conformations together). Finally, the
contribution of each of the six categories to the total ROA and
Raman intensity within one of the seven spectral regions
(<800 cm ™%, 800-1100 cm ™, 1100-1300 cm ', 1300-1420 cm ',
1420-1600 cm™ ', 1600-1685 cm™ !, 1685-1900 cm ™ *; these regions
have been selected based on visually analyzing Fig. S1-S47) can be
estimated. This was done by summing all the intensities carried by
the normal modes per category and spectral region (based on the
normal mode wavenumber). For ROA intensities an additional
distinction of positive and negative intensities was made. Then,
the total intensity (for ROA positive and negative together) over all
categories for each of the seven spectral regions has been deter-
mined. These are then used to express the contributions as
a percentage of intensity with respect to the total intensity in that
spectral region. The results are collected in a grouped bar plot.
During this analysis no prior scaling factor has been applied on
the wavenumbers of the normal modes.

3 Results and discussion

3.1 Conformational analysis and principal component
analysis visualizations

The sampled conformational ensemble contains 12 377
conformations of vancomycin, collected through existing

© 2021 The Author(s). Published by the Royal Society of Chemistry
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experimental geometries (6 XRD,* 160 NMR*"'), and computa-
tional conformer generators (3452 Pcmodel, 7768 CONFLEX,
519 CREST-1, 472 CREST-2). Pcmodel*® and CONFLEX*® are two
types of conformational search programs that are based on
classical force fields and are routinely used to generate an
adequate conformational ensemble for chiroptical spectroscopy
analyses.*® On the other hand, CREST evaluates energies on
a semi-empirical quantum chemical level of theory and
searches conformers by a metadynamics combined with
a genetic Z-matrix crossing algorithm.®® The notion behind
employing a variety of conformer search algorithms (see Section
S1.11) is to find any conformation that is adoptable by vanco-
mycin, regardless of their origin (experimental or through
a generator) or their energy, delivering an as structurally
extensive ensemble as possible. This helps to grasp the
conformational possibilities of vancomycin and opens all
registers during the subsequent ROA spectral analysis. A prin-
cipal component analysis (PCA) was applied on the 12 377
sampled conformations, with the 28 dihedral angles, labelled
blue, as input (see Fig. 2). The portion of the total variance in
the original data explained by the first two, three and nine
principal components (PCs) together is respectively 61, 71, and
90% (see scree plot in Fig. S61). Typically, for using PCA to
reduce the dimension of the data set, the cumulative variance of
the first n selected PCs should surpass ~70%.* Therefore, we
decided to consider the first three PCs only, restricting the
geometrical analysis to three dimensions, which is advanta-
geous because it can be readily visualized. Fig. 3 depicts the PC
scores of the 12 377 conformations along the first three PCs.
The 3D equivalent can be consulted in Fig. S7.T By visualizing
along these three PCs, a representation for the conformational
space of vancomycin is constructed. In that space, clear clouds
can be observed, which indicate the presence of well-defined
conformational groups.

From the 3D PC scores plot visualization (Fig. 3), the evalu-
ation of the structures obtained from the various conforma-
tional searches and experimental ensembles can be performed,
using the relative positions. Pcmodel samples in approximately
all regions of the conformational space where conformations
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Although the CONFLEX generator delivered many more struc-
tures than any other conformer generator, it did sample more
locally than Pemodel. All experimental conformations resemble
each other and have similar PC scores because all conforma-
tions in the experimental ensembles are similar. The low-energy
output ensemble generated during the first CREST run (CREST-
1; blue dots in Fig. 3) stayed in the proximity of the input XRD
geometry. The second CREST (CREST-2) run started with an
input geometry situated at the coordinates (0.39, 0.12, 0.96) in
the 3D PC coordinate system. Its output ensemble (magenta
dots in Fig. 3), however, did not stay in the vicinity of the input
and shifted towards a region around the PC coordinates (—1.50,
1.50, 2.00). This shows that CREST searches depend on the
input structure. None of the two CREST conformational
searches explored new areas in the conformational space of
vancomycin. In fact, in a similar way any additional confor-
mational ensembles - originating from eg alternative
conformer generators - can be evaluated (visually) by mapping
their geometries in the existing conformational space repre-
sentation and comparing their positions with the already
sampled conformations.

Next, it is important to understand on what basis the sepa-
ration of the geometries happened along the PCs. The PCs
should be regarded as artificial geometrical variables that are
created by a linear combination of the original variables (the
vector (x, y) on the unit circle of dihedral angle ¢). Therefore, the
coefficients that were used to construct each of the three PCs,
i.e. the PC loadings, should be examined. The PC loadings
graph and the corresponding biplot are added as Fig. S8 and
S9,T respectively. If the absolute value of the PC loading is larger
than the value that all PC loadings would have if every original
variable were to contribute equally in the linear combination to
form the PC, then that variable is considered to contribute
significantly to that PC. For instance, PC1 is a combination of
the dihedral angles 8 (x, y), 10 (x, y), 11 (y), 13 (x, y), 14 (x), 16 (x,
y), and 18 (x, y). Doing this for all three PCs allows us to list the
important dihedral angles - that is dihedral angles that vary the
most among the different conformations: 4, 7, 8, 10, 11, 13, 14,
16, 18, 21, 22, 23, 25, and 26. That 14 out of 28 dihedral angles
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Fig. 3 The principal component (PC) scores of all the 12 377 conformations along the three first PCs. The colour indicates the origin of the
conformation: XRD (red; 6 conformations), NMR (yellow; 160 conformations), Pcmodel (green; 3452 conformations), CONFLEX (black; 7768
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conformational groups demonstrates that the conformational
space that has been sampled is complex; variance is present for
many dihedral angles among the conformations (Fig. S11 and
S12t depict the dihedral angle distributions of the complete
conformational ensemble for all the 28 torsions). Noticeable is
that five of those torsional angles are defining the geometry of
ring system 3 (red indicators in Fig. 2). The dihedral angles 4, 8,
and 10 represent changes in geometries throughout parts of the
peptidic backbone. Furthermore, the dihedral angles 7, 21, 22,
23, 25, and 26 run over bonds just next to the aromatic systems
A, B and C (green in Fig. 2), indicating their variability in the
exact (relative) positioning amongst all conformations. The
strongest contributor to the three PCs combined is dihedral
angle 14, which is surprisingly an w-angle of the peptidic bond.
One would expect peptidic bonds to favour the trans configu-
ration, but 23% of the conformations are cis configurated. All of
the experimental conformations have a cis peptidic bond. A
visualization of the separation in the PC conformational space
representation based on the x-component of 14, as well as
a table presenting the cis/trans ratios for all peptidic bonds are
given in the ESI, Fig. S13 and Table S3.1 In contrast with this
particular w-angle, cis configurations are seldom or not present
for the five other peptidic bonds.

3.2 Conformer selection and geometry optimizations

Through a visual inspection of Fig. 3 and S7,} approximately 55
conformational groups (clouds in the 3D PC representation) can
be identified. As this is quite a large amount of conformations
and because no different conformations could be found during
other attempts of conformational searches, we assume here to
have approximately sampled the complete conformational
space that is accessible to vancomycin. A total of 55 represen-
tative conformations out of 12 377 were selected by a k-means
clustering algorithm in order to reduce the subsequent
computational problem. Their positions in the conformational
space are shown in Fig. 4 as black dots (Fig. S14 and S15} depict
the black dots only for clarity). Visually, it becomes evident that
the clustering algorithm performed as desired: it samples
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uniformly throughout the complete sampled conformational
space.

The geometrical effect of the two successive geometry opti-
mizations (GO), at the respective B3PW91/6-31G(d,p) and
B3PW91/6-31++G(d,p) levels of theory, are visualized in Fig. 4 as
blue and red dots. Before the discussion of the effect of the GOs
on the PC scores of the representatives, a general insight in the
meaning of the 3D PC Euclidean distance should be given. The
corresponding average difference in the value of each dihedral
angle used in the PCA between each of the 55 representative
conformations (after two GOs) was calculated (this implies the
comparison between 55> — 55/2 = 1485 conformations), and are
traced versus the 3D PC Euclidean distance (see Fig. 5). Addi-
tionally, for each comparison the number of dihedral angles out
of 28 that differed significantly (here a threshold of 20° is used)
is determined; in Fig. 5 the dots are given a colour corre-
sponding to how many different torsions were counted (see
caption Fig. 5 for meaning of each colour). In general, there is
a connection between the 3D PC distance and the conforma-
tional difference, illustrated by a reasonable linear regression
fit. Since the 3D PC distance is intrinsically different for each
comparison, a deviation from (R> = 0.63) the linear regression
fit is expected. Also, based on the colours, if the two confor-
mations differ in many dihedral angles, it tends to be reflected
in the 3D PC distance. It should be noted that exceptions can be
found, and this depends on the exact absolute value of the
torsional differences and the spread of the conformational
difference over a large or small number of dihedral angles. As
such, the 3D PC distance can be seen as a measure to express
conformational differences in a general way. By inspecting the
ordinate of Fig. 5, one can clearly get an impression of the
conformational heterogeneity of the complete sampled
ensemble: the difference in average dihedral angle between the
conformations is mostly between 30-60° and can even go up to
80°.

The effect of DFT-level geometry optimizations on the
structure of the 55 representatives can also be evaluated in light
of the PC conformational space representation. Upon optimi-
zation of each of the representatives, some representatives will
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Fig. 4 The principal component (PC) scores plot along the three first PCs. The 12 377 conformations are indicated by grey dots. The black dots
represent the 55 selected conformations through a k-means clustering algorithm. The effect of the first geometry optimization at the B3PW91/6-
31G(d,p) level of theory (blue dot connected with the black dot by a black line) on each of the 55 input structures and the successive geometry
optimization at B3PW91/6-31++G(d,p) (red dot connected with previous blue dot by a black line) is presented.
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Fig. 5 The 3D PC Euclidean distance (in arbitrary units) versus the
average difference per dihedral angle between two conformations.
The comparison is done for all 55 representative, doubly optimized,
conformations. The colours indicate that O (black; 20 points), 1-7
(blue; 314 points), 8—14 (green; 904 points), 15-21 (yellow; 243 points)
or 22-28 (red; 4 points) significantly different (>20°) dihedral angles
(out of the 28 that were considered) are to be found between the two
compared geometries. The details of the linear regression fit are
depicted in grey at the top left of the plot.

converge geometrically, and others will diverge. In general, as
apparent from their averages and ranges, the inter representa-
tive 3D PC distances decrease slightly for the optimized struc-
tures (see Table 1), but remain in the same order of magnitude
as those of the starting geometries. The occupied conforma-
tional space remains similar. However, some representatives
are no longer distinguishable after a certain geometry optimi-
zation step. If the inter representative distance between two
conformations drops below half of the lowest inter representa-
tive distance in the starting conformational space, i.e. 0.05 (0.10
divided by two), than the two conformations are no longer
distinguishable. By using this threshold, the number of
distinguishable conformational groups decreases from 55 to 48

Table 1 Numerical overview of the effect of the two successive
geometry optimizations (GO) on the starting geometries of the 55
representative conformations. In the table, the distance in the 3D PC
scores coordinate system is abbreviated as ‘d()’ and all have arbitrary
units. With the labels 'to start’ and 'to opt. 1/2" are short for with respect
to the starting representative geometry and the geometry after a first/
second GO, respectively

Start Opt. 1 Opt. 2
DFT basis set — 6-31G(d,p) 6-31++G(d,p)
Average d(inter repres.) 3.26 3.17 3.16
Range d(inter repres.) 0.10-6.25 0.02-5.97 0.01-5.98

Conformational groups 55 48 47

Average d(to start) — 0.31 0.32
Range d(to start) — 0.04-0.74 0.06-0.83
Average d(to opt. 1) 0.31 — 0.07
Range d(to opt. 1) 0.04-0.74 — 0.01-0.31
Average d(to opt. 2) 0.32 0.07 —

Range d(to opt. 2) 0.06-0.83 0.01-0.31 .

© 2021 The Author(s). Published by the Royal Society of Chemistry
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and 47 after the two successive geometry optimizations,
respectively. When zooming in on the geometry optimizations
for each of the 55 representatives, the average distance travelled
in the conformational space due to the first and second GO are
0.31 and 0.07. The order of magnitudes of the geometrical step
is smaller than the inter representative averages, which quan-
titatively supports the visual picture: the conformations stay
close to their starting geometries relative to the complete
conformational space. Additionally, with the aid of Fig. 5 an
estimation of the average dihedral angle change throughout the
complete conformation as a consequence of each GO can be
made. Namely, as the range of PC distances for the first and
second GO are 0.04-0.74 and 0.01-0.31, respectively, the esti-
mated average dihedral changes are in the order of 11-18° (first
GO) and 11-16° (second GO). The core structure of vancomycin
can take on various geometries, but is not easily interconverted.
The first GO step is larger (larger average PC distances) because
the force field changes drastically from (semi-)classical to DFT-
level ones and because an implicit water solvent is applied. The
addition of diffuse functions in the basis set in the second GO
step in general only induces minor corrections to the geome-
tries. Those minor corrections either continue the geometrical
change of the first GO (an angle around 180° between the two
vectors that represent the geometrical change in the 3D PC
space; see Table S47), change the direction (angle close to 90°)
or partially revert the geometrical change (angle close to 0°).
Even after the two GOs, it can be concluded from the 3D PC plot
that the potential energy surface remains very complex, hosting
many local minima (all the optimized structures had no imag-
inary frequencies).

3.3 Spectral analysis by using the existing standard
approach

The experimental ROA spectrum of vancomycin in aqueous
solution can be found in panel A of Fig. 6 (the Raman spectrum
can be found in Fig. S161). The experimental details of the
measurements are detailed in Section S1.3.1 What vibrational
modes we expect to find from the chemical parts (peptides,
aromatic systems and carbohydrates) of vancomycin in the
experimental spectrum has been outlined in the literature.>*>*
For the peptidic part of vancomycin, the important spectral
regions are: the amide I region (C=O stretch vibration 1600-
1690 cm '), the amide II and III regions (coupled C-N stretch
an N-H bending vibrations; II: 1480-1580 cm ' III: 1230-
1300 em '), the backbone skeletal stretch region (C,-C, C,~Cg,
C,~N; 870-1150 cm ™) and below 800 cm ™" (delocalized normal
modes, O-C-N bending, out-of-plane N-H bending, out-of-
plane C=0 bending).”> The vibrational modes of the sugars
are visible under 1500 cm ™. Between ~1200-1500 cm™* CH,
and C-O-H deformations are found, in the region 950-
1200 cm ™' C-O and C-C stretches and C-O-H deformations
govern, and below 950 cm™ ' the anomeric region is found.s
Finally, the aromatic ring stretches can be found in the regions
1580-1615 cm ™" and 1450-1510 cm ™~ '.5* Additionally, C-H in-
plane bends and out-of-plane bends are seen in the regions

950-1225 cm™ ' and 670-900 cm ™', respectively. Some ring
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Fig. 6 Raman optical activity (ROA) spectra of vancomycin: the
experimental ROA spectrum of vancomycin in aqueous solution (A),
a selection of calculated spectra (B and C; colour specified in the
legend), all calculated ROA spectra (B3PW91/6-31++G(d,p)) of the 55
representatives (black, D) with their average in yellow, and the Boltz-
mann weighted spectrum (blue; E; the relative enthalpies and weights
are specified in Table S57). A scaling factor of 0.987 was applied on all
calculated spectra.

distortions will also contribute below 1400 cm ™. As expected,
the ROA spectrum of vancomycin in its totality contains many
well-pronounced bands in the above-mentioned regions.
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Unfortunately, the ROA pattern does not resemble those of
peptides and sugars, rendering it impossible to transfer their
known structure-spectrum rules to the vancomycin case.

If the standard approach is used to interpret the experi-
mental data, we are to either compare with the spectrum yielded
by a previously experimentally-defined geometry or with
a Boltzmann weighted ROA spectrum. In the former case, as
only one real conformation was present in the experimental
ensemble, especially with respect to the geometrical variability
in the complete conformational space (see previous 3D PC
conformational space representation), the experiment can be
compared to the ROA spectrum of conformation 1, a confor-
mation determined by NMR (see panel B Fig. 6). In the spectral
region 500-1400 cm ™' the two spectra follow the same ROA
pattern. The computed aromatic (~1550-1600 cm ™~ ') and amide
I region (~1620-1750 cm™"; carbonyl stretch mode) on the
other hand require a larger redshift than the standard 0.987, as
becomes evident from the corresponding Raman spectra (see
Fig. S167). For the aromatic region, the optimal scaling factor
was determined to be 0.965 by maximizing the overlap integral
between the experimental and all calculated Raman spectra in
the aromatic region (see Table S6 and Fig. S177). A similar +/—
couplet is present in the aromatic region in both the experiment
and the calculation, whereas the amide I region does not match.
The spectral comparison using the standard approach is in
general satisfying. This is supported by the relatively high
overlap integral of 0.48 between the ROA spectrum of confor-
mation 1 and in the experiment (see Table 2; see Section S27 for
what overlap integral values are represent a good spectral match
in chiroptical spectroscopy). This analysis confirms that the
NMR-found conformation is also present in the ROA measured
sample. We should point out, however, that the concerned NMR
conformation is a slow time-average of many unresolved
conformers, whereas the ROA signal arises from a linear
superposition of individual resolved conformations. When the
approach of the comparison of the Boltzmann weighted spec-
trum (using the 55 representative conformations) is followed -
for instance when no prior experimental conformations are
available - a very different result is obtained (blue spectrum
panel E of Fig. 6). The Boltzmann weights of the three most
energetically favourable conformations based on the relative

Table 2 Overlap integrals between calculated ROA of the specified conformations and the experimental (Exp) and first conformation (NMR;
conformation behind NMR structure) in the spectral regions 500-1420 cm™ (regl), and 15501650 cm™ (reg2; scaling factor 0.965). In the last
column the 3D distance within the previously discussed PC coordinate system is given. This is an extract of Table S7

PCA dist.
Conformation Exp Exp (reg1) Exp (reg2) NMR NMR (reg1) NMR (reg2) (3D)
1 0.48 0.55 0.03 1.00 1.00 1.00 0.00
2 0.52 0.61 —0.07 0.57 0.66 —0.28 2.32
8 0.46 0.58 0.11 0.35 0.50 —0.46 3.74
11 0.53 0.65 0.24 0.51 0.65 —0.46 1.60
22 0.39 0.46 0.49 0.66 0.67 0.56 0.17
31 0.07 0.09 —0.03 0.20 0.21 0.18 4.46
45 0.51 0.57 0.19 0.76 0.77 0.82 0.13
50 0.35 0.43 0.36 0.62 0.61 0.82 2.82
54 0.47 0.55 0.36 0.30 0.30 0.38 0.17
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